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Dataset Model MAPE (%) | MPE (%) | WAPE (%) |
Value 95% CI  Value 95 % CI Value 95 % CI
Mistral-7B-Point 20.81 [20.13, 21.22] -3.40 [ -3.53, -3.30] 22.81 [22.45,24.67]
Mistral-7B-Quantile 16.86 [16.15,17.71] -0.88 [ -1.23, -0.55] 18.32 [17.83,18.83]
Amazon XLM-R Base-Quantile 41.99 [40.34,43.86] -21.73 [-23.72,-20.00] 40.27 [39.09, 41.45]
Products XLM-R Large-Quantile 36.52 [34.64,38.49] -15.18 [-17.22,-13.22] 37.51 [36.20, 38.74]
i Qwen-500M-Quantile 39.19 [38.01, 40.36] -6.33 [ -7.73, -5.07] 43.15 [42.07,44.10]
Phi-3B-Quantile 34.17 [33.14, 35.27] -5.41 [ -6.65, -4.17] 38.17 [37.11,39.29]
Qwen-7B-Emb+Ridge 58.97 [57.78, 60.26] 30.36 [ 32.02,-29.02] 52.72 [51.93,53.41]
Qwen-7B-Emb+XGBoost 63.16 [62.22,64.30] -32.57 [-33.98, -31.50] 58.01 [57.27,58.88]
Qwen-7B-Emb+Quantile 77.97 [76.89,79.10] -27.44 [-28.99, -25.88] 76.3 [75.69, 76.99]
Qwen-7B-Emb+kNN-Quantile 46.86 [45.88,47.83] -10.53 [-11.68, -9.27] 54.05 [52.95,55.04]
Qwen-7B-Emb+RKkNN-Quantile  42.68 [41.66,43.90] -10.33 [-11.65, -9.06] 48.03 [46.88,49.21]
Claude-3.5-Sonnet
(512 category-based shots) 38.50 [36.70, 39.10] 14.32 [14.29, 14.41] 41.40 [40.20, 42.16]
Nova-Pro
(512 category-based shots) 43.77 [40.78, 45.01] 19.12 [18.79,19.81] 48.13 [46.21,49.33]
Mistral-7B-Point 9.76 [ 9.25,10.67] -5.40 [ -5.89, -4.01] 12.79 [12.65,13.32]
Mistral-7B-Quantile 6.30 [ 6.06, 6.95] 0.19 [ 005, 0.31] 540 [ 529, 5.51]
XLM-R Base-Quantile 11.45 [10.68, 12.44] -5.71 [ -6.62, -4.87] 8.89 [ 8.62, 9.23]
Used Cars XLM-R Large-Quantile 12.84 [12.41, 13.37] -9.70 [-10.23, -9.24] 10.46 [10.22,10.74]
Qwen-500M-Quantile 23.49 [20.61, 26.71] -4.56 [ -8.03, -1.48] 15.93 [15.48,16.40]
Phi-3B-Quantile 52.79 [51.83, 53.89] 47.09 [ 45.90, 48.14] 74.91 [74.50,75.32]
Qwen-7B-Emb+Ridge 40.46 [37.95,43.42] -18.04 [-21.12,-15.44] 23.04 [22.49,23.41]
Qwen-7B-Emb+XGBoost 39.70 [38.10,41.75] -16.09 [ 17.96,-14.411 26.13 [25.80, 26.60]
Qwen-7B-Emb+Quantile 235.92 [221.57,249.55] -192.67 [-206.41,-178.24] 58.41 [57.85,58.85]
Qwen-7B-Emb+kNN-Quantile 79.72 [73.18, 86.87] -59.39 [-66.09, -52.59] 26.81 [26.33,27.29]
Qwen-7B-Emb+RKkNN-Quantile  58.18 [52.46, 64.02] -40.92 [-46.86,-35.39] 21.37 [20.93,21.84]
Claude-3.5-Sonnet
(2048 random shots) 275.00 [269.12,280.09] 189.19 [ 175.21, 195.62] 53.34 [50.78, 56.09]
Nova-Pro
(1024 random shots) 219.67 [167.42,231.91] 173.07 [ 156.12, 189.07] 46.44 [42.13,48.71]
Mistral-7B-Point 24.01 [23.82, 24.29] 4.10 [2.30, 7.45] 25.82 [24.20,27.39]
Mistral-7B-Quantile 21.20 [20.50, 23.39] 2.19 [1.59, 6.65] 23.96 [20.68,27.69]
XLM-R Base-Quantile 22.17 [20.26, 24.47] 0.58 [-2.69, 3.52] 23.59 [20.12,26.78]
Boats XLM-R Large-Quantile 22.67 [20.85, 24.55] -4.51 [-7.43, -1.78] 31.05 [24.31,37.99]
Qwen-500M-Quantile 62.27 [56.49, 69.12] 16.98 [8.6, 24.73] 77.23 [73.20, 80.75]
Phi-3B-Quantile 73.83 [71.45,76.02] 72.89 [ 70.32, 75.31] 93.64 [92.41,94.64]
Qwen-7B-Emb+Ridge 30.77 [28.06, 33.89] -7.52 [-11.85, -3.81] 28.77 [24.57,33.38]
Qwen-7B-Emb+XGBoost 44.56 [40.12,49.19] -12.84 [-17.86, -6.93] 42.35 [38.02,46.85]
Qwen-7B-Emb+Quantile 131.03 [110.78, 158.77] -67.61 [-99.21, -44.88] 82.21 [78.75, 84.98]
Qwen-7B-Emb+kNN-Quantile 77.68 [67.39, 88.29] -32.36 [-43.49, -20.56] 63.39 [58.06, 67.78]
Qwen-7B-Emb+RkNN-Quantile ~ 70.96 [61.86,80.72] -28.67 [-39.61, -18.10] 56.80 [51.81,61.44]
Claude-3.5-Sonnet
(2048 random shots) 30.00 [28.97, 31.28] 17.32 [15.16, 19.23] 29.36 [26.16, 30.09]
Nova-Pro
(2048 random shots) 61.01 [55.54, 64.76] 23.22 [21.16,2591] 48.79 [45.03,50.71]

