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Query: 2025 LA Fire
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° Prequel: © Current: ° Sequel:
Dry Lightning Building on Fire People are returning
before 2025 LA Fire during 2025 LA Fire after 2025 LA Fire
Relevant i Non-Relevant
Correct Category Correct Category

Correct Event Wrong Event

ASR: :
Today, Jan 10, 2025 \ : ASR:
People are
returning back to
Los Angels

VLM Description:
A house on fire
with palm trees

in front.

: Today,
a massive wildfire
has started
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Model R@l11t R@51 R@10fT P@l1T P@51 P@l0T MRRT NDCGT MAP?T MnR]| MdR |
MultiVENT
MultiCLIP 9.83 44.32 70.82 88.80  80.77 65.25 0.92 75.34 86.33  22.12 6
MultiCLIP + ASR 10.08  46.64 74.70 90.73  84.32 68.57 0.93 78.76 88.87  22.66 6
MultiCLIP + QzE 10.24  46.71 75.76 9228  85.25 69.73 0.95 80.04 89.42  21.13 6
MultiCLIP + Q;E + ASR 1032 49.00 79.60 93.05 88.73 73.09 0.95 83.24 91.20 16.44 6
InternVideo2-1B 5.60 28.92 49.12 5135  53.28 45.44 0.68 50.43 63.77  235.49 11
InternVideo2-1B + ASR 9.68 40.48 62.43 87.64  73.59 57.34 0.91 68.30 83.84  109.70
InternVideo2-1B + Q;E 9.54 40.88 63.40 87.26 7521 58.73 0.92 69.15 83.96 53.84 7
InternVideo2-1B + Q;E + ASR  10.24  44.94 70.79 9228  81.85 65.14 0.95 76.10 88.09  42.81 6
MSR-VTT-1kA

MultiCLIP 4352  69.05 76.88 43.62 1385 7.71 0.54 59.72 5427  20.29 2
MultiCLIP + ASR 4543  70.75 77.19 4553  14.19 7.74 0.56 61.22 56.11 31.31 2
MultiCLIP + QzE 4452  71.26 79.40 44.62  14.29 7.96 0.56 61.51 55.84 17.91 2
MultiCLIP + Q;E + ASR 46.23  73.37 81.71 46.33  14.71 8.19 0.58 63.59 57.83 18.73 2
InternVideo2-1B 52.56  73.07 80.10 52.66  14.65 8.03 0.62 66.07 61.62 2512 1
InternVideo2-1B + ASR 53.17  73.27 81.61 5327  14.69 8.18 0.62 67.08 6249 2341 1
InternVideo2-1B + Q;E 5347 7357 82.11 5357 1475 8.23 0.62 67.16 62.47 16.73 1
InternVideo2-1B + Q;E + ASR  56.28  76.58 83.72 56.38  15.36 8.39 0.65 69.53 65.06 15.85 1

Table 1: MultiVENT F1 MSRVTT “1k-A>" 4% | {1 g FL i » B 127 H MultiCLIP (45~ Sanders et al. (2023)
) Al InternVideo2 (7£ HEATHY LRI YE) MENRMTAHLmIDET. RATWEE (QE ), BRI
A ASR, th7F MultiVENT %4 Fi8E T 5-19 A NDCG, 7 MSRVTT %iede Fim T 1-2 A, #n
ASR #0458 T ERE, #E MultiVENT 3842 31 3-7 55, 76 MSRVTT a4 Byehn T 2 5, Bk
TEPIROR A dfid s b MultiVENT #7524 8-26 5, X MSRVTT #2154y 3-4 5.

