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a) Reconstruction Pre-Training
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b) Demonstration Collection

c) Goal Conditioned Diffusion Policy

d) Pot Boundary Labeling
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BHIP 2 E R . BRI AR R AT T =007
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CD [mm] EMD [mm] MSE [mm] CD [mm] EMD [mm] MSE [mm)] CD [mm] EMD [mm] MSE [mm]

Binary Pred. 9.1 &+ 0.5 7.8+ 0.6 0.02 + 0.02 7.1+02 6.3+£0.5 0.05 4+ 0.02 7.9 + 0.0 7.2 +£0.2 0.87 + 0.18

PointBERT Cont. Guid. 99+ 05 92+£05 0.02 £+ 0.01 73£02 65+04 0.36 + 0.06 8.2+ 0.3 7.2+04 1.29 £+ 0.68
Sub-Goal 824+03 6.9+£0.5 0.04 + 0.04 954+ 06 87+£1.0 0.73 + 0.07 9.9 £ 0.8 9.5 +£ 0.6 3.48 £+ 0.62

Binary Pred. 9.2+ 0.6 8.6+ 0.7 0.18 + 0.09 72+£03 65+04 0.10 + 0.10 9.9+ 0.4 9.3 £ 0.7 1.38 +£ 0.54
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Binary Pred. 28.4 + 2.6
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