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TABLE ©: BIRD J &4 )55 1R AS IR A

error type unnecessary information

question

HIH A ot 2: with double bond, consisted in molecule TR024.

.

double bond refers to bond__type = '=’;
element = 'clI’ F/RE; element = ¢’ FE/RHE; element = h' FEIRE;

evidence

JLR =0 FRA, JLR =8 FRhil; JLR =10’ FRA,

element = 'p’ EIKEME, element = na’ FHIEEFHN, element = 'br’ EIKEFR,
element = 'f” FI/RH; element = i’ FI/RML; element = 'sn’ £
element = 'pb’ EIREH: element = 'te’ EILEM; element = 'ca’ B ELS

ised
revIse double bond refers to bond_ type = '=;
evidence
error type case-sensitivity issues
question  How many cards of legalities whose status is 52[R[1¥) have text boxes?
evidence  restricted refers to status = “sZ[[1” ; have text boxes refers to is Textless = 0;
ised . o .
revISe restricted refers to status = “2Z[[{” ; have text boxes refers to is Textless = 0;
evidence
error type incorrect schema selection
question  List down at least five 444 of superheroes with blue eyes.
blue eyes refers to colour.colour = ’'Blue’
evidence ~ WHERE eye_ colour_id = colour.id;
4 F1 of superheroes refers to #8Z% SlfE4;
. blue eyes refers to colour.colour = 'Blue’
revised . .
. WHERE eye_ colour_id = colour.id;
evidence

44 of superheroes refers to 5% 44 Fi;

TABLE IT: %} 105 A8 SeBexr AT ik 24 I B f5 i) PR RE
B

EX %
defective evidence corrected evidence

SET CodeS-15B 44.76 54.29 ( 1 9.53)
SET CodeS-7TB 44.76 55.24 ( 1 10.48)
SEFT CodeS-3B 43.81 51.43 (T 7.62)
SEFT CodeS-1B 37.14 46.67 ( 1 9.53)
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TABLE IT: BJUERRFERIFIREA , PARAE MIESE R fF B R IR

knowledge type

Domain Knowledge

Name the ID and age of patient with two or more laboratory examinations

question which show their 401 LE 77K L IE# .
evidence hematoclit level exceeded the normal range refers to HCT > = 52;

information source

database description file: Laboratory.csv

information

Normal range: 29 < N < 52

knowledge type

Synonym Knowledge

question

How many clients opened their accounts in Jesenik branch were % {4:?

evidence

female refers to gender = 'F’

information source

database description file: client.csv
or
database value: select distinct gender from client

information

F: 2ok
M:male

knowledge type

Value Illustration

question

Among the %} J& %17 accounts, how many have a loan of under 2000007

evidence

frequency = 'POPLATEK TYDNE’
stands for weekly issuance

information source

database description file: account.csv

"POPLATEK MESICNE” stands for monthly issuance

information “POPLATEK TYDNE” A k4T
"POPLATEK PO OBRATU” stands for issuance after transaction
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{'schema’: 'Patient.SEX', 'value": 'M'},
{'schema: 'Patient.Birthday’, 'value": None},
{'schema": "Laboratory.T-CHO", 'value": '250'}

- select distinct .....

Sample SQL Execution ----

: Evidence Generation
| Database Description File
- male refers to Patient.SEX = 'M’;

- high cholesterol refers to Laboratory.T-
CHg > 200;

- a\ﬂe refers to
DIVIDE(DATEDIFF(CURRENT_DATE,
Patient.Birthday), 365);

- average age of male patients with high
cholesterol =
AVG(DIVIDE(DATEDIFF(CURRENT_DATE,
Patient Birthday), 3651) WHERE Patient.SEX =
'M' AND Laboratory.T-CHO > 200)

(a) SEED GPT fj45H

! |
| Database Value Sampl &=
{'schema": 'Patient.SEX’, 'value": 'M’},
{'schema': 'Patient.Birthday', 'value': None},
{'schema'’: 'Laboratory.T-CHO', 'value": '250'}
-

- select distinct ......

Schema Summarization ---

Sample SQL Execution --;

I
I
t-- --» Sample SQL results

Evidence Generation

- male refers to Patient.SEX = 'M’;

- high cholesterol refers to Laboratory.T-
CHO > 200;

- a\?e refers to
DIVIDE(DATEDIFF(CURRENT_DATE,
Patient.Birthday), 365);

- average age of male patients with high
cholesterol =
AVG(DIVIDE(DATEDIFF(CURRENT_DATE,
Patient.Birthday), 365) WHERE Patient.SEX =
'M" AND Laboratory.T-CHO > 200)
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TABLE IV: fEBCAUEIRII AL, 3CAF] SQL BiZNYE BIRD #fled EAYPERE T A il SEED ik,

dev EX %

dev VES %

w /o evidence

w/ evidence

W/ SEED o

w/ SEED deepseek

w/o evidence

w/ evidence

w/ SEED ..

CHESS 1rtcG+UT

(GPT-ommini) 54.69 63.04 (T 8.35) 56.26 (T 1.57) 54.11 ( | 0.58) 56.40 66.64 (1 10.24) 58.34 (1 1.94)
C?(;Es%ﬂfii;f)c‘ 49.61 60.43 (1 10.82) 54.82 (1 5.21) 53.65 ( 1 4.04) 51.41 64.67 (1 13.26) 56.75 (T 5.34)
FGSFI,“TS%“) 54.50 65.78 (1 11.28) 58.28 ( 1 3.78) 58.15 ( T 3.65) 56.02 68.31 (T 12.29) 60.32 (T 4.3)
SFT CodeS-15B 44.39 55.35 (1 10.96)  56.78 ( 1 12.39) 57.69 (T 13.3) 47.22 56.84 (1 9.62) 58.95 (1 11.73)
SFT CodeS-7B 41.92 54.76 (7 12.84)  56.52 ( T 14.60) 56.58 ( T 14.66) 46.42 57.50 (T 11.08) 59.65 ( T 13.23)
D(g%f_%L 35.46 56.32 (T 20.86) 51.63 (7 16.17)  53.19 (1 17.73) 36.68 57.70 ( T 21.02) 53.58 (T 16.90)

TABLE V: 7t Spider a4k B SEED #2304 3] SQL HZU i1 fE

dev EX % test EX %
w/o SEED  w/ SEED 5 W/o SEED w/ SEED .
SFT CodeS-15B 85.6 873 (1 1.7) 85.0 86.4 (1 1.4)
SFT CodeS-7B 86.4 86.8 (1 0.4) 84.7 86.1 (1 1.4)
C3 (ChatGPT) 82.0 86.6 (T 4.6) 80.1 84.0 (1 3.9)
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