VSRR H (P) o XA Py iR3IE @ 9oy
PR, Sft T VU AR AT REMEAN . 3R
I R R P, A4S0 S il
XF I A BB AR Py SRR

.1
S:ZL.:H(PD

IR Eq. (3) , AT RO AR 37 i
SEORAURCE, SR S naf Ay . X4~ S 4
& TN RS S "] AT PAIR
(e 25360 P BRI HE 42 211

38R

AT AE I AR 0 1 MultiVENT £ s 46
(Sanders et al., 2023) F1) jZ {6 FH i) MSR-VTT
B4 Xu et al., 2016) _F 347 7 5C4;, Multi-
VENT 24 T E & /0. F A4 ER AN,
1M MSR-VTT £3% 10,000 0851 5 BE, 43 17E
20 NG, B B 20 N BEEA] Y
R, RATEH THRIER) “1k-A” AR5,
5 1,000 NS, PRSI, 5200
1 LA A ) i) — 2L (Jiang et al., 2022; Guan
et al., 2023; Jiang et al., 2023a) . PRIl
% ETE Table 11 W, SEFE[ASEILGH 1T ] DATE 22
HR R, (HEERDE, FATME A T Llama-3 /f
Sk LLM, InternVL-2.5 {£/ VLM, #l1 Whisper-
large-v3 VN2 1H T ASR B, AN, FRAIME
Fi ColBERT #1 MultiCLIP A T #H{LLE 154 1
.

x P 3)

3.1 HHASOR BIBUBTRR

AT 5 R ZLAE Multt VENT Fl MSR-VTT-
1kA _FRXT 7R 7E Table 1 1o FRATIE A Arife
e RIEbR: TEHE4 0 K i 2 As1 %,
BERHES (MRR), P TIREE (MAP),
H—ffrfnZ it (NDCG), PAKEEFig
fi%iHE4 (MnR, MdR).

MRINE, 5 ASR &M A, HEPAARR
A B AE AR TR A AN [ | SCAS 21 A0 4 S 2
QE TE A1 Hibe L BB 3 1 dpetlor B o H BPAfE
BAEEEEER, ROTTENA T LA T34k
o QaE AT DATEA R ) SCAS- WA it i 22 [) i3
rzAb. A TR — 5, AT TF
WM MSR-VTT HEA 745 ° i) Rank 1 4%
(Wang et al., 2025) PA &z MultiCLIP gt ¢ (3
& Sanders et al. (2023) ).

Table 1 B/R T AT EREHE. 4 HT
InternVideo2 B, FRATH 7 EAE KA SR
TR MSR-VTT iy NDCG 157045 1 1 43,
MAEHGHRTET 4 3. #4h, InternVideo2
TE MultiVENT %4 45 28 21 2 3 0 P e
W, i zBdREN FEE S E . RE
Wi, MARMTEE, TR EWE L
T¥F NDCG 54042 7 19 43, MAEHEHE
F+T 26 4, #E—20RUE T HARM:.

A ¢, MultiCLIP ¥ MultiVENT %i §& &£
(Sanders et al., 2023) FHUfS T Hefd L1545
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Model R@10 P@10 MRR NDCG
Arabic

MC 72.31 62.55 0.94 76.10

MC + Q;E 74.46 63.92 0.94 78.09

MC + QE+ ASR 7941 68.24 0.94 82.07
Chinese

MC 7422  68.65 091 77.29

MC + QzE 82.13 76.35 0.99 86.32

MC +Q:E+ ASR  83.02 76.92 0.97 86.61
English

MC 85.79 81.92 1.00 89.98

MC + Q;E 86.45 82.50 1.00 90.57

MC +Q.E+ ASR  87.80 83.85 1.00 91.43
Korean

MC 65.33 62.12 0.89 70.38

MC + Q;E 72.65 69.04 0.93 76.92

MC +QE+ASR 7690  73.27 0.92 80.58
Russian

MC 79.09 71.15 0.96 82.84

MC + QzE 81.61 73.46 0.96 84.62

MC +Q:E+ ASR 8540 76.54 0.99 88.70

Table 2: A[AEZ K . 455875 Multi VENT %4

£ F4R4E. MC = MultiCLIP 4 it 4% . 45576 Mul-

GVENT #ifi £ FaR %
App. A.14,

SEREFAE WL Table 7 H1 1

R ATH 735 F MultiCLIP {43 NDCG
FETHT 8 i, BT MuliVENT %di £ 1) fix

Bricsg. XM, 5 InternVideo2 AN[E| )42, Mul-

GCLIP A7 {1 52 U4 1 i BRT HE 7 A, IX
fiERE 7 HAE MSR-VTT Hfffe ERYHIXHRRER
W FATHITIETISRE MSR-VTT #J NDCG 15
AR T 4 R R THEAR S dr EIA
Bk, BTk, ATHOIIE QE EARIEF
(§3.2 ). A[F LLM K/ (22 ). AR RLE
Jrik (833 ) PARFRAFEMA A (834
) FHIRBL. fEMR T, FATHEE VIM AU
(App. A.1.1 ). WX (App. A.1.2) HMIMWGESETy
% (App. A.13) F50A 5 Qo TEZ AL TSR A

