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Template Sample

Specific Sample

Sample 1

I am self-studying % %% { F1%& }, and I have
currently reached the %11 section. I would like

a self-assessment exercise in the form of a { ques-

tion_type } .

I am self-studying middle school mathematics, and
I have currently reached the basics of rational num-
bers section. I would like a self-assessment exer-
cise in the form of a solve-and-explain question.

Sample 2

ITama { /5 } student teacher, and I need to
design interactive board work for tomorrow’s demo
lesson. Please include a { question_type } in the
1M section, with a difficulty level of { [&¥ff } ,in
accordance with the { 4£%¢ } curriculum.

I am a mathematics student teacher, and I need to
design interactive board work for tomorrow’s demo
lesson. Please include a single-choice in the maxi-
mum value problem of y = ax? + bz + ¢ section,
with a difficulty level of easy, in accordance with
the middle school curriculum.

Sample 3

My child is in { 454 } this year, and he tells me
that he can never understand the { %I } section
in { 32/ } . Could you provide { num } [fjf _
2574 questions for practice?

My child is in middle school this year, and he tells
me that he can never understand the simplifying ab-
solute values within a range section in mathematics.
Could you provide 2 fill-in-the-blank questions for
practice?

Sample 4

I need to consolidate the %1iH section in 4E4f { =
£ } . Can you give me { ${ } questions with ¥k

I need to consolidate the real numbers section in
middle school mathematics. Can you give me 3

J& level?

questions with medium level?
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System: You are an experienced middle school exam question
designer with 20 years of expertise. Based on the following
evaluation dimension, please strictly score the given question
according to the scoring criteria, in combination with the user
input and the generated question.

Query:

Dimension: Knowledge Point Alignment. This measures whether
the generated question accurately matches and adequately covers
the specified knowledge point.

Scoring Criteria:

0 points: The question item fails to correctly reflect the
knowledge point. There is a significant mismatch between the
knowledge point used in the question and the one specified by the
user, or it is from a different subject.

1 point: The question item is generally relevant in topic but does
not directly address or include the user-specified knowledge point.
2 points: The question item basically covers the user-specified
knowledge point, with no significant omissions.

Example for 0 points:

Question Item: A city surveyed 1,000 residents to determine
awareness of garbage sorting. Of those, 920 were aware. Based
on this data, answer the following: 3. Estimate the margin of error
for the city's garbage-sorting awareness rate at a 95% confidence
level, rounded to two decimal places. Assume the population
variance is unknown and estimate using sample variance.

Scoring Justification: “Confidence level” is not part of the middle
school curriculum.

Example for 2 points:

User Request: Please create a multiple-choice question on
addition and subtraction of polynomials at the middle school level.
Question Item:We define a linear equation in one variable $ax =
bS to be a “difference-solution equation” if its solution is Sb - a$.
For example, the solution of $2x = 4§ is 2, and $2 = 4 - 2§, so $2x
=48 is a difference-solution equation.

Scoring Justification: Even though the concept is newly defined,
the solution process involves addition and subtraction of
polynomials, thus the specified knowledge point is covered.

User Input: {user_input}
Generated Question: {generate question}

Note: As long as the question includes the specified knowledge
point in any part, it is considered “basically covered” and earns 2
points. For example, if only one sub-question among several
involves the knowledge point, or if only one option in a multiple-
choice question does, it still counts as basic coverage.

Do not apply a lowest-score-first principle unless there are
multiple sub-questions—in that case, the final score should be the
lowest score among all the sub-questions.

Important: Only evaluate the content within the <question item>
tags; ignore <solution explanation> and <answer>.

If the question is incomplete and cannot stand alone, the score 1s
automatically 0 for this dimension.

