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Ego-Exo Relation

Task Relation Action Relation
Query Video: Query Video:

Q: Which candidate video most accurately matches | Q: Which candidate video most accurately matches
the activities in the query video? the actions in the query video?

By » !
A B C B N B. c_ D.
m . » = &

Object Relation Person Relation
Query Video: Query Video:

Q: Which candidate video most accurately matches Q Which candidate video most accurately matches
the interacted object in the query video? the person (within the bbox) in the query video?

TR

Ego-Exo View Transition |

Egocentrlc Wearer Identification Body Part Action Understanding Direction Prediction
Egocentric Video: Vi 0 V|de02 Egocentric Video:

Q Which boxed person in the third-
person view is the camera wearer who
captured the egocentric video?

Q: What is the difference in the actions involving Q In which view does the person
the person's feet in the two videos? move to the foreground of the scene?

A. In Video 1, the person lifts left foot. ; |
B. g
,I |~, |

A. m B. n B. In Video 1, the person steps on the solid base with
left foot; in Video 2, the person does it with right foot.
Ego-Exo Temporal Reasoning \

A. H
© D C. In Video 1, the person places right foot on the pedal... || C. m
. ) D. In Video 1, the person steps on the solid base ...
Action Prediction Sequence Alignment

o

Reference Video:

Q Based on the reference video, what is the next action Q What is the key difference in the action sequences

in the egocentric video? between Video 1 and Video 2?

A. The right hand picks up the pot and pours the water into the bowl A. Vrdeo 1 r:onflrrns patient consmonsness, \_Nh'le_ Video 2 does not.
B. Video 1 includes chest compressions, while Video 2 does not.
C. Video 1 places the hand on top of the first before
confirming consciousness, while Video 2 does it after.

B. The left hand holds the lid and cleans it with water in the pot.
C. The right hand pours some water from the bowl into the pot.

D. The left hand holds the lid and places it on a yellow pot D. Video 2 includes a conversation before confirming patient...
Action Ordering Skill Evaluation

V|deo1 V|deo2 Reference Vldeo

Q: What is the correct temporal order between the
actions in these two videos?
A. Actions in Video 2 occur before actions in Video 1

Q: Which candidate video performs the task best
according to the reference video?

B. Actions in Video 1 are part of the sequence of actions in Video 2
C. Actions in Video 2 are part of the sequence of actions in Video 1 A
D. Actions in Video 1 occur before actions in Video 2.

Figure 2: [ FARFEELE AP AR BIEHEET. IR S MR 2R

www.xueshuxiangzi.com



I TR T S o R T Bl LT3 SR s [ R R A B AR, S T A ] s ) 38 P e
EFS 22 A R A

3.2.2 I S AM RN i

TSR IL AR e e b B AR S5 A ST B — AFRMIES = ANARIL AR 2 [ i s ) 5 R E
Jyo TNVELT =1L J R AOIIMEERA . 7 A S AR A s (g, &4
AT S5 e E T ) R DR ) SR A

P NFEIAMIEE A (EWD) o 2578 — D — AFRIMAPUI, 24T 95 BTE G = AP
AP . 5 AR RIS, X BCE ARG PR, oS — AFRLAA
{32 A E SR A R o AR ZRLDAJNTE a7 A T RN A9 R F4) AR (o7 BB SR A W 23 7]
KA, RIGIFIXLE K A — ANFROLARGT 2 55 = ARl M. A TF2023 Xdladl [76] 5l
A, AR RSO A A B — A FR—28 = AFRIER S DA R ARTE R AN B3 A . AT
PRSI BCE S AR REAS, DI E) S k. 7 MCQ kT, FATHRE ]
— AR AHESGEFEA R A

T B (DP) . #57%E—A> HIL ORI, AT B 2R H F LA Th s s B 2 4
JapRIRE S . FIH Ego-ExodD /Y [17] [A A2 ARG, FATE SCild Qwen2.5 32B
(R AR TR 0 B B SCOR RS B B R lb R ARG S AR i o B s R e B b ol
AT . BATERMEES NS0 B, B R — M aHeE i mslt. Foh
B UE A O AL PR BSOS HALSE A B mT A i s 1

DRSNS VERAAR (BPA), AT 55 T DAL AT~ B Mz 2l i AR JE 25 [R] BUS . FRATT AL
Ego-Exo4D [17] il EgoExoLearn [23] " iU B, X285 BIESS 1 B ER 2] S (R0, 4N
ZEFEA T Qwen2.5-32B [70] HBIAH K STHHINT R, 1 DeepSeek-V3 [36] 42l /0 3=
— D EIEBOR LR T FATT AL B ) R SRR R I 7] B AR FR L5 By B AL
MG A Biix . fee, AT —NHET Qwen2.5-32B Wyid s, ZFRAEAT (G
SCAHI AT AR S

3.2.3 B IR-AbimE ) HERL

13- TIPSR S AT £ 3% 1 AN DU PR R S 3]
EXTIATAES—— F A aIERI. ST . P SI% 5 R A

SHAET (AP). FEATRFE 2 B A DAL B9 B 4R -5 TR B AE B O EUR ST, I 20K
BRI IS 2R A B b Ol fE. S THEEE, AT LEMMA [26] #il EgoMe [44] §i4E
M. XFF LEMMA [26] , JRATA JH 3 A PR IO 58 5 22 30 /A f i fue i ot . FL 4ok
Vb, FRATAE B O P8 e 2w s VR A LAY AN ahfF, HEERECIE R S 2es i, 5
Qwen2.5-32B [70] AGXALBHAE A H =N ] R T4 0. FE H EgoMe [44] 157401
B, FATHGERE 3 B AL OO R RS A, 1] DeepSeek-V3 [36] AR K =4
T, fJE, FAIEA Qwen2.5-32B [70] §ifi i Hh T ASUIE T SCA A [0l 20

R (AO). FERXMESSH, BGA TN BL, — s A, — 2
SLFRY, HREFIBTEAIRIIE AR o O TR, AT LEMMA [26] R ba 3 1
TERE. B 1A RSB ply 5 A I ) L 2 3 1 P B AL, S T DRI TR HE P 1A R
FATH SR AR SR Qwen2.5-32B [70] DASEBREM s TC e A9 st

JEAVEEXT (SA). 741 H XT3 2 38 5] DA 5 38 A H 0 i DA A O A 801 2 15 S A ] 1Y
SR . 20 0 AR S S Ko 20 R DA 2257, R R LRI S ik . o 11
FHHE, FATE e Ego-ExodD [17] w5kl 64 3¢ H A BRERE RO A AN []— 375 3 2 531
HE RN, XTI 2 DS N SRR X TR, FRATAHLUE R, I
{1/l DeepSeek-V3 [36] A= SR IH 2l )75 K B 22 S0 8. S TR ORI o i, FRATI6E
Qwen2.5-32B [70] SREHFIEME Z 2B 5HRP T8 &5, ATHIH Qwen2.5-32B [70]
it L 3 A S A A TR Y )