3.2 ik TERe

MultiVENT 035 H A E S — TR H 3.
YiiE | ERERIRIE, Table 2 7R, 7F MultiCLIP
H R A, SEERAIN FEETE 18
br bRPSE R TR R IR, AL, BN
TEAE T A S e ok TEMOER T, JBR T
I YRR E S WMl A Rk

MultiCLIP FE i AAE . H SCFIEhE AU
ZR B B ) R eSO . SR, 24FRAT i
BERMNG, XEEF R R IR B TR
2516, 9 F1 10 4~ NDCG J5..

Method R@10 P@10 MRR NDCG
MultiCLIP 70.82 6525 092 7534
Without Audio
Neg. Exp. Ent.  60.05 55.60 090 66.61
RRF 6291 5830 092 69.74
Max 71.98 66.41 0.93 76.60
Mean 73.54 67.88 094  78.37
Inv. Ent. (Q;E) 75.76 69.73  0.95 80.04
With Audio
Neg. Exp. Ent. 67.23 6197 0.93 73.20
RRF 7091 6529 0.93 76.29
Max 76.10 70.04 0.93 80.04
Mean 78.64 7247 0.95 82.44
Inv. Ent. (Q;E) 79.60 73.09 0.95 83.24

Table 3: BREAHEFAIG TR LM LR FE
¥l (Neg. Exp. Ent.). ECHERFfiA (RRF), %
M5 (Inv. Ent.), “FIJRIEARME. 5504 MultiVENT
Beude B . SedE4E I Table 9, App. A.1.6 .

AR XA A A AR i g B R AT 4 )
P, (HEMRRSFEREEN TR ER
WIS, A T RN B S, 2?2
FEH T AR LLM K/ 458, JEREIA 1B %
70B 24k, R 2T 70B B8 S i
fEERE, HEIEE 1B BLAYE A S O
AR A AL NDCG 52220 4 4~ NDCG A%,
WA AT R 8 AN . X EEZE R T IRAT
JrER SN
33 HrEd JiikEeR
TESHEARG SR G A R HES 2 — TR /MY
1555« AEG Tl XN M2k 45
A0 (Yu et al., 2024) 55 4] ] LLMs 4 1% £ fh
L x4 (Lu et al., 2024b,a; Jiang et al., 2023b)
o BRI, X1 LLMs >Eiji, HEA BB & e
—ANEBEWPRER, EEA BB LK
EIOEEEGE, T (AT %) fie
B (HTHES ) . FEXPIRIES LT, LLMs #f
MELAE SRR A HES o FRATHIE T LR
A, MR R B I T B A 2 7 s
MEEHEA G (RRF) U BT iR, 3
I17E App. A.1.6 FiifiiRiX 28,55, Table 3 H1j¥)
GEREY], HIEE A A I E RS RRF
TFEERIAH LRI R A7 . 0 S/ B A Y
T, XOHRITRACIERREG .

3.4 AR RYEE
Table 4 Xt A if) S {47 AT Q2E 1Y 2 BISH AL

PEUEART T — TN RIS . SRR TS i
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Components R@10 P@10 MRR NDCG
MultiCLIP 70.82 6525 092 7534
Without Audio
Q.E 75776  69.73 0.95 80.04
Q2E - Video 58.00 5390 0.89 64.83
Q2E — Query 74.74 68.80 093  78.78
QE —Events 74.77 68.88 0.93  79.02
With Audio
Q.E 79.60 73.09 095 83.24
Q2E - Video 67.74 6243 093 73.96
Q2E — Query 78.12  71.74 093 81.54
Q.E —Events 71777 7147 094 81.75

Table 4: FEATH¥E PR RIALAB M. BB
BT N R IAT R i, s A
o FEBEE LT, BATBERB R —A T 2H
(. Ay, S54) , DURIR HOW A 11
TiEk. FE = (A0 + 400+ J52L) . 45
MultiVENT ${#54E F#is511) . SE8E 45 R FE Table 10
45T App. A.1.7 .

