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Abstract

i T 5 F Transformer 9424, JUH 2
BERT {113 BRI, & 5 d A K EEF — K
R, BRSO Jmin Bk .
PLAl, i SE R SR R T SR 2 2 R
By, RoAEE R 580 T
R N T RYSX A A, FRATTHR TR
HT TF-IDF 5 FHE P vk, ik is
HER KA R EROR. AT
WRR T BT 4 E i A
PA K 25 47 )5 —4k TF-IDF 43 $0f0 4] 7K
F ISR IT o RIS o E I ThRr Hb B BT 1) SC
i) MahaNews LDC ¥4 4 _F #7094l , %
FYEIR LA T g Ay, R A e LAY T3k
P e L2k . {1 MahaBERT-v2, {UfE
AR BRSO R MERRTE TR 033 N E
SRR L, RATSEH T LA 424
FERE, R AR /D Tt 50% , HE
PRAER D T 43%. 3332 B AT DATE A4 44
PEREAY NS D0 SE B 2 R SOk, (il
%7 A S B A SO 43 AT 55 LA S
P

1 &

KR 22 BARTEF AL (NLP) Ay —Ji
AL, AT XIS 0. EEESCE.
B SCEAE PR 28 . JET Transformer
AR, U BERT K HAR(R, B A2
JER T B bERE . BRI, TR AN
FR AN S R S P4 (Park et al. [2022]
) o X BEAER A AT A SR s T I A B 24
i (Zaheer et al. [2020] ) . F5#E BERT fiZ
Wit ke A, SEEEER, SEFEE
FIALE], ansrZALER, 38m T E T (Wagh
etal. [2021] ). PRI, QAT 7E R4S 40 ZaEnf e i)
[v] B} A AL B SCARATS SR — A R Rk
fi, (Devlin et al. [2018] ). {58 J5 1 M fFPLIL )
S T BRI B, ARR R AL 240 2 AR
SRIM , XLy VR o5 | NBRAM A 24 it
B, LT, FARH T F a8
IR b Ee AR, PTDATERR B B2 b F s B[]
B AR/, AT AR UE transformer 457
AT DA O 43 2K S0 (Minaee et al. [2021] ).

FATAE UOABZIZEAE T 238 A T HE P AL )
PEPERAH KA R AR . FRATTAG 7
VAR ET TF-IDF {447 - HE 7 SR 2 O B4
T, WA TURE B /MU A K B (Qaiser
and Ali [2018] ) . T EEAA TR EA
W3] ) TE-IDF 434, 5 Prik Sess rp s A4 -+
MAER S SCR R4 THE4  (Das and Chakraborty
[2020], Kim and Gil [2019] ). 45)F-#) i3 TE-IDF
A3 HCGE S R B A BORAS, 1SarEm
AT 9 ficte i HE4  (Liu et al. [2018a], Das
et al. [2023] ),

B LA A SCRR IR oG AR . P ROR
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S BN TS R R A . X Sk
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w:
AT VA SR A R PE, FRATHE Ma-
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et al. [2023] ) AT T IZ A9, XA
P 42— DA 2 ) TR B 3 5 1] S
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AFEATINGAR, I RO [RS8 i o
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Sports

Politics

sairaj Rankireddy and Chirag Shetty of India.India's HS Prannoy made unforced errors galore to
make an e; ut Satwiksairaj Rankireddy and Chirag Shetty stormed into the men's doubles semifinal
at the China Masters Super 750 badminton tournament here on Friday.Top seeds Satwik and Chirag

ad a bad day in office as he
's world championships silver

struggled to curb hi:
contest later in the day.Sa
Super 300 this , will face Chinese pair He Ji
xt.The former world number one |
eir p ions frequently and also altered the ction o

made life difficult for the| vals, who wilted under p re The match started on an
even keel with both the pairs fighting tooth and nai\,\ But the Indian combination soon started
dominating the proceedings with an onslaught of attacking shots to break off at 14-14.Chirag made

some right judgements and they were 19-16 up soon and then the Mumbaikar displayed his
attacking intent once again, coming to the front court after serving to quickly close out the issue with
a quick return.

