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Suggestions to consider:

[ ] Status distribution by amount

[ ] Loan vs Default > average (by district)
[ ] Status for loans > average
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Feedback Integration
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Data Analysis Form °

Please briefly type in the question you need to be answered based on the avallable data *

lents with significant loans

Forgive our curiosity, but also let us know the data based decision you intend to make based on this information *

loan accounts fikely to default

Reasoning Information from Gemini Flash 6

The financiel_loan ta / selects the account IDs from the financial_loan
table. SQL Query:
SELECT "account_id" FROM
Here is the answer to your question </>
o SO Guary

Found 10 rows

account_id

19

25

Also our system has these suggestions for you, to further refine your decision°

Select one or more to run as a follow-on queries to run:

unts with an amount greater than the average loan amount that are likely to default,

n.status equals 'B' or 'D') compared

contract, client in debt' (financial_loan.status

Based on Initial Question Only

Based on Initial Question & Refinements

Summary Summary

The model provides insights into loan defaut risks by
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VeriMinder Improvement Over Baseline Models

Direct NL2SQL
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