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Tasks

Dataset Images Classes Type
Classification ~ Detection = Segmentation = Enhancement  Synthesis
Bishshash et al. [J] 2137 8 Hand Held v X X x X
Mirani et al. [§] 4000 7 Hand Held v X x x X
Li et al. [l 4000 1 Aerial x X v x X
Karim et al. [H] 1710 4 Hand Held v X X X X
COT-AD(Ours) 25000+ 9 Aerial 4+ Hand Held 4 4 4 4 v

Table 1: ZAPT55 B m] AR AN, B4 COT-AD Hidlndk, Akt & 25,000 sk B, 002k,

I N e S D I R R e A TS

Split Images Classes Type Tasks
Classification ~ Detection  Segmentation = Enhancement  Synthesis
Drone 1800 1 Aerial X v v X X
DSLR Disease 3231 9 Hand Held 4 4 X X X
DSLR Segment 100 12 Hand Held X X 4 X X
Drone + DSLR 14000411000 Aerial + Hand Held X X X v v
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Average Area Average Number

Age of Crop Covered by Crops of Crops Total Instances
(Months) . : of Crops
(per image) (per image)

Month 1 and 2 56.95 % 49 14538
Month 3 58.01 % 58 37881
Month 4 63.24 % 73 27325

Month 5 and 6 73.01 % 44 21656

Table 3: AR IR T XA E4E R X)) COT-AD %
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Types
Yellow-ish Leaf, Bacterial Blight/Leaf
Spot, Leaf Reddening, Fresh Leaf

Category
Cotton Leaf

Cotton Boll ~ Boll Rot, Damaged Cotton Boll, Healthy
Cotton Boll

Cotton White Cotton Flower, Red Cotton Flower

Flower

Bugs Mealy Bug, Red Cotton Bug

Table 4: HRAEAEYITHALH 202
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4.2. BRI

StyleGAN2-ADA(Dslr data) StyleGAN2-ADA(Drone data)

Metric Value Time (s) Value Time (s)

IS(pu+o) 3214 A+£0027 727.63 | 2.298 A+ 0.009  726.25
FID 36.44 761.79 30.9 761.99
KID 0.0115 738.38 0.0077 734.95
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Method Drone ) DSLR
LPIPSaf LPIPS- PFIDA{l LPIPSat LPIPS- PFIDAf
vggay ¢ vggaf ¢

Inpainting
Bmap 0.214  0.198  59.67 0.214 0.212  70.78
Varin 0.203  0.194 51.57 0.210 0.208  62.07
Upsampling
Bmap 0.678  0.643 135.13 0.656  0.669  135.32
Varin 0.674  0.649  143.03 0.655  0.661  128.46

Table 6: i A4 A DU L (BRGM) FETC A
PURIER AR TEAE D B4 _ BRI BIE A MR R B .

ARG TS (LR [ ). BGRM psipss
tedk H .

5. &k

TEATCH, N5t T —4 COT-AD #flask, BEXK
AP BRI T BTN, R AR AR T
SE il IR AR A 5 A [ A K B AT AN R
B, BEWS) N T2, FIAIKI . SCE IR,
COT-AD SZHFMERRII IR B m B AE R 1A 5
KA, UERTR TR G B S ROl B @A B (e A
g?ﬁiﬂéﬂglﬁ e, FATTEEOR 2 R S i pR A A TR
By

6. igf

FeA 1224 Jibaben Patel AL #f/i5. L & T Technology
Services Limited F Visvesvaraya 131 % %3 35 T.4E

www.xueshuxiangzi.com



(UPESS

[1]

ot

7. REFERENCES

Fei Li, Jingya Bai, Mengyun Zhang, and Ruoyu
Zhang, “Yield estimation of high-density cotton
fields using low-altitude uav imaging and deep learn-
ing,” Plant Methods, vol. 18, no. 1, pp. 55, 2022.

