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Abstract
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o e SR M R 22 (Schudson, 2001)
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2 A BA B EAM L (Eliaz and Spiegler, 2024) .
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XS FF RS (Iyengar, 1990) , HE) 4 &
W (Entman, 1993) , SET 5200 23 AR BELE HIEUR
3% (Ziems and Yang, 2021) .
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IR, FRASEARAHE (van den Berg et al.,
2020) ., SemEval-2025 4% 10 5| A T —"1H
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Gates claimed that because he continues to spend billions of
dollars on climate change activism, his carbon footprint isn’
t an issue [...] Elsewhere during the carefully constructed
interview , Gates said he was surprised that he was targeted
by ‘conspiracy theorists’ for pushing vaccines during the pan-
demic [...] While the BBC interview was set up to look like
Gates was being challenged or grilled, he wasn’ t asked about
his close friendship with the elite pedophile Jeffrey Epstein
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"https://github.com/beingenfa/
semeval2025task10
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{ expert_phrasing }
You will be provided with { input_format_phrase } .
Your task isto { task_definition } .

{ task_instructions }

{ output_format_with_example }

{ input_context }
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H X SemEval {45 /f SE AR HE 4258 SR —A
ZHREE IR, ABFRATTUER B S (AR $RE K3 i
SRS — R A o, RSB 2Rl o
SN MRS 1.08 AR (o, X —
EBEAFESMEEMEH 2 (%B ).
A, FEFRATRI LR, 24 AR B A —
A FEA AR, AT IR G LT A~
FEMAA., TR, AR ARSI
oL, AR R — R AR

WAVE AP Fabr R IPA RS £ Gt
% (MRA), BIFIN) 3 65 L bR bR 25 It

Metric Baseline +EP +LD +RA
Main Role Accuracy

FT 0.93 092 0.89 0.91

Ent-Sent 0.90 093 092 0.91

Ent-Neigh 0.92 093 092 0.93

Neutral-Sum 0.69 0.73  0.69 0.71

FP-Sum 0.95 095 093 0.93

Exact Match Ratio

FT 0.29 035 0.30 0.29
Ent-Sent 0.32 033 035 0.31

Ent-Neigh 0.30 034 032 0.31

Neutral-Sum 0.22 0.21 0.21 0.24
FP-Sum 0.33 032 034 0.33

Table 1: £ [ i 7m EE A @M QR A
BRSO R BT SR R PERE L . BP = &
K, LD =4r%E L, RA=HH. XTFEM
@, REER S EREIMA LTI, ST
IR EREE (0.95). XFTFafefn @, 4230 RAT
Tﬁi%%@?%%ﬁ%,%%ﬁ%%%ﬂ@ﬁm
e

BCSE Bl befl, DAKAERCEC % (EMR) , B
F AL A RS A VCECSEFI LB, %
B4 ICRLE T4 . FeATT3EF OpenAl API fifi
JHl GPT-40 (gpt-40-2024-08-06).

Bk, BATWFFCAE B AP e & T R
] $ 7 SR AN AR SCRTERAS I 45258

5 #i

MR THEIF A BB R SEIR A, T
Here BT 1 SemEval ZERHMFEIG 0. KK
BURFHESS 6 T itit.

51 %k

FMTARGEHIPPAG 1A B BRAN 22 20 BRERSE Hh 5
AN LR SO AR B A, (]
fifsk D PR iR . O TR A
B, FATERM AR, A AL
Aersems. RS 52 s T — 4G
B, (HFR RS A RGP TS
HOFEASE

Wbk R Ron THERSREPARBA L
FOCHR R TR PERE . 24 i PR B HE S
MR, FEA AR ER RS (0.95), #
ST R S B A HE— B R T, M2 R,
AVKLEEY i (B TR R SRS PR, Horb4
fi SCA + B KA ORICEARA T + FR%EE X
ST R RS (0.35).