BAEPFAL (SE)o 4@ MR FKEORBEASE , AT PRAE A [FHL A A8 AR L
WIBCREK T BRI — DS T, P A (o e T B 20 d (iR 22 9 R D
SRR, T RBURRIL T BT AR, X E A TN R A . TR
M EgoExoLearn [23] #1 Ego-Exo4D [17] 2% . XTT EgoExoLearn [23] , F A1 4N
LA R AU E RS2, AOBORT B B RE YRS i AL i PR HE A2 4%, DATEMBRE A0 2 [A]
NIRRT JZ IR G . KT Ego-ExodD [17], AT+ “BBILRK” WHEAS%, MM

5

www.xueshuxiangzi.com



3200
2881

0 %]
c c
S S 2400
‘am: g 1794
3 =]
& o 160 1229
G kS
g g 800 534 415 497
e HO0HoooO
RO I MO I N T ) S O ©

o® ?&\0\\ N o o o““e’b @&0“ (\P&\\ <@ © O@e‘\ \\%‘\«\e q’b\\@\ o'(/’*op( $°\’e® \S”\W\ ’\?‘7’0 (',Q'os\ \\\?\P
Q.\éeo &0 oe° PN Aoo? &?0 .oo? o OQ,P* ‘;\\\?, < go?’

P O e RESEIE A O SN ¢

of e
#MCQs per task #MCQs per dataset

Figure 3: MCQs 7£ EgoExoBench /3 fi. 72 #ETAES I MR . £ S EdRgEm

[ SR

[F] 35 20y v SRR AT A [ SR BT T e N IR AN LGRS R B 3l ARG B LA L
IR BhHER -

3.3 LU

EgoExoBench fuif 511 7,330 AN, 4N H 2R DU — A Xisd ] X e e Mo
A BN R A, Wi TS S A 2 R, BEARE A
55285, BT L5, I 3 R T eRRl e L 55 MBI AR Z a3 o

4 I

TAVEZFEAZ TR (MCQ) #% =i ll Z #£4L ) MLLMs %§ EgoExoBench 17
A% . P JERLZ AL FE Claude 3.7 Sonnet [2] . GPT-4o [25] Fl GPT-04-mini [42] . X+ FFJEAEL
A eIV T Qwen2.5-VL [57] . InternVL3 [79] . LLaVA-OV [31] . LLaVA-Video [75] .
NVILA [39] #1 EgoGPT [72] , i | ZFEALI A A SBORBL. R ANMBIRL U 2 AH [ 1 b
HEALRE R, b i T A PR C iR T, HE B OGR [n Hge e 2 38 i 7 i . AR
BTN A I iR RSB B 5 o PR Al 5 () HE R 5 A0 T2 B hR . HARIEA T o
Tob B W AR A o X FIAYEREAY, FRATiE B APL T iRAh . XTI, e
SCIGHYAEPUAS A100 GPUs 4T, 44~ GPU 445 80GB Y N1

4.1 FEER

TEEBESCI Z 1i, FATE SEAIA MLLMs B8 al 5 X 7» 2 IRV I S i A, AT
BUERATH Z SR B (TR SEA R ) o

R RS T IR IERIPAEACALTE EgoExoBench I ERER L. FEFF AR H, Qwen2.5-VL-
72B [57] AEREARUER % ik E] 47.0 % , 1l GPT-04-mini [42] £ PP H1 DA 48.0 % GiSE. ¥
Ego-Exo &5, GPT-04-mini [42] 1 EL Qwen2.5-VL-72B [57] & 5 % , X FEWHITIE
ZRRAAE 5 R A 1) S8 2o SORE S5 T AT SR ¥ 5 T e Je i M PR 2R 48« F Ego-Exo LA 4 il
Ego-Exo HAIHEFE T, Qwen2.5-VL-72B [57] 43 5ikF] 47.3 % F1 37.4 % W F3 e, H
AE 23 [R]FITAAFE A7 AR DI 35 PT RE XX 82 (RG] B R 41 B8 AT 55 1 S 4 R B T By
AR, R4 EgoGPT [72] fE KA B FN T IR (EgoI T-99K) [72]
AT THOA, (BRI T AR N R ORIt T BRAGPERESR T, X RO & T Bl
A JE DAFE A R e AR 55 B ARG DL T R ES L FA A 2

AR N TR REE T 5, AT AL S5 LA 30 A8, 4T 330
AT, FEI N SAEA [ R R HER R . S5 PP AE R AR e T 1 0 (PR o]
) FI3 el (GUEBUERIE) WRIHESE, i1k | PR, TERBBUERIET (B3 704h)
AT N BGRE] T 90.1 % HFIIUERRR, i 1 i ERI 42 %, X—2EHER ], BSHLA AL
SRR, MLLMs SR8 T A KPR 22 A" B 3 Oaaio" (EWI)
FARSE T, FERAESS I AR B AR T NS Y IR R 2SR, FEA
NFRALA g B 2 b OB AUREE 19 By . AHEEZ R, 241 MLLMs XEDATEA [F] 1L A
IR s (R C . d /A2 thIRAE " SEREVPAG" AP, RIRERE AR th e B AT Ry 2 1)
il (e, FIREERROK) BAPME. X3RRI, AR LA R 25K MLLMs 4
U Z A R

www.xueshuxiangzi.com



Table 1: & FhJFIEFIA MLLMs {¢ EgoExoBench R MEREZR L. FTA AL rh R b 10 45 58
MARER, 8 mg R FRIZmE .