siddaramaiah commended Rahul Gandhi for the Bharat Jodo Yatra and said that nobody had done
something like that. During the Congress party's 139th foundation day event on Thursday, Karnataka
Chief Minister Siddaramaiah said senior Congress leader Rahul Gandhi should become the Prime
Minister of the country, as per a PTl report. The Karnataka CM made this statement despite some
constituents in the L.N.D.I.A bloc such as West Bengal Chief Minister Mamata Banerjee and her Delhi
counterpart Arvind Kejriwal having pitched for Congress President Mallikarjun Kharge to become the
Prime Ministerial face of the alliance for the 2024 Lok Sabha polls. More On It: 'Kharge For PM":

Mamata Proposes Congress Chief's Name For Top Post At I.N.D.I.A Bloc Meet, AAP Seconds"Only the
Congress party has the strength to address problems of this country...for that, Rahul Gandhi should
become the Prime Minister of the country,” Siddaramaiah said, according to the PTI report While
addressing an event in Bengaluru, Siddaramaiah commended Rahul Gandhi for the Bharat Jodo Yatra
and said that nobody had done something like that and now &€cehe (Rahul Gandhi) is taking up a

Bharat Jodo Yatra's second version - the Nyay Yatra.
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e, PAMCHERE 4 R 78 s R LRI, X 2EAL
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ERE G R P ERE G, FeidEsE
AR SCRYAL R, SR, AT R R 1
TIHATACFIAT Y b, R T AR R AR A
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HER I I s bR R IR . o — P R A
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PR AR R SCE R, s
B (He [2019], Liu et al. [2018b], Tay et al.
[2021] ) o 3 e 3 A 8 438 1kt % R AR 7 £ o A
BAEARSZE, A2 MR ) 254 . X FE
W YERESTEAN Y LA PRI O T L R, 2
AR B A 35 B M (Li et al.
[2018], Prabhu et al. [2021], Sun et al. [2020] ).
3 Jikik
FAT 50 b A Y FHE 42 SR U T L3Cube 1y
IndicNews 15RHE, X2 EHIXKIES
BT 208 5 S0 R 4E . MahaNews Xif
% F IndicNews ZiHa4E i hh i 148 . %G
BT T 11 o = B B BT 5 8 ] b
FiscE, BMEFERELS 10 MEFEZE
B2 FRATE A T ek 5r2 (LDC) %k
e, e 4t 52 B 0 SCEE S L2 2H R
(Mittal et al. [2023], Aishwarya et al. [2023] ).
FATHY Ty VR4 THE G St LDC %Y
PREM IR P A RS, [ RRE 20
fE, hhiih LDC £¥a4E th Hhihif 5 1) 50 5
CEEA M, (Jain et al. [2020] ) . AT LG5
fe SCE AR AN ), AR TR MY
TF-IDF 734, 42550 B0 ) 131 7HE T
i BERRHE A SE AT R A ORI B RS
TR, FRATIRE T AR TR
W . FEAME R SCEEOT, EBa+
#e%i A 3| MahaBERT #5288 k474328

3.1 PiggAnmiix

FATHY E A7 i el I A P A A
SCAR RO R FE R 7 R, IR PR R 423
R EAH MR BE . M 7E 58 B LDC Hfli 4k
EHFFINGAT AL, 7E L3Cube-MahaCorpus

I HCAth 22 T 14 Th 437 b 8 R 4R BB Y Ma-

haBERT #iFIHUE T 94.706% HIHERGE ., FA]
(1) H Ao s B SO i AR B X A
HERA 2, AT B A 3 B AR I 2 B 0 e
B, Shhihis LDC FdidE ik 20425 4l %5
FEAFN 2550 IAFEAS . BbAh, B il
H 2548 NIGUEAEA, BT A Tl gl
FRIHERA M .

