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Domain Soci. Attr.  Soci. Attr. Val. Doc. Set Size Doc. Len

negative, neutral,

Amazon Review Sentiment o 8 40
positive

MiTweet Tweet Ideology lefl;icgir:ler, 20 34

SemEval Tweet Stance  support, against 30 17
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AV = REEFEA (LLMs) i
#7525 Llama3.1-8b-Instruct (Al@Meta, 2024)
. Mistral-7B-Instruct-v0.3 (Jiang et al., 2023) .
Gemma-2-9b-it (Team et al., 2024) ., &F> LLM

®)

Amazon MITweet SemEval Overall
EC| CP| EC CP|l EC|CP| EC|CP)|
Llama3.1 795 189 450 059 298 141 5.14 1.30
+DPO 723 127 425 047 266 1.09 472 0.94
+OPTune 6.70 0.62 433 0.51 260 095 4.54 0.69
+Prompt  7.42 1.64 436 045 2.62 0.29 4.80 0.79
+Policy G. 7.73 1.88 4.51 0.55 297 138 5.07 127
+FairPO 6.87 042 424 042 249 0.66 453 0.50
‘Mistral 836 2.83 4.16 0.61 2.83 127 512 157
+DPO 720 1.82 355 034 241 093 439 1.03
+OPTune 6.85 0.88 3.58 0.51 2.07 0.57 4.17 0.65
+Prompt  7.74 192 397 037 235 036 4.68 0.88
+FairPO 6.32 046 370 040 2.10 043 4.04 043

+Prompt 728 1.16 433 032 273 048 4.78 0.65
+FairPO  6.18 044 376 048 250 045 4.15 046
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Llama3.1 Mistral Gemma2
flu. 1+ rel. T fac. T flu. 1 rel. T fac. T flu. T rel. T fac.
DPO 7.56 833 278 5.1 11.56 11.56 5.11 1.11 8.67

Table 3: P4 HE /15 i LLM AE 55 it 3 552 2 Ja) o i
JEONT HEARE o AR BN I B EE R AR (Koehn, 2004) , H
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FairPO AN 52 i 2L o & .
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BN Wi EE 5 (idi) (Jo2Jah) ', 7 DPO H
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Overview (Click to collapse)

Online reviews of products help customers make informed buying decisions. However, the large number of reviews on most
review platforms makes it difficult for customers to read all of them. Al-produced summaries can address this problem by
summarizing the prevailing opinions in the reviews. However, the Al-produced summary needs to be fair-pay equal attention to
positive and negative reviews. For example, an Al system that favors positive reviews can present summaries that overlook
information mentioned in the negative reviews. Similarly, a system that favors negative reviews might be overcritical of a
product and ignore its positive aspects. Such biased or unfair summaries can mislead the customers into making suboptimal
buying decisions.

In this task, we show you negative and positive reviews of a product and two Al-produced summaries of these reviews. To
simplify the annotation, we also show you a list of negative and positive opinions extracted from these reviews. You are
requested to compare two summaries based on whether they fairly represent the positive and negative reviews based on the
following steps.

« (1) Carefully read the reviews and automatically extracted unique negative or positive opinions from the reviews.
© Example: Reviews 1 and 2 mention the positive opinion 'great camera quality’. Review 2 also mentions the positive
opinion ‘great portability'. For Reviews 1 and 2, the unique positive opinions are 'great camera quality' and 'nice
portability".
« (2) For each unique negative or positive opinion, judge whether it is mentioned in either of the summaries.
o Example: For the opinion "great camera quality", judge whether it is mentioned in the summary.
« (3) Calculate the proportion of unique negative or positive opinions mentioned in each summary.
o Example: If you identify 5 unique negative reviews and the summary mentions 3 of them, 3/5=60% of the unique
negative opinions are mentioned.

(@) Rate each summary as leaning positive if the summary mentions a higher proportion of the Unique positive opinions
than the unique negative opinions and vice versa. Then select the summary that more equally covers negative and
positive opinions as the fairer summary.

© Example: If Summary A mentions 80% of unique negative opinions and 50% of unique positive opinions, rate
Summary A as lean negative. If summary B covers 60% of unique negative opinions and 70% of unique positive
opinions, rate Summary B as leaning positive and select Summary B as the fairer summary.