Bold values indicate best performance for each metric and dataset. The | indicates that lower metric values are better.
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Dataset Model CE | CRPSS 1 RCIW@95 % CI |
Value 95 % CI Value 95 % CI Value 95 % CI
Mistral-7B-Quantile 0.042 [0.039,0.044] 0.75 [0.74,0.76] 0.92 [0.92, 0.93]
XLM-R Base 0.060 [0.057,0.064] 0.49 [0.48,0.51] 2.03 [1.99, 2.09]
XLM-R Large 0.040 [0.037,0.043] 0.53 [0.51,0.55] 1.52 [1.48, 1.57]
Amazon Products Qwen-500M-Quantile 0.055 [0.051,0.059] 0.47 [0.46,0.49] 2.89 [2.83, 3.00]
Phi-3B-Quantile 0.041 [0.036,0.046] 0.53 [0.52,0.54] 2.33 [2.27,2.38]
Qwen-7B-Emb+Quantile 0.045 [0.042,0.048] 0.03 [0.01,0.04] 16.76 [16.59,16.92]
Qwen-7B-Emb+kNN-Quantile 0.01 [0.006,0.013] 0.34 [0.31,0.37] 6.14 [6.05, 6.26]
Qwen-7B-Emb+RkNN-Quantile  0.01 [0.007,0.012] 0.42 [0.39,0.44] 6.12 [6.00, 6.29]
Mistral-7B-Quantile 0.054 [0.051,0.055] 0.92 [0.91,0.92] 0.20 [0.20, 0.21]
XLM-R Base 0.157 [0.155,0.159] 0.80 [0.79,0.81] 1.02 [1.01, 1.03]
XLM-R Large 0.185 [0.183,0.187] 0.80 [0.79,0.81] 1.01 [1.00, 1.01]
Used Cars Qwen-500M-Quantile 0.160 [0.158,0.162] 0.66 [0.65,0.66] 4.70 [3.76, 5.50]
Phi-3B-Quantile 0.395 [0.393,0.397] 0.04 [0.03,0.05] 0.99 [0.96, 1.04]
Qwen-7B-Emb+Quantile 0.020 [0.018,0.022] 0.01 [0.01,0.02] 13.41 [12.84, 14.45]
Qwen-7B-Emb+kNN-Quantile ~ 0.024 [0.020, 0.028] 0.53 [0.52,0.53] 3.90 [3.75, 4.09]
Qwen-7B-Emb+RkNN-Quantile 0.022 [0.019, 0.026] 0.62 [0.63,0.64] 2.64 [2.54,2.80]
Mistral-7B-Quantile 0.076 [0.070,0.084] 0.73 [0.67,0.77] 1.28 [1.23,1.35]
XLM-R Base 0.047 [0.028,0.066] 0.73 [0.70,0.77] 1.54 [1.50, 1.59]
XLM-R Large 0.042 [0.030,0.051] 0.59 [0.45,0.69] 1.68 [1.65,1.72]
Boats Qwen-500M-Quantile 0.257 [0.237,0.275] 0.18 [0.03,0.44] 1.24 [1.17, 1.34]
Phi-3B-Quantile 0.453 [0.445,0.461] 0.21 [0.13,0.35] 0.68 [0.62,0.74]
Qwen-7B-Emb+Quantile 0.034 [0.014,0.056] 0.20 [0.09,0.23] 33.37 [30.03, 36.55]
Qwen-7B-Emb+kNN-Q 0.021 [0.011,0.036] 0.28 [0.19,0.38] 11.33 [10.41, 12.25]
Qwen-7B-Emb+RkNN-Q 0.025 [0.013,0.042] 0.39 [0.30,0.46] 7.87 [7.03, 8.61]