Relation J View Transition Temporal Reasoning
TR AR OR PR ‘ EWI DP BPA| AP AO SA SE
Human Performance (330 Questions)
Human (Imin) | 64.6 | 72.2 589 62.2 70.0| 91.1 78.9 533|689 61.1 60.0 344
Human (3min) | 90.1 | 95.5 90.0 92.2 94.4|100.0 96.7 85.5|91.1 87.8 889 68.9
Qwen2.5-VL-72B | 48.5 | 56.7 46.7 66.7 56.7 | 56.7 433 46.7 |46.7 43.3 433 26.7
Claude-3.7-Sonnet | 32.8 | 47.1 30.0 36.7 46.7| 33.3 30.0 26.720.0 30.0 30.0 30.0
GPT-4o | 38.5 | 53.8 30.0 60.0 56.7| 33.3 26.7 30.0|26.7 333 43.3 30.0
Open-source MLLMs
Qwen2.5-VL-7B | 32.8 [ 40.2 344 455 36.0| 264 30.7 345|192 31.0 37.1 26.1
Qwen2.5-VL-32B | 39.7 | 43.3 40.1 50.4 423| 41.7 340 424 |38.6 31.1 458 275
Qwen2.5-VL-72B | 44.7 | 51.0 43.5 56.6 49.7| 56.7 37.0 48.1|39.9 33.6 46.1 299
InternVL3-8B | 31.3 | 36.8 309 37.0 27.2| 16.5 33.7 37.2|27.4 29.8 472 209
InternVL3-14B | 35.1 | 38.8 31.9 435 31.8| 30.5 29.0 41.1 339 329 48.1 242
InternVL3-78B | 41.4 | 50.6 37.3 489 39.0| 46.9 323 38.0|51.0 315 50.6 29.5
LLaVA-OV-7B | 29.5 | 30.7 28.7 34.0 28.0| 22.7 27.0 31.4|21.7 293 44.1 26.8
LLaVA-Video-7B | 31.2 | 33.9 29.1 354 27.0| 29.0 27.0 364|235 289 43.8 289
NVILA-8B | 29.6 | 30.0 25.0 30.8 31.6| 23.6 27.0 37.7|244 262 445 248
EgoGPT-7B | 29.6 | 29.8 29.5 35.6 30.4| 22.3 263 32.1 223 294 40.1 27.6
Closed-source MLLMs
Claude-3.7-Sonnet | 31.3 | 33.4 33.0 35.1 30.6| 37.8 30.0 33.3|26.0 285 30.2 264
GPT-40 | 385|529 44.6 574 48.0| 41.6 241 37.1|27.7 26.1 374 263
GPT-04-mini | 48.0 | 653 45.2 56.8 53.7| 73.8 30.0 40.0|464 359 515 30.1

Avg.

4.2 ffEPRfESE w5 MLLM P GemS ?

PR [28, 62] ELUET AT ASY 3 A SR A I S R A A FEBR AT 55 _E IR B (62, 77,
15, 501 o R T WEFEAIAAY HHE BRI J2 15 AT DAKCER s 0 A B, FRAT) AN AS 1A 55 il I
100 A~ [0, JERF R B AEAR R BIR IS CoT Hsi g S AT HLe. AR [28, 601 , 3k
MTAHEREPEAR GBI “LEFRAT 22— U PRI AR 7] AL U o e 2
LLaVA-OV-7B [31] . Qwen2.5-VL-32B [70] . Qwen2.5-VL-72B [57] fil GPT-40 [25] .

B 4 SR T TAES HIERE 2R (Acccor — Acchasetine ) o COT $2/RTERZAL S5 %
& TYERE. HFRLEXTT “ABIRA" F “SEXR” TAL55, Qwen2.5-VL-72B [57], AR
TEA CoT [IEM TR K Ir, ANEE T BZ20MERIE T (20 % F119 %) . PERE TR
—/N 5 A 2 EgoExoBench %F'E'ﬂﬁ%giﬁﬁﬂﬁﬁ@ﬁ*/ﬁmﬁ?ﬁ\ P HE R AL s 5 T
TEHE AN B . FRAER) CoT FERIU S SCA M, FT8L T XA M-85 TAE
W, FEERE N

B S 3L T4k B GPT-4o [25]1 W) H FeH O iz R B AR B, R CoT R, i
BUMEE— WA Y e B P IE R HEWT I SR g vl e — N F il e w i Ns5ili (HEk@trt ). 48
MM, FEREGRIAERA R, BRI IE I i R BI85 A
(HEL bR ) o X —JRIMERE T 4l SOA Sl i) CoT R R AR ] AT T 0 A7 HE T Y TR 2
SRR T B B HR R B A AR R G S AV S LA M

4.3 MLLMs feRFIEs PR S: ?

AT E MLLMs @73 ] DAM BNl A B 3C, JRATIma ook B A R A B4 AL
BRI SR B AE TN AN B RE VPG AE S5 A S . W TR, B R el 2 B (B
. TSR AP O ) S (B, i), RIEHREESR. i,
FNVEL RS F B HER SRR T S . 2R R T3 2  TESIERIE
g5, RSBV E AR T TIERE. BT, Qwen2.5-VL [S7] SC8L T 8.2 % HJ#ETF. X
— UG UESE T B LA R B A S PR SR B SE B . AR, TESREPAGAE 5 g 4528
WPAK 2. ER GPT-4o [25] il InternVL3 [79] /R /MY PEREZE S, {H Qwen2.5-VL [57]
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Figure 4: N} CoT Ji5, AAXMPEREZE(L. FIYINF, CoT SEAWALIFMPERE T, X&]
11%1%3?’@%3@%% Hf7h EgoExoBench i1,

e N First-Person Video Analysis:
, First-person Video: 1. Who is visible?

N ; = "4 YA person (likely a woman) is writing on the whiteboard

" - ) . Another person in a blue jacket is seated and visible in the video.

" \ 1 2. Camera's Perspective:

:: 5 +, The wearer appears to be sitting or standing near the person in the blue jacket...
' ’

Third-Person Views Analysis:

. . X . X . 1. Person Analysis:

, Q: Which boxed person in the third-person views is the camera Box A: A person in the foreground at the whiteboard.

: wearer who captured the first-person video? Box B: A person seated at the table front, not engaged with the board.
Box C: The person in the blue jacket, seated at the table.

'
'
'
'
'

' '

: Box D: Someone standing near the whiteboard. :

! 2. Camera Wearer Possibility:

. % % & The individual in Box C(blue jacket) is visible in the first-person video, which matches the view.

! Conclusion:

!

PT-4
@GPT-doAnswer O Ground Truth The camera wearer, based on the first-person view's perspective and relative positions, is Ilkely
the person in Box C in the third-person views.

Flg&f& 5: ffi [} CoT $/R i GPT-4o HY— ARG, HRUR RELRAFIE LA AL 0E -8 5 HEPR Y

FEAL S BB R I 1.5 % T FNHERBEZAT 55 04 A2 sk Ll A PR o B
Hfﬁﬁ’ﬂ&%ﬁ, BIANPEASIZ B4 REARRE , B TRAMILSE B SRkt . (e RIIALEE ) T,
FREE LA AT REAN A DATE A SRR USRI TR B A IR 1 00 R S SR AL 1R B2 RE PR A

Table 2: X 1 S5 WU I RERIT 5L .

