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Abstract

HBEEE#E (ST) 455 T 8ok
Z )R, ABTETE ) P AERR R AR TE S 2R
e MNERY . TEX T, MEirEoE
FEE TR AR RN A S ST A
Arp, SR, XL BRI LR B R
FH 2 M P ) TP B AE, I HOR R
SRR . R T fRYGX SRR, A
SCEREH T A TR E B R R B AU E ]
HRERE. BE A SHE R P
TARENES B, DUEREmE, R
HH /DX ST BRI L XER. WG, &
R 5 o) AR TE N SCAS T
FRECN R HR, i ST BLAYHERH L FE op
REMS W G R AR TR AR . RS A
R SEE G R LI, FRATHY Ik RE %
A R E AR RS, R R E
BP0 BB 28, () I {5 e 1% 3 ) M
PEPERE. FATH AR FIE PR HE https:
//github.com/DeepLearnXMU/
Locate_and_Focus_ST E#Hft,

1 5%

HIEEEMIE (ST) BLERIRE S MG
PR HARME S R SCAS, Imili ki3 1
B RAGES AL (LLMs) (Papi et al., 2023;
Gupta et al., 2024; Peng et al., 2024; Hussein et al.,
2024; Sethiya and Maurya, 2025) H Bzl . R
FOBUS DR, (B B ST BiBAE
ARIEREE T AR IAE, WAL 4
S, TR R AR B AR 1B AN L A A K
L (Ailem et al., 2022; Semenov et al., 2023;
Bogoychev and Chen, 2023; Conia et al., 2024;
Yin et al., 2024; Liu et al., 2025) .

R T FRPEXAS L, BTN BB T A s
FANPRIERRR . A 1 s, X
ERECTLAHZEH LR AR 1) i
#4A (Gaido et al., 2023; Chen et al., 2024) ,

BRI SCAR AR KRR

b ERC, PABRfLZS ST #i%l, 2) Retrieve-and-

Demonstrate (Li et al., 2024a) . X Fh 3w 208 16

*Work done during internship at Tongyi Lab.
t Corresponding authors

2 AR B Ay 5 U5 1B AR R R VB 18 ) - B
PR, SRJERFEX LN T S0 2 s 148
fi£ (Brown et al., 2020) .

GRS T —2 ), (B BRI EM
Ak — BT, BATBIATKRENILREER.
BRI, W SR A A B EARTE
AL, EEARFETFZAHENE,
“THERIRE” M st Er, e 1 pos. mks
R G AAGR I EA-BE A 5 ARE
i N o T 17 O 11 e 99 N TR R
HRREEWER” . H—JH, BTHERSE
VLG IANIE], ST BLAYHE DL 787 1) H i iR
o HE, WESEAEMCABET A
BEAHNH, X HFEEMNEIRSHEEEER.
WAk, XFTRR SR, MREIPIER RN E
AIIEE R AR UGS, BARRR &
TR B, AR & SN EREI RN H DA
B ST iy ARTE BT I B R P

AT R SRR, FRATTER T AP )
HETREESHEAMAREME L, o8 8
(LS RE” ik, S EEIEWA KL IR,
AR BOE G BRI BT sh i Dk =y
W5, MBRIEENR RS RO AR EH E A EA]
TETEE A & B XA R
REVEFEA G &1 TR ARERER S, A
WK BTG B EIARTE R R
PR IR G E IR SCATE N, RFBIEA
WS SR KA, [eibiE& RAUE
FHRARET AR, AmE, AR
AT CEIA 518 B BORr e ARG 2R 3] 1) B
WHPE S BB XA R T IR TE AR 1
HHRIL I F RiEE R B, MG | giEa R Al
HE AR TR R . A, RATE G
B RAUE F B BRI Z B — MRk
Pic, AER T EIERR A H IR PE R .

YTk =2 GG A 55 AR TE B R B 4
FRATNIE B ST idisE CoVoST2 (Wang et al.,
2020) . MuST-C (Cattoni et al., 2021) A1 MSLT
(Federmann and Lewis, 2016, 2017) Ayt 4E 17—
ASE RIS . B AR 5 0B S SCH
JOIE R BRI . SR, AT
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Collect-and-Integrate

Term Dictionary Utterance: |||1 \lnll\‘\
Collect [Terml: {"en”: NLP. "zh: IPABEANE), | Integrate | Gontent: fion' NLP, 70" ENAAVESREE]
Term spee ation, "zh": IEEEPIE]. {"en": Edge Computing, "zh": i1 e
erm3: {"en": Edge C g, "zh": DEHED Hypothesis:
Corpus Term3: {"en": Edge Computing, "zh": I35} ! . .
’ ZRIER T BRAESANERA
Retrieve-and-Demonstrate p
Retrieved Utterance: Utterance: "l' i '”‘ |
Retrieve Demonstrate T st bt et et At §
Translation: iContext: Retrieval Utterance: ;
BABSIENTUADITRES {Translation: ERPAEESGNEN FYADHHREE |

g (NLP plays a crucial role in text analysis.)

