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GPT-40

GLiClass DeBERTa-v3 GLiNER2

Dataset Task Type #Labels OpenAl (2024) Knowledgator (2025)  Laurer et al. (2024)  Our model
>100B 190M 435M 205M
SNIPS Intent 7 0.97 0.80 0.77 0.83
Banking77 Intent 77 0.78 0.21 0.42 0.70
Amazon Intent  Intent 31 0.72 0.51 0.59 0.53
SST-2 Sentiment 2 0.94 0.90 0.92 0.86
IMDB Sentiment 2 0.95 0.92 0.89 0.87
AG News Topic 4 0.85 0.68 0.68 0.74
20 Newsgroups  Topic 20 0.68 0.36 0.54 0.49
Average 0.84 0.63 0.69 0.72
Table 1: YEASFELE I BHEA A > 2 1R
Dataset | GPT-40 GLINER-M  GLiNER2 #Labels | GPT40o DeBERTa GLiClass GLiNER2
Al 0.547 0.518 0.526 5 358 1714 137 130
Literature | 0.561 0.597 0.564 10 382 3404 131 132
Music 0.736 0.694 0.632 20 425 6758 140 163
Politics 0.632 0.686 0.679 50 463 16897 190 208
Science | 0518 0-581 0-547 Speedup | 1.00OGE  0.10E  275€  2.62E
Average | 0.599 0.615 0.590
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from gliner2 import GLiNER2

extractor = GLiNER2.from_pretrained("gliner/gliner2-base")
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text = "Apple Inc. CEO Tim Cook announced new products in Cupertino."

entities = ["company", "person", "location", "product"]
results = extractor.extract_entities(text, entities)

entity_descriptions = {
"company": "Business organizations and corporations",
"person": "Names of individuals including executives",
"location": "Geographical places including cities"

}

results = extractor.extract_entities(text, entity_descriptions)

Figure 2: GLINER2 J{J =iy 4 S (A JH 31 1) a7 AT 384
SRJTIR
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text = "This movie was absolutely fantastic! Great acting and plot."

labels = ["positive", "negative", "neutral"]
results = extractor.classify_text(text, {"sentiment": labels})

tasks = {
"aspects": {
"labels": ["acting", "plot", "visuals", "music"],
"multi_label": True,
"descriptions": {

"acting": "Quality of character performances",
"plot": "Story structure and narrative",
"visuals": "Cinematography and visual effects",
"music": "Soundtrack and audio design"

+
}
}

results = extractor.classify_text(text, tasks)

Figure 5: FLA7 1] 51 iR 0 i B T ) SCAS 732
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text = "The new MacBook Pro costs $1999..."
product_schema = {
"product": [
"name::str::Product name and model",
"price::str::Product cost",
"features::list::Key product features",
"category::[electronics|software|hardware]::str"
1
+

results = extractor.extract_json(text, product_schema)
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text = "Apple Inc., based in Cupertino..."
multi_schema = {
"product": [
"name::str",
"price::str"
1,
"company": [
"name::str",
"headquarters::list"
1
+

results = extractor.extract_json(text, multi_schema)
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results = extractor.classify_text(text, {
"sentiment": ["positive", "negative", "neutral"],
"genre": ["comedy", "drama", "action", "thriller"]

1)
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Input text

The Acme Pro Laptop 15” features an Intel Core i7 processor, 16GB RAM, 512GB SSD, and a 15.6-inch 4K display. Priced at $1,499, it offers Wi-Fi 6,

Bluetooth 5.2, and a backlit keyboard.

Figure 7: GLINER2 Gradio {75 A [fil 27 )2 IR Z5H 2 L.

schema = (extractor.create_schema()

.entities(["person", "company", "product", "location", "price"])

.classification("sentiment", ["positive", "negative", "neutral"])
.classification("urgency", ["low", "medium", "high"])

.structure("product_info")
.field("name", dtype=" ", description="Product name")
.field("price", dtype="str", description="Product cost")
.field("features", dtype="list", description="Key features")
.field("company", dtype="str", description="Manufacturer")

)

results = extractor.extract(text, schema)
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Hyperparameter Value
Epochs 5
Optimizer AdamW
Learning rate (backbone) 1 x 107
Learning rate (task layers) 2 x 107
Weight decay 0.01
Warmup steps 1,000
Gradient clipping 1.0
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