Action Prediction Skill Evaluation

w.o./ref w./ref w.o./ref w./ref
Qwen2.5-VL-72B 31.7 39.9 (+8.2) 31.4 29.9 (-1.5)
InternVL3-78B 41.9 51.0 (49.1) 30.4 29.5 (-0.9)
GPT-40 26.1 27.7 (+1.1) 26.5 26.3 (-0.2)

EgoExoBench B AL TR T IRl S KA R 20 1 A O P A 1) R A
W, WA EBXTE’J Ao ST LIL, IFFE+—A TS it i 7,300 Lmﬁg
) 2 Wil 75, EgoExoBench #8% T H L5 Sh O TR A A 1 R

) XoF I 8 3 o FRATTU T YR AN P PR AL A T 72 PR Bﬁﬁﬁyﬁaﬁ%*%‘zfma
U, B2 () S AR R TR S TR wfE DA S R i 22 [B) i 3 . JEABLBEHR /R (Chain-of-thought
prompting) RO B 0L F1 15 5 OUHTRAT PRI et , 3™ e 7 75 BHT A A4 AT s
DATH BERE AE 22 0L f 22 [R] A2 VO3 FHE S HE . RS RS 2 AT %5, (BBl RE oY
SEA MBS | L S AL R R, &ﬂ]ﬁﬁtf’ﬁjﬁiﬂ%ﬂ’ﬁéﬁﬁrﬂo e A
%43,};5%0]3%% ARG Il — A R SRR, DGR B A s ML #f  RE Y EL B AL AT
’ ARG I -
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Ego-Exo Relation
Task Relation

Query Video:

EEEEEEEEEEEEEEEEEEEEEEEEEEEEEEEER
¥ ¥

Question:
Which candidate video most accurately reflects the
activities observed in the query video?

Candidate Videos:

Video1: '

Video3:

Video2:

Video4:

Candidate Videos:

Video1: -

Question:
Which candidate video most accurately reflects the
activities observed in the query video?

Video2:

Video4:

Question:
Which candidate video most accurately reflects the
activities observed in the query video?

Candidate Videos:

Video1:

Video3:

Action Relation

Query Video:

Question:

Which candidate video most accurately reflects the
actions observed in the query video?

Candidate Videos:

Video1:

Video2:

Video4:

Video2:

Video4:

Question:

Which candidate video most accurately reflects the
actions observed in the query video?

Candidate Videos:

Video1:

Video3:

Video2:

Video4:

Question:

Which candidate video most accurately reflects the
actions observed in the query video?

Video2: |8

Video4: |

Figure 7: [ I-IMBRRIIBIT . IEFE R LR ORI .
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Ego-Exo Relation
Object Relation

Query Video:

EEEEEEEEEEEEEEEEE

— 2 =

Video1:

Question:
Which candidate video most accurately matches the
interacted object seen in the query video?

Video3:

Candidate Videos:

Video1:

Question:
Which candidate video most accurately matches the
interacted object seen in the query video?

Video3:

EEEEEEEEEEEN IIIIIIIIIIII/IIII/IIIII
Question:

Which candidate video most accurately matches the
interacted object seen in the query video?

Person Relation

Query Video:
IIIIIIIIIIIIIIIIIIIIIIIIIIIIIIIII

I

Video1:

Question:
Which candidate video most accurately matches the
person (within the bbox) in the query video?

Video3:

Question:

Which candidate video most accurately matches the
person (within the bbox) in the query video?

Candidate Videos:

Video1:

Question:

Video3:
Which candidate video most accurately matches the I

person (within the bbox) in the query video?

Candidate Videos:

Candidate Videos:

Video2:

Video4: |

Video2:

Video4:

Video2:

Video4:

Video2:

Video4:

Video2: &

Video4: “ !

Figure 8: HF-SMBKRARGl. EFMERAGERHER.
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Ego-Exo View Transition

Egocentric Wearer Identification

First-person Video: Third-person views:
SN ESEEEEEEEEEEEEEEEEEEEEEEEEEEN T
S ‘ k. W il P . ?‘

Question: c
Which boxed person in the third-person views is the ’
camera wearer who captured the first-person video?

Third-person views:

A

Question:
Which boxed person in the third-person views is the
camera wearer who captured the first-person video?

C.

| L P
I s
[ 1.0
I A

Direction Prediction

EgoVideo: Options:

Question:

In which view does the man run diagonally forward
towards the left side of the scene?

EgoVideo:
I!IIIIIIIIIIIIIIIIIIIIIIIIIIIIIII

aa Lad oo =g
EEEEEESEEEEEEEEEEEEEEEEEEEEEEEEEEE
Question:
In which view does the person approach the
foreground of the scene?

Body Part Action Understanding
Video1: Options:
LLLLLLLL A. In Video 1, the right hand transfers an object,

while in Video 2, it interacts with the object.
B. In both videos, the right hand remains passive
and does not interact with the object.
C. In both videos, the right hand is responsible for
cutting an object.
D. In Video 1, the right hand stabilizes the object,
while in Video 2, it manipulates the object.

Options:
A. In Video 1, the left hand picks up items and the right
hand holds them, while in Video 2, both hands perform
actions simultaneously.
B. In Video 1, both hands are used for picking up items,
while in Video 2, the right hand holds an item.
C. In Video 1, both hands perform actions simultaneously,
AN NN NN EEEEE N EEEEEEEEEEEEEEN while in Video 2, the left hand holds an item and the
\ ; \\\m‘ﬂ right hand picks it up.

RS 7 D. In Video 1, the left hand holds items and the right hand
picks them up, while in Video 2, the left hand holds
an item and the right hand performs an action.

Figure 9: AL B SMLMA SRR B IEREZEASER R,
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(You will be provided with two text descriptions of different video scenes. Each description involves a
person performing actions that engage specific body parts. Based on these descriptions, you are
required to generate a set of question-and-answer (QA) pairs.

Requirements:

1. Each QA pair should include one question, four answer options, and one correct answer.

2. The question must clearly address details from both descriptions, particularly focusing on the roles of
the body parts, without directly referencing specific actions or objects to prevent giving away hints.

3. Ensure there is one correct answer, and the other three options should be plausible but incorrect to
increase the difficulty.

4. Use 'Video 1' to refer Video 1, use 'Video 2' to refer Video 2.

5. The output must be in JSON format as follows:

“json

{

"Question": "The question text goes here",

"Options": {

"A": "Option A text",

"B": "Option B text",

"C": "Option C text",

"D": "Option D text"

b

"Answer": "Correct option letter (e.g., 'A")"

L.

Example Input:
Video 1: | hold the knife with my left hand and press the garlic with my right hand to slice it.
Video 2: Hold the chili pepper with your left hand and cut it into pieces with a knife in your right hand.

Output Example Based on the Above Input:

“json

{

"Question": "How do the tasks performed by the left and right hands differ in the two videos?",
"Options": {

"A": "In Video 1, the left hand holds the knife and the right hand slices; in Video 2, the left hand holds the
chili and the right hand cuts.",

"B": "In Video 1, the left hand presses the garlic and the right hand holds the knife; in Video 2, the left
hand cuts the chili and the right hand holds the knife.",

"C": "In Video 1, the left hand holds the knife and the right hand presses the garlic; in Video 2, the left
hand holds the knife and the right hand cuts the chili.",

"D": "In Video 1, the left hand cuts the garlic and the right hand holds the knife; in Video 2, the left hand
holds the chili and the right hand cuts."

b

"Answer": "A"

L.

