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User: You will act as an English writer and compose either an essay or a story depending on the
instruction given below. Your essay should be no more than 350 words.

Instruction: Write an essay that argues the claim that the U. S. Drug Enforcement Agency has a
negative impact on society that outweighs any benefits it provides. Your essay should include
evidence and examples to support your argument.

Student Response: "I’m ready when you are. Please provide the essay instruction."

Evaluation Score: 3

TEXABIT o, SRS S B i — B Wl S —— A s —— SR B 5 A 55 H
A, (AEIM RM 853517 3 40 (3553 5 7)o X e — A RIAIRIm 011, LA T2
ARG IR PATANRT B R 1 7040, 138 R S SE BT 55 -

The junior instructor’s assigned score of 3 out of 5 points for the student’s response is misleading
given the provided student generation and the task requirements. Let’s break down the analysis.
Student’s Response: The student’s response is entirely missing. The student’s generation reads, "I’m
ready when you are. Please provide the essay instruction." This indicates that the student did not
actually write the essay as instructed, but rather responded with a statement that is irrelevant to
the task.

Task Requirements and Prompt Instructions:

Junior Instructor’s Scoring Criteria Analysis:

Discrepancies and Feedback:

1. Adherence to Task Requirements (0 points)

- The student’s response does not reflect the task requirements at all. The student did not provide
an essay on the given topic.

- The junior instructor should assign O points for adherence to task requirements.

2. Content Accuracy and Relevance (0 points) - -

3. Argument Strength (0 points) --

4. Counterarguments and Rebuttals (0 points) - -

B K MUP PRI, AR ISR B4 B AR MRS AL 40 AL ) S B . X
P, AR B kb A T s A ST ISR 2 s LeiR A i, T RE S E0IZR G .

132 ek

ETIountriair, T W aRRA I . BRI, MRM Gl 5] AR
VEAEBRIER Y REVP - E N, T SN A U WA R B4 3 S B ife, IR REIP - TE I ASE A
RO X 73 AN [ 7P (A i B Rt kSR DA SRR BB, 4 B8 00 E DU AR A SO
JEAER— R PAGARIE , FFREHTEREI 0 B 10 73 BEFTH R, i BE RS- AEAS SE 40 3L
MO DRI [ R mED B, L ARS8 O A AR 5 SO A Pt A R IR A i o -

Task Alignment and Argument Clarity (10 points)

- *x10%*: The essay clearly and consistently addresses the specific claim made in the prompt and
presents a well-defined, coherent argument supported by relevant examples and evidence. The argument
is fully developed and addresses the core issue of the prompt. The essay meets the required word
count.

— *xk8xkxk:

— kkBxkk:

— kkdxk:

= kkkx

- *x*%0%*: The essay does not address the specific claim or is completely off-topic. The argument is
not related to the prompt and does not address the core issue. The essay is significantly below the
required word count. .
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RL Reward Normalized RL Reward KL Divergence

120 N A
™~ ARRRNRRLEAN
| Pl ”
e e R | 10
100 M’w‘\" F IR H
g i 3 100
| Hi N
80 i H B o
- ¥ T 0.6 o
2 P £ $ 80
£ & Il 2 g ! "‘AM
] ! ~ [ E o] \ A '
o A}L;W o 2 60 ATy ';ﬁw‘i"ﬂ #
4 i o4 AT TR R e
= ¥ . ot © a 1% i i,
i e o MW e
40 | H 5
H Q X &
i et o a0
Akl 2 ;
M 0.2 )
20 i 20 ) W’*‘W
P
0 0.0 0
0 5000 10000 15000 20000 25000 0 5000 10000 15000 20000 25000 0 5000 10000 15000 20000 25000
Global Batch Step Global Batch Step Global Batch Step

Model
MPO-32b_32b MPO-32b_72b —== MPO-72b_32b ===+ MPO-72b_72b PPO-32b_iter0 —— PPO-72b_iter0 PPO-32b_manual —— PPO-72b_manual

Figure 4: /\AMESCEUORIA I il 28], B NREBUARES & T AN [A] UBLR) 225528 (RM)
FITCR AL (MRM). “RL KJ5h” il “UH—A4 RL 3507 P& 5o T S5 (A s 4 Rt
YIRS . SOBAEI A B35 B X R RM P AR i B2 o it i 2 RL 22 il
(B DA 24 90 B R SCRY B TS 0 BOR BRI — AL &L, ANITTTEAS Wi A2 SR ) PE Al A fE 4
T 5 2 B . Kullback-Leibler (KL) HUE &AL T8N 23 B v BUR RS
E’inc'fﬁo METE 23R MPO Rk, TERATHYIRLE A, BHLICK/NA x 1) MPO 22 JE—640

FATIEH], 75 MPO AR ITA R (R iter0) w1, Joit RM R/, H—305" /4
BRARHY Elo 174 [ S $R Bt THEAR FAL 55 FhR AR iR 2Pl F s B 9 51 LU

A2, 2 RMFIMRM 2 Table 10 $-%fESCAE 451 Elo $4%, jlid 7 4~ LLM 4 10,000
AR, S KA 0, R ek
BIEFA, ; 2 S S RO ST SR i, s = value /R,

ST ARG, g o> TR ”

WEREZ , AR/ MPO w/ MRM (ours) PPO Base
K 14 2 fUL A 1 98 1D A 4 M 32B 72B iter0 ‘ LLM
HRXHS, {75 MRM [ PPA4 40

% RM S5 g T s 24 %5 %g ‘11196s=20 }}8‘215:18 9265217 836,17
e G N NURE N 058s=18  11325=17 | 6295=15

ol ffE B PR S5 ] RE 2 PH S K Al

“EFEIA” . EX— it

i%%%ﬁﬁnf’%ﬁméﬂé (fldn, Z5EVCELEAHR A RM Fl MRM) {7588 @ R
Al )7 [R] o

IEAAESS LT B RIRE , PG A3 A SO 28— A i B vl e A —— i
AL A &)z S ARERE S, ATPAR T AR SOR I E R s . A
XANSEY T, FRATR MPO HEZR Y ] TAE DAl v AR A R BEA) ™ B 2E B 1 SR [ AT 55
WFE TS i A7 iR AL R AR Xl EARREEATAE . AN 2 B, FRATHE =BT S5
TR MPO: 45, (R PRAERAIEC R