Prayma Bishshash, Asraful Sharker Nirob, Habibur
Shikder, Afjal Hossan Sarower, Touhid Bhuiyan,
and Sheak Rashed Haider Noori, “A comprehen-
sive cotton leaf disease dataset for enhanced detec-
tion and classification,” Data in Brief, vol. 57, pp.
110913, 2024.

Azeem Ayaz Mirani, Shahzaman Nizamani,
Mehwish Leghari, Qazi Ejaz, Mushtaque Ahmed
Rahu, et al., “A dataset of cotton leaf images for
disease classification using deep learning,” Qazi
and Rahu, Mushtaque Ahmed, A Dataset of Cotton
Leaf Images for Disease Classification Using Deep
Learning.

Serosh Karim, “Cotton leaf disease dataset,” 2025,
https://www.kaggle.com /datasets/seroshkarim /
cotton-leaf-disease-dataset.

Fengying Dang, Dong Chen, Yuzhen Lu, and Zhao-
jian Li, “Yoloweeds: A novel benchmark of yolo
object detectors for multi-class weed detection in
cotton production systems,” Computers and Elec-
tronics in Agriculture, vol. 205, pp. 107655, 2023.

Hanyu Wang, Pengxiang Wu, Kevin Dela
Rosa, Chen Wang, and Abhinav Shrivastava,
“Multimodality-guided image style transfer using
cross-modal gan inversion,” in Proceedings of the
IEEE/CVF Winter Conference on Applications of
Computer Vision, 2024, pp. 4976-4985.

Tsu-Jui Fu, Xin Eric Wang, and William Yang
Wang, “Language-driven artistic style transfer,”
in Computer Vision —ECCV 2022: 17th European
Conference, Tel Aviv, Israel, Berlin, Heidelberg,
2022, Springer-Verlag.

Kibeom Hong, Seogkyu Jeon, Junsoo Lee, Namhyuk
Ahn, Kunhee Kim, Pilhyeon Lee, Daesik Kim,
Youngjung Uh, and Hyeran Byun, “Aespa-net: Aes-
thetic pattern-aware style transfer networks,” in
Proceedings of the IEEE/CVF International Confer-
ence on Computer Vision, 2023, pp. 22758-22767.

Hyeongmin Lee, Kyoungkook Kang, Jungseul Ok,
and Sunghyun Cho, “Cliptone: Unsupervised learn-
ing for text-based image tone adjustment,” in Pro-
ceedings of the IEEE/CVF Conference on Com-

[13]

[18]

puter Vision and Pattern Recognition (CVPR),
June 2024, pp. 2942-2951.

Lorenzo Agnolucci, Leonardo Galteri, Marco
Bertini, and Alberto Del Bimbo, “Arniga: Learning
distortion manifold for image quality assessment,”
in Proceedings of the IEEE/CVF Winter Confer-
ence on Applications of Computer Vision, 2024, pp.
189-198.

Anish Mittal, Anush K Moorthy, and Alan C Bovik,
“Blind /referenceless image spatial quality evalua-
tor,” in 2011 conference record of the forty fifth
asilomar conference on signals, systems and com-

puters (ASILOMAR). IEEE, 2011.

Jianyi Wang, Kelvin CK Chan, and Chen Change
Loy, “Exploring clip for assessing the look and feel
of images,” in Proceedings of the AAATI Conference
on Artificial Intelligence, 2023.

Jack Hessel, Ari Holtzman, Maxwell Forbes, Ronan
Le Bras, and Yejin Choi, “Clipscore: A reference-
free evaluation metric for image captioning,” in Pro-
ceedings of the 2021 Conference on Empirical Meth-
ods in Natural Language Processing, 2021.

Luke Melas-Kyriazi, Christian Rupprecht, Iro Laina,
and Andrea Vedaldi, “Deep spectral methods: A
surprisingly strong baseline for unsupervised seman-
tic segmentation and localization,” in Proceedings
of the IEEE/CVF Conference on Computer Vision
and Pattern Recognition, 2022, pp. 8364-8375.

Hossein Talebi and Peyman Milanfar, “Nima: Neu-
ral image assessment,” IEEE transactions on image
processing, vol. 27, no. 8, pp. 3998-4011, 2018.

