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Sentence

Certain Stella Artois brand Beer may be un-
safe due to possible presence of glass particles
Cw certain notable stella by artois brand beer may
be judged unsafe primarily due to his possible
presence of glass particles

SR Certain Frank stella Artois brand Beer may
be insecure imputable to potential presence of
glass particles

RW Certain Stella Artois brand Beer may due be
unsafe to presence possible of glass particles

Table 1: N SCARNGIR BRI RG], Wit BF S0
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.
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Table 2 fif7~, & T product-category DA4), 1F
F A e ) B A, Modern BE RTygse
TE7R A AL e

TEHLEE2% >, SVM, LR 1 RF &R
=4 N EM: LRow 1F hazard-category
(0.713) #1 product-category (0.682) i 75 43
% i RFpw FE hazard (0.567) "1 1% 7 &
B, SVMcw FE product (0.256) w154y %
o TEREHR R A . ModernBERTsr
hazard-category 8/ =, 154>~ 0.790,
M BERTcw & H A 5450 e . £l
HARAE = TERE, HAESDEHZEIIFA—
. 7F ST2 ZHh kb ST1 KB R, 7F
product 2|, BERTyese Ml BERTcw ¥
HE iR [A] ) e RAS 4 351 A 0.1,
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Model hazard-  product- hazard product | ST1 ST2
category ~category

SV Myase 0.701 0.626 0.544 0.234 0.682 0.396
SV Mcew 0.655 0.642 0.519 0.256 0.649 0.396
SV Msr 0.707 0.674 0.511 0.234 0.693 0.379
SV Mrw 0.687 0.643 0.542 0.246 0.682 0.401
LRpase 0.666 0.665 0.511 0.203 0.680 0.368
LRcw 0.713 0.682 0.457 0.209 0.702 0.347
LRsr 0.698 0.677 0.454 0.233 0.691 0.354
LRrw 0.666 0.676 0.522 0.216 0.673 0.380
DThyase 0.542 0.445 0.405 0.012 0.484 0.208
DTcow 0.617 0.491 0.427 0.029 0.544 0.230
DTsr 0.576 0.488 0.464 0.037 0.526 0.252
DTrw 0.612 0.475 0.506 0.056 0.542 0.283
RFyqse 0.691 0.523 0.499 0.129 0.609 0.318
RFcow 0.708 0.597 0.566 0.169 0.642 0.380
RFsr 0.688 0.578 0.455 0.188 0.633 0.331
RFrw 0.698 0.546 0.567 0.202 0.612 0.397
KN Npgse 0.552 0.497 0.384 0.157 0.527 0.294
KNNcw 0.565 0.490 0.376 0.169 0.534 0.309
KNNsr 0.552 0.507 0.389 0.163 0.537 0.305
KNNrw 0.500 0.491 0.397 0.152 0.515 0.299
N Byase 0.553 0.570 0.306 0.064 0.568 0.203
NBcow 0.599 0.586 0.405 0.175 0.603 0.310
NBsr 0.588 0.574 0.444 0.140 0.589 0.314
N Brw 0.603 0.617 0.383 0.167 0.631 0.300
BERTyase 0.747 0.757 0.581 0.170 0.753 0.382
BERTcw 0.760 0.761 0.671 0.280 0.762 0.491
BERTsr 0.770 0.754 0.666 0.275 0.764 0.478
BERTrw 0.752 0.757 0.651 0.275 0.756 0.467
DistilBERTyqse | 0.761 0.757 0.593 0.154 0.760 0.378
DistilBERTcw | 0.766 0.753 0.635 0.246 0.763 0.449
DistilBERTsr | 0.756 0.759 0.644 0.240 0.763 0.448
DistilBERTrw | 0.749 0.747 0.647 0.261 0.753 0.462
RoBERT apqse 0.760 0.753 0.579 0.123 0.755 0.356
RoBERTacw 0.773 0.739 0.630 0.000 0.760 0.315
RoBERTasr 0.777 0.755 0.637 0.000 0.767 0.319
RoBERTarw 0.757 0.611 0.615 0.000 0.686 0.308
ModernBERTy,s{ 0.781 0.745 0.667 0.275 0.769 0.485
ModernBERTcw| 0.761 0.712 0.609 0.252 0.741 0.441
ModernBERTsr | 0.790 0.728 0.591 0.253 0.761 0.434
ModernBERTrw| 0.761 0.751 0.629 0.237 0.759 0.440