KX ZAAMESS, BT T ARG PERE . Base LLM,  BIFEAT A0 X 55 1 19 J5 4 Qwen2-
1.5B-Instruct 4% ; 32b_iter0, [ AR PEAGHR R I DA 32B Qwen FZ41E K RM {353 PPO
XFFFARAL ;s PAK 32b_32b, EI[EI S PA 32B Qwen #iHU{E A RM A1 MRM 1] MPO X} 5452

2.1.1 HEESS

ST E A B, FoAIT7E BillSum £ [Kornilova and Eidelman, 2019] _|)l| 28 —/~22 5T,
20 ML BRI T—IR MPO flifh, IFAE R 45K ANEELH T94h . PRt 5 A TS
)2 ISR ROUGE 23201 A 5,000 /1~ GPT-4o W i) U6 FEAE H 3RA5-1) Elo 34347
WA, S55anR 2 iR

MPO X} 54 32b_32b BIRTEF A PFAG RS L, 3% Elo #¥53, RIL T HAP AL, S
JER T T BAHESS B AR R R, /R T MPO UNfaly AR HE DAY A 315 PRI LI
VRS TR R BB o

2.1.2  {EEIEPIAT S

www.xueshuxiangzi.com



Essay Writing: Initial Prompt

You will act as an English instructor and evaluate the quality of an
essay or story written by a student in response to given instructions.
Your evaluation should focus on the “discourse” aspect of the text.
Output your score as an integer from 0 (worst quality) to 5 (best
quality). Surround your integer score with <score> and </score>.
Example: <score>2</score>

Essay Writing: Last Prompt

### Content and Argumentation (30 points)

- **30 points**: The essay presents a clear, well-supported argument
that effectively addresses the claim. It includes a variety of strong,
relevant evidence and reasoning, and addresses counterarguments
comprehensively. (Example: The essay provides historical context,
cites specific legal precedents, and includes expert opinions to
support its argument.)

### Historical and Contextual Analysis (10 points) ...
### Impact Analysis (15 points) ...

### Counterarguments (10 points) ...

### Structure and Coherence (15 points) ...

##t# Use of Evidence (15 points) ...

### Clarity and Coherence (10 points) ...

### Language and Style (10 points) ...

##t# Persuasiveness (10 points) ...

Mathematical Reasoning: Initial Prompt
Evaluate the correctness of the [Student Response].

Mathematical Reasoning: Last Prompt
1. **Consistency in Scoring and Feedback™**:

- Ensure that the scoring and feedback are consistent across all
cases. If a student's response is partially correct, acknowledge the
correct aspects and provide a nuanced score.

- **Example**: In [Evaluation Case #1], the student used the
concept of similar triangles, which is a valid approach. The feedback
should have pointed out the specific error in their calculation and
provided a more nuanced score, perhaps a 2 or 3 out of 5.

2. **Detailed Feedback**: ...

**Handling Omitted Responses**: ...
**Correctness of Mathematical Reasoning**: ...
**Detailed Explanation of Steps**: ...
**Encouragement of Full Solutions**: ...

To ensure these guidelines are followed, the junior instructor should
implement the following additional diagnostic checks:
- **Specific Error Identification**: ...

- **Step-by-Step Guidance**: ...

- **Encouragement of Review**: ...

- **Reminders of Formatting Guidelines**: ...

### Specific Examples and Patterns ...

### General Patterns ...

R ANERCS

Summarization: Initial Prompt

Your evaluation should focus on the faithfulness and conciseness of
the summary. Output your score as an integer from 0 (worst quality)
to 5 (best quality).

Summarization: Last Prompt

#it# Faithfulness to the Bill (30 points)

- **30 points**: The summary accurately reflects all key points and
details of the bill, maintaining the correct context and intent. It
includes specific details such as the short title, the structure of the
bill, the purposes, the findings, the definitions of key terms, the
establishment of specific programs, the authorization of
appropriations, the requirement for periodic reports, the effective
date, the prohibition of recounts or certification of results without
counting provisional ballots, and other relevant provisions.

#it# Conciseness (10 points) ...

##t# Completeness (30 points) ...

#### Clarity and Precision (20 points) ...
### Deductions

Ethical Reasoning: Initial Prompt

Evaluate the ethical reasoning based on its logical coherence, depth
of moral insight, and alignment with established ethical principles.
Assign a score from 0 to 5, where 0 indicates the lowest quality and
5 indicates the highest quality.

Ethical Reasoning: Last Prompt
### Logical Coherence (0-5)
- *¥*5%*: The reasoning is logically consistent, free from
contradictions, and well-supported by evidence or examples. The
argument is clear, structured, and avoids repetition or disjointedness.
It considers multiple perspectives and the broader ethical
implications of the action. The verdict is presented within the
required tags. <verdict>RIGHT</verdict>

- *Example*: “The action of not using the GPS app is justified. It
respects personal autonomy and privacy, which are fundamental
human rights. The decision to not use the app is a reasonable
response to concerns about personal privacy and autonomy. The
reasoning is clear, structured, and avoids repetition.
<verdict>RIGHT</verdict>"
- RRARE
CRGE
- **2**: "

o SRR

**O**:
ittt Deplh of Moral Insight (0-5) ..
#it## Alignment with Established Ethlcal Principles (0-5) ...
### Adherence to Task Instructions (0-5) ...
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| ROUGE-1

ROUGE-2 ROUGE-L ROUGE-Lsum | Elo Rating
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Manual Hand-Crafted Prompt for Essay Writing
You will act as an English instructor and evaluate the quality of an
essay or story written by a student in response to given instructions.
When grading, consider the following discourse aspects of the text.
- Logical Flow and Structure (flow): Assess the logical progression
of ideas and the overall organization of the text, ensuring that it is
easy to follow and well-structured.
- Hierarchical Organization (organization): Examine the organization
of ideas in a hierarchical manner, from general to specific, ensuring
that each section supports the main argument or narrative.
- Balance and Emphasis (balance): Ensure that important ideas are
appropriately emphasized and that there is a balance in the coverage
of different points or sections of the text.