Gihyun Kwon and Jong Chul Ye, “Clipstyler: Im-
age style transfer with a single text condition,” in
Proceedings of the IEEE/CVF Conference on Com-
puter Vision and Pattern Recognition, 2022, pp.
18062-18071.

Yi Zhang, Meng-Hao Guo, Miao Wang, and Shi-
Min Hu, “Exploring regional clues in clip for zero-
shot semantic segmentation,” in Proceedings of the
IEEE/CVF Conference on Computer Vision and
Pattern Recognition (CVPR), June 2024, pp. 3270-
3280.

Alec Radford, Jong Wook Kim, Chris Hallacy,
Aditya Ramesh, Gabriel Goh, Sandhini Agarwal,
Girish Sastry, Amanda Askell, Pamela Mishkin,
Jack Clark, et al., “Learning transferable visual
models from natural language supervision,” in In-
ternational conference on machine learning. PMLR,
2021.

www.xueshuxiangzi.com


https://www.kaggle.com/datasets/seroshkarim/cotton-leaf-disease-dataset
https://www.kaggle.com/datasets/seroshkarim/cotton-leaf-disease-dataset

[19]

120

22]

Samuel Stevens, Jiaman Wu, Matthew J Thomp-
son, Elizabeth G Campolongo, Chan Hee Song,
David Edward Carlyn, Li Dong, Wasila M Dahdul,
Charles Stewart, Tanya Berger-Wolf, et al., “Bio-
clip: A vision foundation model for the tree of
life,” in Proceedings of the IEEE/CVF Conference
on Computer Vision and Pattern Recognition, 2024,
pp. 19412-19424.

Sheldon Mascarenhas and Mukul Agarwal, “A com-
parison between vggl6, vggl9 and resnet50 architec-
ture frameworks for image classification,” in 2021 In-
ternational conference on disruptive technologies for
multi-disciplinary research and applications (CENT-
CON). IEEE, 2021.

Razvan V Marinescu, Daniel Moyer, and Polina
Golland, “Bayesian image reconstruction us-
ing deep generative models,” arXiv preprint
arXiv:2012.04567, 2020.

Yohan Poirier-Ginter and Jean-Frangois Lalonde,
“Robust unsupervised stylegan image restoration,”
in Proceedings of the IEEE/CVF Conference on
Computer Vision and Pattern Recognition, 2023,
pp- 22292-22301.

www.xueshuxiangzi.com



8.

*hFEA R

9. B SOk

ETipuy

ZER St B E AR DSLR g4, %
RN BT, R E XA ED . fidn
FMGIRAL T IZ B B 5 Y, 38 A TR AN 43 )
{555, B e Ko 1 %% . DSLR
BIGIN % 1156 R T340 - e 3, [ gk
ARG A B

G

https://ieee-dataport.org/documents/cot-adcotton-analysis ,gi,@paﬁgg

https://www.kaggle.com/datasets/aamaanakbar/
cot-ad1

Hod Ak
R, A3, BRI

K
B 4R th WA~ A B i J 0 S O AR AE AR Y
FLTA PR AN RS B S AHAL I R, DA SCHLIBRA I -

W 310 GB.

KEEISE
AR SR 25,000 TR

P E
Hm Rt 140 AU

KEF3iEN
X B JPG. JPEG Il mpd ##%311.

peTE SIS
E T A3 1A B AR AE AR F ST TR e

KA AR

I IEAALLA [10,15,115] K py i BEAAR A A 1A
‘.

o i1 AE R A R Y B SR BIL IR

B GARETENS
%ﬁ@ EG W SCRde; - Esns, RURT/EY
Ay EI AEHERS, DA JPG #%2: HTFAE B
YOLO FrifE.txt #5090 #IFR%: AR TED
K YOLO Frife.txt 452 Ag G ARZS

