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https://github.com/Trustworthy-ML-Lab/efficient_neuron_eval
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ND MILAN CD INVERT DnD MAIA  LE(label) LE(SigLIP)

Simple Exp. (i=1) g (1] w7 1=1[5] [m 23] 1=1[1%]  I=1 [1¥]

RN-50 0.1242  0.0920 0.1904 0.1867 0.1534  0.1396 0.1793 0.2413
(Layer4) +£0.002 +£0.002 £0.002 £0.002 +£0.002 =£0.009 =+0.002 =+ 0.002
ViT-B-16 0.0335  0.0194 0.1849 0.1343 0.1049  0.1497 0.2704 0.2968
(Layer11 MLP) +0.002 +£0.002 +£0.004 $+0.004 +£0.003 £0.021 =£0.004 =+ 0.004

Table 1: JtF SigLIP BBLLE i AH AP WA AR TR B ARRE TR (1=1). FRATTAE
B, BIGEAERIEN LRUOLT, SRt (LE) KIUFHRATF .

Complex Exp. (1>1) Compl];:;p[lﬁ] INVERT [S] CCE[14], CCE[14], LE(label) [T8] LE(SigLIP) [IX]

1=3 I=5 1=15 1=4.37/1.97 1=4.66/1.82
RN-50 0.1399 0.2341 0.0993 0.1510 0.2924 0.3772
(Layer4) + 0.002 =+ 0.002 =+ 0.002 =+ 0.003 =+ 0.002 =+ 0.002
ViT-B-16 0.0468 0.1101 0.0534 0.0570 0.3243 0.3489
(Layer11 MLP) =+ 0.002 =+ 0.003 =+ 0.003 =+ 0.006 + 0.005 =+ 0.005

Table 2: 3£ SigLIP ({y G HE A% W50 S LU S AMRE (1> 1) FRATiT DA 2 e
(LE) fi#% k2 BLRLF

5.2 ARAUPEAG

BEE . FETRAOER TR, FRATEEE T X 5 A B d 1o 1y B R A T AR B
7%, 4332 LE(SigLIP) [I¥] , CLIP-Dissect [I7] , INVERT [8] , MAIA [23] 1 DnD [1] . F%
AR BN EE T 100 MHZTTHAT AL, I 88 A M 2 G0 BT,
AHRZETTC 90 N A . B ILTPAL T 1000 X (M2 TT, k) dlf, BUliAA $ 720, REIEFLAIHL
i) IRB #i% % M de e, AT A LT IRB L.

SR BATREATFER 322 H AR L] PRI i AR A e ¢ o FRATTE L [ PEA
%ﬁ%@ﬁ%‘:t FAEAMESS 15 AN, SRIGMATEEFAR SRR A . 52 B R F o7 AT an &l
o 7w

521 &%

Model Aggregation CD [7] INVERTI=1[5] DnD[0] MAIA[23] LE(SigLIP)Il=1 [I¥]

RN50 Bayes 0.1500 0.1258 0.1576 0.1215 0.1783

(Layer4) (Uniform Prior) | +0.013 £ 0.009 £ 0.013 +0.013 +0.011

Bayes 0.1817 0.1637 0.1661 0.1309 0.2107

(SigLIP Prior) +0.010 + 0.006 +0.011 =+ 0.009 +0.010

ViT-B-16 Bayes 0.1230 0.0770 0.0670 0.0938 0.1513

(Layerll mlp) (Uniform Prior) | £ 0.016 +0.016 +0.015 +0.017 +0.018

Bayes 0.1860 0.1210 0.0895 0.1516 0.2382

(SigLIP Prior) =+ 0.020 + 0.021 +0.017 + 0.021 +0.022

Avg: 0.1601 0.1219 0.1201 0.1245 0.1946

Table 3: FATAHEE MTurk FHEIIEER . AT T 100 NEEYLIZ IR, PA
LI MERIPR R 2 o

AL R R B R, TR B of, RITRIR T2 IR BIOTA . TR
5], SRPERRRE AT I T 1 02 SO, IR R 2B T EE . RATA Kk R IR
HERIE A B GOT L F 7, MUY B0 . 56— A R IR
[ )7 ¥ CLIP-Dissect [I4] , 117 FCA VAR BUEL AT , LA IR 7 S (L RO B2 T 4 o
I, AT NBFI R, ST A 2 B [, D3] (0 R0 7 T 50 R R T B 0
He, AT R SR i R AR e RS 2o R . T JL A

L ORI A, B TR MR, XSRS RERA BRI -

www.xueshuxiangzi.com



2. R—ElE. BRI S MOSEIEHE A KA, (HEA ek (B AR e T
LLM §J53%) fefiid e B RATERI R, SEOISm 2 o iRz .

s R EFRANT A BUIRLEAE 5 B4k SigLIP #-7p R I 7 ik (R ) FE N THFTH (3%
B) WRIMEEF. BARIET R TFE T (ATREH TARZEMERT ), 7 vk Al PR AR
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M T AR DR MR BT R R G 2 AP, X b pib T AER 8] — e fE
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Study information
» Click to View Study Information
[0 Bychecking this box | indicate that | am at least 18 years old, have read the study information above, and agree to participate in this research study.

Task

Select all the images that contain: ground beetle.

If you do not know what ground beetle means, use a tool like Google Image search to find out.

Figure 7: AR WS I
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