Hypothesis:

Locate-and-Focus (Ours)

R T BRAESEERA

||||||n|||||

(The sofitware utilizes NLP technology.)

Locate | Speech Clip: |||I|I-II||‘|
Term: {"en": NLP, "zh": ESATE S0}

P o :
{Term: ("en”: NLP, "zh": ERAIEESANIE) |
Hypothesis: T

Utterance

ZERHER T < Term - BABSAMER AR

Figure 1: Locate-and-Focus 5 A I ZER . FATH KO RFIREGREMIFILRIEE . SARERIE

FH S A FRIBR R Ay (0 S R
EARERRCE B R PR, B5Em TR
?ﬁ%%ﬁ%%,#%ﬁ?%@%ﬁﬁﬂ%ﬁ
HE o
M, BAHEX I TAE B ook 32 24 =4
7T :
o AT TR S REM T EH T AREHR
B, AR RS 7 A S ARTE)
HE R BORWBA T RAGBMGIA, Bfefh
A | S R E A BRI
o FRATTH BT — A 1 T A A ORI RH R A
£, PAVPAG B SCRI 33 S0 Ta) AR
TERE I RE
o SLIREERRN, FRATHY VA RENS HER & L
TIE RS, AR 3 S AR TE B
Frit, [ ERE— R B

2 HBRILAE

SIRATHBFFAH W) TAER 55 AN Py -
FEF SR ARTER . FEXPEL T, £
FEF PARE S =R KA. R MET
Ak fiE g ot A (Hokamp and Liu, 2017; Post and
Vilar, 2018; Hasler et al., 2018) , i3 EBE xR
218 B BRUIRAS B ZhL ke e — 2ok, KA
W FEEET R R AR S AR RO
W 28 25 K 145 B (Chen et al., 2021; Wang et al.,
2022) , AH [ 2% 2545 ) F AR Ak ] f B i) AT
MYE. &)a, BoRysm ik ads b ALRF A
RIE . SO EAERER G, i s
SCASFN H A SCAS R TR A TP AR R gk AT
e IR IETEM AT, ERE R
Wi SCARF )RS (Dinu et al., 2019; Bergmanis
and Pinnis, 2021) . Jt4), Zhang et al. (2023) 4%
A G AT AR ASIE RIS AP 4558
&, Placeholder 1 Code-switch A fE B

e T B4 ST, A REE i 1 &8 7 B 4y
AR BB A] BE R EUS BSOS — B M
Gh, X SRR SCA AR S BRI I R R
IITEARE, FATFERZL AR oI T 5k
Fric R e AR TR 3

EEAESTRAREME. 5ETCARPAR
HEIEA L, B TEATEZMES, HE
AR 55 R T AL S N A2 A% . A i B i 23
EH IS (ASR) H1, Lietal. (2024b) 5|AT
CB-Whisper, i 12t FF BRI % B 7 I >R 41 5]
AiE. Huetal (2024) #1117 VHASR, iXi&—
MEHSET RN RS . EEEEES, R
)R AR B i Fp e = e 58 G
(Gaido et al., 2023; Chen et al., 2024) fi{G &5
JE7~ (Lietal., 2024a) . {ENEIE A FE, Gaido
etal. (2023) $E i T Akl gy, H TR SCA
ANiE G HIAEE S+, O, Chen et al
(2024) 515 WA B 1) SCAS B35 DA 2R BE 1 7K
FREAFIHRN D, DATE BRI A AT ARG B
IR, IXEETTVEF R TIAZ BRI R PR H
Ve EEEAX A, Lietal (2024a) KRG
BT, JF bR SCaE > B R RS R
AES1,

5 EARBFRIE ST, AT TAEA A X
LY. B, BEREEA ROIR A S ARIER
AR R B, AT . R,
FATHY VA S LAY S35k FOBUBLAS ) Bl 101
o PRFATIEN, FATEEH—A i b ) ARTE
B R, ATDAR I 7570 H 2 BIAS A S 40
WS B Z BN TS KA.