TR LN, B A SR ] RETCTA
IRAEM S RRXPIAME S, AR ERATTE— 245
W IRTTIE, Hoh 12 IR (57>
BT, Beoh, - RRARRERE, PR
SR B IR 2R 2 S
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Metric Baseline +EP +LD +RA
FT 0.89 0.91 0.91 0.87
Ent-Sent 0.84 0.86 0.87 0.82
Ent-Neigh 0.91 092 091 0.88
FP-Sum 0.92 093 0.96 0.93

Table 2: A[al% A LT SCRI$E/R TRERIEAE L2 A4 B
FA MR TERE L, IR AN ERR . EP
= LZMM, LD =F%E X, RA=HH. FHFHE
BB R BRI A LR 3, 8B T RE
HETRR (0.96) , BIFEMARZ & L (LD) SRmgrhgk
i, ARTFEHRSEE.

Metric Baseline +EP +LD +RA
FT 0.33 0.36  0.31 0.35
Ent-Sent 0.36 044  0.35 0.37
Ent-Neigh 0.36 0.38 034 0.37
FP-Sum 0.29 0.29 0.35 0.31

Table 3: ZEANRLEE M (A K 2 LR E S, A
FEHfi ICAL  (Exact Match Ratio) F847 %A [A] iy A
R SCRR R AR M RE AT L AR . EP = B
fift, LD = #3252 X, RA=Fd. 5 HEHNAH
b, 2B AR ZHONE P HLE T EMR, H
TAR-FTF + LR (EP) [ EMR fiim (0.44).

2 2w, BAE e a2
o, R HHRIE AR 2.

FEA AT 2% 2 45 T T e
fAEMERE . HERLORRERI B IR 2 SRR Y 1%
B, A3 T 0.96 BUERE,

AR (R MR RE A A i I R AR U 2
£ T8 S Aih B /A - 2R iR . ik
A, FRATTACRF AT RE A i HH A28 42 BR ) A ek )
T E A OA R R A . XD T L
FhEm T RAERE.

Wk 3 Pn, 2 HETERZEIE FILT
FOE TN . I FER RIS LR 1 + B
fata (EP), JOKSHAVCECSE (EMR) 5% 0.44,
M T RAERD AR (035) FRERT. %
KA AT IR R ARL B F7 €0 1) J ik i AL B 3¢
(044 EMR), [fif 5B SCAS Wb — 55

K SERIFSE S S — 20 S TR S A A T
SSURLEE A e T A R, s R BRI
AR FR AR SR R A S HE A
5.2 ‘EJj SemEval &L
FATIF LS iy R I T A Al A 5%

FHIHE 7R M B A Rk AR, AEFAT] 1 3
SemEval $252H, FAIEM 7“3+ L5

@+ ZHUE” WA, AT Ol (01-2024-

12-17) AERFRATRRERL, PRI RCE e 5 T 38
Hil SRR o
Nz 4 Frs, JATRGREAHL RN, 1k

Rank  Team EMR (A) MRA (A)

1 DUTIR 0.41 0.95

2 PATeam 0.38 (-0.03) 0.89  (-0.06)
3 DEMON 0.37 004 092  (-0.03)
4 gowithnlp 037 004 094 (-0.01)
5 TartanTritons 0.36 (005 0.72  (-023)
6 Ours 0.34 (-0.07) 0.89  (-0.06)
27 Baseline 0.04 037 029  (-0.66)

Table 4: B 75 SemEval JIli®4E 4551, ] BA 3R HERf DL
fid® (EMR) HE4, [EBHOMRE T A G UE
Z (MRA)., ARG HA SN, 85T 034 1)
EMR, {UILHEZSE—M ARS8 (DUTIR) {1 0.07. A
HFERESHA B RGN ZESR

Approach EMR MRA  Model  Price/1M Tokens

Input  Output
SemEval 0.345 0.894 0O1 $15.00 $60.00
Improved 0.349 0.894 GPT-40 $2.50 $10.00

Table 5: F&ATTE 77 SemEval $£ 52 5 Bt 7 1 L
o RASTEREILT-MIA, (Ho it iy )y AT,
A EMH T GPT-4o, iXj&—fh i 28 /N HHEH
TAR AR R S S X Be gk 1 3 i T AR
AN RO BT, B A /N AR A RE A% DT 5
TR A L B SRR A M R

BT 034 WYMERAICICR (EMR) , R
&S (DUTIR) ¥%)5 0.07. BABATES
71, ABFATHY)5 SemEval JHEEBFIEE A T —Ff
BRSNS, BATRAET 4.