Table 2: Fy -macro 43403~ BE MR BUAE B 7 M5
HFEI, IR A LR AL AR
B text FRA L5154 (ST1 M1 ST2) 4,
ZE BT B NEUS G = A0 AT I R
A FERIRNFAT S W e 1545

AT PRRIESR S, AT T R
My SR R-IR ARG TS, BT Fy -5
T:E BERTbase *ﬁﬁ'ﬁigﬁaﬁﬁﬂ—‘z I‘ETJ E{/‘J%j%ﬁ
A ASTERF AR - T =R %5 (Table 8 ).
FE product-category 5 RW It B T
it E e (P<0.05), 7E hazard f 557 H
HIR R LR, PAKAE product 5 CW #
RW [t (Table 3 ). %320, BERT [y
SR ARAE L B2 ) FEAE R B 2R s
A S T DR R .

FAT AN T H G BERT
RoBERTa #57#1 #| HEf 4% (subsection A.3 ), X
FHM RS ST1 ) Fy -Z2 04340k 0.761, ST2
4 0.453, X LERIAL Y P DARESE, RECAE
THEFF RS EROR T S Fy -4 H
MBS AE AR AT TIPAY, (BRAFEAE
HeA . 78 ST1 ik BRI 73402 0.769,
M ST2 2 0.491, XHF Table 2 FrPAKLIA IR

WAN, AT TAUE A title pYsCEs (H4h
RN PATE Table 7 3R E]) . FRATRSAH A text
GUBAT B A TR ZE AT, PREORFRATIER S T
PR RE -

Category CW RwW SR

hazard-category  0.5127 0.2752 0.2752
product-category  0.2752 0.3758 0.0463
hazard 0.0495 0.0495 0.0463
product 0.0463 0.0495 0.5127

Table 3: BERTyq,. 185 =Fhifaom 5 K 2 6] i) &
T Fc % Kruskal-Wallis 8 FF {510 546 P H (DU
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Figure 2: JRVEM ML T BERTvose 1 BERT oW
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2.7 HEBROMPT - AR

AW 5T T BERT A2 M BE R BG4
BITEMH CW BeARJEHI L 2 T /oKL
o LR B 25 AP BERIE, BERTow
155 B/ B 28 1 1000 0K 4 T BERTpase
hazard-category M 39 F7}%] 41, hazard M
261 713 277 (K340 6 %) (Figure 2 ) .
SR, ARAUGT Z R TG 22, M hazard [
656 J/E 632, XRMFEUE DS 2
R 2 [AAFAEAUST . 7 oh, R RIS ik
# 7 product-category 2 BN, {HA
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AAKM Foods Limited is recalling Zaiqa GoGo Pan Masala Mouth Freshener because it (D
B which is a health risk. Product: Zaiqa GoGo Pan Masala Mouth Freshener Pack size: 160 ‘Best before’ end:
30/05/2019 No other AKM Foods Limited products are known to be affected B is an illegal jmay
isk to health. If you have bought the above product do not eat it. Instead, return it to
ht.

y
the store from where it

hese notices explain to customers why the
products are being recalled and tell them what to do f they have bought the product. Please see the attached notice. If

(a) IEHA 25 M E S chemical 25/ hazard-category
ﬁﬁ-‘fﬁ%*ﬁ@ EP HATLA o

))))))»)m})-ﬂﬁm)-mm_ﬂ((«((«((

PRA No. 2004/7086 Date published 28 jun 2004 Produ (d ion Latina Creamy Tomato & Roasted Mushroom Pasta
Sauce. Use by date: 09/07/04. Lot code: 09 07 04. APN 931 2353004'\ 94. Clear plastic tub pre-printed with foil seal and
pacelelo (RIS e
less to most people, jtherefore are an
i sisceputispeople. WUBI e i e anergen What shuuld c

call 1800 800 424 for further informatiol

ine
cause al d ?
Customers can roduct to the place of purt rchas

(o) TERLATH, FLHKHN nuts [¥) hazard FEAS
AR ZEM T AL

Figure 3: 5T BERTpqse 1 BERTow BEZIRGTIN

feremcainputs)
1 1.22515

base value
-1 -0.348798 0
P =) e ) e B
. nputs
AR Foods Liitet s recaling Ziqa Goto van [ EEEENGNEAESREERBEEAUSED SN SR < 5
B which is a health risk. Product: Zﬂ\ a GoGo Pan Masala Mouth Freshener Pack size: 160g ‘Best before’ end:
i prodicts ar know 0 e afeced RhGUAMnG. = By wiic ]
ore re it