s (12 AR = E e e Neiofd e o
P10, ERUAR R TERE TR 2 20, R T 20
FR AR R AR S ) FE B

4 4Nk & KRR LA

TATFIH T AFE LLMs Fil VLMs H i i 5t
FNF R A3 R AT AL DA T AR R AT 55
JER T AT R LR 5 A E AN A (5 SR DL
fide FATRASHEE N —FHER B G, T
TC T R AT AT B A B il A N 2% . A R4 AE 7Y
P E I SL g 25 R R T IR B &
e 2 e . BARFRATE/R T LLMs Al
VLMs 8L HITH Qi) G R % 45 21 SCAE 1
R ZR T, HFRATH TN AR MBF 7828 E
TR, DASGEER U] ) S SR S S S ROk
FEUR B 0 P 5 A % 5%
RGN EEZ AN BiaE L ER B,
BB R AS i HAEI . AR IBFIE B 1% 4
FAARCE, DA TR AR

T LLM 1 VLM ) A Febk, SR
s BRE LI T RE S k. BARTFRATTHEDE
il A & BT A5 BaRAE , (HAEFRATHE R 3
HEAT . RARE A R RSB LIYE . [
B, MKEEX SRR S AT, AT RE AL
PR o o A O . FRATTVE A W R
R Rk LA A [E A e L, (RFRATT 3%
B B SRRl Z B A

5 iy

AR > BTt E R R R e oA e B iRl
%5 11S-2024878 I L5 TAE, —LLsLEh @
7£ UMBC HPCF LA 71, %16 i E Z k)2
H 4 SAET BT R0 5 CNS-1920079 R 32 %,
WA 3 T340 o i ZEBF 9 SR B = BE B A
wEBh R 422k WOTINF2120076 DA K5 Pivid
#72- HR00112520301 “F 1 DARPA } SciFy i
H RS sT . R4 LR TR,
VFEE B A BUR B A & SCP s
ORI oL (T S W N VR 3. % < )
WIRAEFE ARL., DARPA 5§ 35 [ B RF i iF 2L
W1, TR EHRIE 2R,
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VLM Size R@1+ R@51{ R@101 P@lt P@51 P@107 MRR{ NDCG1T MAP{ MnR] MdR]
MultiCLIP  9.83 4432 7082  88.80 80.77 6525 092 7534 8633 22.12 6

Without Audio
1B 9.80 43.76 71.73 89.19 79.85 66.02 0.93 75.86 86.05 24.96 6
2B 9.94 45.23 73.86 89.96  82.55 68.03 0.93 77.90 87.49 22.45 6
4B 9.97 46.75 75.85 90.73  85.17 69.92 0.93 79.81 89.05 19.68 6
8B 10.03 46.40 75.73 90.35 84.71 69.81 0.93 79.72 88.98 21.24 6
26B 1024  47.03 76.16 92.66 85.64 70.19 0.95 80.47 89.94 19.87 6
38B (Q;E) 1024  46.71 75.76 9228  85.25 69.73 0.95 80.04 89.42 21.13 6
With Audio
1B 10.18  47.87 78.15 91.89  86.56 71.74 0.94 81.77 90.33 18.79 6
2B 10.14  48.27 78.46 91.51 87.26 72.05 0.94 82.14 90.58 17.21 6
4B 10.19  48.90 79.72 92.28  88.57 73.17 0.94 83.13 91.05 16.77 6
8B 1040  48.87 79.88 93.82 88.34 73.36 0.95 83.52 91.53 17.27 6
26B 1040  48.64 80.12 93.82 88.03 73.51 0.95 83.61 91.13 15.97 6
38B (Q;E) 10.32  49.00 79.60 93.05 88.73 73.09 0.95 83.24 91.20 16.44 6

Table 5: 41 L8 InternVL-2.5 Z iR [H] VLM K/ (M 1B 2 38B 24%) , L) H FiFHe A m. 1
MultiVENT %546 [ 253 .

