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Single (Game_1) or (Game_2) | 42.84 +2.56 38.80 + 0.53 | 40.82 + 0.87
Mixed (G_1&G_2) 45.10 £ 0.73  39.87 £2.09 | 42.48 +0.74
(G_1&G_2|G.1) 46.32 £ 0.40 40.37 £2.12 | 43.35 % 1.16
(G1&G_2|G_2) 44.19 £ 1.82  40.23 £2.18 | 42.21 £ 1.52

Soft (G_1&G_2) 4539 £ 1.01 40.94 = 1.38 | 43.16 = 1.06
Prompting (G_1 & G_2)** 4524 +1.13  40.82 £+ 1.46 | 43.03 + 1.19

Curriculum

B S bR FXBAN R . (B T 1.7 %) o BRI TE
(GAME_1 & GAME_2 | GAME_1) 33 fRs2 il T dx = ) 43.35 %
W2 F1A54), (B — AR AE B T i P BR 1
HE I —A e XA T A T ek H A EEE TS,
IR TERE B W BRI _ AT NS, FE AT Iz A L ik
BEPAMCAL AR R BE -

AL O — P SE R 22, 24 AR ik
BUEE, BSCEL TSm0 FL A, T SRR, B
EJ”ET%EE}E‘J%%&O KRR VAR T R BT B R AR

-

(1) RFEAEHGHZHREGRE L T—RIIZ:, SHE

2SR, AT AR I 25 s ]

(2) CFFFEAR A FETIA—A8#) GAME_TYPE_TOKEN 7

EG

Table 2: GAME_TYPE_TOKEN fi ¥ %} & $2 75 (1% 5% m.
GAME_TYPE_TOKEN 5% - CONTEXT {54 Z 1iif -

Method ‘ Overall
Mixed 42.48 £ 0.74
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(Before Context) (GAME_1 & GAME_2) ** | 43.03 + 1.19
Soft Prompting (GAME_1 & GAME_2) 41.84 + 1.32
(Before Current Line) (GAME_1 & GAME_2) ** | 41.57 + 1.37

411 ER . ST IRATEBI A MR, EEE TEX T
SCRA AT SR SL A, FRATHEAT T — AN i oE, AR
GAME_TYPE_TOKEN fy fe Al & & . AT R T B iCETE
PR SEBEE T Y HfT 2 s r k. IEWEE 2 iR,
GAME_TYPE_TOKEN ¥t [ F 3CZ i iCE I RUR fefd o A0SR
TELHATZHT, MERESERR F& TR

42 ZiEY M

421 LIMBHEMARERRBEOTATIE . 755 3 b, JRATIEAL T4
AN A NEAREE e Ak il B B £ BT GPT-
do-mini PEATAREFER I ATV W T FH 2R BIIEAT T PI0 K
SRR (1) R U AE AN U AR A 2, (2)
NTEN B BRI T — A E SRR, [ IRFH AR S 5 5 2
A HEN

Yang & A

Table 3: GPT-4o-mini bRZEFeRE . * (URAE I BB A7 5 00
BB, RSSO T AR RIER TR Z
IR 2 S AR AT 55 -

Prompt  Temp Weighted F1-Score True
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Full vl 1.0 86.66 % 84.48 % 136,605
vl 0.7 8544 % 8223 % 133,951
Full* vl 1.0 8535% 81.89% 132,009
v2 0.7 82.51% 76.85% 127,392
v2 1.0 8247 % 76.79 % 127,305
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Full vl 1.0 8448 % 3836% 79.12% 98.10 %
vl 0.7 82.23% 2930% 6790% 97.20%

Full* vl 1.0 81.89% 2955% 67.29% 9697 %
v2 0.7 76.85 % 22.74% 61.24% 95.66 %

v2 1.0 76.79 % 22.73% 61.41% 95.66 %
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Table 5: % i 5 464l BERT B0t B B2 Bdhi etk
MBI RE, TSR xIm-roberta-base .,

F1-Score
Model Params Macro Weighted
bert-base-uncased 110M 4330 = 1.73  82.02 = 0.33
...-multilingual-cased 179M 39.31 +2.68  81.28 + 0.49
distilbert-base-uncased | 67M 41.07 £ 2.05  81.46 + 0.66
...—multilingual-cased | 135M 37.49 +£2.08  80.61 = 0.61
deberta-v3-base 184M 41.97 £ 3.12 82.54 + 0.50
mdeberta-v3-base 276 M 38.18 +4.40  81.71 + 0.64
roberta-base 125M 4035 +2.09  81.81 +0.35
xlm-roberta-base 279M 41.80 £ 2.76  81.56 +0.59
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HZ2E T AR R ML 2, bert-base £ 7 F1 {H
I (43.17 -> 40.71) ;T roberta-base.