3 ik

FEARTTH, FATFRANHE T HRATR B TIE.
Wk 2 s, AT TR EEAAREW A 5K
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Reterival Pool

Utterance
||||||--||| |
(The software utilizes NLP tech 2,
6 Speech Encoder

Max similarity

size =3

S
Similarity:0.2' 0.3 0.6

*.__Speech Clip

Step1: Terminology Clip Localization

||||||n|||‘|

Utterance
' ||||||--||||

(The software utilizes NLP technology)

S TR
Audio: ] | | - Ed :

Text: NLP

Translation: ESAESAME

Replace

: -
Audio: '“'l""ll‘l m
Text: NLP

Translation: BEAIESAMNE

Associate

Speech Text
Encoder Embedder

Hypothesis

SRR Term> EAEEANERA }

Step2: Terminology-Focus Translation

Figure 2: YiR “TEALSG A" Tk, WHEEAREIEEARTERERIFESR. MTaEmiit, 55—
SRR E AL E AR ER TR TN S o . B, 55 Al E R e, R SRR A A O
RSB ANRCBORER . X s A R ARTE Z BT <Term> $R%%,

HIH
ATE R BOE N AIRE R ER]IE. RATGAET

3.0 32 PR BB, AT 22
P DI B

3.1 AR B

EHA RS, AT BRI R EIE PR
W, I AR E N B B it
TETETE 8 AL SERTEM R R B, T EIE S
BT DATE 25 7 b 3R £6 T3k 2 B 4, AT
AR i METE AR B

WP RNANBRIEARE, kR, H
BN TTRE - DARERIFEMH=T4H K =
("Ev ¢, y) y ;H\:EP x%‘%ﬁ*lﬁ‘ﬂ@j&?lﬂ%v C%‘E{i_\‘
HN R s B, y RERHERE. B T7ER
— N R R AR T S ESkK &R (Li
et al., 2024a) , FRAIMEH c T35 T 2 REWN
AR i A) w AR o

EakeR. BT HAZENEEEHUEAR
W, HIE B o A u Z R AR U DAKS 2R
AR RAPREMER . AT Ryex A, 3,
TR T —Fh BT 38 3 % 1 A (P DT fd
W5, TR EhRER . R GENE F AT H T
SEARRIE, B REE LR A T i ] BE R AR
e B

BRME, WO IESRSE SE X ¢ #
u TS 2¢ = SE(c), 2" = SE(u) , H
z¢€ RID R 20 e R Fo% d 4 A, K
GyRR el B ul o B, FRATEEH—DI/NA

A BT H AT #E

o] BN LGN B 1A u AR Y
I (2 2y g o FEATRA, %
fi1E = A 2° ERFTIROCHE, SRR
AR LA o AR R u
¢ 2 IIIHIDMEE . TR AT ¢ thBAE u o
TR, B RTE S L O

sim(u, ¢) =

max{Cosine(MaxPool(z¢), MaxPool(2"))}
K

e

TR, FRATETXE AR b By B iR

=LA RARER Y

IR A B 1Y

HI k=7t A X =JeH AR A A
e BIAET IR o A, FRATR 5 B R
R TGS T8, R R TS B

A s, X
3.2 ARiERERE

ATAEE AR,

TERCAE IR, ATHIE TR, RFEIEA
TS VB I SCAASEAES A B 3 1 A R 38 5K I
K, AT R AR T A 5 BRI

e 2 B, JATE SR E 2 A R
=ICH K = (z,c,y) TR O o By E
CEATEE BT s, AITE BT EIE AR =T
LK = (x,5,y) . SFPEHEIE T,

1323
WHE,

AT A AR PE T AT A AT,

HHSREGER RIS M. AXELHAFE, S
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(38 TR R 28 AR BB 8 6 A (] 1) P A R A
i LLM A Ab BT I8 215 A 5 1
BT AT SO S A B BRI RS
FAHRAEXA T =Je M B, 5
TR u R R AR TEE LLM 19452

N TR RERARTERE, RATTIA TR
RGP SE s, IR S R AR 1]
AR BRI, FATE RS ARG
BRI — R IR PR IC <Term> KA Uk
B Z% . K 2 s, BT “NLP” 2—
AR, 2% BRI NLP 5oR” FFgizeg
N BRI <Term> NLP $0R”. Bim, 311
{5 5K 248 A5 B N 258 DA 11 11 75 X 2
EE RS, WX, MiEE KRG
FBRRAEHER I AR I <Term> I, BN
T R F R SN IR = ool K7
PAMERR B AT -

R, ARSI, RAOTRATE R
BOE MR RE ST A N TE &
B, b i H 55 DAARTE b vl i 198 25 BRI 2
Ho B, FAMKKINGRX A

ARIEFREC AL BRINGRR B AR 2tk SE 5
FATHIH SRR ITIER 5T Ry TR E— KL,
MRS e ) A7 SEgR. AL, &
IR A AR Lse AR KA BRI
AR TR] IS /M B B AR (DL -

esim(u,c+)

esim(u,ct) 4 E?—l esim(u,ci_)

Hodr ot FRARESE v I IR TES S5, W
RIEBL, T c; FoRE i DFEVLRFEAREE
EOE, B .