Please output in the following format:
[Scoring Justification]: ...<eoa>
[Score]: ...<eoa>
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Mathematics Physics Chemistry

Model KP QT QQ SQ CG|KP QT QQ SQ CG|KP QT QQ SQ CG
Qwen3-235B-A22B 1.98 1.68 1.72 1.75 0.23[1.99 1.75 1.57 1.64 0.86]2.00 1.72 1.64 1.69 0.71
Qwen3-8B 1.99 1.80 1.81 1.79 0.22[1.97 1.91 1.74 1.58 0.71|1.99 1.89 1.68 1.51 0.54
Qwen3-32B 1.98 1.95 1.87 1.84 0.23[2.00 1.96 1.73 1.69 0.97|1.99 1.97 1.87 1.74 0.69
QwQ-32B 2.00 1.90 1.89 1.87 0.21/2.00 1.94 1.80 1.80 0.92|1.98 1.95 1.85 1.81 0.65
Qwen?2.5-72B-Instruct 1.95 1.80 1.84 1.74 0.18[1.97 1.87 1.72 1.57 0.65|1.96 1.92 1.79 1.63 0.60
DeepSeek-V3 1.97 1.89 1.79 1.76 0.20[1.98 1.92 1.69 1.67 0.93|1.98 1.98 1.87 1.79 0.64
DeepSeek-R1 1.98 1.95 1.95 1.96 0.17[1.99 1.99 1.95 1.94 0.77]1.99 1.93 1.91 1.94 0.73
GLM-Z1-32B 198 1.77 1.69 1.55 0.28|2.00 1.84 1.53 145 1.13]1.97 1.82 1.63 1.37 0.74
GLM-4-32B 196 1.66 1.67 1.64 0.19/1.97 1.74 159 1.62 0.78[1.99 1.80 1.67 1.59 0.47
GLM-Z1-9B 198 1.21 1.57 1.53 0.23|1.94 137 125 1.10 0.76|1.94 1.16 0.94 0.94 0.53
Yi-34B-Chat 1.79 1.08 1.18 0.60 0.15[1.86 1.49 133 0.95 0.58(1.95 1.54 1.28 0.85 0.23
internlm3-8b-instruct 1.72 0.75 1.24 1.13 024|179 1.09 120 1.11 0.73[1.84 1.31 1.15 1.11 0.52

Moonlight-16B-A3B-Instruct | 1.61 1.29 1.42 1.11 0.25[1.65 143 1.19 0.83 0.63|1.71 1.65 1.38 0.90 0.56
Llama-4-Scout-17B-16E-Instruct | 1.96 1.24 1.38 1.35 0.17|1.92 1.30 0.98 1.09 0.761.92 0.71 0.85 0.93 0.50
Llama-3.3-70B-Instruct 1.78 1.78 1.46 1.19 0.19|1.83 1.68 1.41 1.11 0.77|191 1.71 1.39 1.14 0.51
Llama-3.1-405B-Instruct 1.82 1.50 1.54 1.47 0.24|193 1.80 1.59 1.22 1.10|1.89 1.74 1.39 0.89 0.64

Llama-3.1-8B-Instruct 1.52 0.84 0.81 0.42 0.24|1.55 091 0.67 0.29 0.38|1.78 0.61 0.53 0.39 0.11
gemma-3-27b-it 1.89 1.86 1.64 1.59 0.17|1.92 1.88 142 1.14 090|194 1.83 1.50 1.09 0.71
gemma-3-12b-it 1.87 1.23 1.39 1.39 0.23|1.86 1.54 1.24 1.00 1.06|1.91 1.78 1.30 0.81 0.73

Mistral-Small-3.1-24B-Instruct |1.80 1.52 1.56 1.35 0.17|1.90 1.60 1.34 1.21 0.73|1.89 1.73 1.51 1.17 0.45

Mistral-Large-Instruct 1.86 1.63 1.68 1.57 0.17|/1.90 1.81 1.69 1.42 0.57|1.97 1.89 1.75 149 0.32