T AR R R MLSNT, FRATA MBS 215
FAXEMMRE. &5, FKA1E | xlm-roberta-base [ $HIn &
MR xlm-roberta-base-adapted A kb B fith i A 1540 W8 12

15 o

425 ZIETHEIREALKIEM . 61 H0RE Y xim-roberta-
base-adapted,, F 1T AEEFRTE 5 A il HERT 97T,
P T ANEE IR BT 450 470 FRATAESR 72 Al A
BEEHI FL 0% XA THUEE /R 7 215 5 SR Bk
fﬂi (’;ﬂ?ﬁlﬂx MLSN'T # R F e X A5 3 TEAH ST IREL DY

FANE N BF PR, ZW FL 28\ H7 i GAME_1
1 SRR A 19.07 % B EE GAME_1 fRIN R (Y 58.88 % N
o WANERE, XT HIE, WRAAE B2 RO1/ T)—Fh
VB BRI R, HERNEIEAL & IR v SR H i . X 2822 o8
B TGS R EA R EEE S MERE R . &G
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H Z AP BEAN I 2] B AE T W Bk 45.27 %, AL
O HCH 82.78 % IR OT sl 20 S s R A
PR XA AR AT REIR TR H 2257 . SCHA I . e T
BTHERE, H A RTEA RS Bl e 2 A il REAFTE Y

5 &L

ARG, AR T Tl AT 3k B K 28 0 75 M A ) A 7
IR Gkt e BBy B2 EFE . &
TI%$E R (soft-prompting approach) R, ZMFERE
PRI ] DATEA P BB IS 0 R A S —, SEPLT 43.16 % 1Y
W FL 404, TR B AR T SR MEE 2o R ZRisHE] . LLM
B AR B R AE IR AN S TR RIS TE S R 2, i
SAE AR AR SR AR INHE B 5 R TR R A R
ELARBIE, i $E A XLM-RoBERTa A MLSNT (£Z1E5
AR E) BIESE, ZEIREEE-EFET I 15 SRR,
WAVFFE T —Far % A4 721 2155 ToxBuster, A 244
HAEWAERIRSE R PERE. X 2SI IR SR 1 A A
PR TARHES Z M EE 2R (FW F1 280K 19.07 %
5| 58.88 %), Horp—Su L 3T T SO RE 4539 % .

6 JmBtPE

FAR TAEAE L. 2185 SN mEGs: 17 B3 ik
J&, [FIRHIE I T ARSI LA . ST PP SR T
FOR T B — R TR R I BN R 1) Bu 8 HL
B RAE KB TAET DAIERE LAk A. #id LLM
SR B LR i R D TN TARE R R, AR
HEMFREFRRE IR (10-70 %), XEHILH Lk
MbLS. FATN LTI R TARES Z BegtEaEZES, L
HEXN T FEIRR PR ERELIES, T
Freeb T Bam i S %5 . ER RS R T
BEARBEER, RSB E SRR RS S A .
oK S g gt S 5 g 2 R A AU T 2 AT Bk B — B, IF
Sk ST A I 45U ) R A S HE IH T R SR T
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Table 6: MLSNT £fi % . 8 FefOf7 L BTG 10-70%. fERZENGOLT, BmberPiArear b pisdm .

