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Abstract

4H ORI O R I8 E) LLM fE IR 7, X T HE TG
VRS SO N2 A B SR A AT X AR — B A — > S B TR
AR, BIARSEE T SCR WIS & RIRE . AT, AT 2T
R (A ESAM ) B SOW AR, AR T e R R
FIEAAT AR T A (EEDLE). RATHEH T PersonaEval | iX /&
F—AEFHENK LLM 745 # G0 vl S H 5K A @iy &, PersonaEval
R B /DL, BRI R S i N T3 0%, Pk SR 8RR 4 X 3%
RS IERI A . AT, WA ANEIE, BoR B EE
PR AFY LLM HERf 28 L AEIA S 2y 69 %, ﬂﬁﬁﬁﬂ:*Iﬂﬁ¢Fﬁ5EEﬁﬁgﬁﬂ(q:
2T, NS 5ERMBETIE, HEFEAN 9.8 %, RE T H4HH
LLM vFﬁ§%§ﬂ3ﬁkﬂgﬁikL¥ixi¥U%ﬁfﬁﬁé%ﬁﬁgﬁﬁﬁa AT b X — 22
PR FRATOFSE T U ZRA 3 B AR 35, SR AT SR PP A AN R i
S5 TREE, AT LLM A k. NRILpgHERRRE ). FRATHE
https://github.com/maple-zhou/PersonaEval & 1f T HATHIEE.

1 &

R M RIS FE R 353 R ] E S U E PRI R TE R, PR A gl R A
AR AT 9455 (Shao et al., 2023; Wang et al., 2024c¢; 2025b; Lu et al., 2024)
o BSRIXARRES A TP R, (e RENES A (LLMs) Al AR AR, X
—ULETER KA v AR 2 . ﬁﬁ?ﬁﬁ@%IIIXﬁﬂz‘lﬁﬁﬁﬁ?fﬁﬁﬂ@ﬁf%‘@*ﬂﬁE%/\%
— SRR T B, IR E LR T LLMs 5 AR Z R —2obE, 35 b vt
#% (Ghasemi et al., 2025; Murugadoss et al., 2024) , BIAEZUm TSk B H H S8 25 1 %
o ILAh, Zhao et al. (2025) FHH—AARic & PAZE T LLM PRI . M Z AR A E
k%, Josh Tenenbaum AA LLMs MiGH HakR 6, M ARBEFRSEEEA KRiE
Eiﬁéggg?;;?jﬁ al., 2024) . XLEFEFRIE AN BTEE 4 HTHY LLMs &5 0] PALAZE N 7 =T ST

ANFET [ PRAG I — A B TP A5 1 F 2 AT SCH R SIS A R RE T . AT X e —
AVEEREE ST AR AN KA S RRICIR B o WEAE U, IR A B R ICIA AT A A
EPHAIEOR . BOR RN HER I T XS R AG FLAR DA Bl e e B e (B, 547 5
A—BEERHH P TR UGS ) 2R HE, X SER MU A& 4 RN A S R AT
PERURE AP, GERHA GRS 5 AN 55 1 B/ MR ML

NTHFFEX—RL, FAIFIAT PersonaEval , 33X i TRl R SR 214 BB i 5¢
HUMRIE TR SO RO A 6 S R B E . A SRR O — N IR S 4 — Bt
TR BAIUAMGEIE A (0, PRl AR S H b R B e (1 ). FRAOTR) I
TANTIEH, %WJ%/J??J\*@‘WFE’JHM /NG RIASFD RIS, FFANE T PRI A
L, AEMEERTE SRR B

AT ERR R TR S (LLMS) MR R R . dRc STtk LLMs fE PersonaEval
EAUREIRE] 69 % E‘J{EE)%?E XL AR TR AT EEPPAG ) o ANAF ARAGHETE , B 3 Ao i R A fif
%‘%RTH&S’E)& (B 1), M2, AESS5FEILH 90.8 % MHERH. Xk Hhk
IARAE R Y RS L T A 5 LLM PRAlE M R AMR “AZE” — Rl A (4R 3
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2This experiment was performed in June 2025, when Gemini-2.5-pro-0605 was the latest model.
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Easy for human, but the latest model fails!

Figure 1: KAHE FRIUAM AN T A A QP P g 2 6, (BT SRR i R A
BIBIE. FATHE L T Personabval | SR8 —AWFFE -5 AIE—EUH iy (P0G 2 Y 0 2
FAFIELIE : MO BRSO ER R A @ FATABL, BRI Gemini-2.5-pro-
0605 * oK BEil i NSRAAMRIIN GBI (55 4.3 4F), X FEILXA BRI A v

N T PR AT 2 MR EAF 5 ARRIFE LLM YPAGES , FoA1HFIE 1 RN TS I
T8 BAIHRITR .  NFR I, AT BN A s B il LLMs HR e mthfE,
BB AT REFEARIERE , X ERIIOUOGCAERE A @R AR R AR . M2, WSk
BoORHEZ R ). UHE, HERSIRLUAZ L H TR R I AT