CIRIEES N

RSEEE D R SCRA R, RATIRAL T LA
) FEPETRIG , MR AIER A S — AT A
()3T TF-IDF 153k, X878 B TEfR 45
AR R EAE BB ER, T UIZE It
B Je %o A T AR

R XTI LR 517, eI RETLER
Zn-—Huf P B SOR R N Y, TN ER
B A)F ] BE H U SCAR AN AT

3.2 J&T TF-IDF Rtk RIk+t

A LR e B R R, (B3R
% B A FAE SR R AR B, XGRS
PRRFPEANTE SO RAESE I R . X 3B 2KHE
PEA—EHATTEE, RERRAE R SO 0 2RAT 55
H
N RO BB R, FATHR T AT
TF-IDF Jp B HT 8 i) TR, BRI 41)
TR B ERATHEY . A B W HE
BRI GRS E] A [ b ORf 7 A, SRS
PSR T AR YRR T 5

TIER SRR

BF fas SCEE ) HE BRI bn 0 R AR B,
i RF R 4 g R AT 4R, B4
IndicNews % ##4E #1114 Indic NLP 48] #5 .

AT V55 TE-IDF 434k, 454~ 5 7E & 1) 4
(TF) A SCRY451% (IDF) (1) _EF SCH ek
SEFSCRY o 3P VAR B AR ) o S R
(BAE ] — S EE rp H AR A 1 A B, AL
T & AR A1) ) BB

TE R SCE I A AN [R)3R] 7155 TF-IDF 234505
A FHER 2 U R — > 2R TF-IDF 434K,
XA A SR R R AR . AT
IR R X 2 B BT HE Y, AR
M PECA, o i B B R A1 BIHE TV

Syt
— AN TS 4 BT DA ) o

A 3G t; () TF-IDF 3% Fl.
AL, 8 E(S) #iE SR :

Score(S;) = Z TF-IDF(t;)

t; €S;
Hr,
TE-IDF(t;) = TF(t;) - IDF(t;)
33
E X

L 33 (TF):
Frequency of ¢; in S;

TF(t;) =
(t) Total number of terms in S;

2. 3 SRR (IDF):
N

IDF(t;) = log (
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At B — PRI R A, it
fE AR A E R — R, AR
(TR 25 57 R B B 31— R E
TR Y, JF B PR AT AR A R AR IR — A R
by VA AR PR R R o 32 S
AT FRVE A b BT T T 8. AEFRATAH S B
T, H— bR BN, RS
() TF-IDF 2 B Fnst Hedb 4 r 984y, JFab474E
VAR TN g ) . ansi ik
HH—b, TR (BEELHE) FaH
SR A B Y TF-IDF BA, U R EA]
BEE 2R, AR HA A E L HEE
I o RN 2E, AR KA )Tk
ZH, BMEEAEA S A 245 BN
o NTWRATHATHES , NER T
i) ¥4 BE AN TE-IDF 204 di (i A 11
FEMATIH—16 (BP, Rf& TE-IDF 2%k DA
THIAE)  FATHERHES S A7 R
P EENE, AL B XA
Ho LA TR BE A ) 5, B Lk 1) B4 1Y) /)
+, PR BRI A E RN 2 K
JEo SR, FEMAT AR A TS, WELEIH
— G AT N, AR T
WIEHAIT. RO R B RS A —
MR ZE, DA B A LA
TR . PR T

N7 ER AT HE R, JATFR PG
e ZH AR B TF-IDF 1573 A A) K I 0
XA TARIE T RIERHEE LR, HrpAT
PAFE RS PR R A A B, DA ORAE Ay
PEAI_ETR SCZ 18] ) SR -
R T A X Ao Qi ey HE A A e 22 1) S5 AR
i, BIATATAR:

Score = (A; - Normalized_TF_IDF) + (\y -
length)

He, AMy=1-X and 0< A, <1
XS 2 T4 ] Normalized_TF_IDF I &
TESHE T AR BB E A .

© A1 > Ao RIEEE MR (%% TF-IDF
A0 AT

© X0 >\ REHEEEES B4
T (BKMAT).

