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B Action | Visual: A dark screen with a YouTube subscribe button and the text 'Dr Joseph Cipriano DC"- The
visual transitions include glitch effects on the text:
OCR: Dr Joseph Cipriano DC ,SUBSCRIBE

Audio: The music is upbeat with a modern hip-hop vibe-
Text: the logo for dr joseph citipino de-

The video displays the text ‘Dr Joseph Cipriano DC' and a YouTube subscribe button, accompanied
by glitch effects on the text and an upbeat modern hip-hop background music-

o]
R
Uploader's intent: The video primarily aims to promote Dr Joseph Cipriano DC's channel by encouraging A
viewers to subscribe, using engaging visual and audio elements- ;
. Main character’s intent: Dr Joseph Cipriano DC aims to attract viewers to his channel b =
‘ “"lI“‘"‘IllII" ““|I||‘||II||||" [Background Music-] presenting a visually striking f'ntrfductfcn with a call to action- ! i
B Subject B Action | Visual: Swimmers compete in a pool, divided into lanes marked by colorful ropes- The swimmers are mid-
B Place B Event race, with one swimmer notably ahead in the foreground lane: Officials and spectators are visible on the
sides of the pool- The word 'PHELPS' appears prominently over one lane-
- 2 OCR: LIVE ,50-8 ,51-4 ,52-0 100M ,WR SPLIT 55-38 ,52-6 100/M ,53-2 100M ,0MEGA ,
e 539 ,54:5 ,54-97 100M ,0MEGA ,WR SPLIT 55-38 - 0-46 ,PHELPS ,1:00-0 ,0MEGA
ASR: | can really focus looking very smooth here after the first two legs of the pole in the pot folks
with the lead and second was Chad Lackey was in third
Audio: The audio contains background noise that is energetic and upbeat, suitable for an exciting event or
sports atmosphere: There is also cheering from a crowd, indicating a lively and enthusiastic environment-
e | Text: swimmers at the pool competing with one another
Swimmers compete in a pool race, with Phelps leading in the foreground lane: On-screen text displays
and split records, accompanied by commentary about the race progress: Y
1\
qlll“'"“"'“ ‘“h“‘"‘""l" [Noise, Cheers=] Uploader’s intent: The video primarily aims to showcase a competitive swimming event by highlighting 'g
the race dynamics and providing real-time updates- ;
((@)) Live broadcast of the competition Main character’s intent: Phelps aims to maintain his lead in the race by focusing on a 3
smooth and efficient swimming technique- Bl

Figure 1: VideoMind "PRGELSH )i BE Bl (L83 BI{E https://opendatalab.com/Dixin/VideoMind ).
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Table 1: $2 {11 VideoMind 5 i A0t 2 BB 4 Z [l Le %

Dataset Domain # Clips Text Source Len,.,, Image Video Audio ASR OCR Tag Intent
MSR-VTT [20] Open 10K Manual 9.3 v

MSVD [2] Open 1970 Manual 8.7 v

LSMDC [12] movie 118K Manual 7.0 v

ANet Caption [6] Action 20K Manual 13.5 v

VaTex [16] Open 41.3K Manual 15.2 v

HT100M [11] Instructional 136M ASR 4 v v

HD-VILA-100M [21]  Open 103M ASR 32.5 v v

WebVid-10M [1] Open 10.7M Alt-texts 12 v

How?2 [13] instructional 80K Manual 20 v

VALOR [10] Open 1.1M Manual 16.4 v v

VAST [3] Open 27TM Generated 324 v v

InternVid [17] Open 234M Generated 17.6 v v v

GME [24] Open 1.1M Generated - v

VideoMind (Ours) Open 103K COT-Generated 225 v v v v v v v

BB RAR B _ AR R R 2 S B R T 5 . R
2 KA BTN GEIRA A AL, 1BT5E D AR A
DHEAR R . a0, Syalr - s E B AR T S
WA R AE, KA T LSMDC [12] #di4E, #Eds
AR 10 TR By, IEBA R 2 0 TSk .
Max Brain Bifi J542 17— 1000 7 4554 Webvid [1] , Hr
ST SO AR R H TP 45 . HD-VILA-100M [21] #F— 2154k
PR R 2 112, U0 Bl e ASR 45 B3R, A
BT AR SCREEE, L ALSEES 2R F T mLLM [ 304
A AR R AR R AR B TR [17] o SRS AN VAST [3]
Al VALOR [10] #t—25 8 &8 M {5 B DA 4= 7 B A iy L
HasREE 2 HEE . XA G IR TE T 2 RESOES A (mLLM)
RIS, YR T eI TSR . 2RI, RE R
SR TFEENFELE, WA NEGRETRIE AT R R

1) i T RE SRR REIAEIRE P &2 85T
H, HAE BT R K 20 A ) 7R Rl .
T SC ARl AR SO T ATk A I — AT, &
HEHSFE R AEREER.