IXLESEIRARN SRR A P A R AT BRI R A KT IR TS S RFE R . 1
ST HERE . R T A (R EHENT . A R S B X SR AR AT O AR
Wy, TASRENILE . 25 ERrid, FATMBIEERIEN , WKW, Rpoil 2 R T,
%Q%&Eﬁ%ﬂlfi@%%@)\%%%ﬁ%%@%\%ﬁi LLM PSS I — A A7 1) . FRATT 3222
DTERAN R :

o FAINE T Personabval , U2 H— N EHIFAG LLMs BEF A H AR5 R B AL
A ERYELIE , 02 PTEE A (I VPG BT 75 (B AR IR AR ST B,

o FATUEM T, HoLdfAy LLMs fEA (A7 R R IEARBE NS, 8575 T
AE S AR RE S _ERY— > BBk 10

o WAV, AIEER M TEIPAEHAOB TR E A ORI B , o1
HREST, BRI T, JCHORHER, MM E AT A AR LLM 3l
i — oA T A S

2 MDA

i Py B E A %@Tﬁ‘?ﬁﬁ?ﬁ??ﬁﬂiﬁgﬂﬁﬂ (LLMs) 5 ARMEM ZE X EE, Xl
PNEL F NGBS E, Hig 0 LLM ﬁ%@%?ﬁ@?%@ﬂﬁgﬂ@%ﬁ (Zhou et al.,
2023) o BRI, PRAC A CIRE RGN e U A 4 i AN PN PR B i AR R AE SR TS
YIsihr. B, —L88F58 (Lu et al., 2025; Wang et al., 2024a;b) %% ) BI85 S A2 A5 1
534845, 45 BLEU fl ROUGE, X S48 bR1TE 2% SUARRIE MU 28 2 [ B AR o SR
TEA PR, ESE LB AEr, FEMT R EZS A B EIN . Bk, TR AR
B TS % Al . — S — A R BARAG A i B BT (Tu et al., 2024;
Wu et al., 2025; Dai et al., 2024) , #ORHZ BT FIH LLMs {ER1EER, MAZERHET
flif A N i (Gusev, 2024; Wang et al., 2024c) , 525 T H3R KA1z /L RE ) Al
PROATE WA BRI RE S . B SeE 5| 5[ S P A LLM 374548 (Zhou
et al., 2024a; Yu et al., 2024) , {HRZEF|H LLMs MAS[E 4EEHE4T1E4  (Yang et al.,
2025; Lu et al., 2025; Zhou et al., 2024a; Shao et al., 2023) BiHFTHERT L (AL 2024; Wu
et al., 2025) . HHr, Wang et al. (2025b) £ 28 T — M2 RILRGORMUER L FIW. AT
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Figure 2: PersonaEval {5 %1 7ife. PersonaBEval i ixf — 3T /N, BIASFHIGST 9 A
FKAWEXIE 1) 52 BR A3 2AT 55 SR VP4 LLM PPA5E )/ 1B RE 0y . B SL B ads— A wide
Mg BkE Mo, BTRRE - HERMAG, KR OFHE @ LLM R
ol LSS A (0 AR AR A B S 1 PG 2R ] = AL, TR — A BA Pk ik
PERBEELE . — MARIEILIEE S (DLPRISE A ) 0] LLMs JR/RAFEFIEREM €. B T i P
B, HAMBELAHA (Qwen-max) FEIEMZE T RIWHICEF M LOIA SR E .
FEATE=ZH0E PersonaEval-Literary (26,208), PersonaEval-Drama (1,658), il
PersonaEval-Expertise (699),

ﬁ%ﬁﬁﬁ)ﬁ%iiﬂﬁaﬁ, —8PFFLE LLM PPAGE AT 220505328 (Lu et al,, 2024; Yuan
et al., 2024) ,

X EETTIR G TE VARG K U8 S RS RS A G A R, I B T30 2 B AR
AL A (AR 5P R B IR, FER PRITAL 45 R B mT 5 SURF & A0 i (s i 1 ) 22
D, ATRAFAERR AR

VERS R AE S BORVEAG 88 LLM YRR ITAh & 0 aT SR Ae 4k X i 2 SO Z 1) 5633 (Son
et al., 2024a; Wei et al., 2024; Zhang et al., 2024) . HF5E A B EEME LLM fEFEA5 f @
TR EIERE S . Zheng et al. (2023) @i HI ek LLM P05 O R8T 2 90 ok
fRpIX — )8, Wang et al. (2023) @ HAMT e (B0, FEAa) FiommssE (6l
mn, AHXME) 484, FF ChatGPT MUER AWML, DIPFM&FD NLG (HKE S HEM)
B4 . Murugadoss et al. (2024) #8f LLM (PRl 2 A i AR 4 2 sl do s e
TR EEGR N E A WL, AR R, SeAh, I X T LLM AR OT SRR
M EE 3545 MR . Chern et al. (2024) i 2 AHHEHSIPAE LLM J¥44#, 1 Son et al.
(2024b) FI Hada et al. (2024) MR T 21 F EiME.  Eiras et al. (2025) fF4di & 7 LLM
WA LMK M.  Zhou et al. (2024b) XYFIESCHAGU, M Wang et al. (2025a)
K LLM PPl e TR R 8 .