5.3 )i SemEval

EHEXE % SemBval 2 J5, FATH4T T 45k1k
T Rl 9 R AL TR AT 3, WIHESS 5.1
W THEABEE. W 5 FR, B R
T 0.349 ) EMR, AHE T3 AT IE 42 2
0.345, MRA N3RS F 0.894, 5 /~4k 5L H.
HEEEL, FRAELMH GPT-40 XA/
H A S 25 B AR A AL S B

6 {l%E

AV T LI R, WH9E T AT
VRINEATR

k1R, DA IR R sk
PR P, HR B A AN AR BE AE 2L 1) 4k
B, X SWAERS %, HFEHE
LAY NN E X RN Y S liibub e d Uil
S EfERE (Entman, 1993)

LI AN GEBE mor ST RE FRATI TR R
A, BORBR HA G PEBE I A 4 o)
Rk, PEREER MR PR EERE .
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RGBT T AL

e, AR SRR TR OB AR Y
AR KGO IR TR AT AR MBS
BORHIBRAIRSE . X1 GPT-4o, 25 REFL
P78 AT AT B sl i AE R S 5 ol
B ERTAIR R IRICR . ISR, HE
PR E ARG Z T, SR MR AL R
TR DAERAR MR TE_E A R B 5Tt
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ITEAE AW B & TR R B A BT SO
ISR P TR RRE

7

Hf X W55 2] T S58 E W T A =
(N00014-22-1-2596) %5 ).

www.xueshuxiangzi.com



References

Shubham Atreja, Joshua Ashkinaze, Lingyao Li, Julia
Mendelsohn, and Libby Hemphill. 2024. Prompt
design matters for computational social science
tasks but in unpredictable ways. arXiv preprint
arXiv:2406.11980 .

Kfir Eliaz and Ran Spiegler. 2024. News media as
suppliers of narratives (and information). Preprint
, arXiv:2403.09155.

Robert M Entman. 1993. Framing: Toward clarifica-
tion of a fractured paradigm. Journal of communica-
tion , 43(4):51-58.

Jindong Gu, Zhen Han, Shuo Chen, Ahmad Beirami,
Bailan He, Gengyuan Zhang, Ruotong Liao, Yao
Qin, Volker Tresp, and Philip Torr. 2023. A sys-
tematic survey of prompt engineering on vision-

language foundation models. arXiv preprint
arXiv:2307.12980 .

Shanto Iyengar. 1990. Framing responsibility for polit-
ical issues: The case of poverty. Political behavior ,
12:19-40.

Aobo Kong, Shiwan Zhao, Hao Chen, Qicheng Li,
Yong Qin, Ruiqi Sun, Xin Zhou, Enzhi Wang, and
Xiaohang Dong. 2024. Better zero-shot reasoning
with role-play prompting. In Proceedings of the
2024 Conference of the North American Chapter of
the Association for Computational Linguistics: Hu-
man Language Technologies (Volume 1: Long Pa-
pers) , pages 4099-4113, Mexico City, Mexico. As-
sociation for Computational Linguistics.

Arina Kostina, Marios D. Dikaiakos, Dimosthenis Ste-
fanidis, and George Pallis. 2025. Large language
models for text classification: Case study and com-
prehensive review. Preprint , arXiv:2501.08457.

Swaroop Mishra, Daniel Khashabi, Chitta Baral, Yejin
Choi, and Hannaneh Hajishirzi. 2022. Reframing
instructional prompts to GPTk's language. In Find-
ings of the Association for Computational Linguis-
tics: ACL 2022 , pages 589-612, Dublin, Ireland.
Association for Computational Linguistics.