DSLR FMRAARZEANT: BRI IS AR P E
B JPG EBIA R ST

R
Bk EGER T ME N TR, ol 2™
R AR A, DARR DR R A T S

BE. AW

B PrA # MR B

BN o ey A B L S rh bR A7 TH T 22 [
SO EJILANNTPP W AEWYTH N LT PU

& NES T
YT A 1.0

TR N
FRAE AR - BRSO, (EAT AT BOR )
AT R

1 AP 2 SRR B R Bl

CAVIEN
éﬂt?ﬁ%é’]@%ﬁﬁ%ﬁ% [ = et

YF]
FA-AERLE 4.0 5
DOI

10.21227 /bpgn-9a12(IEEE Dataport ) Fl 10.34740 /kag-

gle/dsv/10674370 (Kaggle)

(=i
IR KM ERRIE, FATRIEIA THE.

ANV AL A B AR LT T I ) O BB Al EARE
WA BRI R S O T ) A 0 T R T A Y P 3t
VAP S e S B %ﬁﬁmmn%ﬁMWﬁMMm
BN AR BRAE Y BRI, A AR A
B BE A ATRICR 5 L, AT [ BRAS A B Fof 1
MPE . AL T AL TR ) 23 5 Bn 48
—MEARESE, ok TEW A Ay EY, DA KA
TR 22 AN [6] 9 B AL A1) T 325000 52 Wiy O Al 88 B
FABLIE GRS . MR R LR DAy, A TRAE
VERI RGN AN 75, SR T i AR 37 DX I AL BRI 2
SE I B IR BRSO AL S g T . AR A
FZLAR R PR, AR 76 5 1) 0 SR L 1A B

FANTHI B HEAE DA L e PR T RS
FRPET EEXIARAEAE DR 5 DA ) R L 7 TR,
AEARE) A T EET T 20 53 g A 00 2 SR 55 o o L S
DAEE J& HE AN SO A IR A 5000 5K SR 4]

BB, R 2R —. X EHRSE T
YRR QIR BRI T R EE, PASRTHROLSERE,

SR BOM AT FFEE A RO ATIF R T T B A BRI Al e i
FAEAS B AR T i 74 B A A A BRI ] Rk
SRR UE A2 B ORI B G R A SR . R TE AL
FIFHBILES & et i AL B2 AT AR A1) 45 B )
BATT, QBRI A TR B,
KE AR AE ) 8 PR i B A TSR . AR SO 4R

RAVE L i ] PR SR AR ET S Bl 4R, PAMCH
%ﬁﬁﬁ%ﬁﬁﬂiﬁﬂ%&&iﬂ%ﬁﬁﬁ ALEjibpU
#igg DSLR FIMRARSE .

www.xueshuxiangzi.com


https://ieee-dataport.org/documents/cot-adcotton-analysis-dataset
https://www.kaggle.com/datasets/aamaanakbar/cot-ad1
https://www.kaggle.com/datasets/aamaanakbar/cot-ad1
https://www.iitgn.ac.in

10. Jiikik

AR AE R IR T B RO . FERRELO e RS I
VRPN T3 TR A I I AT RS 2 R 2. FATTHY
B et TRRT DA, 2 AR A Y
Bftlfo X IR HA H BRI AR To ALK
WP B G R AN AL A O AT RE . L0 A4S A BT it
IR E AT BRI, X S Ay B T3R5 SE AR e 1R
WOl HEBRIFAVE S OLAL K . BERHRIA R S5 R 37 4
AR AR B DR E I LB AR, K
AT AT AT SO TS SE A, IR B RO B3
R AR AN DURSAIIY 548 T 90, 0 HLAE i RS
BT HETE, DO B e A 7 B IS )AL 5 A S
TH o ARSI T S A A A AR AR M R AR
Gl ER O BCAR T E IR AEER, HEh RS
RERSAEVEM AT foe (I T ORI e AT, Ak A
THAA B AR AN IR 15

Fig. 8: ffiJf] yolov1l BRIESELIMIEER .