#frames R@11 R@57 R@101 P@11 P@5+ P@107 MRR{ NDCGT MAP{ MnR] MdR]

MultiCLIP  9.83 44.32 70.82 88.80  80.77 65.25 0.92 75.34 86.33 22.12 6
Without Audio

2 9.31 41.71 64.46 83.78  76.37 59.54 0.90 69.64 83.75 36.17 7
4 9.75 44.00 71.05 88.03  80.39 65.64 0.92 75.43 86.54  25.32 6
8 10.10  46.56 74.84 90.73  84.79 68.88 0.94 79.05 89.05 23.01 6
16 1024  46.71 75.76 9228 85.25 69.73 0.95 80.04 89.42  21.13 6
32 (Q2E) 10.15  47.22 75.95 91.89 85.95 70.00 0.94 80.29 90.15 20.05 6
64 10.09  47.15 76.77 91.12 8595 70.66 0.94 80.66 89.74 19.98 6
With Audio
2 1026  46.63 74.93 9228 8448 68.88 0.94 79.42 89.33 21.66 6
4 10.16  47.37 77.54 91.51 85.79 71.27 0.94 81.26 90.05 19.20 6
8 1026  48.74 79.39 92.66 88.11 72.86 0.95 82.93 90.99 16.97 6
16 1032  49.00 79.60 93.05 88.73 73.09 0.95 83.24 91.20 16.44 6
32 (Q2E) 10.41 48.83 80.09 93.82 88.26 73.55 0.95 83.68 91.32 16.38 6
64 10.40  48.90 80.42 93.82 88.49 73.82 0.95 83.95 91.58 15.90 6

Table 6: A[REIWEL (M 2 B 64) ATHAT L. S5RAE MuliVENT $E48 FifEAT T 4d
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Extract Primary Event

You are given a video search query. Your task is to extract
the primary event(s) being referenced or discussed in the

query.

Here are some guidelines:

- Identify the main event(s) that the query is about, whether
explicitly stated or implied

- If multiple events are mentioned, list all of them

- If no clear event can be identified from the query, output
"NOT AVAILABLE" in the EVENTS section

- First, explain your reasoning in 1-2 sentences about how
you identified the event(s) from the query

- Structure your response into two sections, "EXPLANA-
TION:" and then "EVENTS:"

- The events section should contain either the identified
event(s) in a numbered list, or "NOT AVAILABLE" if no
event can be determined

- Don’t include temporal or spatial information in this
event, just focus on the primary event(s) being discussed
or referenced

"meta-1lama/Llama-3.3-70B-Instruct
80penGVLab/InternvL2_5-38B
9openai/whisper—large—v3
10hltcoe/plaidx—large
"aion/Clip-VIT-H14
Zhttps://lightning.ai/docs/torchmetrics
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Model R@11 R@51 R@101 P@l1{ P@5{1 P@10f MRRT NDCGt MAP{ MnR| MdR |

Arabic
MultiCLIP 10.91 44.32 72.31 92.16 7647 62.55 0.94 76.10 84.59 14.44 6.0
MultiCLIP + QE 10.82  45.86 74.46 90.20 7843 63.92 0.94 78.09 86.08 14.91 6.0
MultiCLIP + Q;E + ASR  10.79  49.66 79.41 90.20 83.53 68.24 0.94 82.07 88.32 11.59 6.0
Chinese
MultiCLIP 9.12 45.59 74.22 84.62  83.85 68.65 091 77.29 86.52 12.60 6.0
MultiCLIP + Q;E 10.66  48.81 82.13 98.08  90.00 76.35 0.99 86.32 94.64 9.59 6.0
MultiCLIP + Q;E + ASR  10.46 50.55 83.02 96.15  93.08 76.92 0.97 86.61 93.96 8.73 5.5
English
MultiCLIP 10.61 50.82 85.79 100.00  96.15 81.92 1.00 89.98 97.47 7.64 5.0
MultiCLIP + Q,E 10.61 51.66 86.45 100.00  97.69 82.50 1.00 90.57 98.04 8.07 5.0
MultiCLIP + Q,E + ASR  10.61 51.66 87.80 100.00  97.69 83.85 1.00 91.43 98.12 7.74 5.0
Korean
MultiCLIP 9.30 39.98 65.33 86.54  75.00 62.12 0.89 70.38 82.86 20.78 7.0
MultiCLIP + Q,E 9.68 43.65 72.65 90.38  82.31 69.04 0.93 76.92 87.04 15.87 6.0
MultiCLIP + Q;E + ASR  9.68 45.93 76.90 90.38  86.15 73.27 0.92 80.58 89.02 13.85 6.0
Russian
MultiCLIP 10.57 49.57 79.09 92.31 87.69 71.15 0.96 82.84 91.20 10.65 6.0
MultiCLIP + Q,E 10.39 50.55 81.61 92.31 89.62 73.46 0.96 84.62 91.46 10.88 6.0