Phi-4 1.85 1.86 1.61 1.49 0.14|191 1.88 1.58 1.26 0.63|1.91 1.88 1.60 1.22 0.37

doubao-1-5-thinking-pro 1.99 196 196 197 0.25|2.00 1.98 1.89 1.96 1.20/2.00 1.93 191 1.98 0.75

doubao-1.5-vision-pro 1.98 198 190 190 0.18|1.98 198 1.79 1.78 0.81|1.99 1.95 1.89 1.88 0.61

doubao-1-5-pro-32k 1.99 198 192 1.88 0.19/1.98 198 1.80 1.83 0.75|1.99 2.00 1.93 191 0.59

glm-4-Plus 1.89 1.69 1.65 1.56 0.19|1.83 1.77 1.56 1.31 1.18|1.91 1.93 1.57 1.17 0.77
glm-z1-air 1.96 1.80 1.73 1.60 0.30|1.96 1.89 1.53 1.29 131|195 1.85 1.58 1.08 0.74
qwen-plus-latest 1.99 1.87 190 1.87 021|198 1.96 1.82 1.83 0.87[1.99 1.97 1.87 1.86 0.70
gwen-max-latest 196 192 1.75 1.75 021198 195 1.88 1.76 0.86|1.98 1.98 1.89 1.82 0.58
qwq-plus-latest 198 1.76 1.79 1.80 0.23(2.00 1.67 1.57 1.73 0.85]2.00 1.74 1.60 1.67 0.67
04-mini 198 1.94 197 194 0.19/1.96 194 1.80 1.76 0.81]1.97 1.92 1.84 1.73 0.62
03-mini 198 193 197 198 0.15/1.99 195 1.89 1.89 0.79]2.00 1.95 1.87 1.82 0.71
gpt-4.1 1.94 194 1.71 1.69 0.181.98 195 1.83 1.76 0.88[1.99 1.96 1.81 1.73 0.47
GPT-40 196 1.82 1.76 1.72 0.211.99 1.90 1.80 1.75 0.85]1.99 1.95 1.80 1.69 0.49
Claude 3.7 Sonnet 1.87 1.73 1.65 1.52 0.19{1.93 1.88 146 1.29 1.16]1.97 1.96 152 1.07 0.83
Claude 3.5 Haiku 1.86 1.74 1.51 1.27 0.21|1.85 1.81 1.42 096 1.17|1.87 1.93 1.42 0.87 0.91

Gemini 2.5 Pro Preview 1.98 1.93 192 193 0.16{1.98 1.95 191 1.90 1.00{1.99 1.95 1.94 1.90 0.92
Gemini 2.5 Flash Preview 2.00 1.95 196 196 022|199 1.96 193 194 0.87|2.00 1.96 1.92 197 0.67

Moonshot-v1-32K 1.87 143 145 137 031|191 1.71 149 1.18 1.01|1.95 1.90 1.56 1.33 0.72
Hunyuan-Large 1.94 191 1.88 1.78 0.23|1.92 190 1.67 1.55 0.81|1.93 1.81 1.80 1.68 0.57
Yi-Lightning 191 1.89 1.75 1.57 0.141.98 195 1.71 1.67 095197 1.96 1.80 1.65 0.70

educhat-base-002-13b 1.09 0.68 0.75 0.45 0.18|1.25 0.81 0.63 0.22 0.19|1.30 0.73 0.55 0.16 0.13

educhat-sft-002-13b 1.89 1.64 1.45 0.58 042|194 1.63 1.03 0.25 0.66|1.88 1.58 0.85 0.16 0.42

Confucius-ol 1.92 1.58 1.74 1.60 025|196 1.61 1.47 132 0.87|1.95 1.80 1.67 1.45 0.78
Spark-X1 1.99 1.63 1.70 1.76 0.22|2.00 1.71 1.50 1.56 1.13|1.98 1.67 1.57 1.64 0.74
Spark-lite 1.39 1.21 1.04 045 0.13|1.61 143 1.11 045 0.39|1.72 1.66 0.96 0.33 0.35