30/05/2018 No other AKM
fy ghlthbpd(dltlltd(tltt
was bought. AKM Foo« ed is d have informed theil
notices will be dlsplayed b h e selllng e pmduct TS explam to customers why the
products are being recalled and tell them what to do if they have bought the product. Please see the attached notice. If

(b) #£ CW HEGRBIRI | K S chemical Zerf—>
%ﬁ%&mﬁ* fY hazard-category #Zl-‘ﬁﬂTT%MJa

))))»HHHMMMW)—M—(«(«((((

PRA No. 2004/7086 Date published 28 jun 2004 Produ td n Latina Creamy Tomato & Roasted Mushroom Pasta
Sauce. Use by date: 09/07/04. Lot code: 09 07 04. APN 9312353004194 Clear p\asll( lub prE prmled wlth foil seal and
plastic lid. 325q. What are the defects? The sauce Eontains pine [ll. v ot decl n the packaging. While
pine nuts are harmless to most people, pine nuts are classified as tree: Rt meref\:re are an allergen, which can

cause auergmeaamnsm susceptible people. What are the hazards? Unde(laved allergen. What should consumers do?

Customers call 1800 800 424 for further information. Consumers can return the product to the plac &

(d) 7€ CW AR B | IEGf1 40958 hazard H‘Jﬁ?—!ﬁf
WAk, ESLEHHN nuts .

£} hazard-category Fll hazard X &6 B 5228 HilkE A

Y SHAP (E0T 01k, BH2L 6 SCA R BRI TE By s, 17 6 S0 0 51 7t e o

AR H TR A SCAS AR T
2.8 245 Pr - SHAP

F411# F SHapley Additive exPlanations (SHAP)
o #t— 24y Bt BERT (47 % . K 3a 70
3b JBIR T —MFEA) SHAP i, ZFEATE
hazard-category H#f IEHfi/0 25 BERT s

, BESR N BERTow , #id il AL R
T@ﬁﬂiﬁﬁ chemical 24 5ik. & 3c Fl 3d
JEIR T — AR SHAP A, ZFEASE RS2
jj BERTyse {HFE hazard ‘:P%ﬂiﬂ“:ﬁﬁﬁj}’;éj\j
BERTcw , M HALER T S E80EH) nuts
K Tikik . 7F hazard-category 1, BERTpys.
HERRIR A T “AEkgert” Okrfa) MIRHE,
I CW M NI s L i (W) ook, (s
R T g 25 IE AR S A o KT hazard 2851, R
EPRAA T M FEEARE, BL
RERAN VE R oTlk, a0 “hr T AL,
FHORDAE, X 0] e IR R AT DR X Y
FHIES AR @3 X, iR Iemi=nl PAE
AR AERL, R R AR ALY
T, DABE iy HE RE A AT S

RAECHIT T 20 8LE, BRI
AT AR e —SE FE R . 0 i B S AR T
BB I FLBT Y. A B85 450 AR A R T 1 0 ]
AR HIFFE AT AR B A A= 3G v, ol
R RBGE SR (LLM) AR BUBTREAH B
EHE TR 5IAHAWIE F B ARG
KA B BT IR B2 ]
PAEEH T DB B B AE A, DASR
mrEMERE, FRRlRTERMEE S KT, T/E
AR AR R L 4 Bede, T 2R
For AR tEne, WA TR 2228, n
ERBZH T, IR ENEEREE, L
55 TR IGsR AR .

6ht’cps ://shap.readthedocs.io/en/latest/

3 gk

AR T BRI SCAS 5 W] DASR Tk
W22 KRE . A THE SemEval-2025 {155 9
BT Z AL R He A B AR Al X
YERESR I ROR . M text UK, FRATAHAE
JEAEAE T LA AR R [
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Domain Samples
www.fda.gov 1740
www.fsis.usda.gov 1112
www.productsafety.gov.au 925
www.food.gov.uk 902
www.lebensmittelwarnung.de 886
www.inspection.gc.ca 864
www.fsai.ie 358
www.foodstandards.gov.au 281
inspection.canada.ca 124
www.cfs.gov.hk 123
recalls-rappels.canada.ca 96
tna.europarchive.org 52
wayback.archive-it.org 23
healthycanadians.gc.ca 18
www.sfa.gov.sg 11
www.collectionscanada.gc.ca 8
securite-alimentaire.public.lu 6
portal.efet.gr 4
www.foodstandards.gov.scot 3
www.ages.at 2
www.accessdata.fda.gov 1
webarchive.nationalarchives.gov.uk 1
www.salute.gov.it 1
www.foedevarestyrelsen.dk 1
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Library Version | URL