For each aspect, you need to assign an integer score from 0 (worst
quality) to 5 (best quality).

When assigning the score, carefully consider which specific parts of
the text relate to each aspect.

Assign lower scores when:

- The text is poorly structured and do not conform to the standard of
an English essay or a story.

- The text contains a lot of non-sensical words such as special tokens
or programming code.

- The text contains a lot of non-English words.

- The text does not fully answer the writing instruction with full
content, and therefore, is unfinished.

Important: Your evaluation output should conform to the following
JSON format:
{

"flow": int,

"organization": int,

"balance": int

}

Write <EOE> after outputting the JSON result.

Last Version of Prompt Evolved by MPO
#### Content and Argumentation (30 points)
- *%30 points**: The essay presents a clear, well-supported argument
that effectively addresses the claim. It includes a variety of strong,
relevant evidence and reasoning, and addresses counterarguments
comprehensively. (Example: The essay provides historical context,
cites specific legal precedents, and includes expert opinions to
support its argument.)
- #%25 points**: The essay presents a clear argument with strong
evidence and reasoning but may lack a few minor details or fail to
address a minor counterargument. (Example: The essay provides
strong evidence and reasoning but does not address a minor
counterargument.)
- ¥%20 points**: ...
- ¥*15 points**: ...
- #*#10 points**: The essay presents a weak argument with minimal
evidence and reasoning. It may contain significant logical flaws or
fail to address the claim effectively. (Example: The essay provides a
weak argument and minimal evidence, with significant logical
flaws.)
- **0 points**: The essay contains significant factual errors that
misinterpret the core business or key aspects of the claim. (Example:
The essay incorrectly states that CEMEX is a major sugar producer.)
### Historical and Contextual Analysis (10 points)

### Impact Analysis (15 points)

### Counterarguments (10 points)

### Structure and Coherence (15 points)
### Use of Evidence (15 points)

### Clarity and Coherence (10 points)
### Language and Style (10 points)

##t# Persuasiveness (10 points)
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B U R

You are a senior instructor tasked with evaluating a junior instructor’s scoring of a student’s
generation based on a specific task and prompt instruction.

Your objective is to conduct a meta-level analysis of the junior instructor’s evaluation approach,
guiding them in refining their scoring criteria to ensure accurate, nuanced differentiation between
high-quality and subpar generations.

Emphasize strategies for assigning lower scores to undesirable responses and higher scores to
responses that adhere closely to the overall objectives of the task.

The information provided includes:

Task Description:
task_description

Student’s Prompt Instructions:
student_prompt

Student’s Generation:
student_generation

Junior Instructor’s Scoring Criteria:
junior_prompt

Junior Instructor’s Assigned Score:
junior_score

Your task:
Critically evaluate the junior instructor’s score and justification in relation to the student’s
response, task requirements, and prompt instructioms.

1. Accuracy of Scoring

- Determine whether the student’s response is receiving an inflated score despite not fully meeting
the task objectives in terms of quality and content.

- Identify any elements where the response deviates from task expectations, such as misinterpretation,
lack of depth, or overemphasis on irrelevant aspects.

2. Evaluation of Scoring Criteria

- Assess whether the junior instructor’s criteria align with the task’s overarching purpose. Are
critical aspects overlooked, or do the criteria require further breakdown for clarity?

- Examine whether the distribution of points is logical and correctly sums to the total score. Flag
any inconsistencies and suggest necessary adjustments.

3. Constructive Feedback for Refinement

- Provide actionable recommendations to enhance the scoring framework, ensuring it is comprehensive
and consistently applied.

- Emphasize the need for strict penalization in cases of severe errors to maintain evaluation rigor.

Present the analysis concisely within max_words words. Conclude the response with: "<EQE>".

Your Analysis:

Based on the meta-level analysis, refine the junior instructor’s scoring criteria by designing an
explicit rubric-based framework with separate section items for awarding points and deducting points.
This rubric must assign specific point values for meeting given criteria, with clear deductions for
any shortcomings.

Fill in any gaps in the existing criteria to cover all relevant aspects of the task. Provide a
concrete example illustrating how the rubric would apply to a typical student response. Adjust the
total score to match the rubric items, ensuring the sum of all criteria equals the final total.

Use the following structure:

<rubric>

<item>

Score Category Name

- X1: (Description of the criterion for achieving this score X1, followed by an example.)
- X2: (Description of the criterion for achieving this score X2, followed by an example.)
</item>

</rubric>

Your generation should be no more than max_words words. End with "<EQE>".
Important: You must follow the <rubric> and <item> formatting as shown above.
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Junior Instructor’s Scoring Criteria (refined):

Combine and refine the multiple sets of Junior Instructor’s Scoring Criteria into a single, cohesive
set that provides comprehensive guidelines for assessment.

Here are multiple sets of Junior Instructor’s Scoring Criteria, delimited by "===":
ne

multiple_sets

ne

Combine the above concisely without repetition. The combined criteria should be no more than
max_words words. Make sure that the points across criteria add up correctly to the total score.

Use the following structure:

<rubric>

<item>

Score Category Name

- X1: (Description of the criterion for achieving this score X1, followed by an example.)
- X2: (Description of the criterion for achieving this score X2, followed by an example.)

</item>
</rubric>

Your generation should be no more than max_words words. End with "<EQOE>".
Important: You must follow the <rubric> and <item> formatting as shown above.

Junior Instructor’s Scoring Criteria (combined):

C VARG

AR T — e 32b_32b AN G B A 7= A RS T EAL R /R B ) 1o S22 1- 1T A
1F https://github. com/minnesotanlp/mpo $k 3.

