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K%
Original headline text GPT-4 primary actor description
KBJ and CRT The primary actor in the headline “KBJ and CRT”
refers to Ketanji Brown Jackson (KBJ), who is a
Justice on the Supreme Court of the United States.
She is a legal professional and a public figure, serv-
ing in the highest court in the United States.
DeSantis Bans CRT From The primary actor in the headline is DeSantis, re-
K-12 Classrooms Despite ferring to Ron DeSantis, the Governor of Florida.
Absence From Curriculum He is a political figure and a member of the Re-
publican Party, known for his conservative policies
and actions within the state of Florida.
Tennessee House Passes Bill The primary actor in this headline is the “Ten-
for Black History to be nessee House.” The Tennessee House refers to the
Taught In Fifth Through lower chamber of the Tennessee General Assembly,

Eighth Grade Despite State which is the state legislature of Tennessee. This

Ban on Critical Race Theory  body is responsible for making and passing state

Concepts laws. In this context, the Tennessee House is act-
ing in its legislative capacity to pass a bill related
to educational curriculum requirements.

Critical race theory battles The headline does not explicitly reference a specific
are waged without enough actor. It discusses “critical race theory battles” in
information a general sense, implying that the primary actors

could be individuals or groups engaged in debates
or conflicts over critical race theory, but it does
not specify who these actors are.

Critical Race Theory Seeks To The primary actor in the headline is “Critical Race

Tell A More Accurate Story, Theory.” Critical Race Theory is not a person but

Supporters Say an academic and legal framework that examines
society and culture as they relate to categoriza-
tions of race, law, and power. It seeks to under-
stand how racism is embedded within social struc-
tures and legal systems.
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Primary actor # of docs  KeyBERT representation
interpretation in topic
CRT ideology 2128 examines society, political, activists, groups, de-
(itself) bate, concept, opposing, topic
School 664 school boards, school districts, school district,
administration public schools, superintendent, overseeing public
Teachers 271 teachers, educators, employed educators, new
teachers, educational roles
167 educators, teachers, teachers professors, educators
working, responsible educating
121 teachers union, teachers role, federation teachers,
unions organizations
Governors 201 governor, mississippi governor, governor political,
lieutenant governor, state executive
197 florida governor, governor desantis, ron desantis
144 glenn youngkin, youngkin politician, governor
glenn, virginia governor
Legislators 383 proposed legislation, legislature, legislative action,
state legislature, legislators
137 senator, states senator, senators elected, senate
senate
Parents 538 group parents, parents, black father, individuals
children, father individual
News media 486 fox news, news channel, cable news, msnbc, tucker

carlson, news coverage, political commentator,
television host

Republicans 442 republican party, gop, political party, republicans
Joe Biden 278 joe biden, biden administration, president joe, po-
litical figure, president
Florida 220 florida education, florida state, florida school
Military 173 military officer, military advisor, general milley,
joint chiefs, chairman, secretary defense
Attorneys general 116 montana attorney, attorney general, attorney,
missouri attorney, indiana attorney, overseeing
state
Southern  Bap- 111 baptist convention, southern baptists, baptist or-
tists ganization, convention sbc
No assignment 2795 Outlier documents
2132 Rule-based exclusion from model (contains “does

not reference” or “does not explicitly reference”)

Table 2: BERTopic {45 S HIEREMI T GPT-4 A i sc stk . Mm% g 7 —Jcid
A —ITin 4, N EBUR/N R 100 3R . BERTopic 428 1 19 ASATERERY /81, I
PR THEREES 5. BRT 10 4 KeyBERT i fi)— MU FME T4,

www.xueshuxiangzi.com



10" International Conference on Computational Social Science IC?S?

July 17-20, 2024, Philadelphia, USA 2
Topic # of docs  KeyBERT representation
interpretation in topic
Misc. educational 2723 school board, school district, public schools, brown
and political ac- jackson, schools, parents, curriculum, teachers
tors
Racial conflict 1394 racial, racism, racist, controversy, white people,
& controversy debate, critics, diversity, fox news, discussion
State-specific 221 textbooks florida, florida classrooms, florida
coverage schools, schools desantis, florida desantis, desan-
tis proposes
(FL, TX, SD, VA) 192 texas legislature, texas schools, texas lawmakers,
banning texas, approval texas, texas bill, texas
public
149 florida bans, bans classrooms, florida education,
florida news, florida classrooms, taught florida
117 dakota bans, dakota legislature, dakota noem,
dakota lawmakers, dakota gov, dakota colleges,
gov kristi,
100 glenn youngkin, youngkin campaign, gov
youngkin, youngkin bans, youngkin virginia
Values in the 658 america classrooms, racism, ethnic studies, fight
classroom schools, american schools, civics education
Passing policies 351 bills banning, bills ban, bill senate, mississippi sen-
ate, transparency bill, anti bill, ban teaching
172 bans schools, schools banning, bans teaching,
black students, teachers protest
Parents 381 black parents, parents protest, parents fight, par-
ents rally, parents push, parents concerned, black
mother
Republicans & 192 gop reps, gop attacks, biden proposal, issue gop,
Democrats gop, gop lawmakers, back biden, biden, reps push
110 biden education, schools biden, biden pushing,
biden fight, biden administration, biden democrats
Teachers 266 pledge teach, teachers pledging, sign pledge, new
teachers, teach controversial
Military 208 professor defends, academy professor, defends
teaching, military academies, air force, cadets,
force officer
Protest & elec- 134 board races, school board, condemning racism,
tions board candidates, meeting debate, board meeting,
dismay students, questions school
97 letter criticism, racist, letters opposing, issue letter
Southern  Bap- 117 southern baptists, baptist convention, baptist
tists leaders
No assignment 4122 Outlier documents

Table 3: BERTopic fii 1] UG SCEARBRI SR FIERE . RIS [ T BRIP4, fx
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