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Table 1: MR B ) 79 [] SR A0F-45 525 H o 4L

Model/Framework Metric | Buildings | Water | Trees | Roads | Average
NN Recall | 75.01 | 73.03 | 96.61 | 62.91 | 76.89

CPS with Dist-Diff MIoU | 42.01 49.65 | 56.59 | 20.32 | 42.14
cPS Recall | 75.09 | 86.96 | 93.41 | 62.80 | 79.59
MIoU | 4034 | 10.70 | 64.12 | 20.66 | 33.95

. Recall | 39.91 | 66.84 | 86.34 | 39.40 | 58.12

GenSSL with Ens MIoU | 2975 | 42.70 | 69.28 | 17.76 | 39.87
. . Recall | 43.41 | 72.44 | 86.19 | 40.17 | 60.55

GenSSL with Ens-Diff MIoU | 27.37 6.70 | 69.28 | 17.58 | 30.23
. . Recall | 49.47 | 84.61 | 92.29 | 55.11 | 70.37

GenSSL with Ens-Dist MIoU |  31.06 413 | 50.30 | 17.95 | 25.86
. . Recall | 54.96 | 89.61 | 84.77 | 53.72 | 70.79

GenSSL with Ens-Dist-Diff MIoU | 23.43 2.37 | 4753 | 17.01 | 22.59
o . Recall | 54.08 | 63.69 | 93.74 | 44.99 | 65.38
Distribution Aware (No Post Processing) MIoU 36.71 50.14 | 58.07 | 19.90 40.96
. . Recall | 38.92 | 63.8% | 79.80 | 36.65 | 54.81
Difficulty Aware (No Post Processing) MIoU | 29.73 | 51.36 | 66.84 | 19.27 | 41.80
Deenlabya Recall | 59.90 | 57.44 | 51.72 | 41.00 | 52.52
ceplaby MIoU | 36.33 4118 | 44.35 | 17.99 | 34.96
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Table 2: yEA5Hr I -3 R IR0 3 78 55 1 53 2548 fk
| Classes | Hyd 2020 class area ( km® ) | Hyd 2023 class area ( km® ) | Area Gained/Lost ( km* ) | % Change

Building 8.2146 9.0611 0.8464 10.3046 %
Road 11.2745 14.8226 3.5481 31.4704 %
Water 0.8232 0.8023 -0.0209 -2.5389 %
Trees 10.1444 7.0209 -3.1235 -30.7904 %
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