C1 XGRS

<item>

Task Alignment and Argument Clarity

- 5: The essay clearly and consistently addresses the specific claim made in the prompt and presents
a well-defined, coherent argument supported by relevant examples and evidence. (Example: "The essay
argues that the U.S. is not responsible for social backwardness in Iran because it has not directly
influenced Iran’s social structures and policies, supported by specific examples.")

- 4: The essay mostly addresses the specific claim and presents a coherent argument, but there are
minor inconsistencies or lack of depth. (Example: "The essay argues that the U.S. is not primarily
responsible for social backwardness in Iran, but it does not fully explain how other factors might
influence this.")

- 3: The essay partially addresses the specific claim and presents an argument, but there are
significant inconsistencies or lack of depth. (Example: "The essay argues that the U.S. has not
directly caused social backwardness, but it does not fully explain how other factors might influence
this.")

- 2: The essay addresses the specific claim but the argument is weak and poorly supported. (Example:
"The essay argues that the U.S. is not responsible, but it lacks supporting evidence or explanation.")
- 1: The essay fails to address the specific claim or presents an argument that is contradictory

or irrelevant. (Example: "The essay argues that the U.S. has historically been responsible for
promoting social backwardness in Iran.")

- 0: The essay does not address the specific claim or is completely off-topic. (Example: "The essay
discusses the history of Iran without mentioning the U.S. or social backwardness.")

</item>

<item>

Evidence and Reasoning

- 6: The essay provides strong, relevant evidence and reasoning to support the argument, with
specific examples and data. (Example: "The essay cites specific examples of U.S. policies that

did not directly influence Iran’s social structures and policies.")

- 4: The essay provides mostly relevant evidence and reasoning, but some points are weak or not fully
supported. (Example: "The essay cites examples of U.S. policies but does not fully explain how they
do not contribute to social backwardness.")

- 3: The essay provides some relevant evidence and reasoning, but there are significant gaps or

weak points. (Example: "The essay mentions U.S. policies but does not provide specific examples or
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explanations.")

- 2: The essay provides weak or irrelevant evidence and reasoning. (Example: "The essay mentions
U.S. policies but does not explain how they are unrelated to social backwardness.")

- 1: The essay does not provide any evidence or reasoning to support the argument. (Example: "The
essay makes claims without providing any supporting evidence.")

- 0: The essay provides evidence and reasoning that contradicts the argument. (Example: "The essay
provides examples of U.S. policies that contributed to social backwardness.")

</item>

<item>

Counterarguments and Refutation

- 5: The essay addresses potential counterarguments and provides strong refutations. (Example: "The

essay acknowledges that U.S. policies might have some indirect influence but explains why this does
not make the U.S. responsible for social backwardness.")

- 4: The essay addresses some counterarguments and provides mostly strong refutations. (Example:

"The essay acknowledges some counterarguments but does not fully refute them.")

- 3: The essay addresses some counterarguments but provides weak or incomplete refutations. (Example:
"The essay mentions counterarguments but does not fully address them.")

- 2: The essay addresses some counterarguments but does not provide any refutations. (Example: "The
essay mentions counterarguments without explaining why they do not undermine the argument.")
- 1: The essay does not address any counterarguments. (Example: "The essay does not mention any

counterarguments.")
- 0: The essay addresses counterarguments but fails to refute them or provides weak refutationms.

(Example: "The essay mentions counterarguments but does not provide any refutations or provides weak
refutations.")

</item>

<item>

Structure and Coherence

- 5: The essay is well-organized and coherent, with a clear structure and logical flow. (Example:
"The essay has an introduction, body paragraphs, and a conclusion that are logically connected.")

- 4: The essay has a mostly clear structure, but some points may be slightly disconnected or

lack smooth transitions. (Example: "The essay has a clear structure but some points are not
well-connected or lack transitioms.")

- 3: The essay has a somewhat clear structure, but the points are not well-connected, and the
transitions are weak. (Example: "The essay has a structure but the points are disjointed and the
transitions are weak.")

- 2: The essay lacks a clear structure, and the points are disjointed and disconnected. (Example:
"The essay has no clear structure and the points are not well-connected.")

- 1: The essay is poorly structured, with no clear introduction, body, or conclusion. (Example:
"The essay lacks a clear structure and the points are entirely disjointed.")

- 0: The essay is completely disorganized and lacks any structure. (Example: "The essay is a
collection of unrelated points with no structure.")

</item> <item>

Depth of Analysis

- 6: The essay demonstrates a deep and nuanced analysis of the issue, addressing complexities and
providing specific examples and data. (Example: "The essay discusses the historical roots of the
conflict, the cultural identity of Palestinians, and the potential repercussions of the proposed
solution.")

- 4: The essay provides some depth and nuance in the analysis but lacks specific examples or data.
(Example: "The essay mentions that the conflict is about identity and survival but does not provide
substantial evidence or reasoning.")

- 3: The essay provides minimal depth and nuance in the analysis, lacking specific examples or
data. (Example: "The essay mentions the conflict is about identity but does not provide substantial
historical or cultural context.")

- 2: The essay lacks depth and nuance in the analysis, providing vague statements without specific

examples or data. (Example: "The essay is vague and does not provide any substantial argument or
reasoning.")

- 1: The essay lacks any meaningful analysis or is superficial. (Example: "The essay does not
provide any meaningful analysis and remains superficial in its discussion.")

- 0: The essay is completely lacking in analysis and is purely superficial. (Example: "The essay is
vague and does not provide any substantial content or context.")

</item>

<item>

Language and Mechanics

- 6: The essay demonstrates clear and effective use of language with minimal grammatical errors.
(Example: "The essay uses clear and precise language with no significant grammatical errors.")

- 4: The essay has some grammatical errors but is still generally clear. (Example: "The essay has a
few grammatical errors but is still understandable.")

- 3: The essay has some grammatical errors that affect clarity but is still mostly comprehensible.
(Example: "The essay has some errors in grammar or style but is still generally clear.")