10.1. %555

FAEH T Segment Anything Model (SAM), PA M Deep
Spectral method [14] . DSM A F IR Bl 46 9 2% v 41
WURRAE , FFAERRAEAE &% A0 % B 3806 DAIRASRRAIE )
H, %‘%ﬁﬁﬁ&ﬁ@ﬂ:ﬁ-ﬁ%Eﬁiﬂﬁﬂ@iﬁ)‘(tﬁ%’f)‘(
A PR A

RIGAE 2 il gt L P e . Dhse . K4
PERABAR R WS EEEAT . RAMRR T —FET
StyleGAN gﬁ’]‘gﬂﬂiﬂ@ﬁm A (BGRM) [y fa g
T BHEE  [22] HELE, PATEIRALI e SEa s 4r iy 15
o A A, TEREMEGBEME S XA
ML (L% [@) A DSLR EUREHREITT TIFAG.

11 iR RIbRTE

FATH VARSI 053 B A 1) B AR 28 0ot ) o o4
PAHIERBAEVED PR A K S5 . B T APLEE AR, 3K
ATAEREAS A KR PO A AL AT T s i . o
ABLFE [10,15,115]) KW EElT, $4t T —A-F i
i, DA S HeRE S, RS A RS A 2 A
K AT 45 B bR 40 o Jo ML A7 4 B [ 5 1R) B A 7
ZHE, PARRERVED 2E KA By BEER B 7 il sk . XA
RGP SRR TR AT RE 05 M 4 M AE AR D0 11 & R B B
BeAk, Bt TR R RO B AR, RSy
B REREMGRERA .

12 B R G nE 1 B

RGB T AWML (DJI MAVIC Air 25) — DJI Mavic Air 2s
L, SR E ] WG, Ala AR
o EG, R AT B A 18.5 km, ok RATH ]2
30 rgh (EREEET) . BERA GPS + GLONASS
+ Galileo FJ#f) GNSS ##., AN EER T —& 20
MP {353k, HEd— 1 =m=ai# e, B/ 5
R T IEAES T« A7 DJI Mavic Air 2s,

FURAHPL (fERE EOS 80D (W)) fEfE EOS 80D
(W) R—ZIhiie s v RE B pas Sk SOLRIAL, e
%4y 2420 B EK CMOS %34 A1 DIGIC 6 El1g 4k
A, 45 AT H N R G S RS B
g, e THFTEY 7.0 fps LA K UL 6. B
SR T TR = ER 148 EOS 80D (W),

13, R F1 U UL it

FME 07 RO T ARAER IR IZ A PR AT, AT
THUHAEE . XE T BT A T s, N
NEILEE TENF RN ER G B fEY .

& 07 R4 TARIEA R B2 H AN . i T
A BT IR BB B AR R AR, RIFERANE R
T R R T

14 JT 1 A U Bt 4

VATEAEYI 5 32 0 . P . IR (LRI 20 (B
A ] 8 T o A L i o
EIMRRTRRA L, P R VA S . P P BN
WG, WASH . MR AT, T SRR R s
FH, MK AEAL ) 2 G b T AT M S T 5 4
PR , I AN S . R LT AR AT
FRE TR M0 2 R IR B I T . o6 4 B
R A, DAALEBERT R G, L 5OR LT b
W 5 AT e A TR . FE IR, T
6t ST S 37 e R

B sk A4 5 4 B DSLR MBI R
oty F IR . BSR4 Hk DSLR BRI

SRR R (T B e

www.xueshuxiangzi.com



Fig. 9: FIGHNI04E .
iﬁ@] (CHAE B ko il) B ) . #edent
i, AT ELERIZEIE e W ol ] 2 .