Video1: [description]
Video2: [description]

N

Figure 10: S ATRALSIAEEAR 71155 AP ) B L B o

Carefully read the question and all the options, and based on the information provided, select and provide
the most likely correct answer.

[Question]

[Options]

The answer is:

Figure 11: 170 e th W] RASURE I SCA i AT B [0 25 69 ) 25X A4 7S
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. AT R T HERE e M LEMMA. [26] 1l EgoMe [44] KOl #5782 QA
i, A LEMMA [26] , J6A1 0 I IHR L0 30 T e, o TR MBI A5, A\ F
P 91 4 0 R B A, A R B T . 2 I f 2 A3
Qwen2.5-32B [70] th, ke = AMBLATREM T4, 4R AEAIE 12 5. AT EgoMe [44]
AT AR 125 BRVERE . 5 P R B B — A 4RI T A I 4
DeepSeek-V3 [36] , A= N TH00. HIN MR AEE 13 Fs. 1o s, i)
(U B e B B REAS, M8 R B0 P B S, BEAN,
Qwen2.5-32B [70] AHIA TR D 5 IEHI B, 0 2 RIS Reah fE B AL 5 iy i, Tk
A Qwen2.5-32B [70] SASI AT 01 (LB i SCARLT PALE B[] 254 QA X«

For the current action, which of the following actions is most likely to be the next action?
Current action: [action name]

Actions: [action names], [action names], ...

The answer is:

Figure 12: )\ LEMMA S A it 3l /R T il b A2 s i e 4 /s

(Task Description:

You are tasked with generating multiple-choice distractor options (negative options) for a next-action
prediction task. The goal is to create plausible and reasonable options that could be mistaken for the correct
next action.Each distractor must adhere to the following criteria:

Logical Consistency: All options must align with the sequence of actions described in the "previous" and
"current" actions. They should follow naturally from the context provided.

Reasonableness: Each option must represent a potential next action that could reasonably occur in the given
scenario. Avoid introducing actions that are unrelated, overly complex, or implausible.

Non-redundancy: Distractors must not duplicate the correct answer or each other. Each option should
introduce a distinct possibility for the next action.

No Obvious Errors: Ensure that none of the distractors contain logical flaws, contradictions, or actions that
clearly violate the context.

Input Format:

You will receive the following inputs:

Previous Actions: A description of the actions that occurred before the current moment.

Current Action: A description of the action currently being performed.

Correct Next Action: The correct next action in the sequence (this will not be included in your output).

Output Format:
Generate 3 plausible distractor options that meet the criteria above. Each option should be concise and
clearly describe a potential next action.

Example Input:

Previous Actions: "On the white table in front, there are two silver mice and a screwdriver. The left hand picks
up the mouse on the left, and the right hand picks up the screwdriver on the right."

Current Action: "The right hand turns the screwdriver to loosen the screws on the mouse."

Correct Next Action: "The right hand rotates the screwdriver to tighten the screws on the mouse."

Example Output:

"The left hand steadies the mouse while the right hand inspects the loosened screws."

"The person pauses to examine the screwdriver for any signs of damage before continuing."
"The right hand uses the screwdriver to start adjusting another screw on the mouse."

Previous Actions: [action name], [action name], ...
Current Action: [action name]
Correct Next Action: [action name]

Figure 13: 42 il Ml M EgoMe Bl SEAA T4 0 A1 0000 (i 228 r 1) 97 T A4/ o
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VR . FATRMET LEMMA [26] Bl S 1K) R T A SRR 8 QA Wcdle. Skt
S E X I ] EAH SRR B4 J BeAl i — AR BN, T3 — R BRI BRI .
N T HRRA R R, BATHX A SRR A R S 78 Qwen2.5-32B [70] , DA JEHE
N EA PRI (R WU R0 . SRR aIE 14 s .

(You are an assistant that understands the logical sequence of everyday actions. Please )

determine whether there is a clear cause-effect or sequential dependency between the following
two actions:

Action1: [action name]

Action2: [action name]

Rules:

Respond with "True" if one action must precede the other.

Respond with "False" if the actions can be performed in any order or independently.

The answer is:

Figure 14: ZESIAENT 1455 Fh 4R BRI VE RS DA OR £ BRAY IR ] 6 R

JPAIEERT . FATRIET LLM K5En%, B Ego-ExodD [17] Hllidet il QA Kidli. X145
AN, FATT T DeepSeek-V3 [36] S5 BLR) KB TRARESR AR, AL IR S 1155 51 56
S E . RN 15 Brs. b TR fEH, FATH Qwen2.5-32B [70] AR 5%
SPEREIL AR, &AL DARE RN, &5, WMEAESIEBN L5+,
FA T2 e SUHKEE SCAS i AL BNV R] TR Af [ 5 1) 25
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H 24 . %) EgoExoLearn [23] , FRAEHHANE LRSI ASE . KI5, i)
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FEEER N SN . RILR, I ZMIGIN L R . FATERIIN & ZOBEAS%
He IR — 35 2l PR AR AR R et N o M3, FRATIAL EgoExoLearn [23] il Ego-Exo4D
[17] 43 53R T 444 F1 379 X HIERT

N T AT EgoExoBench ERY AIIK-F-RIL, FATAAEEATALSF HEEHLANIR 30 N2, St
330 AN BhiE T A BTITE R SE XA T O TR R, PRAEE A S SR
e, SIS MLLMs SRR DR A, EIE L, SessiAnet Ao, pRAlis
B T ILPTRE I E P G AT AR (S, R, AR BOA I R BRI 1 0L 2 ORE
I BN TR AL - P HER SR A PPl TR AR B

B i

FATE GBI 7K, PAPPAG 2417 MLLMs J& 75 GBS HER IR 21> Hs ALt A 18] 19
B )5, FMJER T AE EgoExoBench BHEM A ERBISNER , FA#EU1E EgoExoBench
R RE S HA U R I B M REVEAT LR . dm, FRATIARAE T 5 E4EEE (CoT)
SRR HEAR 5 B SERG AR T AUE MR B, DA B ST S 25 A0 5 i ) T R 7

TEIEAT F BRI A, FAT9UE T MLLMSs 275 BEAERF 22 MU A DX 2 A AN R B o X 30
AEJ) & X #H B, [H°k EgoExoBench {45 75 2L [l b} LA BOR IR 2 AU P (5 B ik, &
B T — A RIS R A 55 o B4 U AT AN B, P A 58 A 1] 1Y
HIAS . BRAEA H AR 2R 5 PCEC AT . AT — MR FER 18 HRIR,

FAIM Ego-ExodD [17] rhCH 7 MR B, A4 DA H O UL AT B E N PO s A . F.AT]
PR T 6 100 RSBV TR AP0, Fefl TSR e 8 WA A TR
FEPPALFEIR, A AR A TR 0 S DT EC A RSSO BT, b S A R A A . A R AL
T, BEHEREE 10 % .