XA AFGESAE AR Z B BL A, A
RO 1 i T IH— AR TR BES AR
Zz. W A =1-X, HIM—AHREMBES
HEh 75— RRE, IR Z )
B, ansf A 8w, HlE i T TF-IDF 5y
BOERMA) T, EEARERMAE. M, W
Ao B, MR AR BTN SCEE R,
RS I8 XA BRI H] SL VPR
TP IALS5 (R 5 A TR0, AR LX) T
JEL R ) A S i 1

Sentence(S) First Last Random | Ranked
1 90.70 % | 81.64 % | 75.76 % | 90.35 %
2 93.01% | 87.60 % | 90.31 % | 93.17 %
3 93.17% | 89.76 % | 91.49 % | 93.64 %
4 92.82% | 91.09 % | 91.72 % | 94.00 %
5 93.56 % | 91.64 % | 92.70 % | 94.19 %

Table 1: A HER ARG R ——FAR LR TR T
VeRESRmE (EA). AR, BEPL. HFP) 7EREEE 1 3
5AEITRIMER R . GPRRY, HUP AR A
i, HUCRE A, BEPLAIARA), X% Tk
TR TR XA RE A FE B

4 HiRk5iHe
4.1 ATk

e 1 AIE 3 s, 2R R/R 1 B Tk
AR A FELEY . DARHE
ZHTLL 20 30 405 AT RHERTE . — R
RGBT, HEE P TR, M
PEFR R, BT AR 2 AU ME B
{E. XFIRTHER — hs— D HIBEPLEE
Ik — SO, RS TR P E =AY
(OER Pl

A S e [ E R R ST AT, A
FRESOR K, HERI A 2R b, AR
SCRHLPARFEAAS . XF AU 5 )T
LI T 94.19 % WHERRR, M T 52 BT
SCEEEVERGR 94.706 %, AU T 0.544 %, X
FIA AT DATEXHHER R AR NI oL T, S8
WK ZZE D
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Figure 2: A1) 3% 07 ¥ PR RER T T B R SCARBN &5 vl %07 vk r ikl n LA 5L
AL BERLR) TR 1. FEHERF YA, AT TE-IDF gEAT 30 JAR SR A S A T B . X U3
WA B TR DR B A RSO TR ST Rl s A i AR

Sentence(S) [ 0.2 (A2) [ 05(X2) [ 0.7 (X2) [ 1.0 (X2)

1 89.11% | 88.94% | 89.10% | 89.26 %

2 92.82% | 91.86% | 9273 % | 92.23 %

3 93.79% | 93.81% | 93.78% | 93.82%

4 93.95% | 93.36% | 94.07% | 93.59 %

5 93.47% | 93.56% | 93.67% | 93.32%

P Table 2: I9—ALH) A THERR R LR — xRN T

TP A TR 7 VAR A — A ) T HERR R SR
BEERT A2 M 0.2 5] 1.0 KIARFEERZER, A = 0.7
FA A TR SR T R EETERE

P —

A

ACCURACY
)
8

FOR ] SE KR TR A T e AL i A
JIRIER, eI w4 1 — L

o [, A% JEA) TR SR S B T
BB e | AT, BATGIAT —Fhbs

e z : . : HEAL SRS, KF 5 AL 9 TF-IDF 157p 5 &) 1
ot oo e RS G, DA A P A A E B A

Figure 3: #5412 &1 - B s T AN [R5 74
MOFEAIERA BE . EURE . BRI, BERLIEEEA
HERF s IR HER S e f) TR (1 31)S)
PETRE . R B HE e > 15 s > Bk
> ok

IERfb g AR

Tkt 2 WIR THE 1 2] 5 Mg a)FH, Rin
HEALIY) TF-IDF 43805 4] K 245 &0 &
PE (A2 =0.2,0.5,0.7, 1.0) (5200, HERRRLE
Ao = 0.7 BHAENEAE, RIS/ LR 30, &
Kpgm) i B G B, BEEE 24T,
TF-IDF By 8 M. ffEgs R IAE A2 =
0.2 F10.7 B}, P4 TAH MR B . e HERA
Bk 94.07 %, AE Ny = 0.7 Bl 4 M) -52
M. BEERFEERN, R TRE,
2% BA Bt AR B A EE AR A U E R, i
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Sentence(S) | Ranked | Ranked Normalized
1 90.35 % 89.11 %
2 93.17 % 92.82 %
3 93.64 % 93.82 %
4 94.00 % 94.07 %
5 94.19 % 93.67 %

Table 3: HEFFFIHERF 0 — LG5 R0 OB — % R HUEE
TR HE R AHE R H — A D7 vk A T A 1 e R A i
M. SUREH], HikE i) FRIBERR AN, 15—
WILT-BA S0 .