2) B Z IR AR O R A A5 P AR A ) I e I 2%
KT, WA RBEFREIRA RS IR R B X FER A
TV IREA AR A

3) JREMALS WA REHIA HWEIEER T A ETSS
MR, AR Q & A, XREIE ] fes | SA A
FEBCH BT SO A B, B2 T Erim g AR

LR SRR ] TR Az AL, BT, A X
5P 25 B IR 2 R BTN N B A . AL P 2 B = IR BRI
A PR, RASEFMER TR . BAh, 3§
ASRE R T 4 P E MR X ET, ERRBa
RO BIFINHIIGT e N2, R R GE M. Ak, A
PN T — M HEdESE, VideoMind, B4R T XM A 4 TH
(JTEERRE) SCARMRERE. WE 1 R, BN REAE =A
BEREHTT R Eid—FHL)ZE . i ZNERZ, W&
TEVRA AR 3% LE4 A 238 1 T mLLM /3% 25 B 4k 5
(COT) AR, HBRTBRAES 3.1 WA, &
BEERZZO0H, FRATES TSR R E RSN, Rt T
B A EIEATSS, BIER/NMEAS B ) 3305 71 8 R0 A5
WETERE R ERREN . KAh, VideoMind U & &85 (&
B WS, EHARISCAR) , PARFZ RS, WEIhEHIR

%;Mm\%$¥ﬁﬁ%(mm)ﬂ%ﬁﬁiﬁ%7w%lﬁ
R
B, ARIONH T EN BN ARSI R4 Video-
Mind , XECHR AT i T ORI A 2 1) 4 T A RV A T BT
ARARRE . G SRR I Y R RIRE )y, VideoMind {4
PSS BRI RS A TR R FEA Z R NAE R AR, AR
REWAVCICAYRE ST, AR BEAL AL 46 b A R0 47

2 ML

BT SCAS K2 Y 258 R 2SR ) L ht, M58 T U 2 A
I FHERSER, PICRS A TS . 2 OEEdE
REFEHN T KRERE 1, BSLTHRBT AN TARE: A
DEAEEE [2, 6, 10, 12, 13, 16, 20] « VERAI78HERTIH, X4k
B EEE SRR DRI B RS, SE 2R TRy e
AFORWEE. B0, MSVD [20] ALELE 1,970 ANSHUSH SCAN
ifi LSMDC [6] H I REASE I F B TRk, N TGRS
TR FFE A, HoAh TAER A M 7T R ) Alt-text [1, 5, 14]
AR BEH ) ASR [11, 21, 23] VE A P22 1 SCA AR . X
— SRS BRI SR TR R, R R R S R e
KENET 112, SR, Alt-text F11 ASR #i i 940 ge it LA 4L
R R SE AT FT BB AR AR A ST UG, T Alt-text B 5 T03%:
IRZAS BRI

L4 mLLM i B LAl 1 —A 1 Ak i iR e 20
A, DU THER SRR, %T mLLM 3ok B b 6k
g N TR RESEG % A T — 4% 4 InternVid R HE K 1)
WU -SCARBIRSE, e, ZoR mLLM ARSI
Fr B S — AR BRSO . BEJS, mLLM AOfAE SRS S
P ZHES, BT 4K VAST [ R BRI 3 - 3 i-1E = 8
sk, XIHB T EREERFEINSRE. R, Xeefdhsg
B MR AN B e % 1, SEEE TR &R
O 4. BRURSEAN FUR B SR FIAL I S 5 I
R R SEENE. ik, M1 H T OpenViD-1M, —4-g
40 J7 4% 1080P 43 HERMIR AR 4E -

RET L3R T2 AL O SRS, (HARDH BT
RH&EUARFE M. NEBSZ IR E S NETRTE
TERFER, XS T WSS M HIREE AT . R i— T
Y&, Il Video-MME [4] I IntentQA [7] , 2%igiliit QA =%k
FEARNE . SR, X AAR AR, B
Ry R B . FL, A TAE B —2500, Ao