Bold values indicate best performance. | indicates that lower metric values are better, and 1 indicates that higher are better.
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Amazon Reviews Used Cars 1¢6 Used Boats
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B.1  BSUEAET LLM i %diaid i

AT YT LM S 382 SR B T R (31 B30 A8 2 M DL IR TEAE R, FRATMBCH T A 4
gL, e, WATEER, HUTEBMRS Claude 75 AR H T4 BRI B 7 A SRR
DREARBEE R IIAME, XL T B R E AR B ) T I 4 ZE 91 R AP U

BR A R, FRATT AP R TR NPT, ELE T LLM 252 F1 LLM 5441
Z0, UESE T AR Y BT . BRI, FRATES: T B LLM ARic Al 8232 AR n] 42
ZI =T LR 48« ST B N ZEIPAE EAE AR HIE LLM o3 B O R XX SebE A 4 7
TVl gk 5 s, NP E VAL T ok B I St 542 1 341 AMEACHI Sk B IR BRI
153 MEEA, g5 R, ANZEIFAE S LLM HIWr 2 8]0 & B — 80, 6T W S fys A B 46 1)
PSSR 95.3 % Fi1 94.1 %.
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[143 % ,183 % 1), FENNEUEEHRE EK 43.76 % (95 % CI: [14.9 % ,87.5% 1), X TIELEL
Pidke, BBAE LLM fE 38 f1 N TEIESE FRIULTAHE, 25T 582 % (95 % CI: [4.23
% ,7.43% 1) F1579% (95% Cl: [4.22% ,7.53 %),

I H 2R L LLM fiiik 5 N Tk i 42 1Y) MAPEs [) Fisher £54575 3] p {6 0.198 , 3%
BRSPS 2 [E] i T v M E A S E B g 2 . RS HERS & m A RS LLM 1)—
FHORPA K Claude FEGfiEE e L BAEARR IR 25, P SRR AT 3T LLM B9 518 1 ¥A B n] 58
PEFN TG o
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Dataset Type Example Data Structure

Amazon Products {<product>
<title>Tubing End Cap Solid Brass Scroll End</title>
<description>CAP-off your railing in style with our selection
of END CAPS and PLUGS...</description>
<brand>Renovator's Supply</brand>
<type>Pipe Fittings</type>
<attributes>Part Number: 95988, Material: Solid Brass</attributes>
</product>,
'price’: $34.163%

Used Cars {<used_car>
<model_type>pickup, sierra 1500 crew cab slt, gmc, 2014.0</model_type>
<description>Carvana is the safer way to buy a car During these uncertain times,
Carvana is dedicated to ensuring safety for all of our customers. In addition to
our ...[Removed due to length]</description><size></size><color>white</color>
<region>auburn, , al</region><condition>good, clean</condition>
<features>cylinders: 8 cylinders, fuel: gas, odometer: 57923.0,
transmission: other, VIN: 3GTP1VEC4EG551563, drive: , </features>
</used_car>,
'price': $ 33589.548}

