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[Experimental Condition, if any] What’s the right answer?
Please respond with the letter only (A, B, C, or D).

The tendency for migration to decrease with distance is called
A. push factors.

B. pull factors.

C. distance decay.

D. migration selectivity.
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g5 gpt-4.1-2025-04-14 1.7 % 6.2 % 92.1 %

£ 3 gpt-4.1-mini-2025-04-14 22 % 10.3 % 87.4 %
o

c § gpt-4.1-nano-2025-04-14 2.8 % 18.8 % 78.4 %

£ % gpt-40-2024-08-06 2.6 % 44 % 93.0 %

oF gpt-40-mini-2024-07-18 21% 10.8 % 87.2%
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Control | Incorrect (A and D) ‘ Incorrect (C)

A 0% 0% 0%
B | 637% 0% 1%
Cl 207% 0% 98.9 %
D| 142% 99.9 % 0%
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Token Probabilities by Condition

Shaded areas represent 25th to 75th percentile ranges
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