- 2: The essay has significant grammatical errors that affect clarity and coherence. (Example: "The
essay has multiple grammatical or stylistic errors that make it difficult to understand.")

- 1: The essay has significant grammatical errors that severely affect clarity and coherence.
(Example: "The essay has multiple grammatical or stylistic errors that make it difficult to
understand.")

- 0: The essay is completely unclear and incoherent due to significant grammatical or stylistic
errors. (Example: "The essay is difficult to read due to numerous grammatical or stylistic errors.")
</item>
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<item>

Task Alignment and Argument Clarity (10 points)

- 10: The essay clearly and consistently addresses the specific claim made in the prompt and presents
a well-defined, coherent argument supported by relevant examples and evidence. The argument is
fully developed and addresses the core issue of the prompt. (Example: "The essay argues that higher
education is counterproductive by providing specific examples of student debt, income gaps, and
over-specialization in certain fields.")

- 8: The essay mostly addresses the specific claim and presents a coherent argument, but there are
minor inconsistencies or lack of depth. The argument is somewhat developed but could benefit from
more specific examples or a deeper analysis. (Example: "The essay argues that higher education is
counterproductive but lacks substantial examples or a clear connection to the context.")

- 6: The essay partially addresses the specific claim and presents an argument, but there are
significant inconsistencies or lack of depth. The argument is weak and lacks substantial examples
or a clear connection to the core issue. (Example: "The essay argues that higher education is
counterproductive but fails to address the specific aspects of student debt, income gaps, and
over-specialization.")

- 4: The essay addresses the specific claim but the argument is weak and poorly supported. The
argument lacks substantial examples or a clear connection to the core issue. (Example: "The essay
argues that higher education is counterproductive but lacks supporting evidence or explanation.")

- 2: The essay fails to address the specific claim or presents an argument that is contradictory
or irrelevant. The argument is not aligned with the prompt and does not address the core issue.

(Example: "The essay argues that higher education is beneficial, which contradicts the prompt.")

- 0: The essay does not address the specific claim or is completely off-topic. The argument is not
related to the prompt and does not address the core issue. (Example: "The essay discusses unrelated
topics without addressing the claim.")

</item>

<item>

Evidence and Reasoning (10 points)

- 10: The essay provides strong, relevant evidence and reasoning to support the argument,

with specific examples and data from current events and historical contexts. The evidence is
well-connected to the core issue and supports the argument effectively. (Example: "The essay

cites specific studies showing the burden of student debt, the widening income gap, and the
over-specialization in certain fields, providing detailed examples and data.")

- 8: The essay provides mostly relevant evidence and reasoning, but some points are weak or not
fully supported. The evidence is somewhat connected to the core issue but could benefit from more
substantial examples or a deeper analysis. (Example: "The essay mentions studies but does not
provide substantial evidence or explanation.")

- 6: The essay provides some relevant evidence and reasoning, but there are significant gaps or weak
points. The evidence is not well-connected to the core issue and lacks substantial examples or a
clear connection to the context. (Example: "The essay mentions studies but does not provide specific
examples or explanations.")

- 4: The essay provides weak or irrelevant evidence and reasoning. The evidence is not
well-connected to the core issue and lacks substantial examples or a clear connection to the context.
(Example: "The essay mentions studies but does not explain how this supports the argument or provide
substantial evidence.")

- 2: The essay does not provide any evidence or reasoning to support the argument. The evidence is
not related to the core issue and lacks substantial examples or a clear connection to the context.
(Example: "The essay makes claims without providing any supporting evidence.")

- 0: The essay provides evidence and reasoning that contradict the argument. The evidence is

not related to the core issue and lacks substantial examples or a clear connection to the context.
(Example: "The essay provides examples that support the claim that higher education is beneficial.")
</item>

<item>

Counterarguments and Refutation (10 points)

- 10: The essay addresses potential counterarguments and provides strong refutations. The
counterarguments are acknowledged and effectively refuted with specific examples and reasoning.
(Example: "The essay acknowledges that some argue higher education is beneficial by explaining the
burden of student debt, the widening income gap, and the over-specialization in certain fields.")

- 8: The essay addresses some counterarguments and provides mostly strong refutations. The
counterarguments are acknowledged but not fully refuted. (Example: "The essay acknowledges some
counterarguments but does not fully refute them.")

- 6: The essay addresses some counterarguments but provides weak or incomplete refutations.

The counterarguments are acknowledged but not fully addressed. (Example: "The essay mentions
counterarguments but does not fully address them.")

- 4: The essay addresses some counterarguments but does not provide any refutations. The
counterarguments are acknowledged but not addressed. (Example: "The essay mentions counterarguments
without explaining why they do not undermine the argument.")

- 2: The essay does not address any counterarguments. The counterarguments are not acknowledged or

addressed. (Example: "The essay does not mention any counterarguments.")

- 0: The essay addresses counterarguments but fails to refute them or provides weak refutationms.
The counterarguments are acknowledged but not effectively refuted. (Example: "The essay mentions
counterarguments but does not provide any refutations or provides weak refutations.")

</item>

<item>

Structure and Coherence (10 points)

- 10: The essay is well-organized and coherent, with a clear structure and logical flow. The
introduction sets up the argument, body paragraphs provide evidence and reasoning, and the conclusion
summarizes the argument and provides a final thought. (Example: "The essay has an introduction
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that sets up the argument, body paragraphs that provide evidence and reasoning, and a conclusion that
summarizes the argument and provides a final thought.")

- 8: The essay has a mostly clear structure, but some points may be slightly disconnected or lack
smooth transitions. The introduction sets up the argument, body paragraphs provide evidence and
reasoning, and the conclusion summarizes the argument but lacks smooth transitions. (Example: "The
essay has a clear structure but some points are not well-connected or lack transitions.")

- 6: The essay has a somewhat clear structure, but the points are not well-connected, and the
transitions are weak. The introduction sets up the argument, body paragraphs provide evidence and
reasoning, but the transitions are weak. (Example: "The essay has a structure but the points are
disjointed and the transitions are weak.")