3% 3 s, A TSR ER R8T 77 %, oS T REVUE I PERE o 1245 BAIFSE T 24
B MLLMs —f&BEME X7 2 NI o X — & B RE T3 AT] B0 h 45 R T 174k
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( R
You are a professional test designer tasked with creating a multiple-choice question based on the
following two video action sequences.

Design Requirements:
Question: Clearly focus on the differences in the order of actions or the presence/absence of
specific actions between Video 1 and Video 2.

Options: Provide four logically clear options (A, B, C, D) directly sourced from the given action
sequences. Each option must closely address the action sequences or specific actions within the
two videos.

Correct Option: This option should precisely identify one specific difference between the two
videos, whether it's about the sequence of actions or the presence/absence of an action.
Incorrect Options: These options must contradict the video content by:

1. Providing an incorrect sequence of actions;

2. Making false statements about the presence or absence of specific actions;

Accuracy: Avoid vague or overly subjective questions. Do not introduce actions or details that are
not present in the provided sequences.

Naming Convention: Refer to the first video as "Video 1" and the second video as "Video 2".

The output must be in JSON format as follows:
json
{
"Question": "The question text goes here",
"Options": {
"A": "Option A text",
"B": "Option B text",
"C": "Option C text",
"D": "Option D text"
}

L.

nswer": "Correct option letter (e.g., 'A")"

Video 1 Action Sequence: []
Q/ideo 2 Action Sequence: []

Figure 15: 90 O FAE55 A s A3 o

Table 3: FERUAEY) S50 IR -

Model Acc.
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InternVL3-8B 85
LLaVA-Video-7B | 77
NVILA-8B 78
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Ego-Exo Temporal Reasoning

Action Prediction
Exocentric Video:

@W Question:
& =g = B B g Which option most accurately matches the next
m m m m action expected to occur in the egocentric video?
Options:

Egocentric Video: .
g “',',,'““.‘ REEEEERERERERERREREE SR A. get controller from sofa with hand

}\‘ Ml "F»"'l’ B. sit on sofa
. ’ C. put controller to sofa with hand
D. play game-console with controller

Question:

Which option most accurately matches the next
action expected to occur in the egocentric video?

Options:

A. Lift the top cover of the bag with the left hand
B. Put the book into the open bag with the right hand
C. Pick up a book from the shelf with both hands

D. Use the left hand to shut the upper cover of the bag

Skill Evaluation

Reference Video: Candidate Videos:

Video1: Video2:
Question: - -

; T . Video3: 3 Video4:

Which candidate video performs the task best »
according to the reference video?

Candidate Videos:

Video1: Video2:
Question: Video3: Video4:
Which candidate video performs the task worst
according to the reference video?

Candidate Videos:

Video1: Video2:
(ST TR Video3: Video4:

Which candidate video performs the task best
according to the reference video?

Figure 16: [ 35 MBIMAERLAI R B IERHEF 5 S R0,

TSR B EUEATHE R R B B P I AT, BT IBAEAT 5, il 54
WA LA AR R 58 . [ 21 IR T PS5 TAE 55 ) — A il 7Ry
SRR B IS E A B A . (RN, EXRES SE S REXG (Flan
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Ego-Exo Temporal Reasoning
Action Order
Video1: Video2:

Question:

What is the correct temporal relationship between the actions in these two videos?
A. Actions in Video 1 occur before actions in Video 2

B. Actions in Video 2 are part of the sequence of actions in Video 1

C. Actions in Video 2 occur before actions in Video 1

D. Actions in Video 1 are part of the sequence of actions in Video 2

]

a [ |
EEEEEEEEEEEEEEEEEEEEEEEEEEEEEEEER

Question:

What is the correct temporal relationship between the actions in these two videos?
A. Actions in Video 2 occur before actions in Video 1

B. Actions in Video 1 are part of the sequence of actions in Video 2

C. Actions in Video 2 are part of the sequence of actions in Video 1

D. Actions in Video 1 occur before actions in Video 2

Sequence Alignment
Video1: Video2:

"’f & !?\‘ff

7
AN

Question:

Which of the following statements accurately describes the difference in action sequences between Video 1
and Video 27?

A. Both videos show the same sequence of actions without any differences

B. Video 1 starts with rolling the wheel, while Video 2 starts with tightening both axle nuts

C. Video 1 includes tightening the brake cable to the rear axle, while Video 2 does not

D. Video 2 includes pushing the level inward and turning the axle clockwise, while Video 1 does not

Question:

Which of the following statements accurately describes the difference in action sequences between Video 1
and Video 27?

A. Video 1 includes reading the instructions, while Video 2 does not

B. Video 2 includes arranging test material, while Video 1 does not

C. Video 1 includes rotating and swirling the swab, while Video 2 does not

D. Video 2 includes carefully opening the test tube seal paper, while Video 1 does not

Figure 17: H F-SME HHER AR B IEMERASER TR,

M) EBRY . A, ERER AR IE, BIAERE AT SRR ST SR
I [F9 N ) 200 IR A ok A5 23 BB 5 A 25 LRI (B ) PP 20 5 HE BT IR A ) 5 5 1] 22 JRoR T
GPT-4o 1 5 RS20 {FBRAR 7L 55 9 R Bl 5 9% GPT-4o JlZhiF i b P> WU - 1Y
ZhiE, HERHEBESHEEET AR O HEZTS, BSOS IR
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[Task Instruction]
You will be provided with 5 videos. Please carefully analyze the content of each
video and identify the two videos that are most likely to be identical.
Video1:
H B EE E fR EEEEE R E R EEE R EEEEEEEEETHm

[Responce Format]
Output your answer in the format VideoX-VideoY, indicating the two videos you
believe are most similar. The answer is:

GT: Video1-Video3

Figure 18: #4558 pfie Hh A AH [ BB R BIAE 55 7511 o

Given a prediction for a multiple-choice question, directly extract the selected answer while skipping the
reasoning process. If the prediction explicitly chooses option (e.g., A, B, C, D), return the corresponding
letter. If the prediction does not specify a choice or indicates that none of the options are correct, return
None.

[Prediction]

Figure 19: 1T M CoT il & Bl A AR o
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Table 4: 4 MLLM 7t EgoExoBench [ 368l . i #8d vh i i i) 25 5 ML R 22 e, 56
TR TR R AR

Relation View Transition Temporal Reasoning

TR AR OR PR |EWI DP BPA| AP AO SA SE
Qwen2.5-VL-72B | 44.7 | 51.0 43.5 56.6 49.7|56.7 37.0 48.1 |39.9 33.6 46.1 299
InternVL3-78B | 41.4 | 50.6 37.3 489 39.0|469 323 38.0|51.0 315 50.6 29.5
Claude-3.7-Sonnet | 31.3 | 334 33.0 35.1 30.6|37.8 30.0 333|260 285 302 264
GPT-40 | 385|529 446 574 48.0|41.6 24.1 37.1|27.7 26.1 374 263
GPT-04-mini | 48.0 | 653 452 56.8 53.7|73.8 30.0 400|464 359 515 30.1
Gemini 2.5 Pro | 51.7 | 63.1 52.1 673 56.8|76.0 38.0 47.7|50.8 339 493 334

Avg.

