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TABLE I: 7£ SCOPE Jlif$E I, XA PAREEA CAV BN &R LR, S2S-Net FMUA HLEHIK) T
REREGR . RTFREM 0.7 19 ToU BIE, WA AR &M 0.5 1 IoU HfH.

HDL64 Test VLP32 Test Blickfeld Cube Test Random Sensor Test
Method Sensors Train Car Pedestrian | Cyclist | Car Pedestrian | Cyclist | Car Pedestrian | Cyclist | Car Pedestrian | Cyclist
HDL64 34.15 | 20.51 20.27 -
No Fusion | VLP32 38.32 | 29.81 22.19
Blickfeld Cube | - - 8.30 1.72 2.08
HDL64 50.04 | 32.12 26.30 52.89 | 30.26 30.01 46.07 | 30.06 23.40 50.53 | 31.33 27.77
S2S-Net VLP32 41.04 | 32.16 22.17 42.38 | 35.53 23.83 38.44 | 28.13 17.01 40.08 | 34.15 21.89
Blickfeld Cube | 20.36 | 7.05 7.19 24.48 | 7.29 8.91 12.18 | 4.70 3.31 19.69 | 7.38 6.26
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