B fe, FRATUN SR A& YT ARIE B RH 2%,
T PRAE R PR A BB S A 250F B2 ) B 1
iH. RG22 aiAHF9E (Rajaa and Tushar, 2024,
Chen et al., 2024) , Fk{1W ff] LoRA (Hu et al.,
2022) AT . IEXTE, FATE AR
AN A BRI 5 2 RN R LLM, R
JR

Lsg = —log , (2)

N
1
Liim = N leogP(w,-]K’,u,wQ), 3)
1=
He N 2@ HEE, w2 HirSH,
P(wi‘K/a u, w<i) % w; E‘J?)ﬁ{}ﬂ\u%%o

4 Bimcs

BT Y H TR BRI A S o Sk 2 AR R
WEFEANR, RGBT —NR T THTARIER
PEEIEEE . Aok, RATMBAR ST %
P PR, 35 CoVoST2 (Wang et al.,
2020) . MuST-C (Cattoni et al., 2021) FI MSLT

EN — ZH EN — DE
Split # utt. #term.  # utt. # term.
CoVoST2-train 10000 14191 10000 14664
CoVoST2-test 671 1227 656 1270
MuST-C-test 220 335 220 355
MSLT-test 213 294 164 280

Table 1: FRATIEMEIHREN G IHEE . #utt. IR
TIEREE, # term. R AEREE .
(Federmann and Lewis, 2016, 2017) . A= 3%k
Pl R T OB R SCRISE B AR T Y
FRAEAR B

RS —H bR, FATH A Qwen2.5-72B-
Instruct (Yang et al., 2024) M I A ST %t ¥ £
) 3 SRR I TP PR B T R EX, RE AL
oz A $ U ARTE XS AR AR BT & . S T AT b
XHE ST, FRAVEHH SCAZEYE (TTS) ARA
CosyVoice2 (Du et al., 2024) A= il ARG F) KT B 15
B hH B N TR GBS R, IRATR
F ASR #i#l SenseVoice (An et al., 2024) ¥4 5%
ERE S B, IR S s SR AR BT
. WEEENE, ATHIREAE B
R 3 B/ NUARTERIE S B TR
J&, FATEHEAT N LA A% DA — 2R R B
Fif. RTINS FER E 2 47515 S 0L
g C .

FATHCE R BAHR TERE 248 1 . XT
CoVoST2 (Wang et al., 2020) , FATEE T4
LA AL £, 1% MuST-C (Cattoni
et al., 2021) I MSLT (Federmann and Lewis,
2016,2017) , FATHUEE TSR E .
B, WAIMURBESARENTIE A, EESE
AR, WAL CoVoST2 Byl Zh s 4T
BLYIZE, 1M MuST-C F1 MSLT HI/ESE 4N
M o

5 9

Bl BB AE I AT S g, FAT A
Whisper-medium (Radford et al., 2023) 1E A1
it s, Qwen2-Audio-Instruct (Chu et al., 2024)
VEREE LLM., fEYIZhiESdmidan s, 115
MEITER 4 DA, FEET 3 AR R
i, R T HRIES LLM i, |RITE
J5 R 1) CoVoST2 YA 5 ARERIFHIES &
AT X T R EAMBRIRFR A A, K
T FAESS 4 A B e . A Gk
—BHYSEIANY, WS A .

FAVE AR B E TR R

TERATH ST, FRATTEEH PR [ 1
K oRiER LLM AR O TR AR A
IR AT w2, 175 08 7 PATH 22 4K
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EN — ZH EN — DE
CoVoST2 MuST-C MSLT CoVoST2 MuST-C MSLT
TSR BLEU TSR BLEU TSR BLEU TSR BLEU TSR BLEU TSR BLEU
Base Model 24.12 3582 27.61 2573 3980 31.30 40.38 2635 5324 1433 49.72 18.10
Translation Training 2730 40.66 32.68 27.02 4524 3148 4552 2936 4831 2045 60.79 19.11
Oracle Knowledge Setting
SALM 76.53 5597 69.01 32.10 68.03 31.81 8591 43.64 7656 21.15 7230 16.16
Retrieval-and-Demonstration ~ 60.88  50.22 58.87 30.18 70.06 31.34 5795 36.09 57.06 1946 5395 15.18
 Locate-and-Foeus .13 5849 9409 3452 0184 3376 9635 4560 8785 2206 8633 1730
w/o Audio Replacement 89.67 58.37 90.07 3343 9150 3325 9383 4520 87.00 2120 8537 17.07
w/o Tag Cue 89.00 5825 88.17 31.09 90.14 32.05 90.74 4497 8594 2136 8374 17.24
w/o Replacement and Cue 88.59 5832 86.14 31.44 89.14 30.05 91.00 4329 8192 21.88 76.61 16.67
End-to-End Setting
SALM 2820 39.82 37.18 27.16 4640 30.27 41.17 31.16 4831 15.02 34.17 835
Retrieval-and-Demonstration  32.93  41.02 3831 26.87 56.80 30.54 4537 3240 5197 1605 52.88 1548
 Locate-and-Foews 6553 4930 7578 3135 75513058 7712 3966 7740 21057266 1695