Transformers 4.49.0 https://huggingfac
e.co/docs/transfor
mers/index

PyTorch 2.6.0 https://pytorch.or
g/

SpaCy 3.8.4 https://spacy.io/

Scikit-learn 1.6.0 https://scikit-lea
rn.org/stable/

Pandas 2.2.3 https://pandas.pyd
ata.org/

Optuna 4.2.1 https://optuna.org
/

NumPy 2.0.2 https://numpy.org/

NLP AUG 1.1.11 https://nlpaug.rea
dthedocs.io/en/lat
est/index.html

BeautifulSoup4 | 4.12.3 https://www.crummy
.com/software/Beau
tifulSoup/bs4/doc/
#
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Hyperparameter Search Space
C {0.1,1,5,10}
max_iter { 100, 1000, 5000 }

n_estimators
max_depth (DT)
max_depth (RF)
max_features

{ 100, 200, 300 }
{ 100, 200, 300 }
{ 100, 1000, 5000 }

{ 1000, 5000, 10000, 50000 }

n_neighbors {3,5,7,9,11}
weights { uniform, distance }
alpha {0.01,0.1,1,5}
analyzer { word, char }
tokenizer { -, SpaCy }
min_df {1,2,5}

max_df {0.1,03,0.5}

{ (1, D, (1, 2),(1,3), (1, 4), (1, 5),
(2,3),(2,4),(2,5),3,5) }
{8,16,32}

{3,510}

{ lin, cos, cosRestarts }

ngram_range

batch_size
epochs
lr_scheduler
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Model hazard-  product- hazard  product | STI ST2
category category

SV Myase 0.644 0.692 0.436 0.250 0.670 0.363
SV Mcw 0.641 0.675 0.402 0.240 0.657 0.343
SVMsr 0.646 0.699 0.435 0.259 0.674 0.364
SV Mrw 0.646 0.690 0.432 0.253 0.670 0.372
LRpase 0.596 0.695 0.419 0.261 0.636 0.359
LRcw 0.627 0.670 0.428 0.263 0.649 0.361
LRsr 0.612 0.660 0.425 0.234 0.639 0.350
LRrw 0.634 0.647 0.442 0.269 0.644 0.374
DTyase 0.491 0.478 0.330 0.036 0.483 0.183
DTcw 0.534 0.541 0.277 0.031 0.553 0.164
DTsr 0.565 0.449 0.349 0.081 0.495 0.226
DTrw 0.513 0.453 0.298 0.057 0.493 0.185
RFyase 0.611 0.633 0.420 0.287 0.616 0.369
RFcw 0.592 0.640 0.446 0.232 0.615 0.367
RFsr 0.638 0.527 0.422 0.207 0.590 0.329
RFrpw 0.629 0.635 0.372 0.244 0.638 0.328
KN Npgse 0.519 0.598 0.349 0.187 0.566 0.299
KNNcow 0.554 0.508 0.341 0.167 0.545 0.275
KNNsr 0.541 0.569 0.306 0.152 0.566 0.255
KN Ngw 0.536 0.551 0.335 0.174 0.558 0.278
N Biase 0.597 0.641 0.366 0.221 0.624 0.318
N Bow 0.588 0.611 0.360 0.185 0.609 0.305
NBsr 0.597 0.593 0.349 0.180 0.600 0.290
N Brw 0.585 0.629 0.390 0.195 0.608 0.315
BERTyase 0.668 0.636 0.372 0.177 0.653 0.284
BERTcw 0.654 0.714 0.502 0.249 0.693 0.392
BERTsgr 0.650 0.707 0.489 0.259 0.681 0.389
BERTrw 0.670 0.735 0.477 0.250 0.700 0.372
DistilBERTyase | 0.653 0.579 0.396 0.248 0.613 0.334
DistilBERTcow | 0.631 0.725 0.486 0.264 0.687 0.395
DistilBERTsr | 0.640 0.695 0.503 0.262 0.667 0.400
DistilBERTrw | 0.644 0.701 0.496 0.267 0.672 0.392
RoBERT apase 0.608 0.629 0.384 0.076 0.619 0.246
RoBERTacw 0.668 0.692 0.460 0.000 0.686 0.230
RoBERTasr 0.639 0.718 0.471 0.000 0.673 0.236
RoBERTarw 0.636 0.736 0.479 0.001 0.690 0.240
ModernBERTyqsd 0.586 0.671 0.393 0.275 0.627 0.353
ModernBERTcw| 0.649 0.731 0.423 0.266 0.688 0.372
ModernBERTsr | 0.616 0.679 0.422 0.254 0.646 0.364
ModernBERTgrw| 0.641 0.697 0.385 0.263 0.668 0.351
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Model hazard- product- hazard product
category category

