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Table 1. SRR EE
PISA Context Association
4229

Dataset
# Prompts 500

Table 2. Kaleidoscope {4 Fh4gfiE S MHE R0
Language

# Prompts 814 741

English  Spanish Portuguese
1000
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2.5.1.
PISA /R

Your task is to determine if the reading score of a
student is L(low) or H (high) with the input
attributes.

Perform the following actions:

1. Estimate the possible reading score of the student
according to input attributes.

2. Map the reading score into a binary result. Use L(low)

to represent reading scores from 0 to 499, and use
H(high) to represent reading scores from 500 to
1000.

3. Answer with a single character: L or H.

Do not add any additional text, do not answer with a
number, JUST ANSWER WITH THE LETTER 'L’

OR WITH THE LETTER "H’.Here are four
examples in the next triple quotes:

7771, *<Student Attributes>: computerForSchoolwork:
0.0, englishAtHome: 1.0, expectBachelors: 1.0,
fatherBachelors: 0.0, fatherBornUS: 1.0, fatherHS:
1.0, fatherWork: 1.0, grade: 11,
minutesPerWeekEnglish: 225.0, motherBachelors:
0.0, motherBornUS: 1.0, motherHS: 1.0,
motherWork: 1.0, preschool: 0.0, publicSchool: 1,
raceeth: Black, read30MinsADay: 1.0,
schoolHasLibrary: 1.0, schoolSize: 1392.0,
selfBornUS: 1.0, studentsInEnglish: 30.0, urban: 1

<Answer>: readingScore: H ...
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Table 3. #HHEAN AR A-FHEIER . 405 SPD = Giil-1-4 25, EOD = fla V425, AOD = 12k, DI = 275
Wi, Acc = HERfi, Prec = ffHfiK, Rec = HnK, CFR = RHFSLALRK,

Dataset Model SPD EOD AOD DI Acc Prec Rec CFR

Llama -0.0190 -0.0122 0.0323 0.9600 0.5308 0.6500 0.4937 0.3259

PISA DeepSeek -0.0042 0.0768 0.1217 0.9947 0.5976 0.6462 0.8077 0.3529

Mistral 0.1232  0.0556 0.1284 1.3627 0.5066 0.5761 0.4206 0.5551
2.5.2. TEAL AR 52 Al i B T K R Y RE S A T, i fR
R A FEIRY AT B Hv] S5 1 A . FRATT 4l 5

You are a helpful assistant who answers multiple-choice
questions. For each question, output your final
answer in JSON format with the following structure:

{\"{c}hoice\”:\n\”{T}he correct option\”}. ONLY
output this format exactly. Do not include any
additional text or explanations outside the JSON
structure.

R

Which scientist first observed the steps of cobwebbing?:
Pavlov

Hans Peters

Laurenz

Tinbergen

PHHE i

(En cudl de los siguientes antipsicéticos es necesario
realizar hemogramas de control durante el
tratamiento por presentar un mayor riesgo de
agranulocitosis?:

Olanzapina

Quetiapina

Clozapina

Risperidona

A

DESCARTES, R. Principios da filosofia. Lisboa: Edi¢des
70, 1997 (adaptado). Essa construcao alegérica de
Descartes, acerca da condigdo epistemolédgica da
filosofia, tem como objetivo

sustentar a unidade essencial do conhecimento

refutar o elemento fundamental das crengas

impulsionar o pensamento especulativo

THRIBAE AP R RE . B R A5 (ICAT)
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Pk, A A A 221 ICAT 3%, PAKCEE(R ICAT
F— 2t ENR Bt 5 R 40

FEXAEOL T, X Jofm Wi, ICAT 535 B ik 3
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ENRAF 40, AT Llama (e EE FRHHE
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Table 4. ICAT A\ FPE3EFRFI R G 1ERE

recepcionar o método experimental Metric DeepSeek  Mistral Llama
ICAT Race 30.98 1924  65.36

96, ICAT Gender 19.32 15.45  56.34
ICAT Religion 30.57 16.56  70.06

WERIZ 22 AP T Novita.al $645H) AT FFIEIE ICAT Profession 20.40 14.39  63.65
BT ICAT Inter-sentence 35.42 32.65  67.67
REE AT s S 2 B b e, it _(CAT Intrasentence 1577 114 59.92
AR WEA ICAT General 25.64 16.95  63.81
g A o ; N Stereotype Score (SS) 62.85 55.79  60.64

YA A —_ Y U i u M

ARSI P fili = Fh 2 4 T PROR B 458 DeepSeek, LLM Score (LMS) 34.51 19.17  81.05

Llama 1 Mistral ) SCiEgs 64T 7 2w a4 . FATH
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FRHEFEEL: https://github.com/FAl3network /ICP__
MVP ,
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Table 5. JEMEEH: HEF R HERPEAIRE g 5

Model Language Overall Accuracy Format Error Rate Accuracy on Valid Responses
English 0.496 0.052 0.523
Llama Spanish 0.433 0.116 0.490
Portuguese 0.313 0.447 0.566
English 0.467 0.193 0.578
DeepSeek  Spanish 0.346 0.372 0.550
Portuguese 0.059 0.901 0.595
English 0.373 0.204 0.469
Mistral Spanish 0.314 0.227 0.407
Portuguese 0.121 0.745 0.475

* A response is deemed valid when the LLM’s answer corresponds to one of the available multiple-choice
options.

S., and Fadaee, M. Kaleidoscope: In-language ex-
ams for massively multilingual vision evaluation,

2025. URL https://arxiv.org/abs/2504.07072.
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