w/o Sliding Retrieval 58.02 4482 7291 30.72 7239 28.10 7149 3898 75.14 2092 70.02 1635
w/o Audio Replacement 63.49 4952 7462 31.12 7391 3224 7525 3921 77.11 20.60 7194 17.05
w/o Tag Cue 63.73 4878 7291 30.74 7295 30.08 73.28 3936 74.62 20.83 6998 16.36
w/o Replacement and Cue 6295 4873 7126 30.79 7176 3042 7054 3793 7298 2029 69.86 16.37

Table 2: K[ ARG B ARERIIF T AIPERE LR, BTN ki 2 A

PRSP RE -
PEATIH BT -

s AW R. EXTEET, Rl
MR R TE S 1HE F B 1R
HRIE, AR AP i Bh R
Jiiko

o TCE . IR RRHE R B B AR =00
A EBAR LGS LLM, 1A (1 A3
TR B P BO e TTS A28 5451 o

o JebRSETER . FEMAR AT, AR Zhad
REFHERR T ARIRIRAE , X R R
ANRESE PR IR DR VDA 7 A TN ] Fi
HATERE

o RN . RGN AR T, ot
AR T E U AR AR R -

N T VR R YERE, FATEN Hits@N ¥
FRIER T H R B RS n MERER A,
Horpn RSB 1. 5 8010, S TR ARTER
BEBE, B LARTIYATSE, FLATRA BLEU
FIARERIIA (TSR) o RIEMINFREM T IE—
IR HER R ARTE LB

W 2 P, Tl TAFRIE AR A
fvERE, AMHEATT AR AT 45iE

B, SRBtANEEIEE AR AT A R R AR
WA ISEN R . 7E Oracle HIHRBCEH, B4l
BN RIR 5 IEA T B R o i
NZRIER AR XL i B RE o0t
TABAIARTER RN 2 NS EARR . BATH
XA TARER R, (ARG HAE Nk
FXEDAIRE . DRIL, BE G AN — R

FMIE IR SCAARFOR B

L GURI

HVR AN RIR A o 0T A Y AR R 1
ZORET. FEm B i B, BN, BT s
A TOE S SR E PR ARIEXTFF, SALM
PR . 3T R 2 A9 7 YA L TAT I 2400 1)
. TR ZRESERATEE, ‘R SR
FEMTERE WA BT R, 7E CoVoST2 J&ifi |
ORI AR AR 4 A 60.88 [ & 32.93,
I, FATA 2P m A R MR T30
ARIERN DA

%5 =, Locate-and-Focus &k | I A W 5.
7E CoVoST2 Juid g du AL 1) i B i i L, &
STHLT 65.53 [ TSR, 2% 15 SALM 1 28.20
H1 Retrieve-and-Demonstrate 1) 32.93. 1t4h, 5
I R B AU L, el BT
=il BLEU 43400, 3X A o035 BT - SRR
HERRRIIE, XX T RIARNIFE P 2 R E .
B, FATPIH AR T RAT TR
MNP EZEN. RO, T2 BREin
Bt e SR, eSStk E T .
4N, FE MuST-C JeiipFidia££ 17 Oracle 1M
WET, BREHESS TSR M 94.09 B
#90.07, MBERIRESFERN 2% 2 88.17, [H]
AL R W Wk — 2P [ 3] 86.14. [FIFE, FEKR
ok RS SRR TR, ROTRHEX S
R MR XK.

51 Ki#kie

BT HRZ AR EERLE F-H ORI, A
MR ITIE S EAMACT A TR, Wik
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80 79.22
70 68.13
62.43
60 56.97
n 49.96 I
® CwoommnEnT 55.75
2 50 _ommnnT 51.26
k= omnTn
383 ___omnn
T a0 et ies
39.28 34.8
e
30 .
] MaxPool
.~ ’
20 ‘/'/ » - MinPool
7T —4-= AvgPool
1303 o Sliding Retrieval
10 y T T
27 112 408

Parameter of the Speech Encoder (Millions)

Figure 3: fifi Fl A [\ K /NAY 1B 35 2 5 2% 09 5 Y5 10
Hits@5 73 $ 4K .

CoVoST2 MuST-C
TSR BELU TSR BELU

EN — ZH

Top-1 51.67 47.63 58.02 29.90
Top-5 65.53 49.30 75.78 31.35
Top-10  55.01 47.57 60.56 29.45
EN — DE

Top-1 63.89 37.62 69.49 20.90
Top-5 77.12 39.66 77.40 21.05
Top-10  69.52 38.22 69.77 19.74

Table 3: FAVTIEAEAFIR R ICE TR, H
Top- N F/n &1 iy N B AIH =04l

k& 22 FraR, A 7 YRR R AR R A B S R
YIZRES dntay . SLIREE R LM, AT
7E Hits@1 |S2EL T K2y 60 % WIHERGH, £
Hits@10 |2} 85 %. 53T kv Jr A
W, W BRI AR YR B3
it .

