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TABLE I: FATilm R &5 B RERRIT B SRA5 R A LR

TABLE IL: {f i R 11257 v 0 PR S TR AT PR
54 MBI B S

Model Method Modality Accuracy  F1 (macro)
ImageBind Fine-tuned Dual-channel EOG 0.710 0.636
ImageBind Linear Probing PSM video & 0.690 0.614

Dual-channel EOG

Method Modality Accuracy  F1 (macro)
ViVit PSM video 0.399 0.164
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ImageBind PSM video & 0.745 0.683
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