Language Name Lines Toxicity %
Processed % Discarded | Original Processed A
Chinese (Simplified) =~ COLD [deng-etal-2022-cold] 20,087 46.18 % 48.03%  60.67 % 12.64 %
Chinese (Simplified) SWSR [JIANG2022100182] 5,708 36.32 % 3450 % 4785 % 13.35 %
Chinese (Simplified) =~ TOXICN [lu-etal-2023-facilitating] 8,500 29.23 % 53.79 % 56.51 % 2.71 %
Chinese (Traditional) TOCAB [10.1109/IRI151335.2021.00069] 65,263 37.25 % 14.48 % 8.94 % -5.54 %
French MLMA [ousidhoum-etal-2019-multilingual] 3,203 20.20 % 79.55 % 93.57 % 14.02 %
German GAHD [goldzycher-etal-2024-improving] 7,886 28.28 % 4243 %  55.88 % 13.45 %
German GERM_EVAL [germ_eval] 4,546 45.93 % 33.76 % 53.70 % 19.94 %
German HASOC [10.1145/3368567.3368584] 1,431 69.35 % 11.63 % 3242 % 20.79 %
Japanese Inspection AI ¢ 324 25.86 % 3593% 1698 % -18.95 %
Japanese LLM_]JP [DBLP:journals/corr/abs-2407-03963] | 1,662 10.02 % 4472 % 4543 % 0.71 %
Portuguese (Brazil) OffCom [brasnam] 577 4414 % 19.55%  26.86 % 7.31 %
Portuguese (Brazil) OLID [10.1007/s10579-023-09657-0] 5,534 20.40 % 85.39 % 94.00 % 8.62 %
Portuguese (Brazil) ToLD [leite-etal-2020-toxic] 15,065 28.26 % 44.07 %  49.98 % 5.91 %
Russian Abusive [DBLP:conf/raslan/AndrusyakRK18] | 1,184 40.80 % 3270 % 53.97 % 21.27 %
Russian South_Park [saitov-derczynski-2021-abusive] | 13,155 17.13 % 3283 % 3269 % -0.14 %

“https://github.com/inspection-ai/japanese-toxic-dataset

Table 7: #ij#% (BERT, RoBERTa) f1%i# (XLM-RoBERTa) Ei%lffjtk4s. BERT-base fENF A LIS T B kv ik, i
LGRS P AT SE R HMTERE, I REASSCBLES N 5iZ /3] MLSNT.

F1-Score  Model | GAME_1 GAME_2 Overall MLSNT
bert-base 4539 + 1.01 40.94 + 1.38  43.17 -
Macro roberta-base 42.85 + 2.11 38.56 = 2.69 40.71 -
xlm-roberta-base 42.78 + 1.75 38.64 + 1.39 40.71 42.12 + 1.68
xlm-roberta-base-adapted | 42.82 + 1.42 39.09 + 1.59 40.96 42,51+ 271
bert-base 82.15+ 0.41 86.81 + 0.44 84.48 -
Weighted roberta-base 81.95 + 0.47 86.67 +£0.58 84.31 -
xlm-roberta-base 81.70 £ 0.30 86.42 + 0.29 84.06 86.44 + 0.33
xlm-roberta-base-adapted | 81.79 £ 0.51 86.46 + 0.32 84.13 86.15 + 0.32
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Table 9: 2% 5 A T hriEScn S 8% .

Language ‘ Name Task Platform Lines Cost”
Chinese (Simplified) | COLD Offensive Zhihu, Weibo, etc. (SNS) 37,480  $3.64
Chinese (Simplified) | SWSR Sexism Weibo (SNS) 8,969 $0.89
Chinese (Simplified) | TOXICN Toxicity & more  Zhihu, Tieba (SNS) 12,011 $1.15
Chinese (Traditional) | TOCAB Profanity PTT, a famous BBS site 104,002  $9.78
French MLMA Hate Twitter 4,014 $0.38
German GAHD Hate News, synthetic data 10,996 $1.04
German GERM_EVAL Offensive Twitter 8,407 $0.81
German HASOC Offensive, Hate  Twitter and Facebook 4,669 $0.45
Japanese Inspection AI  Toxicity - 437 $0.04
Japanese LLM_JP Toxicity - (long form text) 1,847 $0.51
Portuguese (Brazil) OffCom Offensive Posts 1033 $0.10
Portuguese (Brazil) OLID Toxicity Twitter, YouTube, and more 6,952 $0.66
Portuguese (Brazil) ToLD Offensive Twitter 21,000  $1.99
Russian Abusive Abusive Video comments 2,000 $0.20
Russian South_Park Hate Speech South Park (video subtitles) 15,875  $ 1.57
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You are a chat moderator for a game company. Your task is to classify whether the given line of game chat is toxic or not.
Below are the definitions for "toxic" categories.