BERTy.se 0.757 0.769 0.594 0.186

BERTcow 0.768 0.756 0.658 0.284

BERTgw 0.751 0.752 0.662 0.256

BERTgr 0.771 0.75 0.652 0.189
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Category Number Names of Classes

of Classes
Hazard Category 10 ‘allergens’, ‘biological’, ‘foreign bodies‘, ‘fraud’, ’chemical’, ‘other hazard’, ‘packaging defect’, ‘organoleptic
aspects’, ‘food additives and flavourings’, ‘migration’
Product Category 22 ‘meat, egg and dairy products’, ‘cereals and bakery products’, ‘fruits and vegetables’, ‘prepared dishes and snacks’,

‘seafood’, ‘soups, broths, sauces and condiments’, ‘nuts, nut products and seeds’, ‘ices and desserts’,‘cocoa and co-
coa preparations’, ‘coffee and tea’,‘confectionery’, ‘non-alcoholic beverages’,‘dietetic foods’, ‘food supplements’,
“fortified foods’, ‘herbs and spices’, ‘alcoholic beverages’, ‘other food product / mixed’, ‘pet feed’, ‘fats and oils’, ‘food
additives and flavourings’, ‘honey and royal jelly’, ‘food contact materials’, ‘feed materials’, ‘sugars and syrups’

Hazard 128 ‘listeria monocytogenes’, ‘salmonella’, ‘milk and products thereof’, ‘escherichia coli’, ‘peanuts and products thereof”

‘dioxins’, ‘staphylococcal enterotoxin’, dairy products’,‘sulfamethazine unauthorised’, paralytic shellfish poi-

soning (psp) toxins’

Product 1068 ‘ice cream’, "chicken based products’, ‘cakes’, ‘ready to eat - cook meals’, ‘cookies’ ... ‘breakfast cereals and
products therefor’, ‘dried lilies’, ‘chilled pork ribs’, ‘tortilla chips cheese’, ‘ramen noodles’

Table 9: PUANFRYES A FRFLE S X T hazard il product , f52EAgiAME 7. X1 product , 4
FEMRFCE ) B 2R 1,142,

Title Text hazard- hazard product- product
category category

Wismettac ~ Asian Wismettac Asian Foods, Inc., Santa Fe Springs, CA is recalling 17.6 oz allergens  soybeans  soups, soups

Foods Issues Allergy packages of Marutomo Dashi Soup Base because they may contain un- and broths,

Alert on Undeclared declared wheat and soy. ... Consumers with questions may contact the products sauces

Wheat and Soy in company at recall@wismettacusa.com. thereof and condi-

Dashi Soup Base ments

Kader Exports Re- Kader Exports, with an abundance of caution, is recalling certain con- biological salmonella seafood shrimps

calls Frozen Cooked signments of various sizes of frozen cooked, peeled and deveined shrimp
Shrimp Because of soldin 11b, 1.51b., and 2Ib. retail bags. ... Consumers with questions may
Possible Health Risk  contact the company at +91-022-62621004/ +91-022-62621009, Mon-Fri
10:00hrs -16:00hrs GMT+5.5.
Recall Notification: Case Number: 024-94 Date Opened: 07/01/1994 ... Product: SMOKED  biological listeria meat, egg smoked
FSIS-024-94 CHICKEN SAUSAGE Problem: BACTERIA Description: LISTERIA monocyto- and dairy sausage
Total Pounds Recalled: 2,894 Pounds Recovered: 2,894 genes products

Table 10: 3 F £ A [P SRR RIREA , EARAE . SURFITERIS .

Product category distribution Hazard category distribution
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