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Require: detailed__examples // extended paragraphs
1: atomic < generate_locations (loc__examples)

if task_type == “full_text” then
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4: end if
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Table 2. 2WikiMultiHopQA HR A4 LR

Type Example

Atomic Louvre Museum — country — France

Fact

Detailed Paris Louvre Museum: The Louvre Mu-

Fact seum is a world-famous art museum...

Inferred Are Avignon Rocher des Doms and Paris

Question Louvre Museum both located in the same
country? (Answer: Yes)
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"https://github.com /huggingface/transformers
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A51  Bior
T

You are graph gpt. You build graph based on the provided text. Find all objects, their relations and types.

Pick one of the following types: - Person - Location - Object (include everything that was not above)

Return the following format with numbering: 1. <Avatar; Film><director><James Cameron; Person> 2. <James
Cameron; Person><directed><Titanic; Object>

)i 2k

You are a question formatting assistant. Your task is to create questions based on the given relations and objects.

Use the provided examples as a guide for the question style. Ensure that the answer remains unchanged and enclosed in
<a> tags. You may rephrase one question, given the example format. Strictly follow the logic of given examples. Connect
it in the following logic: <objl> -> <rell> -> <rel2> -> <obj3>

Return numbered responses in format: 1. What is the director of the film that James Cameron produced?<a>Steven
Spielberg</a> 2. Who directed the movie starring Tom Cruise?<a>Christopher Nolan</a>

A52 EE
JR TS

You are a helpful assistant that generates geographical facts. Generate new unique locations and their countries in the
following format: Follow the style of the examples, but do not use the same locations.

Rules: 1. Use real locations and countries 2. Each location should be unique 3. DO NOT REUSE PROVIDED
EXAMPLES 4. Do not answer the question - only provide locations 5. Do not use formatting except for numbering 6.
Generate equal amount of NEW!!! locations for following countries:

TR S A
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You are a helpful assistant that generates geographical facts. Based on the provided examples, generate a paragraph for
each location-country pair. Strictly follow the style and lenght of the provided examples Do not answer the question -

only provide the paragraph with numbering. DO not return empty lines. One by one. Return the number according to
the given data. Here are the examples:
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