SR RAE F AL (LLM) fICiPRE R BIETESS K, B LLM ARy g G fsiP il i 1
PR AR A . RATAHLETAE (Yang et al., 2025) &S5 UIFRDIFELAK A LLM PRAliE
5 ARLERZRRIRFE, HAEG A @FE LLM S5 E el b= 25cn00 M, Heil
FEAEH DRI AN SR T . SR, SXRHRE T R f A 2 G B
ARXFEEST, ARA S S0 A R R WA S A A R E HOR IR ELAE b, 355 3K
ATI%) LLM A0y AT A0 55 Al Y SRR v A A i) O S22

3  PersonaEval

FATBETT PersonaEval , PAMIBRAUEF KA (LLMs) 275 AELE N KA AT AL
DTS P IAT IR R BT 035 B R SCRBIBEEE . i TR Y
ATSEELE FATE ST 2 SO — R RIS (BT 3.1 ), SRS MO ) ek
WAL, i AR REGE (F17 3.2 ), DMIRAGREE. Tk e Me
SRR, AT T ESCEARIROS LT (5595 3.3 ). i, ATV T — AN H
O (T3 3.4 ). EEMHERELE 2.

3
www.xueshuxiangzi.com



Published as a conference paper at COLM 2025

3.1 RSk

PersonaEval R T — /N BAEZE AL R AGE SR (LLMs) @R e . &4
SEBI R T WA AR G 2 [E) ) ] A 56 - Characterl (B2 1) Al Character2 (755Nt
Gy) o BALSAGEOHH RANPYMEA @ (AL oKCFROBE, WA 3.3 35), 4
e B H A RN R T o VAL B B MR A ECAE DK 80, S ) B s R Y
NI P  E ATR | LU 75 i 0] 1V e R IS DO % g e S B BV U (OB
%ﬁ;ﬁ?jﬁﬁiﬂ‘ﬂf%, i1 FH A JE LA OB R B U R G I B S B . e B HE s (e e
> PE T~ o

BRI R LR T RB R NN T L, 3 B PR A R Y AR 5 B o b iy LLMs H

FXFhEEAEE ). AT H g — R, FFmAMRATIA R B — ok 78045

PR H . G, FEAaExET, RALEEA WA EEH BT SC 3841]

EE??%%EQE$%%%%LT1%E%%,#Hﬁﬁ%ﬁﬁ%%%iﬂﬁ*ﬁfﬁ
PRI B — 2

3.2 BRIk
PersonaBEval A4 =AMl , BRASHUEE XA @ BRI A R D51

e PersonaEval-Literary : f##ET 3£ H 771 #IC/ MM 26,208 BXbigiz b, X4
T MR N UL P ) NP HEWT . £l CoSER  (Wang et al., 2025b) ¥§1E, (5%
H 2 BT/ IR SCAS B 22 3 BAIE A0 5T R M 1 i O i 4

e PersonaEval-Drama @ ZHEE S 1,658 43k B W8 BIAR bW iE H B, BT
VA 5 T BB BR AR A (R SRR RE ) . Kl A AR TR CharacterEval
BEgE (Tu et al., 2024) ,

o PersonaEval-Expertise : 3k [ Wired ) “5 Levels” ZFIH40 3 , I HERAET 699
DO RIRRE, UL G IR AR R K- (JLEE. 3504, Repz
WFSCAEAIL ) BEATE flo b A2 e 115 AT DARR S 8 5 AR S R AT L 7
HITIEAZ AR, T AR T % b S 4

XLCBEIC A OR X REAY . R AN AR G B . SO SO AW PERS AT LA,
T JE) 4 DU B B33 DU, B DTN 98 % A € S5 AR Pl o X 2 AR AR SRR JEE
A Bl IR U R 1 D AL

S, FrAREERIS B AN EIE, B TR B A R N R TS . BT R
RIS ANR—EL, USRI BOR M 5 e A R

FABAAETE 5 Z RS AR QIR Al H A B B T4, 3R PP S B PLE Al
—AHSCHGE . SEEIE, JCHR SO, IR SR, SRR H e S e i
B, W, FATEEG— T SCE AT ATE TS Z N, IR IR B Al
R Py

AT LEAPRE AT RER A S R AN SR R BN Stz b, FRATER 0L T IR0 f (g,
LR TR ARR AL A O 11 AR G 5t 1O B TRA R A (B IR B A PERE SO BRHE R RE ), TR
e T Z SR, AT SRR BRI A AR A R S

3.3 RrHUPE TR

R T RS SEBIERER A EE R, FATAEE T T, X e I
Y ESEMfmedEEREE. WA 2 ia, 3T PersonaEval-Literary il PersonaEval-Drama
s FRAVE I =ASE N SRR AL R I A B A (0 SO, DASKE S B — A 2R 5 A 17 i 2 -
OpenAl (1] text-embedding-3-small (OpenAl, 2024) , BGE-M3 (Chen et al., 2024) , PA
J Sentence-BERT [t (Reimers & Gurevych, 2019) multilingual distiluse-base-multilingual-
cased-v1 o XFTREASEB], FATIHFLECS A (60 B SCP b BT A M SO R A
SEARMANE o X TR AR AR, FAT PR ARUEAR IES R JE H AR A € (RIRARMEA IE Ay

3https://www.wired.com/video/series/5-levels
4https://huggingface.co/sentence-transformers /distiluse-base-multilingual-cased-v1
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(), G X ST B — A~ =AU TR, R AL LAY PR A0 PRI, 5
PP AR DA NSRBI S, AN MR T /5 3K

7 PersonaBval-Expertise Ml TR T 18 10 T2 fh 3 J2 ok 4 (MULTEEI 6 57)
FEAR TG U4 R E SOOI AN %, R T FLSC BRSO, T o it T
WS . AT R 5 AL A LA o R 5 2 X TSP