MultiCLIP + Q;E+ ASR  11.21  53.49 85.40 98.08  94.23 76.54 0.99 88.70 95.02 9.13 5.0

Table 7: ARIEF LA . FPRIET MultiVENT Bl 445 .

LLMSize R@11 R@57 R@101 P@l11 P@5+ P@107 MRR{ NDCGT MAP{ MnR] MdR]
MultiCLIP  9.83 4432 7082  88.80 80.77 6525 092 7534 8633 22.12 6

Without Audio
1B 10.05 46.07 75.45 90.35 83.94 69.54 0.93 79.34 88.15 22.34 6
3B 10.18 46.70 75.50 91.51 85.25 69.54 0.94 79.78 89.40 21.66 6
8B 10.21 46.60 75.02 9228 84.94 69.11 0.94 79.41 89.37 19.74 6
70B (Q2E) 1024  46.71 75.76 92.28  85.25 69.73 0.95 80.04 89.42 21.13 6
With Audio
1B 1026 48.31 78.71 92.66 87.49 72.28 0.95 82.50 91.23 17.64 6
3B 10.32  48.88 79.17 93.05 88.57 72.74 0.95 83.03 91.55 16.51 6
8B 10.41 48.62 79.04 93.82 88.03 72.59 0.95 82.91 91.28 16.79 6
70B (Q2E) 10.32  49.00 79.60 93.05 88.73 73.09 0.95 83.24 91.20 16.44 6

Table 8: %f Llama-3 ZZ /& R[] LLM K/ (A 1B 2| 70B Z:45) -4 HeBe, 450 F T 28R 2 AR iy
F AU 4E . S5 RAE Mult VENT $dadle b 4fitr .

Method R@11 R@51 R@I101T P@l11t P@51 P@101T MRRT NDCG1T MAPT MnR| MdR |
MultiCLIP 9.83 44.32 70.82 88.80  80.77 65.25 0.92 75.34 86.33 22.12 6
Without Audio
Neg. Exp. Ent.  9.66 39.97 60.05 87.26  73.36 55.60 0.90 66.61 83.60 68.44 7
RRF 9.92 42.10 62.91 89.58  77.37 58.30 0.92 69.74 86.94 33.80 7
Max 9.98 45.15 71.98 90.35 82.32 66.41 0.93 76.60 87.77 29.31 6
Mean 10.19  45.99 73.54 92.28  84.09 67.88 0.94 78.37 89.50 26.32 6
Inv. Ent. (Q;E) 1024  46.71 75.76 92.28 85.25 69.73 0.95 80.04 89.42 21.13 6
With Audio
Neg. Exp. Ent.  10.11 43.98 67.23 90.73  80.00 61.97 0.93 73.20 87.91 59.09 7
RRF 10.01 45.75 70.78 90.73  83.17 65.17 0.93 76.14 88.35 26.77 6
Max 9.94 46.58 76.20 89.96 84.79 70.12 0.93 79.86 88.82 22.89 6
Mean 10.23  48.06 78.30 92.66 87.41 72.16 0.95 82.20 91.04 20.32 6
Inv. Ent. (Q2E) 10.37 4842 79.06 93.44  87.80 72.66 0.95 82.89 91.10 17.14 6

Table 9: X} B REAHEA b A AR I B A AT &M b UBdE 4 (Neg. Exp. Ent.) . B HHEA Al ey
(RRF)., ¥l (Inv. Ent.), “PIEAEARAE. Z5507F MultiVENT Hdi4E b4
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Components R@171 R@51 R@101 P@l1+t

P@517 P@107 MRR{ NDCG? MAP{ MnR| MdR]