- 4: The essay lacks a clear structure, and the points are disjointed and disconnected. The
introduction sets up the argument, but the body paragraphs are disjointed and the conclusion is

unclear. (Example: "The essay has no clear structure and the points are not well-connected.")
- 2: The essay is poorly structured, with no clear introduction, body, or conclusion. The essay
lacks a clear structure and the points are entirely disjointed. (Example: "The essay lacks a clear

structure and the points are entirely disjointed.")
- 0: The essay is completely disorganized and lacks any structure. The essay is a collection of

unrelated points with no structure. (Example: "The essay is a collection of unrelated points with no
structure.")

</item>

<item>

Depth of Analysis (10 points)

- 10: The essay demonstrates a deep and nuanced analysis of the issue, addressing complexities and
providing specific examples and data from current events and historical contexts. The analysis

is well-connected to the core issue and supports the argument effectively. (Example: "The essay
discusses the complexities of higher education, providing specific examples of student debt, income
gaps, and over-specialization in certain fields, and provides detailed data from reliable sources.")
- 8: The essay provides some depth and nuance in the analysis but lacks specific examples or data.
The analysis is somewhat connected to the core issue but could benefit from more substantial examples
or a deeper analysis. (Example: "The essay mentions that higher education has issues but does not
provide substantial evidence or reasoning.")

- 6: The essay provides minimal depth and nuance in the analysis, lacking specific examples or

data. The analysis is not well-connected to the core issue and lacks substantial examples or a clear
connection to the context. (Example: "The essay mentions that higher education has issues but does
not provide specific examples or explanations.")

- 4: The essay lacks depth and nuance in the analysis, providing vague statements without specific
examples or data. The analysis is not well-connected to the core issue and lacks substantial examples
or a clear connection to the context. (Example: "The essay is vague and does not provide any
substantial argument or reasoning.")

- 2: The essay lacks any meaningful analysis or is superficial. The analysis is not related to the
core issue and lacks substantial examples or a clear connection to the context. (Example: "The essay
does not provide any meaningful analysis and remains superficial in its discussion.")

- 0: The essay is completely lacking in analysis and is purely superficial. The analysis is not
related to the core issue and lacks substantial examples or a clear connection to the context.
(Example: "The essay is vague and does not provide any substantial content or context.")

</item>

<item>

Language and Mechanics (10 points)

- 10: The essay demonstrates clear and effective use of language with minimal grammatical errors.
The writing is clear, coherent, and free of significant errors that affect clarity or coherence.
(Example: "The essay uses clear and precise language with no significant grammatical errors.")

- 8: The essay has some grammatical errors but is still generally clear. The writing is mostly clear
and coherent, with a few minor errors that do not significantly affect clarity. (Example: "The essay
has a few grammatical errors but is still understandable.")

- 6: The essay has some grammatical errors that affect clarity but is still mostly comprehensible.
The writing is generally clear but has some errors that affect clarity. (Example: "The essay has
some errors in grammar or style but is still generally clear.")

- 4: The essay has significant grammatical errors that affect clarity and coherence. The writing

is unclear and difficult to follow due to significant errors. (Example: "The essay has multiple
grammatical or stylistic errors that make it difficult to understand.")

- 2: The essay has significant grammatical errors that severely affect clarity and coherence. The
writing is unclear and difficult to follow due to multiple significant errors. (Example: "The essay
has multiple grammatical or stylistic errors that make it difficult to understand.")

- 0: The essay is completely unclear and incoherent due to significant grammatical or stylistic
errors. The writing is difficult to read due to numerous grammatical or stylistic errors. (Example:
"The essay is difficult to read due to numerous grammatical or stylistic errors.")

</item>

C.2  fRePifrl

<item>

Logical Coherence (0-5)

- 6: The reasoning is logically consistent, free from contradictions, and well-supported by evidence
or examples. The argument is clear, structured, and avoids repetition or disjointedness.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
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response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and potentially
harmful to the relationship. Trusting someone with your body is a significant decision, and I believe
it’s important to prioritize safety and quality. <verdict>WRONG</verdict>"

- 4: The reasoning is mostly logical, with a few minor contradictions or gaps in reasoning. The
argument is coherent but could be more clear or structured.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp

is a minor inconvenience, and the girlfriend’s response is disproportionate and disrespectful.
<verdict>WRONG</verdict>"

- 3: The reasoning is somewhat logical but contains some contradictions or gaps in reasoning. The
argument is coherent but could be more clear or structured.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience, and the girlfriend’s response is disproportionate. <verdict>WRONG</verdict>"

- 2: The reasoning is partially logical, with significant contradictions or gaps in reasoning. The
argument is somewhat coherent but lacks clarity and structure.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience. <verdict>WRONG</verdict>"

- 1: The reasoning is illogical, with major contradictions or gaps in reasoning. The argument is
incoherent and lacks clarity.

- Example: "The girlfriend’s reaction is wrong because she overreacted. The act of forgetting to
defrost the shrimp is a minor inconvenience. <verdict>WRONG</verdict>"

- 0: The reasoning is completely illogical, with no coherent argument or supporting evidence. The
argument is incoherent and lacks clarity.