J

www.xueshuxiangzi.com



VideoMind: F3-FiR EIAMASTIRMEHY £ 75 SNBSS, SaEEEM

P A TR A SCASTERE, T HE AT 1 5l A A
BB

3 VideoMind: —A~JLA7) " IZHIZEA SR 4B

SR
ST AP AR SR B 2 90 £ 22 A R B P e
HERE T ZZ I E A, WAL REIEANSIEL. TR
PEAT AT BEAR, VideoMind 2t T AHIAIRIAS (414 5 BT
B, EIRANSCA) , LA IL B Se B IR B )
R RE SUARSR . BARRE, B UL SCA A (46 =
e R REMEREE . FEL)R AR o A
AR g, 1 52 )2 W B F SRl SR (A A
g FEM M ERMZERE, BEEE—S IR
B . BEAN, PR BB AT RN ITR : e (R
%JE OCR) . &M (WHH). OCR. ASRHIILA, KFhbrss,
QIR MG, AR, ASCRETIZB TS, W
FOERB BRI SR

H2, VideoMind f275 103,000 MHUSREA, X LFEAALAT
Ry 2200 Jy 4 3CATERE . RTRUR . SCRRIE . (5 BAREAE
MG LR LR 1 o 4 1 e R A BRI AT 55 4R 41 o
HAAREAR)ITAE, A VideoMind % 4 fHops Lk 2k T 3000
AREAR, BN T — M IEERIESE . KRS P BT A AR AR B B
[ R 4 e AR VAL a8

N T PRI I ) 2 BRI, FRATREFPRAEAE S M 45 L A Y
BBUE RN TR SR VIR . ARHE InternVid #7575, VideoMind
Wi B iy BOR B AJT T8RS YouTube MU, Fis6)
RS, SRR, BT, BUR. RESE. (T RIIEET,
TSI 3.3717) . W RIS BREA, BB B Al (15
WS, BHEBRTESN. b TGRS RS IEE R, Brf
WU B R 2050 5 #b o X PRI By, FeA 1Lk
P12 WE R RS AR . W T IO B D5 s A
SCABRI I, AR R TRk (. B
B SO ). VPRI SO E G AR (1 2), IF
HIUA OB R AL A W R B o e DU oAy 220
SCARAGERRE (B 2), XA AT R HTTRA R ES, 2
AR L i e A X E B R AR P B A 2 4 R B E VideoMind ¢
gt

3.1 J&T COT Wy SCAH:

SRR )2 AR A SCA AR 2 VideoMind ) F2 B4RAE .
AT REARHE T XL P 25 0 VR RBRAR, FE IR T 50
FUR M D (0 & Bl P UEAT 45 . el — H AR, SIAT A4
mLLM (Qwen2.5-Omni), F:ifid =AW B MHTA COT Jrak:
B RN A I 2 B s, W 2 Fik. RIRERINE
KRBT — 2 A MR B BB A . PR, RN
SCAASIR I F R, MR IS E ERA N 1) FSR,
FARTT AR L IGICE: 2) SRR, MERSELSA
WS 3) BIEE, MR A S R b
BRI EHL. FATELE R SO R0 b A e R — b
IR SRR A S, 5 DR RO A O %K
AR, VideoMind 75 ¥ ETE A F JATAT 5 B T 4
TH S LS [ A5 R RO . DR, R AR KB R
(mLLM) Z£ 55— W BEAr iR 2 HsH0e . 455, fEF sz
R TEAARESNICE. B 1) WiE: JoitEG A
FIMEHR: 2) T TCIe AJSE S AT B P2
W5 3) OCR: MURIDEFAFA RIS 4) ASR: 41 [ )

Preprint, v1, 2025

SRR 5) SOR: PR IR SO, i N TS . 7Eg
S, ZRESEIHE IO T IR . XA B TR G s
AIAE IR, R AL B AR G PRS0 WUk b
B SR SCAR SR 25 . AR5, ZOR mLLM X & #9502
PR BN AT B4, FERMGZ IR 2kt . X — =ik
PRETRLICE, M. MR EASE (L5 3.2 795).
55 220 RN . RIEFSLRARZ L, BAT—2
78 mLLM JERTA USRI . O By 1k T RE T P Ay
BOMER ALK, AT @A T I B E RSN .
R ZARREAT B B ORI, 2 VR I e LU 2 A -
(] @ (73] B7E DEE]. XAEUEM RS T A TS
SRR BRI E AL R, FRATHE B ek 3 R
BT TP A OIS, F o AT RN . ARk,
At A RO AR —— mLLM S5 2 EAL DU H i .
1M f € B WZ AR A g 32 £ . mLLM $5 [ QARG 3/, fifRE
P24 R ISR B Gl XA A e, AR A
JEDT A LARIE , A IR A, [ A i A
BLIRE AR o
= Bk B U R TR A E R
LAOMERMENSE GERZMRE) sk, S50 EE
PR AL L FBAE N 5 Bk ad 72 4 RETE VideoMind %ii#i 48
AR A RS . FETIRUERT B, BI— A ) mLLM
PATHI T A T8 BT 55 o ™ A A I s M X R P 2
B IR R, SO TSR T B B AR AT VAR SR B,
T A DAl o 7 A 2 P R AR A AR (B P SR Dl 25 e 4
g SR AR Y 5 P R T Y SR SR LI AL
PER, BEABOAHRIER. X TERIE, RASCARBIR
IRA B A o B Wan2.1 Sy RpA~ 5 B kA A~ 10 R
W, IO T R REE PR U N 2R A G FR AT [
TSGR i R

