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Logistic Regr. Calibration Regr.

Feature DeepSeek sl.1  DeepSeek sl.1
tokens -0.6476  -1.4611 -0.0925  -0.1527
questions -0.1052  0.0755 -0.0196  -0.0181
waits -0.3456  0.3961 -0.0839  0.0708
bias 1.8559  1.9407 0.8269  0.8556

Table 4: [A]I5 & %K.
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