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Algorithm 1 TeEFusion ZE AR .

Require: Teacher model €g,. , Dataset D
€gs < €9, > Initialize student using teacher weights
while not converged do

xg,c~D > Sample data
t ~Ul0,1] > Sample time
w ~ UlWnin, Wmax) > Sample guidance
e~ N(0,1) > Sample noise

xp = (1 —t)ao + te > Add noise to data
€op (zp,w,¢) = (1 4+ w)eap (x4, t, ¢) —wegy (x4, £, D)
> Compute target using CFG
if Reflection then
€0 (T4, w, ¢) < Refine €y (x4, w, ¢) using Eq. 3
and 4

end if
Compute 2 ¢ o using Eq. 7
Laisn = |l€os (¢, 2t.c,0,w) — €00 (24, w, ¢)||3 > Loss
€hy < €05 — V" VEBS Lgistin > Optimization
end while
return €gq > Output the trained student model
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FIBOMREA . AR fEL R DA IR R .

. Prompt Group
Model Method Cost Anime Concept-Art Paintings Photo
Teacher
CFG 2 x | 30.78 30.06 30.28 27.93
W2SD+CFG|6 x | 31.96 30.65 30.67  29.76
SD3
Student
DistillCFG |1 x | 31.14 29.52 30.03  29.04
TeEFusion 1 x|32.37 30.88 30.74  29.84
Teacher
CFG 2 x | 30.65 29.27 28.94  27.99
W2SD+CFG|6 x | 32.23 31.29 31.22  29.93
1.-T2I
Student
DistillCFG |1 x | 30.80 29.41 29.14  28.79
TeEFusion 1 x|32.39 31.34 31.27  29.96
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Table 2. %F CLIP 35} fil DPG-Bench (%) HyERE5H . T i R W AR ) B QTR R R B BRI pBe, S 356
ML i SRS AT AR S B ASER IR 5T . 10 BB R I

DPG-Bench
Model Method CLIP | Global 1+ Entity T Attribute T Relation 1+ Other 1 [ Overall 1
Teacher
CFG 34.93 85.71 90.84 87.79 93.58 86.40 85.09
SD3 W2SD+CFG 34.96 82.98 92.13 88.60 94.24 91.60 86.56
Student
DistillCFG 34.53 81.46 90.47 87.85 93.42 84.40 84.13
TeEFusion 34.63 81.76 90.60 88.11 93.15 86.80 84.56
Teacher
CFG 34.25 83.89 88.08 88.07 91.57 76.40 81.88
W2SD+CFG 34.62 82.37 91.41 89.08 93.73 78.80 85.20
In-house T2I
Student
DistillCFG 33.38 84.50 90.21 88.24 93.54 80.00 83.52
TeEFusion 33.81 84.19 90.08 88.56 93.73 81.60 84.13

Table 3. i N#EP T2I 4543k E 3hiE iR % TeEFusion
AT, TeEFusion /) “Config” #5% T HHE 7
CERANI R E

Config Metrics
HPSt IR 1 PickScoret CLIP 1
DistillCFG 30.80 113.12 22.42 33.38
G@(w)) T ] 31.05 116.39 2249 3359
GY(w)) Flc—@) | 32.39 128.50 22.68 33.81

TEATR] w BT 7 A W BB 2 R AL SE B s A R

g1, BeAh, HRERE w =5 I3RS T iRm ) HPS fil
CLIP 7% (LK 5a ), XXM T RIZE
BT I RIS R R M. FEAR R w (BRI
DR UESE T TeEFusion 7E7 85 328X i
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Table 4. T FI N [F] SRAE SR BEAT 28 TV AT 98« E5F
NN, BATER TR SRR, 8 4TER T
LRGN TeEFusion, $574: NEE T21., $#2R: 3hE.

AN, FEE 6, FATER THIRAR w EFE 2 .
—NEBRMESE, H TeEFusion ZRGHHRA w KL
W F 40, T DistillCFG fy ) 52 £5BH & 3 B8,
XA PAHEF TeEFusion #AMIH TRE ¢ — 2 IE

Sampling Cot| ps 1 1R 1 Picksore 1 CLIP 1 BB AT S TR T A
Euler + CFG 2% [ 30.65 118.05 2279 3425 Joihb.
TeEFusion 1 x| 30.61 117.29 22.78 33.58
Z-Sampling+CFG | 6 x | 31.99 125.42  22.61 3447 7. £5 RS PR PE
TeEFusion 1 x| 32.01 125.07 22.65 33.62
W2SD+CFG 6 x | 32.23 12756 2249 3462 TEASCH, EAINE T —Mm 20 257 ik TeEFusion,
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