TEFTABLE S, ARG A RS, TR A ) B R KA A Gk g TP . X
PRTAL 55 M R M P BLSE B R B, T AR A B EE B2 T

3.4 MR R

FATREE], UK IER B O S VS BRI (B, B4 7 M, TR
%), ﬁ%%KﬁEEEiﬂﬂiﬁﬁ%éTﬁ%ﬁo N T G B S B R B PR RE I K, R DR E DI
LT A TSR, AT A 577308 ) R 5l K PR A28 tho Y DAL B IR XSS ). FRATTAY
HirAe) Z 8w, M2 hiFiial @@ o dbny . B AR/KFRIBC. TR
AT =AWl Bery i kit A -

BrEs 1: IRM5RGE0E  FRA1EFR Character2 &5 /0T 25 ANAICHIXTIH R . X ELAR(E B &
%E)%Eéﬁﬂggﬁ“E%ﬁﬂﬁto”) PR M EIEWT R D, IR HERRAE SN, PARERHMT S Y

B Qwen-max, FATHiPE AR T 25 5 L/?EF“EFE’J;&T? HAoRYL, HATEFT
AT Qwen-max XA (O BCHEL 50 % BAERERYSEHI . Mispl#id 110,000 A~5L6iH
LR T 28,565 A FATHRRIERIOI T, B/ DI T4 B R A R AT . ST
AR EAR LR T i RES ARG ZE . 2R ] DATER SR A4

4

ATV BT 43 M VUA IS4y o 158, FRATIPAGIIAIAE PersonaEval FRYEI (55 4.1 77)
SRIGA AT KRBLES AL (LLM) SERLRE Hrgsgm (28 4.2 7)), BERREAITR (5 4.3
), BIaPA—TABIRGR (55 4.4 7).,

T2 BiPFR 2w M % GPT-3.5 fil GPT-4 XEER K BIE A (LLMs) 1ERf
@R T IFGAT (Shao et al., 2023; Lu et al., 2024) , AT T —EZHAR LB, {4
i‘ﬁﬂfl‘ﬁ%ﬁ%@Tﬁiﬁﬁ%??ﬁ&"%ﬁ%fﬁﬁ%&iﬂiﬂo PR RAAER S C FPRrgiin . &
Akt 2EERf 3 (top-1 HERRA) (EABIZIPERERY F2H5HR

1004 anl ev.
vy I Human-Level

Current
80+ . G
Non-reasoning Models 06438 68.81ap

62.0 62.
Reasoning Models 58.2 59.1

zgﬁﬁﬁﬂﬂﬂﬂﬂ HHHHH
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Figure 3: T PersonaBEval [ KAIE SR HER L. KL BORRIE SR @R 1)
W5 NZAH LRI, WG EH GLM-4.5, 330 2 17— FARH L] . SRR
BRI S, X EA R ITAE TR ZEE WA R HERE . DeepSeek-R1-distill #5792 DeepSeek-
R1-distill-Qwen-32B.
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4.1 FEEEN: ] PersonaEval 47 £ ik 5

E 3 K45 T PersonaEval [ =N TH AR EIVERE . KEBORBIE S HERTRAE 40-60
% 28], EiEEHH GLM-4.5, B 2R MR A Gemini-2.5-pro (03-25 HiiA, 1EI
Mk C ), WAGAE] 68.8 %, MK T AFIKFEHEIR (WET 4.4 ). XLELEIER 7245
KENE SRS — S A RN TR R Z AR RFEE., X BT Efa
ﬁ%gﬁ@%%%ﬁ,%%%iTﬁﬁﬂ%?ﬁﬂﬁﬁﬁ%ﬁ%%ﬁﬁ%@ﬁo%%%%
LY o

R, SRR R D B . NSk D 3t 1 R, top-2 HERRR A 4E
AR VP RACR IR A O HRESE 0L, RETENMIAMEIEME R . (5T
B2, Claude-3.7-sonnet, DeepSeek-R1 Fl1 Gemini-2.5-pro 153 THIT5E =N top-2 HER
%, Wb, ECE Fil Brier Score A HIXIEAT, FWIHAAE 13 410 R HERE, 1AL
EAER R XSGR EPR AL TN TR LA, RUTESR LLM JEALE Ak F|
NI, B RIEAEISGE b B0t B AT RERE M G A AR i ]
1T

4.2 H{EPRESRY Sy Y

WEFAALLE f a1 H ) T R B B R . W 3 Brs, Gemini-2.5-pro T B FLfbs
A, 4§ Claude-3.7-sonnet,

FTATE B T BA A BA A HEHL R 7 i HERA Y . DeepSeek-R1-distill-Qwen-32B, &
#5 DeepSeek-R1 H W HEBIAE J) 2510 ] Qwen2.5 r, AHE T HE RIS T /MESE T].
M2, QwQ-32B FEEI AL RUT S5 il snfbg 2 Z:, BEILT Qwen2.5, iXFKH,
R R B HERE T BEANEE & T I AL, T ) s i HE B I 55 A8
XSGR SR — AN Y LR AR R RN E A . BIRUAR S HEEL . B T AR
VERC, PEAGE A TG B AR ALZ AR X S BE /R G 2R AR