TR TR LAAERPRIE S, BIIEAT 455,
JRA LRI T DA S /0 S R 4 3% SRR AR

KA1 &7 Kaggle fl IEEE DataPort b= T
COT-AD #lafk, ZBHRE RN E 308 GB By,
X7 )% BE S B GR Y B98N BRI AL N B3] DA 1]
FATRWH L (https://aamaanakbar.github.io/COT-

AT R — R B 4 (%miiﬁg%ﬁ 1) (AWEFIT: 838 (Re s 2] ).
) BRI Rl e 4E S . LDAST [7] . MMIST [6]

(d) CLIPtone )

R

|, DA T A DN A A3 2R A A i R 1 s
Fil CLiptone [9] . #2/R: —3K T, & BTRA

AD/), BEEBAER A SO R I TR R B
ZRARARABEARRT i

www.xueshuxiangzi.com



DSM [i4] SAM

i

Fig. 10: (/I (SAM) Rl [14] Jrkmmisss
.

Fig. 11: $UR4ER4: () DIT MAVIC Air 2s (b) HUS
L Canon 80D (w) FE5KE: Canon W)

15. Bdli4181

FFAG IR 43 BT G TR 23 B 55 1 £k
WHLAE D20 TR IR Eg” B
KN, HFS A EEG
o SE—ERAr: B H R
o BIERY HEAHBEEE.
o WA SRIUASH IR
o 25 D ERAr: ok HESTUREE NS A B EEE .
BRI PSSO
P RS fEH 3¢ “RrHEE DSLR MAEEY
FREERT THL, KB SEET =K T
RN i e
o Leaf U SIS T H— 2. HEER. 40
WAL . R AR LD I
o M CHIALE =41 H % Boll Rot, Damaged
Cotton Boll F1 Healthy Cotton Boll,

o “Bugs” XM RWEWANT HR—— “Mealy Bug”
F1 “Red Cotton Bug”,

L TR A R U R AERIACR, S TS

R 7 RRIB 73 SAT 55 A S A B 2R H 11
FEFIRICZER (1) PR TAFREE LK

16. &E4L

FIR A2, AT X ST 1 2B S5 o i
ZILEME B HREER. BATEH 2 B EM 2 F7

VEIFAT T R GG sR . X SIS E A R g P
AT T U
@i?ﬁ@‘ﬁﬁ?‘ﬂﬂ, FATRM T YOLOvIL #8Y, FHAEK
(14, 17) PEAEEREMERR T DSLR U AHLEE
LRy R
SR RSB T EE R Z A5 L & T %
AR5 BR A TR SCRE, 5 B H b 2<% B R T
2[5 Hl Jibaben Patel AT TR & fE. ATES L & T
TR IWF R BN, F¢5l 52 Ashokkumar Jain SE4: .
Pushkar Shaktawat 4G4 F1 Nikhil Dev Je4:. HAh, F
AT B T H 1 P A R 9 B B2 B T 22 B Y Prakram
Singh Rathore 4¢4:. Medhansh Singh 4g4:. Pavidhar
Jain 44 . Yash Khandelwal Jg4: 1 Harshvardhan Vala

S AR R FRTE PR R 35 07

www.xueshuxiangzi.com



Method DSLR Cotton Crop Data  Drone Cotton Crop Data
LPIPSat LPIPS- PFIDat, LPIPSat LPIPS- PFIDat
¢ vegaf  ” ¢ vegaf "

Deartifacting (JPEG Cpmpression)

L 0.584 0.619 121.419  0.598 0.588 120.462

M 0.576 0.613 115.922 | 0.583 0.580 112.291

S 0.573 0.611 114.228 | 0.579 0.576 113.928

XL 0.6 0.633 118.723 | 0.615 0.601 157.034

XS 0.571 0.609 115.213| 0.577 0.575 113.201

Denoising (Clamped Poisson ang Bernoulli Mixture)

L 0.58 0.628 116.625 0.576 0.583 130.393

M 0.573 0.62 113.264 | 0.570 0.579 115.636

S 0.567 0.613 109.726 | 0.568 0.575 114.738

XL 0.592 0.64 115.037| 0.591 0.591 146.684

XS 0.56 0.607 113.883 | 0.562 0.571 107.531

Inpainting (Random|Strokes)

L 0.553 0.596 126.934 0.527 0.553 112.856

M 0.548 0.59 121.841| 0.528 0.552 106.999

S 0.542 0.585 114.523 | 0.524 0.549 104.970

XL 0.558 0.602 133.558 | 0.533 0.557 109.472

XS 0.551 0.59 114.447 | 0.543 0.556 96.843
Upsampling (Bilinear, Bicubic or Lanczos)

