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Abstract

FATHR N T — AR B iy vk, T 2o —
I A 2 D EEL (ASA), X2 2025 4FK) Speak &
Improve Challenge FF &1 . FA 1RGN EZRIHTE BEW i
i — A Whisper-small hth #5403 A PUA 11 0]
&, WR R REREAIAGE, FFHNRZL .
XFPIAG T T AR TR B R 752, b T A
WP, (S ASA FERBTHE AR Bt = 2~ RGeSk
7. RATMWAESG ST 0.384 iR (RMSE),
T CA AL (0.44), IR Z M 168M 12
¥ (#,5 Whisper-small § 70 %) . H4h, FAHEH T —
PR SRAE SRS, RERIAL BB RE T 44.8 % IULIE
N B, 3T pAikF] 0.383 1) RMSE, X RWIZEAT-
5 PR BRI DA B 3R A B ROR

Index Terms: automatic speaking assessment,
computer-assisted language learning, L2 proficiency,
Whisper
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Table 1: A F %A FL EyvE—iig A ID 5 % %y
SMATHXADI i&#% (TRAIN + DEV) #aik,

Dataset version Unique speaker IDs % of corpus

Standard 1684 77.2 %
4x 1871 85.8 %
OE 1134 52.0 %
OE+OE 4 976 44.8 %
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Table 2: A a4 bt B SLA KA %K. 8 4z. OF #o
OF ¢ R XAT % 2 PPk ey bfoF LR E. &K
111 A AR B FRARR R * AR,

RMSE RMSE. %<05 %<1.0
Baseline 0.440 73.7 96.7
AVG 0.384 0.698 81.3 99.7
AVG-4x* 0.383 0.717 81.3 99.3
AVG-OE 0.387 0.613 81.3 98.7
AVG-OE+OE 4 0.386 0.618 80.3 99.7
TF 0.372 0.637 81.7 99.7
TF-4x 0.384 0.675 79.7 99.0
TF-OE* 0.388 0.626 79.0 98.7
TF-OE+OE 4 0.383 0.597 79.3 99.3
Submission 0.384 0.716 81.3 99.3
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Table 3: A E MR ZILEZT ETRM>F TR (25 =
N EARNE PR,

At %>0251 %>051

Dummy speech

AVG  0.120 16.7 1.0
TF 0.308 63.0 10.3
Part swapping
AVG  0.000 0.0 0.0
TF -0.012 0.0 0.0
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