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— Design a multi-branch deep strip convolution module to independently scan
feature maps from both horizontal and vertical perspectives, enhancing the
description of target boundary features.

— Design a Mamba residual model to reduce the propagation of original fea-
tures in the network through Mamba’ s multi-view scanning approach, min-
imizing interference with segmentation accuracy.

— Design an adaptive perception module to capture the weight information of
different features in the feature map, applying weighted adjustment to the
original features to enhance the model’s nonlinear mapping capability.

— Design a multi-optimizer alternating scheme to address issues of the network
missing the optimal solution and failing to reach convergence.
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