Jakub Piskorski, Tarek Mahmoud, Nikolaos Nikolaidis,
Ricardo Campos, Alipio Jorge, Dimitar Dimitrov,
Purificacdo Silvano, Roman Yangarber, Shivam
Sharma, Tanmoy Chakraborty, Nuno Guimaraes,
Elisa Sartori, Nicolas Stefanovitch, Zhuohan Xie,
Preslav Nakov, and Giovanni Da San Martino. 2025.
SemEval-2025 task 10: Multilingual characteriza-
tion and extraction of narratives from online news.
In Proceedings of the 19th International Workshop
on Semantic Evaluation , SemEval 2025, Vienna,
Austria.

Michael Schudson. 2001. The objectivity norm in
american journalism. Journalism , 2(2):149-170.

Shivam Sharma, Tharun Suresh, Atharva Kulkarni, Hi-
manshi Mathur, Preslav Nakov, Md. Shad Akhtar,

and Tanmoy Chakraborty. 2022. Findings of the
CONSTRAINT 2022 shared task on detecting the
hero, the villain, and the victim in memes. In Pro-
ceedings of the Workshop on Combating Online
Hostile Posts in Regional Languages during Emer-
gency Situations , pages 1-11, Dublin, Ireland. As-
sociation for Computational Linguistics.

Nicolas Stefanovitch, Tarek Mahmoud, Nikolaos Niko-
laidis, Jorge Alipio, Ricardo Campos, Dimitar Dim-
itrov, Purificagdo Silvano, Shivam Sharma, Roman
Yangarber, Nuno Guimaraes, Elisa Sartori, Ana Fil-
ipa Pacheco, Cecilia Ortiz, Claudia Couto, Gléria
Reis de Oliveira, Ari Gongalves, Ivan Koychev, Ivo
Moravski, Nicolo Faggiani, and 19 others. 2025.
Multilingual Characterization and Extraction of Nar-
ratives from Online News: Annotation Guidelines.
Technical Report JRC141322, European Commis-
sion Joint Research Centre, Ispra (Italy).

Esther van den Berg, Katharina Korfthage, Josef Rup-
penhofer, Michael Wiegand, and Katja Markert.
2019. Not my president: How names and ti-
tles frame political figures. In Proceedings of the
Third Workshop on Natural Language Processing
and Computational Social Science , pages 1-6, Min-
neapolis, Minnesota. Association for Computational
Linguistics.

Esther van den Berg, Katharina Korfhage, Josef Rup-
penhofer, Michael Wiegand, and Katja Markert.
2020. Doctor who? framing through names and ti-
tles in German. In Proceedings of the Twelfth Lan-
guage Resources and Evaluation Conference , pages
49244932, Marseille, France. European Language
Resources Association.

Minggian Zheng, Jiaxin Pei, Lajanugen Logeswaran,
Moontae Lee, and David Jurgens. 2024. When “a
helpful assistant” is not really helpful: Personas in
system prompts do not improve performances of
large language models. In Findings of the Associ-
ation for Computational Linguistics: EMNLP 2024 ,
pages 15126-15154, Miami, Florida, USA. Associa-
tion for Computational Linguistics.

Jingming Zhuo, Songyang Zhang, Xinyu Fang,
Haodong Duan, Dahua Lin, and Kai Chen. 2024.
ProSA: Assessing and understanding the prompt sen-
sitivity of LLMs. In Findings of the Association for
Computational Linguistics: EMNLP 2024 , pages
1950-1976, Miami, Florida, USA. Association for
Computational Linguistics.

