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TABLE 1. A[FEZEHIN PSNR KHbRMERZ
Metric Value Skin Eyeglasses Ehnanced
PSNR 29.830 29.958 29.986
PSNR std 1.771 0.964 0.752
TABLE IL.  R[FEZEHIHY SSIM K HApiE2E
Metric Value Skin Eyeglasses | Ehnanced
SSIM 0.934 0.385 0.786
SSIM std 0.100 0.195 0.034
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