- Example: "The girlfriend’s reaction is wrong. <verdict>WRONG</verdict>"

</item>

<item>

Depth of Moral Insight (0-5)

- 5: The analysis demonstrates a deep understanding of the ethical issues involved, providing nuanced
insights and thoughtful consideration of multiple perspectives. The reasoning explores multiple
ethical principles and their implications.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is

a minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and
potentially harmful to the relationship. This response reflects a lack of consideration for

others and a disregard for the impact of one’s actions. It also violates deontological principles,
which emphasize the importance of treating others with respect and dignity. Additionally, her
response fails to consider the utilitarian principle of maximizing overall happiness and well-being.
<verdict>WRONG</verdict>"

- 4: The analysis demonstrates a good understanding of the ethical issues involved, with some
thoughtful consideration of multiple perspectives. The reasoning explores some ethical principles
and their implicatioms.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and potentially
harmful to the relationship. This response reflects a lack of consideration for others and a
disregard for the impact of one’s actions. It also violates deontological principles, which emphasize
the importance of treating others with respect and dignity. <verdict>WRONG</verdict>"

- 3: The analysis demonstrates a basic understanding of the ethical issues involved, with some
consideration of multiple perspectives. The reasoning touches on some ethical principles and their
implications.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp

is a minor inconvenience, and the girlfriend’s response is disproportionate and disrespectful.
<verdict>WRONG</verdict>"

- 2: The analysis demonstrates a limited understanding of the ethical issues involved, with little
consideration of multiple perspectives. The reasoning touches on some ethical principles but lacks
depth.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience. <verdict>WRONG</verdict>"

- 1: The analysis demonstrates a minimal understanding of the ethical issues involved, with no
consideration of multiple perspectives. The reasoning touches on some ethical principles but lacks
depth.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. <verdict>WRONG</verdict>"

- 0: The analysis demonstrates no understanding of the ethical issues involved. The reasoning lacks
any exploration of ethical principles or ethical theories.

- Example: "The girlfriend’s reaction is wrong because she overreacted. <verdict>WRONG</verdict>"
</item>

<item>

Alignment with Established Ethical Principles (0-5)

- 5: The response references and applies relevant ethical principles or theories comprehensively and
accurately. The reasoning explicitly identifies and applies specific ethical theories or principles,
including how they apply to the specific situation and why they are relevant.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is
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a minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and
potentially harmful to the relationship. This response reflects a lack of consideration for

others and a disregard for the impact of one’s actions. It also violates deontological principles,
which emphasize the importance of treating others with respect and dignity. Additionally, her
response fails to consider the utilitarian principle of maximizing overall happiness and well-being.
<verdict>WRONG</verdict>"

- 4: The response references and applies relevant ethical principles or theories with some accuracy.
The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situationm.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and potentially
harmful to the relationship. This response reflects a lack of consideration for others and a
disregard for the impact of one’s actions. It also violates deontological principles, which emphasize
the importance of treating others with respect and dignity. <verdict>WRONG</verdict>"

- 3: The response references some ethical principles or theories but with limited accuracy. The
reasoning references some ethical principles or theories but does not provide a clear explanation of
how they apply to the situation.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp

is a minor inconvenience, and the girlfriend’s response is disproportionate and disrespectful.
<verdict>WRONG</verdict>"

- 2: The response references some ethical principles or theories but with significant inaccuracies.
The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situationm.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience. <verdict>WRONG</verdict>"

- 1: The response references relevant ethical principles or theories but with major inaccuracies.
The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situation.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. <verdict>WRONG</verdict>"

- 0: The response does not reference any relevant ethical principles or theories. The reasoning does
not reference any ethical principles or theories.

- Example: "The girlfriend’s reaction is wrong. <verdict>WRONG</verdict>"

</item>

<item>

Clarity of Verdict (0-5)

- 5: The final verdict is clear, properly formatted, and well-supported by the ethical reasoning.
The verdict is clearly stated within the <verdict></verdict> tags, and the reasoning supports the
verdict.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is

a minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and
potentially harmful to the relationship. This response reflects a lack of consideration for

others and a disregard for the impact of one’s actions. It also violates deontological principles,
which emphasize the importance of treating others with respect and dignity. Additionally, her
response fails to consider the utilitarian principle of maximizing overall happiness and well-being.
<verdict>WRONG</verdict>"

- 4: The final verdict is clear and properly formatted but lacks some supporting evidence. The
verdict is clearly stated within the <verdict></verdict> tags, but the reasoning does not fully
support the verdict.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience, and the girlfriend’s response is disproportionate, disrespectful, and potentially
harmful to the relationship. This response reflects a lack of consideration for others and a
disregard for the impact of one’s actions. It also violates deontological principles, which emphasize
the importance of treating others with respect and dignity. <verdict>WRONG</verdict>"

- 3: The final verdict is somewhat clear and properly formatted but lacks supporting evidence. The
verdict is clearly stated within the <verdict></verdict> tags, but the reasoning does not fully
support the verdict.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp

is a minor inconvenience, and the girlfriend’s response is disproportionate and disrespectful.
<verdict>WRONG</verdict>"

- 2: The final verdict is partially clear and properly formatted but lacks significant supporting
evidence. The verdict is clearly stated within the <verdict></verdict> tags, but the reasoning does
not fully support the verdict.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. The act of forgetting to defrost the shrimp is a
minor inconvenience. <verdict>WRONG</verdict>"

- 1: The final verdict is unclear or improperly formatted. The verdict is not clearly stated within
the <verdict></verdict> tags, and the reasoning does not support the verdict.

- Example: "The girlfriend’s reaction is wrong because she overreacted. This is not a justifiable
response as it lacks empathy and understanding. <verdict>WRONG</verdict>"

- 0: The final verdict is completely unclear or improperly formatted. The verdict is not clearly
stated within the <verdict></verdict> tags, and the reasoning does not support the verdict.

- Example: "The girlfriend’s reaction is wrong. <verdict>WRONG</verdict>"

</item>
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<item>

Logical Coherence (0-5)

- 5: The reasoning is logically consistent, free from contradictions, and well-supported by evidence
or examples. The argument is clear, structured, and avoids repetition or disjointedness. It
considers multiple perspectives and the broader ethical implications of the action. The verdict

is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning is clear, structured, and avoids
repetition. <verdict>RIGHT</verdict>"

- 4: The reasoning is mostly logical, with a few minor contradictions or gaps in reasoning.

The argument is coherent but could be more clear or structured. The reasoning considers some
perspectives but lacks a comprehensive analysis. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning is mostly coherent but could be more
clear or structured. <verdict>RIGHT</verdict>"

- 3: The reasoning is somewhat logical but contains some contradictions or gaps in reasoning.