Caleb Ziems and Diyi Yang. 2021. To protect and to
serve? analyzing entity-centric framing of police vi-
olence. In Findings of the Association for Computa-
tional Linguistics: EMNLP 2021 , pages 957-976,
Punta Cana, Dominican Republic. Association for
Computational Linguistics.

www.xueshuxiangzi.com


https://arxiv.org/abs/2403.09155
https://arxiv.org/abs/2403.09155
https://doi.org/10.18653/v1/2024.naacl-long.228
https://doi.org/10.18653/v1/2024.naacl-long.228
https://arxiv.org/abs/2501.08457
https://arxiv.org/abs/2501.08457
https://arxiv.org/abs/2501.08457
https://doi.org/10.18653/v1/2022.findings-acl.50
https://doi.org/10.18653/v1/2022.findings-acl.50
https://doi.org/10.1177/146488490100200201
https://doi.org/10.1177/146488490100200201
https://doi.org/10.18653/v1/2022.constraint-1.1
https://doi.org/10.18653/v1/2022.constraint-1.1
https://doi.org/10.18653/v1/2022.constraint-1.1
https://doi.org/10.18653/v1/W19-2101
https://doi.org/10.18653/v1/W19-2101
https://aclanthology.org/2020.lrec-1.606/
https://aclanthology.org/2020.lrec-1.606/
https://doi.org/10.18653/v1/2024.findings-emnlp.888
https://doi.org/10.18653/v1/2024.findings-emnlp.888
https://doi.org/10.18653/v1/2024.findings-emnlp.888
https://doi.org/10.18653/v1/2024.findings-emnlp.888
https://doi.org/10.18653/v1/2024.findings-emnlp.108
https://doi.org/10.18653/v1/2024.findings-emnlp.108
https://doi.org/10.18653/v1/2021.findings-emnlp.82
https://doi.org/10.18653/v1/2021.findings-emnlp.82
https://doi.org/10.18653/v1/2021.findings-emnlp.82

A SERHERDRE

SEARMEZL 73 Sk i = A A @A 22 ik
AEER. A XN E TR,
Z: I, (Piskorski et al., 2025; Stefanovitch et al.,
2025) .

o B SpeE, SEE, MEHE, SO,
RWE, FEH

o R Wshd, B, B, SMERON,
WAE, IR, WA, JEM, Jofg, B
T, g, W

- REH PR WRUN. TEE. BT
L

B WS TG

EN BG PT HI RU

All 1.08 1.13 1.05 1.16 1.06
Protagonist 1.06 1.02 1.01 1.24 1.00
Antagonist 1.10 1.19 1.09 1.12 1.11
Innocent 1.02 1.01 1.00 1.06 1.01
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C R EREER
C1 pPREAs

Summarize the following article with a specific focus on { entity } . Write the summary as a standalone
description, ensuring that the entity and its role are clearly introduced without referring to ’the
article’ or assuming prior context. Clearly state their involvement, actions, and framing within the
event. Maintain a factual and neutral tone.

Figure 3: I /RS PRI 24 7R o BERASR S LLM B CRSEA R OB RR Y 4, Rl ORGSR

H o

C2 HERPRMAE

Write a standalone summary that clearly reflects how the author of the article frames entity and their
actions. Do not present the entity neutrally—mirror the language and implicit bias of the article
itself. If the author portrays the entity favorably, highlight their positive actions, successes, and
beneficial impact. If the author is critical, emphasize the entity’ s negative actions, failures, or
harmful consequences.

)

If the framing is mixed or subtle, encode the contrast in tone and nuance.Strongly reflect the author
s framing through:

- Loaded or emotionally charged language (if present in the article)

- Emphasis on the entity’ s perceived intentions and motivations

- Who is affected by their actions and how the consequences are framed
- Any direct or implied judgments made by the author.

Maintain the style and tone of the article, ensuring the framing is explicit in how the entity’ s role
and impact are described. Do not add external information or neutralize the bias. The summary should
feel as though it was written by the original author.