Used Boats {<boat>

<boat_type>Flybridge</boat_type>
<boat_manufacturer>Galeon power boats</boat_manufacturer>
<size>Length: 9.6, Width: 3.0</size>
<condition>Used boat, Diesel</condition>
<material>GRP</material>
<region>Italy z Lombardia - Trentino Alto Adige z
MARINA DI VERBELLA - LAGO MAGGIORE</region>
<year_built>2005</year_built>
<price_currency>EUR</price_currency>

</boat>,

'price': 68000}

Table 3: [ AR /RIS B EIRE USRS AMETae 7B, AT RMBERIE, |
AP R PR AR A S

Currency Count

EUR 8,430
CHF 980
GBP 298
DKK 180

Table 4: —F-fF LR M

Dataset Total Both LLM Acc., LLM Rej.,

Samples Agree Human Rej. Human Acc.
Amazon 341 325 14 2
Used Cars 153 144 9 0

Table 5: N\ Tk LLM i5UE/GRIOM%R . “Acc.” Hl “Rej.” HFI%ZHMIHL
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Table 6: & KHaARASM B 1 55 DA% 71 Bl

Dataset Product Type Description Summary Condition Price
16GB (2x8GB) DDR3 RAM

Amazon Products RAM Memory for Toshiba Satellite New $3.28

Amazon Products  Window Insulation 500 sqft (‘}ft x125ft) of NA.SA TECH. New $2.85
Kits Commercial Grade Reflective Insulation

Used Cars Mercedes E-Class 2015, 59,749 miles,4MATIC, Blue Excellent $1.00

Used Cars Chevrolet Malibu 2015, 79,539 miles, Blue Clean $ 165
LS Sedan

Boats Rigiflex Motor 2017, 4m length, 1.9m width,Switzerland New 3337 CHF
Yacht

Boats Whaly  Pontoon 2018, 4.35m length, 1.73m width,Italy New 3300 EUR
boat

C bRy

C.1 PR A PERE S o) (3 B Pt

ARATHIE T AT AT ALE 7 LRI I Sk o SE B I AR PE TR I, Z HIAE section 3.2 HARIE N
9(5¢) . PABRGRPIAMERT. B, 208y it Bk, A~ r8m] U= S A
FEAR R H A BEPRUETRIN 73 (22K Gry Grys - -3 Grge VRS 70 < 75 BOBRIRIVEZR G, < Gry o XATRES:
HOCE T, Bian, 90 Tl R T 80 Fr L. 5 AN BRI R A R, B
FEFE R —4 K 2 (8ok-F (Blan, =€ {0.1,0.2,...,0.9} ) EdEFTIIZR, Rt BR il £ Loy
SEKF L, P TN T = 0.73 Z AT B S EUKT T .

FETNTAT, FATRF A G 3 o 8 20 ) ) P A L PR 45 A X X T PRk

iliid Delta ZufySCBL A itE:  Sidid eq. (4) WY RIESK E RN O AEA ], FRATHT PATRHESE
P AT — A BB Gry o PARGESE B RIAR T ZEE: A =Gy — Gr, 20 ¢
XA PASE BN -

Zdeltas = [20,0(21),0(22),...,0(zK—1)] (6)
(j = Cumsum(zdeltas) s @)

, Hz @ hr, o) B MHEREIEEEC (G140, ReLU & SoftPlus ), il CumSum KR 2 M
HE, FiRBEaiiE g — R RS Bk, S iEsk R aN:, FIRORRER R R L
2 Hroe 415 section 3 iR RAHIE] . W28 1508~ > de/ M “sfiBRini R ™, HA B2t
— et s B 1 SR AN T BB A 45 A R S Y o
N T IR R AR 7 € (0,1) B9 OrEL, T RAGE AR GBI R 2 Bl ) i 2 i
. MTAER DA T, WTARBEMBRIN G RG] i = [7- (K -1 Mi+1, R
FARENE: w=7- (K —1)—i, JFEfrl(E:
qr = (1_w)'qATz' +w’qn‘+1'

%@ﬁﬁ%¢ﬁ@«ﬂ)t§%ﬁ§%%&ﬁﬁm,ﬁﬁ%%ﬁﬁﬁ,ﬁﬁ%ﬁ@ﬁ%%%ﬁm
TRAR.