AT TR, UM e B R T 300 A R D0 g XS dg

o MLAFEHL: MRYEXHE BT SCERRMER R E AT 5. ARSI AR
o TEVEIHENT: PUENET SETEREIRAEE T, R R 2 R
o SCHERE: AEHZTHEHTRITIN, ERERIAR I SRS R SN R RE

X BN TS BB PP BB i B ] B A 5 S IE I, e Ay — N B BT & S At
B, XX LARF A AR T PRl A G I LS R

4.3  RBilnPr

WL FEOIEIE, T2 X ARV IR B 1, ZHPONAIE SR R E . fEX
YEIGOL T, BRI RS DR IIERL I . FATIAEEX 2 i TAE A G R AP AR A
Zere s RIBUE TR ) T S0 R T Z R ATE S AR, DG KU, T AR AT B2 R
ARERE . BRI, ANSTER RN, (e ATRENS ILoE % EUIn# S H Y, FFR S8
AHEBLPE R R 2T 5, KR MBI IR B Z Y BE Sy . X% Josh Tenenbaum
WL AR, RIR 2 SR AT = A RE, 1 AR BRAG AR B SR S A RS A
KIETEFRETT -

FAHE N A OB — N XRRRY T DL 5 A SORSOR M R O ARER . T AR
K, AV E IR R B . E5E, AR DM R DR 2l
MRS (2B BRI - ") HK, mWE (@ 2) RSP EsR Iml”.
A BEEXA IR G, BeEa AZ OB SO A @ 2 2P R - FHok. i, mge
BURAEMEREX SRR B R 3UES, S RUE A T T Ul i ORE 5 X% . [k E
it T A
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XHEFIgE A

Characterl: Harry Potter

[Thinking: K4 % B A E how im-
portant this is?]

I want to know what he’s up to. And
don’t tell me it’s all in my head, not af-
ter what I overheard between him and
Snape.

Character2: Unknown

[Thinking: I need to be careful here. &
AR Z A FIHH AL, but this is getting
out of hand.]

I never said it was all in your head, but
there’s no rule saying only one person at
a time can be plotting anything in this

placel VRXf Ey/RFEA REET, WA .

Candidate Roles:
Hermione Granger, Ginny Weasley, %/
B FWskE (IEHA) |, and Harry Potter

MRS 2K - ALF--2.5-pro-0605

Analysis:

R - A% 22N R A FTRER A
as her cautious internal thought, logical
reasoning (“no rule saying...”), and bal-
anced confrontation (“You're getting a
bit obsessed...”) align closely with her
character profile.

Ginny is a plausible second due to her
confidence and perceptiveness. il
HHAIE, Ron WAIREMEER/) that
doesn’t quite match his typically more
reactive style. Harry is Character 1
being the one expressing obsession and
therefore cannot be the responder.

Final Answer:

W 0.75 , Ginny: 0.15, Ron: 0.10 ,
Harry: 0.00

(Higher probability indicates stronger
role correspondence.)

4.4 NAWFSE

BT P ASE PersonaEval FEM IS5 RAGE ST I, RATIEAT T —I0H 5 H
BIBFIE, TS 20 Zmsr i EE, 5 10 ZARERM 10 Z4A4, e EE gkt
PAVCECAT 55 i 5 O HE BR AN AT R T oK . B0 2 5 E S 2] 50 M DeepSeek-R1 ¥£ T f
A HE AR DA B A PO Y SO R B R T LRSS R R
A R BVER 2, A 3 B TR RR .

MBI A PR BN T N T Al AR ERAE AR FLSE Bil_EAYA BOCHER . &
KPS| A 225, (RSP Eid—MRSPRe, KOs 7 AT B R A
RAXBAUG L R MER B P R IR, ABATEREZ Rl A M| AEH . Ff1E &
FRGAE TN 2 R B ASORBR B WERBA TR R A7 )
ke, AN THERfR AT RES

WME 3 s, 2 5FH0T-EUEREEE] 90.8 %, il RIMEAER LLM. XM E 7415
LLM #8775 N @B R E KRR, SERE R PR F .

5 By

N Y SRR E R B BT R A DA FRATTITIE MR A B Rt R 2
BRSNS < YNGR A 38 AT I AT 58, FEUIZRR ,  FRM T i i ORI TE A S
@RV RESE B A CORBIMERE (58 5.1 4%) . MR, FRATSHAREASE R Al — 2k,
K AL ) PR N ] T 5 15 REAR A A A HERR E (56 5.2 7). TRAZRILMESR G o

5.1 YNZEIEE R

VP2 i O RS0 A O R B S (LLMs) SRy AR E A (i 03, DASR 5 Rk Be .
FEART R, ATRAL TSI Z8AAL . Doubao-pro-character I Doubao-1.5-pro-character,
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A BRKIEEBRELEASE

¥£ PersonaEval i LLM s BlEE R

You are an Al specialist tasked with dialogue role recognition. Please analyze the following
conversation and determine the likelihood of four character candidates being the responder.
# 2

Characterl: Harry Potter]

Begin]

Why doesn’t Ron understand how important this is?] (frustrated) I want to know what he’s
up to. And don’t tell me it’s all in my head, not after what I overheard between him and
Snape.