MultiCLIP 9.83 44.32 70.82 88.80  80.77 65.25 0.92 75.34 86.33 22.12 6
Without Audio
QE 1024  46.71 75.76 92.28 85.25 69.73 0.95 80.04 89.42 21.13 6
Q2E - Video 9.28 39.56 58.00 84.17 72.97 53.90 0.89 64.83 82.66 65.97 8
Q2E - Query 10.08  45.97 74.74 91.12 83.78 68.80 0.93 78.78 87.92 21.00 6
Q2E - Events 9.95 46.38 74.77 89.96 84.48 68.88 0.93 79.02 88.98 18.35 6
With Audio
Q:E 10.32  49.00 79.60 93.05 88.73 73.09 0.95 83.24 91.20 16.44 6
Q2E - Video 10.16  44.61 67.74 91.51 81.16 62.43 0.93 73.96 88.97 50.96 6
Q2E - Query 10.08  47.39 78.12 91.12 8595 71.74 0.93 81.54 89.18 16.32 6
Q,E - Events 10.22  48.09 77.77 91.89 87.18 71.47 0.94 81.75 90.38 16.64 6

Table 10: 17 ¥k PR R AL ST DESHOBHER T AT AR S WOCARITIPERE, 10
AR M2 T AETC S BUSCAS I PR RE . B CERIY 5 — AT 0 DR 635 B A SE 4607 vk e e 4k

frop, BRI TFEAMN (B, 9.
JGIF) o SRR EET MuliVENT gk .

Dataset #of query Avg. words | #of video Avg. length (sec.)
MSR-VTT-1kA 995 9 1000 15
MultiVENT 259 27 2394 83
Table 11: ACHFGE 45 PR A RCHRARAR G . Fohi a2

MSR-VTT-1KA 1 MultiVENT ${3 81 S5 b e 5

JEy O

Here is the query I'd like you to extract events from:
{{query}}

Extract Spatial Information

You are given a video search query. Assume the video
search query is an ongoing event. Your task is to extract
any locations mentioned in the query.

Here are some guidelines:

- Extract any location information mentioned in the query,
including specific cities, towns, countries, regions, areas,
neighborhoods, or other geographical references

- If no location information is found in the query, out-
put "NOT AVAILABLE" in the LOCATION INFORMA-
TION section

- First, explain your reasoning in 1-2 sentences about what
location information appears in the query (or lack thereof)
and why you’re extracting it

- Structure your response into two sections, "EXPLANA-
TION:" and then "LOCATION INFORMATION:"

- The location information section should contain either
the extracted location information in one line, or "NOT
AVAILABLE" if no location information is provided.

- Output in the following format: CITY, COUNTRY, RE-
GION, AREA, NEIGHBORHOOD, etc. (e.g. New York,
USA, Europe, Downtown). If one of the fields is not avail-
able, you can leave it out.

Here is the query I'd like you to extract location informa-
tion from: {{query}}

\ J
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Extract Temporal Informaton

You are given a video search query. Assume the video
search query is an ongoing event. Your task is to extract
any dates, times, or years mentioned in the query.

Here are some guidelines:

- Extract any temporal information mentioned in the query,
including specific dates, times of day, years, seasons, or
other time-related references

- If no temporal information is found in the query, out-
put "NOT AVAILABLE" in the TEMPORAL INFORMA-
TION section

- First, explain your reasoning in 1-2 sentences about
what temporal information appears in the query (or lack
thereof) and why you’re extracting it

- Structure your response into two sections, "EXPLANA-
TION:" and then "TEMPORAL INFORMATION:"

- The temporal information section should contain either
the extracted date/time information in one line, or "NOT
AVAILABLE" if no temporal information is provided.

- Output in the following format: DAY MONTH YEAR,
TIME, SEASON, etc. (e.g. 1 January 2022, 3:00 PM,
Summer). If one of the fields is not available, you can
leave it out.

Here is the query I'd like you to extract temporal informa-
tion from: {{query}}

\ J
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You are given a video search query. Assume the video
search query is an ongoing event. You have to find out
what previous events could lead to this given event / de-
compose the ongoing event in multiple simple events /
find out what events can be the outcome of this ongoing
event.The extracted events should be concrete enough to
be visualized in a video.

