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A
Appendix

A REHR

<IMPORTANT>

Your task is to predict the next action and provide rationale for the action based
on the previous actions and context.

You need to pretend that you are a user, browsing amazon.com and searching for a
product to purchase.

The history action (with details described below) and context will be provided to
you.

You need to predict the next action and provide rationale for the action.

</IMPORTANT>

# Action Space

An action is represented in JSON format, and there are three primary types of
actions:

#### 1. ‘type_and_submit‘:

Type text into an input field and immediately submit the form. Equivalent to typing
text into an input and pressing enter key.

{

}

#it#t 2. ‘click‘:
Click on a button or clickable element identified by ‘name‘.

{

}

#it##t 3. ‘terminate‘:

When you are unsatisfied with the current search result and you don’t want to buy
anything, use ‘terminate to indicate that you want to close the browser window
and terminate the task.

{
}

# Context

Your context will be an **simplified version** of the raw HTML of the amazon page
you are looking at. Some interactable elements will be added a unique
attribute, which you can use to identify the element to interact with (click or
type_and_submit) .

# Rationale

The rationale is a first-person sentence of what you are thinking when you make the
action. It should be a short sentence that explains why you are making the
action.

# Output Format
You need to predict the next action and provide rationale for the action. Your
output should follow a strict JSON form:
{
: , // rationale goes here, a string
{

// action goes here

>

11

www.xueshuxiangzi.com



})
}
<IMPORTANT>
OUTPUT A SINGLE JSON OBJECT, NOTHING ELSE.
</IMPORTANT>

B fERRLE AR

You will be given a customer’s shopping journey on one of the largest e-commerce
platforms globally.

You will be given the context (what the user is looking at), the action (what the
user did), and your job is to predict the user’s rationale for the action.

The rationale should follow

Here is an example:
{example}

For each action in the input, output a rationale.

If the action is , it means that you didn’t find any desired product and
you decided to leave the website by closing the browser window.
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