— 25 YR RSB 1] A5 DK

23 W T E T )k SR A
HEF SR ms 18 7 ek e, Hob bR ifE Ak iy TE-IDF
DA EoRl R NS v < S e LRV U D s R E ) 115 &2
(AL A Xe ) M A . R BRI BE
G 1 e R G i e A i e R I NI S 7 £
mf/N. # 22 MK ?? JBR T MOk
85— Boa BEYUREE BLBIHEF 0947 ik 2
FRIUERR R . (P 5 S SCRYEA TN Al it o]
AT 94.706 % MHERG R, 1M LRI SEEME. &
B2, SRR SO B R AR SCRS Y 40%
F| 50%, FATIIREESLIN 94.39 % ()b N HER
B, S5HEMEERR L 94.706 % 2RV, R
HANERES (M s2 B SO R SO a2 . B
F LI SCR/NIA, HEFR e iR A AT
HideA, WE—. SIeMMILEEE. pEE L
TICRU/NBE I, BT TR T
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AN BT SCE R A SO R v T R
EXFEOR, AREL s B, FEK
RO TP T HERE

4.2 PRI

TEBRG IR H AR e AN 4 2 A 1 s 1
T/ MEHERRR R . FRATTH 7 ¥A A TE-IDF
AR, (5K B SRR SO A S
PR ZEXTTE, T A S A0 i e R BR 1 (54,
BERT W) 512 AMARic ) o i FH A ST ol #8711
KL SIRCRMEE T, BN ASR R A Ok
THERRANE A HERE . N R 4 A0S Al
T8 AE AT TR V5 i S s ) ) A Ak

K 4 SR T A TR S PRGN 22 ] Al IR AR ¢
KFR. REM 13 3 M) TR IR,
EEE 4 ) FHRASS B 2, R
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Figure 5: 4 19 73 LRERE A PPAG 0 1] Pl — % P g
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HZBoRBEEL N, THEZENRE LT,
X AT B2 T TR A

AR R, FE U RSSO BT S
40 % Bf, FRATH B ELI T 94.39 % (HHER
PE, {LHA bR SCRERAR 0.33 %, [Rlb AR
FERW/D T 43 %, 3% 3 IAAE R RE 2 8]
SEPL T AR, % AR E S T
TR TR BT R A S BR N

5 &

TATFIAT —FpFH A) T b R AT SC
PRI RO, %I AR AR/
[FIRHRRE T 54 SO B S i . 1%
Binyg T transformer AYALZY ly T4 A K BEFR
HIAITHE AT, FEALBRK SCARBIAFAE R X . 3R
MR E s E R AR R FI & T
TF-IDF [P HE)7 45 SRS e 1 X SERR i o

F£ L3Cube [} IndicNews £ & H1 1) Marathi K
44325 (LDC) #di 4 b i scie
BAT I IEAER T M RE AR 0L W PRAR T
TR A . BT TE-IDF W HEFFAE R 50 T4
KIE B F T IE R A L

AT T #0 AR /INFHERA 1 2 8] 1AL
5, UERHIE TR HE A A & — 1 [
S B T DATE SR A e 2 1) BUAS B 47 /g T
5o RFIERAE A HER BIEE D i A KN
THOL T W REIE— 2D 3 A

M2, AT K SR o R T —
CIEIN R = i) 2 S N 3 MK (=]
REVD S e i) e B R A, DAE
— A A FR IR THEAN R H SRS F AL
E5%5 g PERE .

1% TAEZ7E Pune 1) L3Cube 455 K 24T
(1o FRATECICH RS S e e R R A 5
Trig ARSIl .
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