End]

Character?2]

Begin]

I need to be careful here. I don’t want to dismiss Harry’s concerns, but this is getting out
of hand.] I never said it was all in your head, but there’s no rule saying only one person at a
time can be plotting anything in this place! You're getting a bit obsessed with Malfoy, Harry.
[End]

# 1£5

Your task is to analyze the response of Character2 and estimate the Bayesian probability
distribution for each of the four character candidates. The probabilities should reflect the
likelihood of each candidate being the one responding, based on their profiles. The sum of all
probabilities must equal 1. A higher probability for a candidate indicates that the response
aligns better with that candidate.

# AR

1. Ginny Weasley

Ginny Weasley, the youngest child and only daughter of the Weasley family, emerges as a
pivotal character in “Harry Potter and the Half-Blood Prince.” With her fiery red hair and
strong-willed personality, Ginny has grown from Ron’s shy little sister into a confident and
capable young witch. She possesses a quick wit and a mischievous streak, often using humor
to diffuse tense situations...

2. Ron Weasley

Ron Weasley, Harry Potter’s loyal best friend and steadfast companion, plays a crucial role
in the final installment of the Harry Potter series. With his trademark red hair and freckles,
Ron embodies the heart and humor of the trio. Coming from a large, loving wizarding family,
Ron’s background provides both strength and insecurity as he faces the challenges ahead...

3. Hermione Granger

Hermione Granger, in “Harry Potter and the Deathly Hallows”, emerges as a brilliant, resource-
ful, and fiercely loyal young witch. As one of Harry Potter’s closest friends and allies, she plays
a crucial role in the quest to defeat Lord Voldemort. Hermione’s exceptional intelligence and
vast magical knowledge make her an invaluable asset to the trio’s mission...

4. Harry Potter

Harry Potter, the protagonist of “Harry Potter and the Half-Blood Prince,” is a sixteen-year-
old wizard entering his sixth year at Hogwarts School of Witchcraft and Wizardry. With his
distinctive lightning bolt scar and round glasses, Harry continues to bear the weight of being
“The Chosen One” in the fight against Lord Voldemort...

# M [ A

Analyze step by step, and then output the following JSON object containing the final prob-
ability distribution. Ensure that the sum of all probabilities equals 1, with each probability
representing the likelihood that a given candidate is the responder. Do not modify the char-
acter names, and use the full character names exactly as they appear in the task.

“‘json

{
"Ginny Weasley”: probability_for_ Ginny Weasley,
"Ron Weasley”: probability for Ron Weasley,
"Hermione Granger”: probability for Hermione Granger,
"Harry Potter”: probability_ for_ Harry Potter,
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B A S RE D R RE L )T, R, A Z B Qwen RIMAYZBI,
i e 8 AR R (IER S A E RN T 0.5) RPBIAHERI RO, KD A AL
A 1o 0L B R AR KU o SR, FRATTAEAS SR 9 32 2 H e S BRI R A 2
g AL R . A Dk e e e, Pk AR B4R Qwen-max JEXAFEK
AR, AR s T H Y, HORFRATH E2ZAe SR B TA IR SCir . AT 5
e, REHFTERIRYE, B—MAMERSE—L. MTARKETEE) 12 W R ELE, FATEW
RE 2B R R UET v, PAE— 2P i A fR v A S I

C W3CP R LLM A
Jfr A R B 5 AR R R I RRAS BT

o GPT-3.5-turbo (OpenAl, 2023) : gpt-3.5-turbo-0125

o GPT-40 (OpenAl, 2023) : gpt-40-2024-08-06

e GPT-4.1 (OpenAl, 2025a) : gpt-4.1-2025-04-14

e GPT-03-mini (OpenAl, 2025b) : 03-mini-2025-01-31

o Qwen-max (Bai et al., 2023) : qwen-max-2025-01-25

e Qwen3-235B (Team, 2025a) : Qwen3-235B-a22B, JEEE A

o TAI-1.5-F MK 6 - doubao-1-5-pro-32k-250115

o DeepSeek-V3 (Bi et al., 2024) : DeepSeek-V3-250324

o DeepSeek-R1 (Guo et al., 2025) : DeepSeek-R1-0120

o Gemini-2.5-pro (Team et al., 2024) : Gemini-2.5-pro-preview-03-25

HAAEAL, U35 Claude-3.7-sonnet (Anthropic, 2025) . Qwen2.5-32B (Yang et al., 2024)
. QwQ-32B (Team, 2025b) . DeepSeek-R1-distill-Qwen-32b (Guo et al., 2025) . Kimi-
K2-Instruct (Team et al., 2025) . GLM-4.5 (Z.AI, 2025) . Grok-3-beta (xAI, 2025) I
Gemini-2.5-flash (Team et al., 2024) , #E HuiREG— WA

D  PersonaEval JiE4NSc%s 45

FATHE MR PersonaEval [IEAISLI0E5 5, 36 top-1 HERM%. top-2 HERAXE. MLy H &
LGNS (MR)., B HERZE (ECE) 1 Brier 43041 (BS). B 17 -F5HHA 4,
HAMZE L AE 4 iR . DeepSeek-R1-distill /2£4¢ DeepSeek-R1-distill-Qwen-32B, 451
RIE PSR DU AR PR -

FATE AR | PR T RAEMERMIL SIS, A5 slEs T =AMl ERghiR. &
B AL T DeepSeek-V3 IPIARA, FKHIA G4 ORI PRl 2 1) 8 ) 22 BEIEAE S/ o