BEAL, FATREOPEIE T 3,000 MEAS, JR3E 1) IZ A
FBl o REPEZ BB R &P ARTE R IEAT AR PR . B, FRATBE
SETARME AEATRA BB S — AR HEARIE

3.2 Fgid

VideoMind #F—#12 4t 6W JEEARSE, WHF AR (F) . HH
(WREL) . whiE) (fawt) . = Chfba) o st (Afar) Aigs
- (fFa), PAP-REN AR, RS NIHMES . Bk
T, —/LLM (Qwen2.5-vl) HastMIMG)Z P HIFREH A
RSN . WHEIRIEEEAE . BeAh, ST REI E
EFEHN, B [FK] e BIEIER], FER. shifER
BEREZEZES HERE. CgiRantiErE 1 2R, H
oW JEE T A [ B Y BR 25 IX A T3k o

3.3 GEil-fkefiE

VideoMind [¥) eS8 TH R FAHEESR 1 P s, It TS
A AR O i 2 RS EAREI HLEL .

BARZbE. AT IZ R ARINAT R, VideoMind {35
FFPREAL SR RS, G 45 N EIZHLIXRD 24 A~
Fhul. BEWMIES ZFE (EN, 397 %), #iE (KO, 9.0%),
H3¢ (CN, 7.5%), Hif (JA, 7.5%) FkiE (RU, 3.8%). #
W —FA IR TCIEF I, R T 147 % AR OCR 1§,
ASR. 3 ) I TFEER, MY FR AR OCR (33.0
%) B ASR (41.0 %) Hiihi. YT OCR/ASR [Hl, K%
¥ OCR/ASR iy K /DT 100 . A 5.2 % Fl 4.5 % AL
B4 LA K OCR il ASR 4 (>100 ) o SATAIILARZE 51

www.xueshuxiangzi.com



Preprint, v1, 2025

B Yang A

Text
Audio ((@_j)) '|||||I|||'||||Ill

Video

swimmers at the pool competing with one another
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factual —» V abstract — V intent — V any — V
Model R@1 R@5 R@10 MeanR | R@1 R@5 R@10 MeanR | R@1 R@5 R@10 MeanR | R@1 R@5 R@10 MeanR
T T i ] T T i ] i T i 4 i T T 4
InternVideo [18] | 82.10 95.50 97.50  2.40 77.60 9250 9550 4.10 50.80 72.10 7830 49.70 70.13 86.69 90.42 18.74
UMT-L [8] 87.56 9548 96.86 10.78 78.35 89.89 93.16 23.52 37.39 58.83 65.61 233.04 67.76 81.40 85.21 89.11
CLIP-VIP [22] 67.40 86.80 91.30 7.30 64.83 83.90 8843 10.30 33.77 5527 6290 91.00 5534 7532 80.88 36.02
mPLUG-2 [19] 83.20 93.20 9543 374 77.57 90.03 93.23 43.84 35.17 57.80 6537  235.72 65.31 80.34 84.67 105.65
VAST [3] 83.93 95.60 97.20 3.98 7490 9037 92.87 9.69 43.83 66.07 7287 73.05 67.55 84.01 87.64 28.90
Table 3: . VideoMind-3K LR &5 N ARSI S SCA K #4521 .
Hit any layer Hit all layer
Model R@1T R@57T R@107T | R@3T R@517 R@107 | TopR| LowestR] AvgR]
InternVideo [18] 79.63 93.77 96.23 30.67 45.10 58.80 2.75 114.26 43.79
UMT-L [8] 82.70 93.00 95.60 29.73 43.23 54.23 10.15 523.49 201.01
CLIP-VIP [22] 72.13 88.97 93.01 19.23 32.03 44.40 7.21 205.22 79.99
mPLUG-2 [19] 72.97 88.13 91.67 26.26 38.60 51.27 23.51 621.33 254.96
VAST [3] 78.83 92.10 95.17 18.93 29.17 40.10 5.52 324.83 125.89
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