AT IR UETRAT AN LA AL
PIA R, FRATHE CoVoST2 i +4E I
PEATS2ES, {4 ] Whisper-base (24 27M %k .
Whisper-small (112M Z:%§) . Whisper-medium
(408M Z%%) 1B st 2 . WK 3 Fin,
FRATH) T YEAE T A AR B A AR s A (e
AR PERE .

ENIBRR R EER, EIREAMUES
TR RYERE, AR E AL T M T8

Bro A TIRUEHARNME, RAT & A5

Bei AT 17 AT VAl .

FATAE ) 3% o B 48, R il Whisper-
medium &AL B ARTER ES B . BE
T N R LG IE X 2 F B2 S ME R 4 H
FrpARE, MM EIRATRER T A IR, 4R E
N, BRI R KRS, fE CoVoST-2,
MSLT H1 MuST-C % 4 _F AR B B 2 %

I R Whisper (9488, I i 210 2

EN —-ZH EN — DE

Base Model 38.22 23.61
Translation Training 43.64 29.79
SALM 43.39 29.47
Retrieval-and-Demonstration 43.08 29.43
Locate-and-Focus 43.48 29.62

Table 4: ZEA7RUE CoVoST2 il i 1Y 1 fE «

235012 88.10%, 92.56%, #i193.98%, iESZT
W RS AR E 7 _E R R

=R 3 Fw, AR T AES KAOEF
B AN [ BB 2R 3 38 SO AR 13
PERERI SO . S5 0L3RE, T top-1 K& iEH
FI 2=, 1M top-10 WA top-5 AL X2
K top-1 K R HERA R 25, Hits@1 7EH3%
H1 3 CoVoST2 %idlidE L {GAH] 61.04, HIEAK
F 76.22 f#) Hits@5 F1 85.00 () Hits@10, 13
2? Ui . R top-10 K ZR IR B B 14 4 R
BWEIAT EZL TC KA SCHEME . M,
top-5 F 2% 38 Ao LM RS A D )3 SO R 2
T—ANPAT, IMTSEEL T BT RE .

52 —RiERA

TEAN Y, RATHFGE T 1G98 A B R HE 7 0
T R PR AR B AE S . FRATTHE AR
CoVoST2 i 4E b #4771 4T WAk, BLEU 4y
B 4 Pron. SR EN, AT &
AALHEFR B ARTERFAL S P RN F, R
LR T o ) o R R R . B, 3R
I1#) Locate-and-Focus J5 ¥ AEFE RPN 4 -
BU% 7 43.48 1Y) BLEU 434, 42 @iisIlg )y
V5 (43.64) IR, [FmHES T HALE TR R
753, T SALM (43.39) Fife R 5/RE T
(43.08).

B EES B RGN AR SER R, FRAT
XTERATT AR BhAS 2R 7 YR BT R AT T 42 Hl
P4 . B4~ NVIDIA A100 80GB GPU, %
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CoVoST2 MuST-C MLST

Model Method Hits@1 Hits@5 Hits@10 Hits@l Hits@5 Hits@10 Hits@1 Hits@5 Hits@10
MaxPool 23.80 38.30 44.25 29.30 47.89 54.65 36.73 56.46 65.99
Whisper-base MinPool 24.69 39.28 46.54 32.39 52.39 57.75 39.8 58.16 67.01
P AvgPool 5.94 13.03 18.01 9.86 20.28 25.63 13.61 24.83 30.61
Sliding Retrieval ~ 40.59 62.43 72.13 46.76 69.86 76.33 47.96 75.17 84.36
MaxPool 36.59 49.96 56.56 49.01 60.28 68.45 534 73.13 81.29
Whisper-small MinPool 37.73 51.26 58.03 48.45 62.53 69.85 56.12 73.81 81.63
P AvgPool 6.85 13.77 17.03 16.62 27.89 34.65 14.29 30.27 37.76
Sliding Retrieval ~ 45.31 68.13 78.24 52.96 76.9 85.92 55.68 91.15 94.90
MaxPool 45.07 56.97 62.18 55.12 68.17 74.37 69.05 83.33 87.76
Whisper-medium MinPool 45.80 55.75 61.53 53.80 63.66 70.70 61.56 83.00 87.41
P AvgPool 22.66 34.80 40.91 38.87 54.37 58.87 46.93 63.27 70.75
Sliding Retrieval ~ 61.04 79.22 85.00 64.23 82.54 89.58 71.09 92.86 97.62