C2 /PFEARE2]

SIS 2 S AR B BB A 3 1 A PR N 2 I BT T, X g JJHE LLMs (Wang et al., 2020) H?
BUERR AR FlryPe TAEERM, XAEES, WA B R 32%>], 5 Transformer 24475
BX % (Garg et al., 2022; Bai et al., 2023b; Vacareanu et al., 2024a) .

ERMENERT, PRSI RBEFEE (LLMs) 8% F H I ZER I T 0%
5, MR FEA BN R G FRATE T BRI T2 ek 450 B W35 7 5 B AR m A 3R
AN — i, XEMTFRREIA L (RAG) AR (Lewis et al., 2021) ,
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You are an expert in understanding product details and product prices. Given the below information
about a product and its corresponding sale price, judge whether the given price is within a
reasonable range for the given product, or if it is too high or too low.

Also generate a short reason. Your final output should be a single dict within <result> tags with
two keys: price_quality and reason.

[PRODUCT INFOJ

Sale Price: [PRICE INFO]

Figure 6: Sample LLM prompt that we used to clean up the three of our datasets to remove rows with unreasonably
high or unreasonably low prices, with respect to the item contexts.)

You are an expert in understanding product details and product prices.

Predict the price in US dollars as a float32 number, for the given set of products. Output a JSON
dict with a key for each input product ID, and a nested dict with a key ’price’ containing your
predicted price of the product, and another key ’reason’ briefly explaining why your predicted
price is correct.

Put the output JSON dict in <result> tags.

Here are some examples of products and their prices.
[EXAMPLES]

Now predict the price for:
[CONTEXT]

Figure 7: Sample prompt for zero shot and few shot LLM based price prediction. This prompt is customized for
the Amazon Products dataset, but we used very similar prompts for the other two datasets as well, with minor
modifications (e.g., changing references to ‘products‘ to ‘used cars® etc.)

FATVPAL T PR S gk LLM, Claude-3.5-Sonnet £l Nova Pro (Anthropic, 2024; Amazon, 2024)
PIBREAFI DA RE . AT T =M ARGIERE RN (1) FEPLERAE: (i) ET2E0
[ )2 AR (i) JET Qwen2-7B i A B4 SZ AR BRE AU A o F5 TP P SR s 1) P 3
Mok T BE SE AT A S AR . FRATIRIE R B4R {0,20,22, ..., 21}, (sz ] AR 4E K/l LLM
BN DK ERIRR S, AR BIECE PR Z R KR . I A REAS SEER i H — B iR
mE 7 fos, WESET 0. 55EHISCHE (Vacareanu et al., 2024b) —Z, FRATTUAHE X SoBIAY 7
RAlTE, PRI TR EE L T T MRS LU (Lukasik et al., 2024) , X SERLINT R T JEBAL

C3  fNZ U

TERIE LR, BATHA T =FRoR vk (P iE BRI . i 7% (pinball) 45
SR A 1T DRI A2 SURR R SR B AR C TN o [0 07 YR B AL A 00, KR 55 A — N HE S
T PR, A SR T IR A, R SRR — MR i .

R ES T, BT RIHR A RT3 UM ITE, FIrREH KAE MAPE _E IR
LILASF 7 Gt (95 % EAFIXIA: [040 %, 1.87 % 1) . BT XK, WAVEPTAERA
Je SESE 5 PR EA T [l (S5 2% PO ol
D JEEHE SORISEILAN
AT, FEABTTE T O BirA 22 T 7T ) Rt SR RS 2R S - LA/ ] A 2. JRATR
FEICTIUY) FiT3g 2 HMsit AT A 25t A 2

St FA WA A AR, FRATEC K =200 , = @ XA (0, 1) R4k K KT XA
FAIFFFE T RALL K = 10, 50,200,500, 1000 7 =AM Hda e AR LE R, KBEPIME K 3
n, PEREA BRI, AR — R TR, FERATAREILT, %02 K =200 . Ak, 3]
FEFTA B B AR A Sk A I SR S vh il A 1 X A BT P A i 0o A R 2R oA 2 i
RE A . AR —FEOLR, AT T = 0.5 AW BN EAGE IR RS At sesh, R4
BT PUNEGF I RZEE I R ISR B, -6 H B i e A T E A