Table 7: Jl A AR FFHEZR O 2P . LI AU SO SCRE R JE AR HE R, it i AT, (]Il
S H AL BANIE B

D BB
FANTH RGPS B Z BN AR S AR A B STl A P hosfit,  Tm HAx s AT 9%
RGN

Prompt Type Template

System Prompt { expert_phrasing }
You will be provided with { input_format_phrase } .
Your task isto { task_definition }
{ task_instructions }
{ output_format_with_example }

User Prompt { input_context }

Table 8: RGMM FHe/RMEH . RGPt <, M P MR A ETF SCmA .
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document_type_str } in the following format- DOCUMENT: { document_type_str } . &Fff
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Input Context Type document_type_str

Full Text news article
Entity-Sentences or Entity-Sentences Neighbors excerpt of a news article
Neutral Summary or Framing-Preserved Summary news article summary

Table 9: #i A_b R SCEA R I iy A JE TR 22 [6) B WL

D.2  #Hnixit

D.2.1 FE5fufna

TEMA O/ SRR P) LR e, IR A s Em M, Mg { expert_phrasing } fR¥FHNZ
T, B AT SO R e :

You are an expert in analyzing how a specific named entity is portrayed in a given text. Read
the text carefully and focus on everything said about { entity } .

D.2.2 i Jeiag
TE R B, FfTi e E = ARk ASE R I TIRIE
e { ask_reasoning } : "with a reasoning for your prediction”

’

e { reasoning_in_json } , "reasoning” : "your reasoning here"”

e { reasoning_example } :, "reasoning” : "The article frames Kremlin propagandists
as instigators and deceivers, highlighting their role in spreading falsehoods
and promoting extreme measures.”

M UCEAN T AR BT I , XA R R

D.2.3 ARSSHIRGR

H

Setting task_definition task_instructions output_format_with_example
Single Step classify the narrative framing of Instructions: 1. Assign exactly one broad role 4. Finally, return your conclusion {
the { entity } in the document from: Protagonist, Antagonist, or Innocent. 2. ask_reasoning } as a single JSON object with
based on the taxonomy that follows Determine one or a maximum of two corresponding no extra text, in this format: { "main_role":
in the format [(broad role,[list fine grained role from the taxonomy. 3. Order "<most_likely_main_role>", "fine_grained_roles":
of valid fine grained roles/])]. the sub-roles by likelihood, with the most ["<Most likely sub-role>", "<Second most likely
The taxonomy is { taxonomy } . likely fine-grained role listed first. { sub-role if relevant>"] { reasoning_in_json }
label_definitions } } Example Output: { "main_role”: "Antagonist”,
"fine_grained_roles": ["Conspirator”] {

reasoning_example }

Multi-Step : classify the narrative framing of Instructions: 1. Assign exactly one main role 2.Return your conclusion { ask_reasoning }
Main Role the entity in the document as from: Protagonist, Antagonist, or Innocent. { as a single JSON object with no extra
either Protagonist, Antagonist or label_definitions } text, in this JSON format: { "main_role":
Innocent. "<most_likely_main_role>" { reasoning_in_json }

} Example Output: { "main_role”: "Antagonist” {
reasoning_example } }

Multi-Step : Fine- classify the narrative framing of You have previously identified the broader 3. Finally, return your conclusion {
grained Role the { entity } in the document. narrative frame to be main_role_candidate. ask_reasoning } as a single JSON object
The taxonomy is { taxonomy } . { Instructions: 1. Determine one or a maximum with no extra text, in this format: {
label_definitions } of two corresponding fine grained role from the "fine_grained_roles”: ["<Most likely sub-role>",

taxonomy. 2. Order the sub-roles by likelihood, "<Second most likely sub-role if relevant>"]

with the most likely fine-grained role listed { reasoning_in_json } } Example Output:

first. { "fine_grained_roles”: ["Conspirator"] {

reasoning_example } }

Table 10: A BCE . L5578 SOMBUFHAEZL 73S0 b i B 2 ] L
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Role Level { label_definitions }

Main Role Protagonist: The central figure or party in a news article, often portrayed as a hero or positive force driving the narrative.
Antagonist: The opposing figure or force in a news article, often depicted as the source of conflict or challenge to the protagonist.
Innocent: An individual or group portrayed as untainted or blameless in the context of the news, typically victimized or wronged.