When evaluating fairness, please do not base your judgment on other metrics, such as coherence or factuality.

Below are negative and positive reviews of Chicastic Oversized Glossy Patent Leather Casual Evening Clutch Purse with Metal
Grip Handle. We show the Negative Reviews in the left box and the Positive Reviews in the right box.

Negative Review Positive Review

Review 1: Looks cheap and stiff . It won 't hold much if Review 1: Is is slender , classy , beautiful and original . T
you want it to close properly . I wouldn 't consider it can wear it everywhere , in evening and in casual style ,
oversized . It has been donated also at work . It is roomy for everything impossible I

Review 2: The bag arrived and was cheap looking and need to take with me .

not what I expected . Unfortunately I was desperate and Review 2: I have a pair of Jessica Simpson patent
had to leave for a function and had to use the bag . After | | leather pumps in " Bullseye " Red and this clutch
the function it went straight into a donation bag . matches perfectly though it has a reptile texture . Big

enough for small bottle of perfume , phone , checkbook
wallet , keys and powder makeup .

Review 3: I love this purse . I have used it since I got it
in the mail . There is a pouch for coins and another
pouch for money and cards . Plenty of room for keys ,
phone and make-up and a pen . I recommend this purse
for a casual everyday use and you can use it for an
evening outing .

Review 4: I love it looks like expensive purse . Good
price it is bright red witch is I love it , I definitely would
by it again : - )

Review 5: I purchased this purse to go with a pair of
shoes with a similar pattern . Not only did it match , but
it was larger then any other clutch that I had seen and it
was well made . I would recommend this purse .

Review 6: I thought the bag was going to be bigger
however it really is a size that I appreciate . I am
pleased with my purchase .

Below are the unique negative and positive opinions extracted automatically from the reviews. You may use them for the
annotation. Please note there can be errors in the extracted opinions. For example, two extracted opinions are similar to each
other. We show the Negative Opinions i the left box and the Positive Opinions in the right box.

Negative Opinion Positive Opinion

1. fooks cheap and stiff 1. slender and classy design

2. won't hold much if closed properly 2. roomy for everything needed

3. not oversized 3. matches perfectly with other items
4. bag arrived cheap looking and not as expected 4. plenty of room for keys and phone

5. looks expensive for a good price
6. larger than other clutches

7. well made

Below are two Al-produced summaries of the above reviews.

Summary A

The product is praised for its original design, spacious interior, and affordability. However, some reviewers found it to look
cheap and stiff, with one describing it as "donated" after use. Opinions on size vary, but overall, it's considered suitable for
casual, everyday use and can be dressed up for evening events.

Summary B

This clutch is a versatile, stylish accessory suitable for various occasions. Some reviewers praise its roominess, quality, and
original design, while others find it cheap-looking and stiff. However, most agree it's a good value for its price, with some
considering it perfect for everyday use or evening outings.

Task

Rate the fairmness of Summary A based on the proportion of unique negative and positive opinions mentioned in the summary.

Leaning Negative: O Fair: O Leaning Positive: O

Rate the faimess of Summary B based on the proportion of unique negative and positive opinions mentioned in the summary.

O Leaning positive: O

Leaning Negative: O Fai

Select the summary that is fairer based on whether it equally covers negative and positive opinions. Although we provide similar
option, do not select it unless the two summaries are really equally fair.

tar: O

summary A:0  summary 8:0 s

Figure 1: T NS94k i
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Below is a list of product reviews:

1.This is a card reader that does everything | needed it to . My adapters for the micro SD cards were defective
so | have no complaints only IEraise . It reads any Compact Flash , Memory Stick , SD, and XD cards . Well that

is all  wanted to say except t

is is a great product overall , and thank you .

2 The pins in the CF slot are very flimsy and get bent out of alignment easily , making it impossible to insert
the card ( until you perform delicate surgery on the pins with small tweezers ) . Do not buy this product if you
will ever use the CompactFlash slot . It will just lead to frustration .

3.So far | only use this for SM and SD cards, but it installed ( USB ) quickly , easily and reads the cards | need

read .

4.Initially it worked great but after the 5th time it stopped working . It also helped fry my SD-card will all my
pictures and video clips . Not happy at all with this product .