HANTEVEE T FESE o WE, %SEEE SoftPlus sEAIfENT ReLU pR%. FATAE: T
M 107> 1 1071 (M, (ERUIERE B . Bk, FATEEET 1072, DASEHEOT B0 4L
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4 R FESAE R BE AR 2 [R) T4 o

FATVEAL T 6 SCARM A B G F I, SCARKHE (BRE. k. J@ i) i@ 4n s
Bbric#- T8, I8 A 1) Qwen2-7B-instruct i ABLEYALIR AR A o 3% Loir AR TR
B N T AT U8 B9 F1 XGBoost,  F 4015 Fii (40 r B Ve (GG WA i
Z), TEXECESR H bR BTG, I PR R T B AR A A T vk . BB AR A
T 35 I 254 v e 4B F 1 H R B 2830 43 A R 0 407, T 56 PP AR (R DR T2 AR 1
PR, HFESRA R/ R TS5 5 s Uk .

FKA%E T Mistral-7B (70 122:%1) . Phi-3B (30 125%k) 1 Qwen-500M (5 {25%%) , i H
LoRA (rank=192, alpha=384, dropout=0.1) #1 AdamW fIifk#s (2F>)F = 1.0e—06 , AL HE
=0.01), FHTE 3 WP ECk, B H AR T,

FAVHE T XLM-RoBERTa, Joit@fEdEht (279M S8 it @ KA (561M &%) A8k, It
WM T EIEL, W 3 k.

FATXF Mistral-7B #4760, B RIATES T HAM LM, — 115 3k ARSI 4367 F i
M5 S

INFEAR BT B AR R ABLE H B FRATIPAS T W FR A% S6 k% LLM, Claude-3.5-Sonnet 1 Nova
Pro (Anthropic, 2024; Amazon, 2024) [ ZEREARFIDEEARNERE . KT REAES) FRATTSEHE T = Fl
INPIEREES . (D) BEPLIRAE (D) T ZERIR 2R (i) T Qwen2-7B i A AR 5ZAHRUEE
FIZALI0 H RAE . 5 3 R S0 RE (R DASE BV TE I B A B e As At o FRATTIF s IR AE
As Ay {0,20,22, 021 | (R R TR AR AR KN LLM. R SCHF DK, AR Bl
BESTERRZ R X R g ARSI —BukidniE (e 7) FEST 0. 5§
B HTSCHR (Vacareanu et al., 2024b) —%, FoATTUR A X LERIAHEAT s AT, BRI FR2E %
I T RSN (Lukasik et al., 2024) , i3 LEHE BRI JEALAY

X3V Ty agh 7= i AU B AR, BRI SR ) 2% B s 4 170 5 1 28 301 1) SRR TR S N e AR 1 SR AR A
# (256), Claude fil Nova-pro i) MAPE .83 T 35 %, WCigi& o T 433 i i) Mistral-7B 1
MAPE, 43524 16.86 % F1 21 % . £ —F-ZEHHhu4Erh, RIMEFE R L . X T FE50R4E, &
X Mistral-7B iK% T 6.3 % ] MAPE, {H/DFEAR T AR BRI 2 TEREPLRAERS, Claude Al
Nova-pro [f) MAPE ¥ 230-245 % 2 |a], AR T-28 5109 R AE T IXE 290-305 % 22 JA] . Nova-pro 3
PUIEIREAERS , IRZDRIGZGB LT 220 % XF TR EdaSE, ZEE g/, (A8 3% . Mistral-7B
() MAPE 4 21.2 %, 3R KIRAE T Fedd/DREAEE R (Claude 7EFENLRAE R 35 % MAPE) .
P55 BRI H AR T Qwen-7B i A B 7% AL it _EARRIR DREAR B, L REIA S| H2 ik
WLRAESFENE 2-3 % ) MAPE,