Fine Guardians: Heroes or guardians who protect values or communities, ensuring safety and upholding justice. They often take on roles such as
Grained law enforcement officers, soldiers, or community leaders (e.g., climate change advocacy community leaders). Martyr: Martyrs or saviors who
Roles Pro- sacrifice their well being, or even their lives, for a greater good or cause. These individuals are often celebrated for their selflessness
tagonist and dedication. This is mostly in politics, not in Climate Change. Peacemaker: Individuals who advocate for harmony, working tirelessly

to resolve conflicts and bring about peace. They often engage in diplomacy, negotiations, and mediation. This is mostly in politics, not
in Climate Change. Rebel: Rebels, revolutionaries, or freedom fighters who challenge the status quo and fight for significant change or
liberation from oppression. They are often seen as champions of justice and freedom. Underdog: Entities who are considered unlikely to
succeed due to their disadvantaged position but strive against greater forces and obstacles. Their stories often inspire others. Virtuous:
Individuals portrayed as virtuous, righteous, or noble, who are seen as fair, just, and upholding high moral standards. They are often role
models and figures of integrity.

Fine Conspirator: Those involved in plots and secret plans, often working behind the scenes to undermine or deceive others. They engage in covert
Grained activities to achieve their goals. Instigator: Individuals or groups initiating conflict, often seen as the primary cause of tension and
Roles An- discord. They may provoke violence or unrest. Deceiver: Deceivers, manipulators, or propagandists who twist the truth, spread misinformation,
tagonist and manipulate public perception for their own benefit. They undermine trust and truth. Incompetent: Entities causing harm through ignorance,

lack of skill, or incompetence. This includes people committing foolish acts or making poor decisions due to lack of understanding or
expertise. Their actions, often unintentional, result in significant negative consequences. Corrupt: Individuals or entities that engage in
unethical or illegal activities for personal gain, prioritizing profit or power over ethics. This includes corrupt politicians, business
leaders, and officials. Tyrant: Tyrants and corrupt officials who abuse their power, ruling unjustly and oppressing those under their control.
They are often characterized by their authoritarian rule and exploitation. Foreign Adversary: Entities from other nations or regions creating
geopolitical tension and acting against the interests of another country. They are often depicted as threats to national security. This
is mostly in politics, not in Climate Change. Terrorist: Terrorists, mercenaries, insurgents, fanatics, or extremists engaging in violence
and terror to further ideological ends, often targeting civilians. They are viewed as significant threats to peace and security. This is
mostly in politics, not in Climate Change. Bigot: Individuals accused of hostility or discrimination against specific groups. This includes
entities committing acts falling under racism, sexism, homophobia, Antisemitism, Islamophobia, or any kind of hate speech. This is mostly
in politics, not in Climate Change. Saboteur: Saboteurs who deliberately damage or obstruct systems, processes, or organizations to cause
disruption or failure. They aim to weaken or destroy targets from within. Traitor: Individuals who betray a cause or country, often seen as
disloyal and treacherous. Their actions are viewed as a significant breach of trust. This is mostly in politics, not in Climate Change. Spy:
Spies or double agents accused of espionage, gathering and transmitting sensitive information to a rival or enemy. They operate in secrecy
and deception. This is mostly in politics, not in Climate Change.

Fine Victim: People cast as victims due to circumstances beyond their control, specifically in two categories: (1) victims of physical harm,
Grained including natural disasters, acts of war, terrorism, mugging, physical assault, etc., and (2) victims of economic harm, such as sanctions,
Roles Inno- blockades, and boycotts. Their experiences evoke sympathy and calls for justice, focusing on either physical or economic suffering. Scapegoat:
cent Entities blamed unjustly for problems or failures, often to divert attention from the real causes or culprits. They are made to bear the

brunt of criticism and punishment without just cause. Exploited: Individuals or groups used for others’ gain, often without their consent
and with significant detriment to their wellbeing. They are often victims of labor exploitation, trafficking, or economic manipulation.
Forgotten: Marginalized or overlooked groups who are often ignored by society and do not receive the attention or support they need. This
includes refugees, who face systemic neglect and exclusion.

Table 11: #Ric E LAES R HIL T, Xk B 145 2 L (Piskorski et al., 2025) ,
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