Table 5: 5 EgoExoBench LA VUSRI ELMER) MLLMs PERELLEL .

Video-MME MLVU LongVideoBench CG-Bench Egoschema EgoExoBench

Qwen2.5-VL-7B  65.1/71.6 70.2 56.0 - 65.0 28.8
LLaVA-OV-7B 58.2/- 64.7 56.4 31.1/43.2 60.1 29.9
LLaVA-Video-7B 46.5/- - 43.5 - 57.3 304
InternVL3-8B  66.3/68.9 71.4 58.8 38.6/55.2 - 319
InternVL3-14B  70.4/73.0 73.3 63.9 44.1/60.6 - 35.0
Qwen2.5-VL-72B  73.3/79.1 74.6 60.7 - 76.2 453
InternVL3-78B  72.7/75.7 79.5 65.7 48.4/65.3 - 40.5
GPT-40 71.9/77.2 64.6 66.7 41.8/58.3 722 38.5

AR X L) B (AR . X B GPT-do FEA [FIMLAS A5 PAMER 5 (i A Ay B b (Y 3l
. B 23 R | GPT-do YE AWK R TAL 55 PRI ZE B BRI BT AR p R B A
btk OB TR, EHEWT H AR A5 Al R —E B . BB ek T4
HHA NSRBI, SHPIEAM TG XA — St R WIS 500 1 g A
EVAPRIHHE R BT

TEFIRICH, FATPABALLE SN R U AL BE VAL 14T 55 o2 0 BEA AR B L (5 L. Ay
TIHES BB T, N TR bR 22 MU ELLR B J i i AR T I T 7. R £
UEAFHCRE, FATTR G G A SR —2, (UB S B LA Bk D S5 U 17 DL .
SSRGS ERFGAAL . 18] 24 FIA] 25 23 HIOR 1 ST RE VA T1L 55 AT 55 3w . 1
26 JE7R T BERIN AL 55 B R B, HRRE T O RIS (1 225 I GPT-4o HYFN . 5] 27
JER T BEREVHAl TS5 IS
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Task Relation

Query Video: Candidate Videos:

EEEEESEESEEESESESEEESEE SEEENEEEEEEEEEEEERN
T — — -

- Video1: |

EEEEEEEEEEEEEEEEEEEEEEEEEEEEEEEEEER

Question: Video3:
Which candidate video most accurately reflects the activities
observed in the query video? Let's think step by step.

@ GPT-40 Prediction:

Video4:

To determine which video closely matches the query video, let's analyze the query video step by step:
Query Video Analysis:

Setting: The video takes place in a kitchen.

Actions:

One person initially walks across the kitchen.

The second person is seen standing, then goes to the refrigerator.

The second person opens the refrigerator to take something out.

This person then proceeds to the counter and engages in food preparation near or at the stove.
Comparing Candidate Videos:

Let's examine each candidate video:

Video 1:

Setting: Different kitchen setup with a dark theme.

Actions: Involves actions like taking items from the refrigerator and using the microwave, which is not aligned
with the query.

Video 2:

Setting: Similar kitchen setup to the query.

Actions:

A person goes to the refrigerator.

The person then uses the stove with utensils similar to those in the query, aligned with the sequence of
opening the fridge, taking items, and preparing something on the stove.

Video 3:

Setting: Kitchen setup similar to the query.

Actions: Focuses on cutting a watermelon, which is not present in the query video.

Video 4:

Setting: Wooden kitchen cabinets, different style from query.

Actions: Involves using the refrigerator and pouring a drink. Does not involve using stove or food
preparation activities.

Conclusion:

Video 2 fits the actions and setting closest to the query video, with the refrigerator and stove being used in a
sequence consistent with the query. Thus, Video 2 most accurately reflects the activities observed in the
query video.

Figure 20: GPT-40 FEAT55 K AR TAL55 TSI il S R R B — AN 32001 o BB EL R
i BB AT AP BC A i SR BBV I 4R (5 H B
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Sequence Alignment

Video1: Question:

IR EENEEEERNRERERY] Whatis the key difference in the action sequences between Video 1 and
= 'q =K = ! Video 27 Let's think step by step.
A 4 A Options:

A. In Video 1, the test tube is covered after unwrapping the testing plate,
whereas in Video 2, the test tube is covered before unwrapping the test
tube cap.

B. In Video 1, the test tube is covered before unwrapping the testing plate,
whereas in Video 2, the test tube is covered after unwrapping the test tube
gl cap.

C. In Video 1, the swab is swirled after covering the test tube, whereas in
Video 2, the swab is swirled before removing it from the testing tube.

D. In Video 1, the testing plate is unwrapped before swirling the swab,
whereas in Video 2, the testing plate is unwrapped after covering the test
tube.

@ GPT-40 Prediction:

To determine the key difference in the action sequences, let's analyze each video step-by-step based on the
provided videos:

Video 1:

1. The person appears to be preparing materials on the table.

2. They seem to be handling a test tube, possibly doing a covering or sealing action.
3. There's a focus on opening or handling some instruction or paper.

4. The testing plate is being unwrapped and possibly manipulated.

Video 2:

1. The person is seen handling materials on a table.

2. They unwrap the testing plate and handle the test tube.

3. After unwrapping, they perform actions with the test tube, such as covering it.
Conclusion:

After reviewing the sequences, Option B correctly describes the actions. \/

Figure 21: —A~F /751 HEX 14T 55 1¥) GPT-4o ) CoT HEBRINZE B, XML T 5 K bt
E%gg%?ﬁi HX o TARLE Ve, AT SEBL T R R 5 DB B LU o O B S P
7 P 2 /_ﬁ o
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Body Part Action Understanding

Question:
Video1: How do the roles of the left and right hands differ between
" S EEEEEEEEEEEESR Video 1 and Video 27? Let's think step by step.
‘ Options:

A. In Video 1, the left hand handles seasoning; in Video 2, the
left hand supports the pot and the right hand handles scooping.

s ; ',
@ §E EE EE EEEEEENEEEBR®

B. In Video 1, the right hand handles seasoning; in Video 2, the
right hand handles scooping and the left hand supports the pot.
_ ] C. In Video 1, the right hand handles seasoning and the right
L ‘ ) & § hand assists; in Video 2, the right hand supports the pot and the
! ’ N ' B ’ left hand handles scooping,
AR E NN NN TR NN EREER] D InVideo 1, the left hand handles seasoning; in Video 2, the
left hand handles scooping and the right hand supports the pot.