TATH LB 7R T A S Rt i — DA, 5% W E A, A8 S50
R, R SR B ECE S T IR R R I . X — R IPRAR T 2R 9 R ATk b
HR A DHEAPERE M AR AL XA RV REIHIN T 21K, BBz B SC 1R/
R Bz (B AE T4, SO KR 5 B U X B 52 e . X AP SR8 T
F, AEAS TNAT 55 Hh b A4 S Bir il T R Bl B B e, 9 HAPAE— AN DA 24 3T 1)
AR 0, MR 0SSR BT e TR AE ROR A R SUE B EE ST . X — gD
FEAR 25 S AE JE AT 55 R I S B B LA EE g0, R N 24474 oGy (8 R R AR, AN 2
fa BRI AL EAT
D.1 PPl fbs
TAVE A PG HR, — A T VPAG 8 O o 0 5k B BB AR s AT 7, o5 — 2 T Al
e XFPRENMERR, FARETA BB EREE (1000 YA /9 95 % EAFXIE]: Closy (M) =
[M(0.025), M(0.975)] FeHt M) Fontatn M 1 H B 8928 g 0048
D.1.1 5 Au s diks
B FRATE — KNI 0w (xiyyi)iq DG, XTI x , AT R T 730748,
Ar (i) = (@r (i) < -+ < G (x3)) o
Bk 5 (CE): CE fg & Wil (i35 KMo EZFWILERE: CE =
(1/K) Yp; |coverage(ry) — 7| « Hir, coverage(ry) &4 P ELSME MK T 7 40 (LR £
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Category MAPE [ %] Size Price Range [ $ ] [Min, Median, Max]

Camera Lenses 34.75[20.57, 44.61] 6 [7.78, 36.60, 294.95]
Tools 33.92[23.22,44.19] 6 [7.99, 15.93, 84.95]
Bakeware Sets 33.29 [25.07, 40.03] 8 [3.99, 8.09, 130.48]
Compressors 33.09 [25.68, 39.96] 13 [29.99, 165.00, 395.65]
All-Purpose Labels 30.19 [15.89, 43.41] 7 [4.99, 14.95, 33.29]
Platters 29.86 [20.35, 38.93] 6 [14.99, 26.46, 69.99]
Pickups & Pickup Covers  29.86 [22.64, 36.16] 9 [6.04, 12.40, 219.00]
Lighting Assemblies 29.66 [15.11, 44.26] 6 [14.98, 35.67, 173.43]
Hard Hat Accessories 29.40 [17.66, 42.69] 6 [3.99, 4.99, 11.09]
Internal Hard Drives 29.17 [19.69, 38.61] 12 [14.99, 52.50, 599.99]

Table 7: IV thifhy™ i e H B AT 7 Mistral-7B MAPE BYJEGI7R B (F/NR/h>5)

ESHERERE S VE sy (CRPSS):  XAMEFRE AR IR CRPS f—Fh o BHENAAS, 1T
ST AESE SH AU AT R B TR B - PO 2253

CRPS = — Z/ _1y<T)2dr,

Forp By AR Qr () fVHH9 CDF. {E B 2414, CRPS 24 FL{T T 41 15 2L
41— SIS T (Gneiting and Raftery, 2007) . Fefi 1l (JoH4IY) HEAEMH4H

CRPSmodcl >

CRPSS=1—| ——————
< CRPSreference

. Hp 2 2R H b 2 A
RO EAE X SEREE (RCIW),  RCIW A R AN T LS A TN DX TE] -3 T2 -

100 <~ U — L7
RCIW, = — Y "L _——~1
n o4 |yl
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D.2 Rk s

TAVEH T AWS EC2 BB RS TIRATI A 1 SL58 . JAVAG T T I B R RATEAL 1)
GPU H[a] 254 2000 /NiF o FRATIBAEH T AN T8 RE B T2k 15 Bl o RIS 40 5 T4

E  BORIPERER VRN 5B

FeACH el XA Mistral-7B-Quantile HEAE AR K BIRO RBLIEAT TR, I 40T
THIURIRI ARG, $de, RAVRR TR BNETE, 5 7 e ok e
PR L (SR L) DR, SR, FTHRI T ML AT I R R 7= 17 3 3 5
A MR

EL HRBIRIGHHERE S b7

AR 7RIS R T Tl i BT IR RIS B PR RV

E2  Brispiirb s Ak
B3 A 8 R AR T AR, XSO 1A R i 2R B T 3 3
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Category MAPE [ %] Size Price Range [ $ ] [Min, Median, Max]