Table 5: ky RAFTESHIE PR FAgPERE.
CoVoST2 MuST-C MLST

Model Method Hits@1 Hits@5 Hits@10 Hits@l Hits@5 Hits@10 Hits@1 Hits@5 Hits@10
MaxPool 22.97 3547 42.52 25.42 43.79 52.26 28.78 45.69 55.03
Whisper-base MinPool 23.52 39.19 46.08 32.20 48.31 56.78 28.78 45.32 52.88
P ) AvgPool 5.62 11.96 14.81 7.34 18.36 24.29 8.99 16.91 23.02
Sliding Retrieval 41.4 61.28 71.18 48.02 64.69 76.55 49.64 73.74 84.17
MaxPool 35.78 48.14 53.99 44.35 57.62 63.27 48.56 61.15 66.18
Whisper-small MinPool 37.45 50.12 55.67 47.17 59.60 66.10 48.20 62.23 69.06
P AvgPool 5.14 11.95 14.80 10.45 18.64 23.44 11.51 19.78 26.25
Sliding Retrieval ~ 44.34 63.34 74.82 52.14 79.94 88.42 53.67 87.05 92.08
MaxPool 46.08 56.85 62.00 56.21 68.64 72.31 57.55 72.30 76.62
Whisper-medium MinPool 44.41 55.03 60.81 54.52 66.67 71.75 53.96 67.99 74.46
P AvgPool 20.66 34.92 39.67 35.31 49.15 55.08 37.77 51.08 58.63
Sliding Retrieval ~ 58.19 76.32 84.40 67.51 87.57 93.79 72.66 89.21 93.88

Table 6: Ko Z ARSI B R e bRl
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EN — ZH EN — DE
CoVoST2 MuST-C MSLT CoVoST2 MuST-C MSLT
BLEU COMET BLEU COMET BLEU COMET BLEU COMET BLEU COMET BLEU COMET
Base Model 35.82 82.46 25.73 78.90 31.30 78.02 26.25 80.61 14.33 64.97 18.10 72.93
Translation Training 40.66 83.23 27.02 79.26 31.48 77.99 29.36 82.26 20.45 72.42 19.11 72.52
Oracle Knowledge Setting
SALM 55.97 88.01 32.10 78.83 31.81 75.75 43.64 86.47 21.15 72.21 16.16 65.16
Retrieval-and-Demonstration ~ 50.22 86.57 30.18 76.65 31.34 74.93 36.09 84.56 19.46 71.42 15.18 63.93
Locate-and-Focus 58.49 88.78 34.52 79.71 33.76 76.62 45.60 86.93 22.06 72.57 17.30 66.70
End-to-End Setting
SALM 39.82 76.93 27.16 74.08 30.27 72.94 31.16 81.66 15.02 67.17 8.35 5.05

Retrieval-and-Demonstration  41.02 83.57 26.87
Locate-and-Focus

74.00 30.54
49.30 84.51 31.35 77.29 30.58

74.82 32.40 83.05 16.05 70.10 15.48 64.33
75.90 39.66 84.07 21.05 73.76 16.98 65.32

Table 7: IEFH ARERIFHAF AR LRI, WIREIIEMA R FATE IR SRR FR 57

R FEPERE
S = — . —] = O
CoVoST2 MuST-C MSLT FEARFRTR L= L K — B B A fefR i, LA
TSR BELU TSR BELU TSR  BELU  pfifeles poEa i ] S
EN — ZH
Top-1 5167  47.63 5802 2990 6803  32.29 C.2 BisteA
Top-5 6553 4930 7578 3135 7551 3058
Top-10 5501 4757 6056 2945  59.18  24.24
EN — DE Instruction for Locate-and-Focus : I've provided
Top-1 6389 3762 6949 2090 6870  16.61 a selection of words along with their audio
Top-5 77.12  39.66 7740 2105 7266  16.98 . .
Top-10 6952 3822 6977 1974 6438 153l from a dictionary. You can utilize these words

Table 8: FLA 1T ILAEA ARG R BCE R £ . Top-
N REAERATAE R B E PR BT B m B AT N
A RHERNR =04l .

&, Hr TSR fil BELU 4 51 F & %] 59.18 Fil
24.24,

% J& %] BLEU #g A5 A\ A/ B A AH ¢ 14
EAFAEZER, BATHAEITAL 52T COMET #
PEFEAR Y, HAREIRTER T . LIREERE
L FATR IR Z s LRI Ry,
5 ffi ] BLEU W23 1 —2L.