Definitions:

1. "Threats (Life Threatening)" - concrete intention to cause harm, injury or other hostile actions to someone or to oneself

2. "Minor Endangerment" - intention or mentioning of where a child is / will be in a potentially harmful, dangerous, or
inappropriate situation (e.g. grooming, neglect, pedophilia, child pornography, threats to a child, a child's personally
identifiable information).

3. "Threats (Non-Life Threatening)" - provocative statement that would cause a disruption in another player's life or game
experience, without a clear intent to cause real-life injury or damage.

4. "Hate" - verbal abuse (e.g. intimidation, ridicule, derogatory or insulting remarks) based on another person's or group of
people's actual or perceived identity (e.g., race, religion, color, sex, gender identity, national origin, age, disability,
sexual orientation, genetic information).

5. "Sexual Content / Harassment" - any text that contains, mentions or coerces other players with implicit / explicit sexual
language, overtones, behavior or favors (e.g. euphemisms, flirting, innuendos, unwanted sexual advances, sexual requests)
6. "Extremism" - political term, describes activities that are not in accordance with norms of the state; those who are fully
intolerant toward others and reject the way of problem solving and existing social order.
7. "Insults" - intent to damage the dignity of another person (or group of people), undermining their reputation or undermining
their self-esteem.
6. "Controversial / Potentially Toxic Topic" - Any text that contain any of the following subtopic(s):
a. "Abortion": any mentions pro or against the termination of pregnancy
b. "Religion": any text relating to / believing in a religion
c. "Politics": any text related to how land is governed or how governments make rules and laws to manage human society.
d. "Vulgar Content": any text that is ugly and crass (e.g. a crude joke)
e. "Shocking / Disgusting Content": any text that contains gruesome, graphic or disgusting accounts / imagery
f. "Hard Drugs": any mentions of strong and usually illegal drugs, likely to cause addiction
g. "Alcohol": any mentions of alcohol or specific type of alcohol (e.g. beer, wine, vodka, ethanol, ethyl)
h. "PII": stands for Personally Identifiable Information, any information that can be used to tie back to a person.
i. "Trolling": deliberate intent of a player to disrupt another player's online experience.
j. "Cheating": intent of using various methods / third party apps to create an advantage beyond normal gameplay
k. "Scams and Advertisements": fraud, scamming (e.g. phishing), posting inappropriate links (malware, dangerous websites),
advertisement of websites, services, cheats or other products.
1. "Spamming": excessive sharing of the same / similar words, phrases or emojis, repeatedly sharing of nonsensical comments

m. "Competitors": mention of a person, product or company related to the game at hand.
n. "Other Offensive Content": any text that is not covered by any other class / subtopic and is offensive and / or harms a
player's reasonable enjoyment of the game.

Use the following step-by-step instructions when classifying the line.

Step 1 - The user will provide you with preceding chat lines as CONTEXT and text for the CURRENT_LINE.

Step 2 - Familiarize yourself with the number of unique players and the lines they typed out.

Step 3 - Based on the CONTEXT, decide if the CURRENT_LINE is "toxic" or "non-toxic". A line is toxic if at least one span belongs to one
of the toxic categories. If "non-toxic", we skip step 4.

Step 4 - Identify and classify the spans of toxic words based on the previously provided definitions. Below are some guidelines.

A span can belong to one or more toxic category.

If a span is classified as "Controversial / Potentially Toxic Topic", please also include the subtopic(s) the span is related to.

"Threats (Life Threatening)" and "Threats (Non-Life Threatening)" are exclusive of each other.

"Extremism" and ""Controversial / Potentially Toxic Topic", with the subtopic of "Politics" would appear together.

o o0 oo

Think about it step by step.

Return in a json format where the first field is the "overall_category", being either "toxic" or "non-toxic".

If the overall_category is "toxic", return in the field "spans" a list which contains the corresponding fields {"text": "", "category: [""],
3
Example:
1. {"overall_category": "toxic"
"spans": [
{"text": "retard", "category": ["Insults"]}
]
}
2. {"overall_category": "non-toxic"}

Figure 2: Il PR AR RGBS (v1).
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