Window Tinting Kits 4.68 [2.74, 6.75] 19 [24.49, 39.49, 283.94]
Keyrings & Keychains 5.39[2.59, 8.12] 6 [5.99, 8.09, 10.19]
CV Boots & Joints 5.69 [3.38, 8.31] 11 [11.50, 11.88, 69.99]
Exhaust 5.80 [2.69, 9.22] 8 [15.72, 122.78,719.48]
Machine Screws 6.01 [2.65, 9.60] 8 [7.35,9.96, 13.84]
Socket Wrenches 6.30[2.32, 11.21] 6 [8.51, 14.65, 108.38]
Engine Management Systems 6.65 [3.72, 10.82] 19 [15.22, 69.95, 69.95]
Inkjet Printer Paper 6.79 [3.66, 9.69] 6 [9.50, 29.42, 152.26]
License Plate Frames 6.94 [2.62, 13.28] 11 [5.66, 16.99, 29.99]
Highball Glasses 6.94 [3.08, 11.00] 6 [34.46, 47.27, 110.36]
Touchup Paint 7.37 [5.76, 9.05] 68 [8.25, 15.30, 71.92]
Keychains 9.70 [7.79, 11.83] 71 [5.79, 10.99, 55.99]
Frames 9.91[8.64,11.18] 231 [4.99, 14.99, 95.00]
Custom Fit 10.43 [9.19, 11.68] 175 [18.99, 119.00, 599.00]
Body 12.11 [10.63, 13.60] 136 [6.99, 43.49, 409.85]

Table 8: 75 Hhifh i it dla 4, Mistral-7B MAPE (REYRBIR B (/ML > 5)

WSy PR Merritt MR-, FHRDP R EERE DAL E R ERR T BIE . XL
FrRuEAb = il A CES T A%, B s sl /. Bezs BXTFRI 2R, B s
940 4 RS HEALRRAE HE S A W] B0 2 Ay, 3 PR IR FE AR R0 i 2L 51 H A AR il 2 2= (MAPE
NF12% £ 65%).

WSy s JURN =i o OB BLG:, f345 Holley EFI AV 3R, ZPEAENL, DARTEA [FIARSE
by 221858 Huracan FI-FH Tacoma. XFAUEIIR AT gt T ARBTG5 X TRES
B (0. EFAL), XPMEn BB 588 —F i EA R M S _LisfE. X T4
8, ANEWECED . ERAFER BRI (Flan, AIEM —FES5RE_F%F) ST
MA&EERE. B, 3 H Tacoma FOBUIEAR AT fi S e T 32 hth TAE R4 SECE T2 MIH 4802 (6]
I RE 2200

ZEAETEE (Sunseeker JiEfiff. Storebro il Baikai K#F) I H A4 HEAREWRELR. X
P X 5 i T I P RRE— 2, Horb, BRSSP AL R, KEMEHIED . #iA FrE o
SERMURFE M RMHTER T K. 1oh, BumEi (FrhlefE Baikai iy, &kl $ 500K
PAL) PTREBAR i B I A A P

At AR5 O R 1 2 TR) B AH R MRS R . LA R A AR HEAL P i SR B T RAR 1 T
M2, MHARA. WA BN R Em A ErE (MAPE ik 37 %), XAl #g
T AR YE ., S i A B AR R
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Larmai Personalized Wedding Guest Book Double Tree Pos...
Guestbooks + ASIN: BO1FSJH370
Actual Price: 59.99, Predicted Price: 60.73 (MAPE=1.2%)
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BuyAutoParts OEM AC Compressor w/A/C Repair Kit For Nissan S...
E

P!
Actual Price: 389.00, Predicted Price: 454.18 (MAPE=16.8%)
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2020 Ford Mustang Gt Coupe 2D
Good condition « 302 miles « Coupe
Actual Price: 37.99K, Predicted Price: 38.66K (MAPE=1.8%)
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2020 Toyota Tacoma
8,118 miles « Pickup * 4WD
Actual Price: 44.00K, Predicted Price: 43.80K (MAPE=0.4%)

2005 Storebro Power Boats Flybridge
12.50m x 3.90m -« Fiberglass « Diesel
Portugal
Actual Price: 235.00K, Predicted Price: 162.83K (MAPE=30.7%)
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2020 Baikal Power Boats Flybridge
23.20m X 6.40m - Steel * Diesel
Russian Federation
Actual Price: 2.00M, Predicted Price: 2.74M (MAPE=37.0%)
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