C B ERTEANLS R

C.1  Tahbsiimdnyi

FATEE T =SB SO, PAR
= PN ST E AT Y L SR BRI Ak
o MU TAEEZE =AM 55 . HoL, fib
%S h LLM R BUN AT 2R &8, #iff e
A B R SR A FRH B IE . B
FMSLHZARTELARG I I . Hk, bR
SCREN &R A BB AL S X LR, 1
PRAF R H A, HHIBRMRR RSB fq,
AT IRL S FRATT I T 5 (L) 5 2 A B & LK
ARif, HERALRIA S AT EARERE B B4

RES A W | wmt22-comet-da (https://
huggingface.co/Unbabel/wmt22-comet—-da/ ).

for the upcoming speech translations. But
please note that some of them may include
information unrelated to the utterance. Bilingual
words: Word: ..., Audio: <audio>...</audio>,

Translation: ..., ..., Word: ..., Audio: <au-
dio>...</audio>, Translation: Translate
from English to Chinese: <audio>common-

voice-en.mp3</audio>

Instruction for SALM : I've provided a selection
of words from a dictionary. You can utilize these
words for the upcoming speech translations. But
please note that some of them may include
information unrelated to the utterance. Bilingual
words: Word: ..., Audio: <audio>...</audio>,
Translation: .... Translate from English to Chi-
nese: <audio>common-voice-en.mp3</audio>

Instruction for Retrieve-and-Demostration : 1
have provided a pair of sentences that include
important entities. You can use these entities
for the upcoming speech translations. But
please note that some of them may include
information unrelated to the utterance. Audio:
<audio>...</audio>, Translation: ... . Translate
from English to Chinese: <audio>common-
voice-en.mp3</audio>
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Instruction for Terminology Extraction Please
meticulously extract uncommon person and
entity name pairs from the provided source
sentences and their corresponding translations,
organizing them into a list where each pair is
formatted as [term - translated term] per line.
Ensure the output contains no additional text or
explanations. This task requires keen attention to
accurately representing terms, including names,
locations, and specific domain vocabulary, to
ensure that each extracted pair reflects the correct
relationship between the original text and its
translation.

During this process, strictly follow the output
format requirements, maintaining a "A - B"
structure without any extra content, to ensure
clarity and precision. For clarity, consider this
example: when given specific source sentences
and their translations, your task is to extract and
list these uncommon name pairs accurately as
"Terml - Translationl" followed by "Term?2 -
Translation2," and so on.

If your analysis does not uncover any name pairs
that are sufficiently distinctive or significant,
return "None" to indicate this outcome.

C.3  BUEMAREIY

AT A AT AT R TE B IR R AR
FATI6EH F B R 47 NER £i%! GliINER-large-
v2.1 (Zaratiana et al., 2024) > &K 36 ¥ Pe i
MPARTERTY . G5 RIRTERAME O FIFEAE 10
Wl RS AN T s -, R
TSk Y FERGE T SCRIBGR RSO R AR
H, SN I i RAMARIEREZT
HABIEH . 31X FAH X L I R AR LA T
P, I HFEE SR ST B, sab,
SHABZEHFLE, “BY7. “Aa]7 # o“3Sek”
HH R ARTELE P EAE A PR R WL, X AT
B A2 PR A3 SEARTEAE L2 () BT AN K
s

Shttps://huggingface.co/urchade/
gliner_large-v2.1

Category CoVoST2 Must-C MSLT
Person 313 191 129
Location 297 41 53
Food 12 2 3
Company 16 10 7
Biology 2 1 0
Organization 27 11 2
Health 3 1 0
Culture 22 1 2
Transport 13 4 0
Religion 62 7 0
Fashion 5 0 5
Science 2 3 2
Geography 9 0 2
Language 26 2 2
History 18 3 2
Politics 5 0 1
Architecture 5 2 0
Military 17 4 7
Environment 1 0 1
Education 29 4 3
Sport 2 0 5
Book 4 1 0
Physics 0 1 0
Game 0 0 1
Literature 1 0 0
Art 2 2 0
Music 2 0 1
Entertainment 4 0 2
Award 5 3 1

Table 9: ATHAEHE PRI AP H Y 7315 -
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Category CoVoST2 MUST-C MSLT

Person 613 205 128
Location 237 32 42
Food 10 1 8
Company 13 9 10
Biology 1 1 1
Organization 6 11 2
Health 2 2 1
Culture 12 2 2
Transport 5 4 1
Religion 51 5 4
Fashion 5 0 8
Medicine 0 2 0
Science 1 1 1
Geography 0 0 1
Language 14 2 4
History 11 3 1
Architecture 1 4 0
Military 11 1 4
Environment 0 0 1
Education 14 6 3
Sport 1 0 1
Law 0 1 0
Book 1 1 0
Game 1 0 0
Literature 1 0 0
Art 1 1 0
Music 1 0 2
Entertainment 3 0 0
Award 0 3 0

Table 10: J i 51| 785 I L ECE oA [ 2R 5 AR TG
oAt
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