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Association with survey correlations r = 0.70

Llama-3.2-8B

Correlation Matrix of Token Vector Projections on
28 Semantic Vectors (Survey Vocabulary, 301 Tokens)
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Association with survey correlations r = 0.67

Correlation Matrix of Token Vector Projections on
28 Semantic Vectors (Full Vocabulary, 128,256 Tokens)
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Association with survey correlations r = 0.58

Cosine Similarity Matrix of 28 Semantic Vectors
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Association with survey correlations r = 0.71

Figure 11: 3% [ Llama-3.2-3B 1 Llama-3.1-8B f45 5 301 AN (REENL) 1F 28 ME
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Llama-3.1-70B Qwen-2.5-72B

Correlation Matrix of Token Vector Projections on Correlation Matrix of Token Vector Projections on
28 Semantic Vectors (Survey Vocabulary, 301 Tokens) 28 Semantic Vectors (Survey Vocabulary, 301 Tokens)
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Association with survey correlations r = 0.64 ! Association with survey correlations r = 0.69
Correlation Matrix of Token Vector Projections on Correlation Matrix of Token Vector Projections on
28 Semantic Vectors (Full Vocabulary, 128,256 Tokens) 28 Semantic Vectors (Full Vocabulary, 152,064 Tokens)
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safe-unsafe - safe-unsafe-
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emotional-rational - —os emotional-rational -
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fast-slow - fast-slow-
straight-curved - straight-curved-
Association with survey correlations r = 0.66 e Association with survey correlations r = 0.73
Cosine Similarity Matrix of 28 Semantic Vectors Cosine Similarity Matrix of 28 Semantic Vectors
bad-good 03 bad-good
healthy-sick - healthy-sick-
ugly-beautiful ugly-beautiful
kind-cruel - kind-cruel
true-false | 02 true-false {4
success-failure - success-failure -
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feminine-masculine - feminine-masculine -
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material-spiritual - ~02 material-spiritual -
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Association with survey correlations r = 0.74 Association with survey correlations r = 0.71

Figure 12: 3£ Llama-3.1-70B F Qwen-2.5-72B {4558 301 4Mam& (JHEAIL) 78 28 4>
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