@ GPT-40 Prediction:
To determine the roles of the hands in each video, we analyze their actions separately.

Video 1:

The images show someone cooking over a stove.The right hand is adding seasoning from a packet to
the pan.There is no clear indication that the left hand is supporting the pot, but it appears to assist during
the process.

Video 2:

The cook is preparing a dish and serving it onto a plate.The left hand is holding and supporting the pan.
The right hand is using a utensil to scoop food onto the plate.

Comparison of hand roles:

In Video 1, the right hand handles seasoning, and the left hand assists.

In Video 2, the right hand handles scooping, and the left hand supports the pot.

Based on this analysis, the correct option is: B. x

Figure 22: jX & GPT-4o 1 AR B EBRAR 14T 55 h e CHEBR A — SR MR ). AEAUE |
Fe DAL R IR TR SR T, (HAESNEAL A PR R, RN LA R A
(LE Bk AT SR bR S RTIN T£0 A hR i .
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Person Relation

Query Video: Candidate Videos:

@ GPT-40 Prediction:

To determine which candidate video most accurately matches the person in the query video,

H HE N BN EEEEEENEEEBRN
crmwy . o

] L iy ot Video1: Video2:

Question:

Which candidate video most accurately Video3:
matches the person (within the bbox) in

the query video? Let's think step by step.

Video4:

let's follow these steps:
1. Query Video Analysis:
The query video features a person annota d with a bounding box who is dressed in blue and is standing

in a more distant position relative to others. mconststent
2. Candidate Videos Analysis:
Video 1:

The person within the bounding box is located in the middle area, positioned closer to others, and is
facing towards the lower part of the image.

Video 2: The person within the bounding box is positioned at the bottom of the scene, facing upwards, and
is in a different area relative to others.

Video 3: The person within the bounding box is located towards the top left of the image, facing right.
Video 4: The person within the bounding box is near the bottom, facing upwards.

3.Matching Characteristics:

Considering the horizontal perspective of the query video, the person stands out due to their attire (blue)
and position. \Mo 1's individual matches in positioning, general stance, and isolation relative to

other figures more closely than the others. Therefore, Video 1 most accurately matches the person in the
query video.

Figure 23: GPT-40 7E AW K R TALSF R — R Bl BHERT H AR AMITE A 5
oAt AR e, (Eedf 7 — NS AN BRI R e, BhiE 1SR P A A —
Bk IEMYMEES RS AR BR . A -Bun IR A AR B .
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p Prompt for Action Prediction with Reference Video \

You are provided with a third-person perspective (Exocentric) video and a first-person perspective
(Egocentric) video. Leverage the exocentric video as the gold standard for understanding the correct order
and details of action sequences. Your goal is to predict the next action that will occur in the egocentric video
based on the sequence of actions observed in the exocentric video.

[Exocentric Video]
[Egocentric Video]
Question:

Which option most accurately matches the next action expected to occur in the egocentric video,
according to the sequence established by the exocentric video?

Options:
A. [Action Name] B. [Action Name] C. [Action Name] D. [Action Name]

o

e Prompt for Action Prediction without Reference Video A

You are provided with a first-person perspective (Egocentric) video. Your goal is to predict the next action
that will occur in the egocentric video based on the sequence of actions observed in the egocentric video.

[Egocentric Video]

Question:

Which option most accurately matches the next action expected to occur in the egocentric video?

Options:

A. [Action Name] B. [Action Name] C. [Action Name] D. [Action Name]

.

Figure 24: ZH{EFIN 1155 3R, WESHWHAA L ESHEITAIE L .

N\

Prompt Example for Skill Evaluation with Reference Video ~

You are a professional action skills evaluation assistant. Please watch a reference video performed by an
expert, which demonstrates the correct technique and execution of the activity. Next, evaluate four different
candidate videos (labeled A, B, C, and D). Each video features a different individual performing the same
type of activity. Your task is to compare each candidate's performance against the expert's demonstration
to evaluate their proficiency level.

[Reference Video]
Question:

Which candidate video performs the task best according to the reference video?
Candidates:
A. [Video] B.[Video] C.[Video] D. [Video]

.

Prompt Example for Skill Evaluation without Reference Video )

You are a professional action skills evaluation assistant. Please evaluate four different candidate videos
(labeled A, B, C, and D). Each video features a different individual performing the same type of activity.
Your task is to compare each candidate's performance to evaluate their proficiency level.

Question:

Which candidate video performs the task best according to the reference video?
Candidates:

A.[Video] B.[Video] C.[Video] D.[Video]

\

Figure 25: $REVEAL TALSF 93RS B IANEA S H PR Ol -
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Action Prediction
Refrence Video: Question:

o e o M Which option most accurately matches the next action

expected to occur in the egocentric video?

Options:

A. close tank @ w./ref \/
B. put tank to table with hand

C. fill tank with sink @ woiref ¥
D. get basin from table with hand

Question:

Which option most accurately matches the next action
expected to occur in the egocentric video?

Options:
A. switch remote

B. stand-up @ w./ref \/
C. get remote from table with hand @& w.o./ref I
D. put remote to table with hand

Question:

Which option most accurately matches the next action
expected to occur in the egocentric video?

Options:

A. get bottle-water from table with hand

B. close juicer & wiret
C. close bottle-water ® wosref X

D. open bottle-water

Question:

Which option most accurately matches the next action
expected to occur in the egocentric video?

Options:
A. fill cup with water-dispenser

B. put remote to table withhand & w.ref

C. put cup to table with hand @ w.o./ref x
D. drink water with cup

Question:

Which option most accurately matches the next action
expected to occur in the egocentric video?

Options:
A. point to game-console

B. get remote from table with hand
C. put controller to person with hand & wiref
D. play game-console with controller & w.o./ref X

E ‘g

Figure 26: GPT-do YEA4 FI 5H 2% WU Ot T X sh AN 55 9T . TR a0 3T i 4% 6
PRt s BE BRI ZL R
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Skill Evaluation

Refrence Video: Candidates:
l‘ll'll:’llllll>llllll

kg

I'I.IIIIIIIIIIIII‘II
Question:
which candidate video performs the task best?

Refrence Video: Candidates:

A

Question:
which candidate video performs the task best?

6 A
NN B
" E E B N EE N

Question:
which candidate video performs the task best?

B. C. D.
Question: . . .

which candidate video performs the task worst? ® w.iref/ @ w.o./ref X

Refrence Video: Candidates:

A

Question: Q 4
which candidate video performs the task worst? @ w./ref X @ w.o./ref\/

Figure 27: GPT-4o YEA FIBLA ZH VB DL T XL REPRAL AL 55 RO T0 o TR0 A4 TN J1 %
@hrth; HFRALL IR .
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