L 0.619 0.642 129.074 0.604 0.599 154.395

M 0.598 0.632 126.482 | 0.606 0.598 140.140

S 0.581 0.619 119.499 | 0.592 0.587 103.984

XL 0.628 0.651 130 0.620 0.609 161.933

XS 0.566 0.605 116.894 | 0.578 0.577 102.341

2 Degradations

AP 0.57 0.61 121.229 , 0.542 0.569 112.517

NA 0.584 0.627 114.7 0.584 0.589 136.752

NP 0.57 0.615 122.015| 0.538 0.566 118.027

UA 0.639 0.673 127.588 | 0.636 0.617 163.628

UN 0.623 0.66 116.295 | 0.604 0.605 140.503

UP 0.588 0.626 120.72 | 0.573 0.583 139.341

3 Degradations

NAP 0.578 0.621 122.239 | 0.542 0.569 123.345

UAP 0.617 0.66 124.197| 0.592 0.596 119.654

UNA 0.644 0.68 119.279 | 0.614 0.612 138.181

UNP 0.624 0.654 124.385 | 0.557 0.578 108.822

4 Degradations
UNAP 0.638 0.67 0.591 107.681

120.707| 0.598

Table 7: RUSTR [22] 76 Hi—PEM#RAL (£ TOMb. EWe. BN EREE) FIZREMEA, AR (S, M,
L, XL, XS) _Fxlok B 55O TC AWURBLE R AE VR Bt HEA T PR B S i P REFE AR . RUSIR J5 ¥AAE I A 200 L6 1)
—EE S, MHEMESRTERE A A0 B UER MR T . SRS SRR (G HERG 1 (LPIPS) . fREEE
(LPIPS-vgg) MESIE (PFID), [HBRFIRIEREHLT .
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Zero Shot Linear Probing

Model

(Top-5 ) (Accuracy)

Augmented (Cotton Leaf Disease Detection) Dataset [2]
CLIP (ViT-B/32) [1§] 93.67 91.54
CLIP (ViT-B/16) [1§] 96.72 95.86
CLIP (RN50) [18] 08.88 88.74
BioCLIP [19] 67.41 04.54
BioCLIP (ViT-B/16, iNat-only) [19]  69.98 93.21
Original (Cotton Leaf Disease Detection) Dataset [2]
CLIP (ViT-B/32) [1§] 91.76 90.74
CLIP (ViT-B/16) [L§] 92.85 03.38
CLIP (RN50) [1§] 95.73 84.37
BioCLIP [19] 61.98 91.87
BioCLIP (ViT-B/16, iNat-only) [19]  64.93 91.36
cotton leaf disease dataset [4]

CLIP (ViT-B/32) [L§] 92.40 87.85
CLIP (ViT-B/16) [L§] 94.95 90.37
CLIP (RN50) [1§] 96.83 84.96
BioCLIP [19] 64.81 88.36
BioCLIP (ViT-B/16, iNat-only) [19]  66.32 89.76
A Dataset of Cotton Leaf Images for Disease Detection and Classification [3]
CLIP (ViT-B/32) [1§] 94.00 86.69
CLIP (ViT-B/16) [L§] 95.88 80.43
CLIP (RN50) [18] 97.62 84.86
BioCLIP [19] 65.27 87.46
BioCLIP (ViT-B/16, iNat-only) [19]  67.66 90.96

Table 8: &3 EPUMEHRSE LA ORI BREA (Top-5) ML (Top-1) HER:Z.
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Fig. 12:
(a) F—mnormalised confusion matrix
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Fig. 13:
(c) Xtra —Normalised Confusion Matrix www.xueshuxiangzi.com
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Fig. 15:
(a) F—mormalised confusion matrix
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Fig. 16:
(c) Xtra 4€” Normalised Confusion Matrix www.xueshuxiangzi.com
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