SRR PERE LT SRR AE S BYINI . B, GPT-3.5-turbo 7EZEH |25 ¢ T o Je il
FORR, i Claude-3.7-sonnet MB35 (LARIGMERE . SERLER G ATUN, I 2598
TAEVEA T 45 TP I Y T

SO, BIE LA T B AR, B, GPT-do 7€ PersonaEval-Expertise |32 Hi%

477, 5 Claude-3.7-sonnet 4124, 1fii DeepSeek-V3 FEE H SCAT 55 By Bl N o R BT H
W, XEEWERER, MO A& RE A U TR, 55k e A0 %

https://team.doubao.com/en
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Model Top-1 Acc T Top-2 Acct MR | ECE] BS|
GPT-3.5-turbo 33.4 71.6 2.02 21.1 19.5
Qwen-max 36.1 e 1.92 28.7 20.8
Qwen2.5-32B 37.7 7.7 1.89 23.5 19.1
GPT-40 40.9 83.2 1.75 16.0 16.7
DeepSeek-R1-distill 414 75.0 1.92 22.6 19.2
GPT-03-mini 41.7 76.3 1.88 23.4 18.5
DeepSeek-V3-241226 38.2 81.0 1.80 24.4 18.7
DeepSeek-V3-250324 43.4 84.2 1.73 22.8 17.8
Doubao-1.5-pro 45.3 82.0 1.72 21.1 17.3
Qwen3-235B 48.8 84.8 1.70 20.3 16.6
Kimi-K2 52.4 86.9 1.60 26.6 16.8
QwQ-32B 54.0 83.8 1.67 22.3 16.4
Grok-3-beta 56.2 91.0 1.50 4.4 12.7
GPT-4.1 58.2 91.3 1.47 11.9 12.4
GLM-4.5 59.1 87.6 1.54 9.7 13.7
Gemini-2.5-flash 62.0 89.9 1.46 11.9 12.6
Claude-3.7-sonnet 62.0 91.2 1.46 8.3 12.1
DeepSeek-R1 64.8 90.0 1.48 14.9 13.2
Gemini-2.5-pro 68.8 92.6 1.38 4.9 10.5
Table 1: PersonaEval T =N $E1E 1 584 1
Model Top-1 Acc T Top-2 Acct MR | ECE] BS|
GPT-3.5-turbo 33.5 70.9 2.06 21.3 19.5
Qwen-max 35.9 76.3 1.98 29.2 21.0
Qwen2.5-32B 38.0 75.7 1.96 23.7 19.2
GPT-40 41.3 83.7 1.79 16.0 16.6
DeepSeek-R1-distill 41.8 72.9 1.98 23.0 19.2
GPT-03-mini 42.5 76.9 1.88 22.9 18.4
DeepSeek-V3-241226 38.0 79.5 1.90 24.6 18.7
DeepSeek-V3-250324 43.3 83.5 1.78 22.9 17.8
Doubao-1.5-pro 44.9 79.1 1.84 21.6 17.5
Qwen3-235B 49.5 86.0 1.67 20.0 16.5
Kimi-K2 53.0 88.1 1.59 26.5 16.7
QwQ-32B 54.3 82.1 1.71 23.0 16.5
Grok-3-Beta 57.1 92.3 1.47 4.0 12.4
GPT-4.1 59.6 93.1 1.44 11.1 12.1
GLM-4.5 60.9 89.5 1.51 10.1 13.5
Gemini-2.5-flash 62.5 91.0 1.45 11.9 12.5
Claude-3.7-sonnet 63.0 91.8 1.48 8.0 11.8
DeepSeek-R1 65.4 89.4 1.49 14.7 13.1
Gemini-2.5-pro 69.5 93.3 1.37 5.4 10.3

Table 2: 75 % PersonaEval-Literary H]5¢2 4558,
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Model Top-1 Acc T Top-2 Acct MR | ECE] BS|
GPT-3.5-turbo 26.3 57.8 2.33 26.1 21.8
Qwen-max 31.6 66.9 2.16 33.4 22.5
Qwen2.5-32B 30.0 61.9 2.24 29.6 21.6
GPT-40 28.3 61.3 2.24 26.1 20.9
DeepSeek-R1-distill 30.1 61.5 2.24 26.8 21.3
GPT-03-mini 35.0 63.9 2.14 30.7 21.0
DeepSeek-V3-241226 34.7 63.5 2.19 30.3 21.8
DeepSeek-V3-250324 42.2 71.4 1.98 30.0 20.2
Doubao-1.5-pro 47.6 75.3 1.85 22.6 174
Qwen3-2358B 38.7 72.1 1.97 29.0 19.9
Kimi-K2 47.8 78.8 1.78 33.3 19.7
QwQ-32B 48.0 76.6 1.82 19.3 16.8
Grok-3-Beta 46.9 78.6 1.80 16.3 16.6
GPT-4.1 45.4 76.3 1.84 23.5 17.5
GLM-4.5 47.2 78.5 1.80 17.9 16.6
Gemini-2.5-flash 56.7 81.1 1.67 20.5 15.6
Claude-3.7-sonnet 50.2 77.0 1.80 18.6 16.7
DeepSeek-R1 56.3 84.1 1.64 22.4 15.8
Gemini-2.5-pro 60.3 85.8 1.57 13.1 13.4
Table 3: T PersonaEval-Drama [15E#4t R
Model Top-1 Acc T Top-2 Acct MR | ECE] BS|
GPT-3.5-turbo 45.1 69.8 2.05 10.0 14.2
Qwen-max 51.5 77.3 1.85 6.0 12.6
Qwen2.5-32B 47.6 73.1 1.99 6.7 13.2
GPT-40 56.7 78.5 1.79 9.1 12.0
DeepSeek-R1-distill 50.5 73.4 1.96 7.7 13.4
GPT-03-mini 29.8 53.8 2.41 23.5 16.9
DeepSeek-V3-241226 50.8 73.8 1.92 7.9 13.0
DeepSeek-V3-250324 51.6 74.1 1.93 3.6 12.8
Doubao-1.5-pro 57.2 82.0 1.74 10.2 12.0
Qwen3-235B 47.2 67.7 2.08 10.4 14.1
Kimi-K2 39.6 60.8 1.76 14.8 13.6
QwQ-32B 57.2 77.5 1.84 4.2 12.2
Grok-3-beta 43.2 69.2 2.04 8.5 13.5
GPT-4.1 34.7 56.3 1.87 13.1 14.0
GLM-4.5 44.4 62.3 1.69 8.9 12.5
Gemini-2.5-flash 55.3 69.8 1.40 12.7 10.2
Claude-3.7-sonnet 53.8 74.8 1.86 9.6 12.0
DeepSeek-R1 60.9 80.7 1.70 5.9 10.9
Gemini-2.5-pro 62.1 84.4 1.62 12.1 11.0
Table 4: XF PersonaEval-Expertise [1})528 4558 ,
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E PRRRBIDS

