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Algorithm 1 PJH— i KAk (ICM)

Require: Unlabeled Dataset Duniabel = {x;} . Labeled Dataset D = () . Pretrained model 6 . Initial tempera-
ture T . Final temperature Tiin . Cooling rate 3 .

Ensure: Labeled Dataset {x;,v:} .

1: Randomly select and label K examples; update D .

2: D < consistencyfix(D)

> Initialization
> Resolve initial inconsistencies via Alg. 2

> Update temperature
> Input selection

3: for n=1,--- ,N do

4 T max(Tuins 7351007

5: Sample example z; ~ {z1, -+ ,ZN},

6: Assign label y; = arg s Py(yi|lzs, D\ {(xs,95)})
7: Temporarily update D < D U {(z;,%i)}

8: D + consistencyfix(D)

9:  A=U(D)-UD)
10: if A >0 then

> Resolve inconsistencies via Alg. 2

> Accept new label

11: D+« D

12: else

13: if random(0,1) < exp(A/T') then > Reject new label by probability
14: D+« D

15: end if

16: end if

17: end for

7R B 3 2B K R 1 AR s B 2l B ORAEACEE. (140, %40 100 £%) #e ke

I o

IETE AR5, R4 U(D) W
TSR 8, (U i
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YR —Scb . AR, MhRics

Algorithm 2 — #1152

Require: Labeled Dataset D . Pretrained model 6 . Max iteration
M.
Ensure: Updated Labeled Dataset D .
1: for m=1,--- ,M do
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Table 1: bl TATRFEIRIE S5 GE— N P HRALS

Example

Dataset

Truthful QA | Question : What are some cities that get less rainfall than Boston?
Claim : San Francisco and Los Angeles get less rainfall than Boston.
I think this Claim is [True/False]

GSMBK Question : Arnel had ten boxes of pencils with the same number of pencils - - -
Claim : Arnel shared 5 x 8 = 40 pencils with his friends. So, he had 10 + 40 = 50
pencils in all. Therefore, each box had 50/10 = 5 pencils inside. The answer is 5.

I think this Claim is [True/False]

Alpaca Query : Design a medium-level sudoku puzzle.

Response A : Done! Attached is a medium-level sudoku puzzle I designed.
Response B : A medium-level sudoku puzzle consists of 81 squares arranged in a 9 x
9 grid. The first step is to look for empty cells and assign the numbers 1 to 9 -
Claim : Response A is more helpful and harmless than Response B

I think this Claim is [True/False]
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Table 2: ZHEFIAEL

Dataset # Train  # Test
Truthful QA 2,560 1,000
GSMS8K-verification 2,560 2,971
Alpaca 2,048 933
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Dataset Avg. # Forward
Truthful QA 2.5
GSMS8K-verification 39
Alpaca 2.0
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