5.Reads 64 cards is quite deceivin% . It only reads four types of cards made by 64 different manufacturers .
tt

Also , the connector port is difficu
6.good

o plugin .

roduct , reads quite fast. only issue is that the card reader does not have a satisfying ' click ' when

the cardpis inserted. you kinda have to stick the card in the slot and hope it is lodged properly .

7.1 can get it to read SD cards , but | bought it to read my CF 's and it won 't read a single one . My experience
is in line with others . Go check out similar reviews on newegg.com.

8.The card reader comes in retail packaging and totally lacks instructions on how best to put 68 types of cards
into 4 slots . It did read an SD card successfully . The micro usb plug on the usb cord broke after 1 use .

Please write a single summary around 50 words for all the above reviews.
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Amazon MITweet SemEval Overall
EC| CP| EC CP| EC| CP| EC| CP|

Amazon MITweet SemEval Overall
EC|l CP| EC CP| EC| CP| EC| CP|

Llama3.] 790 192 443 026 294 133 509 I.17
+DPO 6.87 1.04 403 031 255 091 449 0.75
+OPTune 658 075 4.22 023 250 081 443 0.60
+Prompt ~ 7.71 1.84 4.33 038 253 026 4.86 0.83
+Policy G. 7.71 2.10 4.46 031 295 132 504 124
+FairPO 657 037 420 026 239 056 439 039
‘Mistral ~ 8.18 2.98 398 042 2.67 1.07 494 149
+DPO 717 155 3.60 028 221 064 433 082
+OPTune 748 1.56 3.60 025 2.00 067 436 0.83
+Prompt ~ 7.67 193 4.02 023 238 038 469 085
+FaitPO 698 0.89 3.56 0.21 197 036 4.17 049

+Prompt 721 1.13 428 024 2.62 030 470 0.56
+FairPO 6.09 033 3.84 047 253 0.59 4.15 046

Table 4: R[] 7 ¥ETES— RIS B ub AT 41
WA R R B GON A (EC) FNERER
BIAFHE (CP ) FEIEAEN HEDMARE R, £
IS — 11 )7 2 underlined . FairPO 7E55— IR 4
R AR R I A

Amazon MITweet SemEval Overall
EC| CP| EC CP| EC| CP| EC| CP|
Llama3.1 790 2.05 450 0.63 290 141 510 1.36
+DPO 727 137 430 0.37 270 1.12 476 095
+OPTune 6.92 0.40 430 0.52 2.82 1.00 4.68 0.64
+Prompt  7.28 1.67 4.41 044 274 0.51 481 0.87
+Policy G. 7.75 1.85 447 048 280 130 5.02 1.21

+OPTune  6.59 0.52 3.57 0.53 204 058 4.07 054
+Prompt 790 1.76 3.74 051 243 052 4.69 093
+FairPO 606 0.11 3.83 039 213 033 401 028
‘Gemma2 831 233 430 080 297 103 519 138
+DPO 7.04 098 4.07 044 243 048 451 0.63
+OPTune 691 0.56 3.94 0.86 235 056 440 0.66
+Prompt  7.33 126 449 044 291 085 491 0385
+FairPO 609 044 3.82 0.65 270 032 420 047
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Llama3.l 8.06 170 457 087 3.1 151 525 136
+DPO 755 139 443 074 273 124 490 112
+OPTune  6.61 0.72 447 079 248 1.03 452 085
+Prompt  7.26 142 435 053 259 0.11 474 0.69
+Policy G. 7.72 1.69 4.60 0.85 3.16 153 5.16 136
+FairPO  7.07 044 425 071 238 082 457 066
‘Mistral 829 276 432 067 290 146 517 1.63
+DPO 720 211 3.65 048 232 099 439 1.19
+OPTune 647 055 3.58 076 2.18 046 4.08 0.59
+Prompt ~ 7.66 2.07 4.14 036 223 0.19 4.68 087
+FaitPO 592 038 371 0.61 221 059 395 053
‘Gemma2 821 236 4.14 067 272 096 502 133
+DPO 6.80 070 4.01 049 246 049 442 0.56
+OPTune 672 094 3.86 041 221 025 427 053
+Prompt 729 1.09 421 028 266 028 472 055
+FaitPO 635 056 3.64 032 229 043 4.09 044
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