Table 2: Fi2 -7 2 (11 J}] DeepSeek-R1 PFA 1. B4R b i) fie i 70 ALIR SRR, PRAGSEIE 1) 4 4 A2 5
4.1t
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pro. Gemini-2.5-pro-preview Fil Gemini-2.5-flash-
preview , 157343 %4 9.02 . 8.74 1 8.69 . Doubao-
1.5-thinking-pro 7£ 115 A%} 75 J7 T 4 15 ¥ 45
1M DeepSeek-R1 7F [\ ;#1258 24 X0} 55 1 i1 5 10 it it
HHHEA S —, 15535350 1.99 F11.95, £
AB )T I Fa 1 i 19934 1.31, i glm-z1-air
PAG

Bl = 4> % # 2 Gemini-2.5-pro-preview .
Doubao-1.5-thinking-pro il  Gemini-2.5-flash-
preview, ‘1M 24 5k 8.71. 8.58 il
8.51, Doubao-1.5-thinking-pro. 03-mini 1
Qwen3-235B-A22B £ M1 U0 55 5 TH 3645 T
W4y, 1M Doubao-1.5-pro-32k 7E i i 28 7 %5} 55
Ji Sy e . Gemini-2.5-pro-preview fE 1] 5
T AR A, A 1.94,

BAR TN T TG RUAE K2 h R I
o, H2E5 FERMAERE S T M5 T4 E .
XRA, AT A 2 422 B b R i
RIEA B, (BAEREATESH MR
37 FH IR 50 ) ) A ) R T 4TS 9K 2 — A R B ) ik

BETAERIPAL I KBS F B A A
EVEFREDLEE, FATBIAT TR N LI kR
E B SR AR A R T S . FROTAER
APAGERENLERE T 100 MREEA, FEH1E
GLM-Z1-9B. Spark-X1 #l o4-mini {255 . #
W TANA SRR BB IR S | 3
AR (7] 7 48 BE RN AR R4 T 2057 PPA

R TV N LI E 5 A TS 2 B —
R, AR TWMA R A B,
BATE S HRATE N TS E P95 B sh P4k
HIEr 2 MEUEES, TR0 — Bk
WAL (SC) . Hak, FAT#EL T N TITAL#E
HHES 5 B SR =R R HES 2 1R
TR, FFOEHIIT BOR S S A AR5, kAT
HEZ 5 — B PG (RC). SC FI RC WIPASR
R

| K
SCj=1-2
k=1
1 & )
(N Z ‘Smodelk(Qi’ D;) - Shumank(Qi’ DM)
=1

6> k1 dk

RC; =1-— Foo—1 )
Horp Shumani (Qy, D) 3 N TP & X i
-th AL k -th BEBLAE § -th 485 074,
N =100 2HA L. K =3 2885, d

FNTERF B 2R e A HEA 2557
o —BbEgE R R, DeepSeek-R1 7E iy
Yepg b5 N TPk 8| it 88 % iy — i,

KP QT QQ SQ CG
SC 09650 0.9733 0.8983 0.8850 0.9197
RC 1.0000 1.0000 1.0000 0.5000 1.0000

Table 3: 3@ T1 8 LLM Al NS PE40 A5 A 7] 4k B
) SC Fl1 RC 741, iy SC Fmi Bt/ 5 A
HVPor 2 A R —20E, R RC {E N
RPN HERS R G020 55 S 4

H AR )RR B 57 J5 T — B d e, A%
97 %. SRCC 4 RFWMR R L AA5ER
AIAICTE 1, o ke 5 SEARRR It R 4k 2 A A
KN 0.5, XEMFATA SLIPAHEZ S £
FNT VPG —E, BA TR AR SRR A 2%
PRI FEME:

5 i

A4 T EQGBench, X g — T iEAl K
BUTE R (LLMs) 307 AR 00 RE g 1
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FHE . WEAI AU 900 PSSR 4
PO T 20 . BRI PR HAZD
e N YEER, HREEAHRXGT, WA
P REEFRAR AL . ZHESRAY A Sk AR
o R AR A — B, PR R
HOM AR L -

FATHF 46 >3 LLM AIPAL R, E R4
SR R A sl K ELALBE T, e NTHEA M
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{% EQGBench Jg 2 RA R F SRR, #5513k
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