Here are some guidelines:
- Extract events that could be visualized in a video.

www.xueshuxiangzi.com



- Before extracting an event, consider whether the event
text could serve as a reasonable caption for a frame of a
video associated with the query.
- Give specific events related to the query, use your pre-
vious WORLD KNOWLEDGE to extract events that are
likely to be seen in a video. For example, if the query
s "2019 Christmas Eve Protests in Hong Kong", you
might return "Protesters marching in the streets", but not
"Protestors marching in snow" because it is not likely to
have snow in Hong Kong, though its pretty common in
other places.
- First, explain your reasoning in 1-2 sentences about
which events it makes sense to extract. Then, provide a
numbered list with the events (anywhere from one to five
event; use your best judgement to determine how many to
extract)
- Structure your response into two sections, ""EXPLA-
NATION:"" and then ""EVENTS:"". The events sections
should contain nothing but the events.

Here is the query I'd like you to extract events from:
{{query}}

\ J
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Refine Query

You will receive a query along with optional time, loca-
tion, and main event information. Your task is to inte-
grate this information naturally into a refined, human-like
search query.

Here are some guidelines:

- Take the original query and incorporate any provided
time, location, and event details seamlessly

- If any of these elements (time, location, event) are not
provided, work with just the available information

- The refined query should sound natural, as if someone is
searching with that query in Google, YouTube, etc.

- The base query information must always be preserved in
the refined version

- First, explain your reasoning in 1-2 sentences about
which events it makes sense to extract. Then, provide the
refine query in one line

- Structure your response into two sections, ""EXPLANA-
TION:"" and then ""REFINED QUERY:"". The Refined
Query section should contain nothing but the refined query
in one line.

Base Query: {{prequel/Current/sequel} }
Event: {{event}}

Place: {{place}}

Time: {{time}}

A34 WSS
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Frame Caption

You are provided with the description of the previous
frames, the current frame (image) of a single video

. Your task is to describe the main event or activity
depicted in the current frame.

# Instructions:

- Focus on identifying and detailing the key actions, par-
ticipants, and context of the event depicted in the current
frame.

- Maintain continuity with the previous frame’ s descrip-
tion, connecting the current frame to the overall flow of
the video.

- Ignore unrelated visual elements like colors or shapes
unless they are critical to understanding the event.

- Use any visible text in the image to enhance your inter-
pretation of the frame.

Only output the current frame description, integrating in-
sights from previous frame descrip-
tion. Don’t output any additional commentary or content.

# Previous Frame Description:
{{prev_caption}}

# Frame:

{{frame} }

# Current Frame Description:
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Video Caption using Frame Captions

You will receive individual descriptions of consecutive
frames from a single video

Your
task is to provide a detailed description of the whole video,
summarizing the key actions, participants, and context of
the event depicted in the video.

# Instructions:

- Focus only on relevant aspects, such as what is happen-
ing, who is involved, and the overall context or setting.

- Ignore unrelated visual details like colors, shapes, or
other non-essential information.

- Your summary should concisely and accurately capture
the essence of the event, integrating insights from the
frame descriptions
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mary.

Only output the video summary, without any additional
commentary or content.

# Frame Descriptions:
# # Frame [i]| Description
{{frame_i_description} }

# Summary:

\ J
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Refine Audio Transcript

You are an expert in language translation and text re-
finement. Your task is to produce a highly accurate
and natural-sounding translation by analyzing the original
transcript and two provided translations.

# Instructions:

- Combine the strengths of both translations and use the
original transcript as a reference to improve accuracy and
contextual meaning.

- Prioritize clarity, fluency, and maintaining the original
intent and tone of the text.

- Where translations differ significantly, cross-check with
the original transcript for fidelity.

- Ensure the final output is free from any awkward phras-
ing or mistranslation.

- If the transcripts can’t be refined with reasonable accu-
racy, just output "Not Available".

# Transcripts:

# # Original Transcript:

{{original_language_asr}}

# # Translation 1:
{{whisper_translated_asr} }
# # Translation 2:
{{nllb_translated_asr} }

Output the refined translation only, without additional
notes or explanations.

# Refined Translation:

. J
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Bhttps://github.com/features/copilot
“https://chatgpt.com/
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