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Method Bias Labels  Bias-Capturing Model Summary

GroupDRO [?] v X Minimizes worst-case loss across predefined groups.

DI [?] v v Uses domain-specific classification heads for domain invariance.

EnD [?] v X Disentangles bias representations and entangles class representations.

BB [?] v X Balances bias in the logit space using prior bias information.

BAdd [?] v v Adds bias-capturing features to training to discourage their use.

LfF [?] X v Reweights samples based on bias-conflicting predictions from an auxiliary model.
SD [?] X X Regularizes network logits for spectral decoupling and bias robustness.

JTT [?] X v Reweights misclassified samples, assuming they are bias-conflicting.
SoftCon [?] X v Uses a weighted contrastive loss based on bias-capturing features.

Debian [?] X v Alternates training of main and auxiliary models for debiasing.

FLAC [?] X v Minimizes mutual information between representations and bias-capturing features.
MAVias [?] X v Infers and mitigates visual biases using foundation models and regularization.
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Table 2: SRR OB

Dataset Data Type Bias Type # Biases  Spurious Correlations
Biased-MNIST digits foreground color 1 99 % -99.9 %
FB-Biased-MNIST digits foreground & background color 2 90 % -99 %
Biased-UTKFace faces demographics (race or age) 1 90 %
Biased-CelebA faces demographics (gender) 1 90 %
Waterbirds bird species background scene 1 95 %
UrbanCars car type background scene & co-occuring object 2 95 %
ImageNet9 general purpose background & texture unknown unknown
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