The argument is coherent but could be more clear or structured. The reasoning touches on some
perspectives but lacks a comprehensive analysis. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning is somewhat coherent but lacks clarity.
<verdict>RIGHT</verdict>"

- 2: The reasoning is partially logical, with significant contradictions or gaps in reasoning. The
argument is somewhat coherent but lacks clarity and structure. The reasoning is disjointed and lacks
coherence. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning is disjointed and lacks coherence.
<verdict>RIGHT</verdict>"

- 1: The reasoning is illogical, with major contradictions or gaps in reasoning. The argument is
incoherent and lacks clarity. The reasoning is incoherent and lacks logical structure. The verdict
is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning is incoherent and lacks logical
structure. <verdict>RIGHT</verdict>"

- 0: The reasoning is completely illogical, with no coherent argument or supporting evidence.

The argument is incoherent and lacks clarity. The reasoning is completely illogical, with no

coherent argument or supporting evidence. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. <verdict>RIGHT</verdict>"

</item>

<item>

Depth of Moral Insight (0-5)

- 5: The analysis demonstrates a deep understanding of the ethical issues involved, providing

nuanced insights and thoughtful consideration of multiple perspectives. The reasoning explores
multiple ethical principles and their implications, including the balance between personal needs and
others’ well-being. The reasoning explores the ethical principles of personal safety, respect for
autonomy, and the impact on the relationship. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning explores the ethical principles of
personal safety, respect for autonomy, and the impact on the relationship. <verdict>RIGHT</verdict>"
- 4: The analysis demonstrates a good understanding of the ethical issues involved, with some
thoughtful consideration of multiple perspectives. The reasoning explores some ethical principles

and their implications. The reasoning considers the ethical principles of personal safety and respect
for autonomy. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning considers the ethical principles of
personal safety and respect for autonomy. <verdict>RIGHT</verdict>"

- 3: The analysis demonstrates a basic understanding of the ethical issues involved, with some
consideration of multiple perspectives. The reasoning touches on some ethical principles and their
implications. The reasoning touches on the ethical principles of personal safety and respect for
autonomy. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning touches on the ethical principles of
personal safety and respect for autonomy. <verdict>RIGHT</verdict>"

- 2: The analysis demonstrates a limited understanding of the ethical issues involved, with little
consideration of multiple perspectives. The reasoning touches on some ethical principles but lacks
depth. The reasoning touches on the ethical principles of personal safety and respect for autonomy
but lacks depth. The verdict is presented within the required tags. <verdict>RIGHT</verdict>
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- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning touches on the ethical principles of
personal safety and respect for autonomy but lacks depth. <verdict>RIGHT</verdict>"

- 1: The analysis demonstrates a minimal understanding of the ethical issues involved, with no
consideration of multiple perspectives. The reasoning touches on some ethical principles but lacks
depth. The reasoning touches on the ethical principles of personal safety and respect for autonomy
but lacks depth. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning touches on the ethical principles of
personal safety and respect for autonomy but lacks depth. <verdict>RIGHT</verdict>"

- 0: The analysis demonstrates no understanding of the ethical issues involved. The reasoning lacks
any exploration of ethical principles or ethical theories. The reasoning lacks any exploration

of ethical principles or ethical theories. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. <verdict>RIGHT</verdict>"

</item>

<item>

Alignment with Established Ethical Principles (0-5)

- 5: The response references and applies relevant ethical principles or theories comprehensively

and accurately. The reasoning explicitly identifies and applies specific ethical principles or
theories, including how they apply to the specific situation and why they are relevant. The reasoning
explicitly identifies and applies specific ethical principles such as personal safety, respect for
autonomy, and the impact on the relationship. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning explicitly identifies and applies
specific ethical principles such as personal safety, respect for autonomy, and the impact on the
relationship. <verdict>RIGHT</verdict>"

- 4: The response references and applies relevant ethical principles or theories with some accuracy.
The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situation. The reasoning references some ethical principles such as personal
safety and respect for autonomy but does not provide a clear explanation of how they apply to the
situation. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning references some ethical principles
such as personal safety and respect for autonomy but does not provide a clear explanation of how they
apply to the situation. <verdict>RIGHT</verdict>"

- 3: The response references some ethical principles or theories but with limited accuracy. The
reasoning references some ethical principles or theories but does not provide a clear explanation of
how they apply to the situation. The reasoning references some ethical principles such as personal
safety and respect for autonomy but does not provide a clear explanation of how they apply to the
situation. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning references some ethical principles
such as personal safety and respect for autonomy but does not provide a clear explanation of how they
apply to the situation. <verdict>RIGHT</verdict>"

- 2: The response references some ethical principles or theories but with significant inaccuracies.
The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situation. The reasoning references some ethical principles such as personal
safety and respect for autonomy but does not provide a clear explanation of how they apply to the
situation. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning references some ethical principles
such as personal safety and respect for autonomy but does not provide a clear explanation of how they
apply to the situation. <verdict>RIGHT</verdict>"

- 1: The response references relevant ethical principles or theories but with major inaccuracies.

The reasoning references some ethical principles or theories but does not provide a clear explanation
of how they apply to the situation. The reasoning references some ethical principles such as personal
safety and respect for autonomy but does not provide a clear explanation of how they apply to the
situation. The verdict is presented within the required tags. <verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. It respects personal autonomy and
privacy, which are fundamental human rights. The decision to not use the app is a reasonable response
to concerns about personal privacy and autonomy. The reasoning references some ethical principles
such as personal safety and respect for autonomy but does not provide a clear explanation of how they
apply to the situation. <verdict>RIGHT</verdict>"

- 0: The response does not reference any ethical principles or theories. The reasoning lacks

any exploration of ethical principles or ethical theories. The reasoning lacks any exploration

of ethical principles or ethical theories. The verdict is presented within the required tags.
<verdict>RIGHT</verdict>

- Example: "The action of not using the GPS app is justified. <verdict>RIGHT</verdict>"

</item>
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