TNV TILAZRG], A R8T BR a0 R AE FRAE 1 BAR R 02, X 255 XA
RAVLIIRAAR T B 355 I SCAZOR i D AR

E.1 Rl 1: Edpea

ARG A EF] - PR IIEREY (R - BeRE, # 4). BRI AYFRIT, XHEA
NSl HAX R, ORI, KAE SRR A S P “Weasley” XAERigs, HAE
B DRI 1) L AT R A L T

WY HT: A2 AR - R (I 4), BUONIE 2/ N6 1 FEEE.
PUFBE - N (T 3) 20N £ DA B R B B ) Oy AR R oE A, A2k
BIVER) 2 E MR A2 0. PR - R (I 1) tWORKWTRER M@ 2, PUMARS
ISR S B c: 1 vl o il “EE”. Xm0 2 2 A -
Fi (U1 2), PUOAMMZFARE BIACE N “HHoRA”, It HoE S a5 L0 s]
THRAYIE . TR AE H A —— AT SIS ARV, b2 ol e 2 X5
BT HER IR . ik, WBAEm 6 2 iR,

PONRIEST F3virREd) Claude-3.7-sonnet [ =]

Characterl: Hermione Granger Analysis:

[Thinking: I'm getting a bit frustrated The response most likely comes from
having to repeat this information.| Ron Weasley, who naturally quotes his
You can’t Apparate inside the Hogwarts father, attended the World Cup, and
grounds, how often do I have to tell you? speaks in a casual, speculative tone.
Character2: Unknown Harry Potter is a secondary possibility,
[Thinking: I remember what Mr. having attended the World Cup, but
Weasley said about wizards showing off. lacks Ron’s personal connection and typ-
Maybe that’s what they’ll do.] ical commentary style. Severus Snape
Maybe the foreign students are prepar- is highly unlikely, as the tone, content,
ing a dramatic entrance... Remember and familiarity with Mr. Weasley don’ t
what Mr. Weasley said at the World match his character. Hermione Granger
Cup? ’Always the same —we can’t re- is explicitly Characterl and speaks dif-
sist showing off when we get together..’ ferently, making her an impossible fit.
Candidate Roles: Final Answer:

Ron Weasley, Harry Potter (Correct), Ron: 0.85, Harry: 0.15, Snape: 0.00,
Severus Snape, and Hermione Granger Hermione: 0.00

E.2 50 VAR

RAROEE Gt - RWTIRICY . B2 R AW SRR, et Al —
Ao XFFAIORDE, HESS PRI KB, A IR eI A N SR, A
PR T R A ARSIy, SECHHERE AL BTk

R R A 2 ARTRER AT (I 1), RO — A AE N, ARTEX RO
TS AR I EE R JUHOR A R PHE M ER R, R - PR, PafE (R
3), GIPIRAT A RIF HA L8R 53R R, B2 AL R I T AN Leh 585 A KT
REE R 2RI E TR - PRr ORI . MG TE LR - 2 (200 2) C2FNAE 1 AF,
PrOMIB A GRS 0 2. RN - BRI (T 4) AR Eand. XAl SO 7 iy
PGl b E R AR S H 2 KA I SURCZ BT TG ke «ill - 20
M EE T GHEe AN E SR - PR R, R B R B, g
A 2 R R
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XA IR E A € GPT-4o [¥[E] ¥

Characterl: Huckleberry Finn Analysis:

[Thinking: I try to think of a way out The response reflects fear and moral re-
of this mess.] sponsibility, best matching Huckleberry
Maybe we ought to leave town, Tom. Finn, who witnessed the event and cares
Just light out and never come back. deeply about justice. Tom Sawyer also
Character2: Unknown fits, given his eventual decision to de-
[Thinking: I'm torn between fear and a fend Muff Potter. Aunt Polly is un-
sense of responsibility.] likely, since she stays removed from such
But what about Muff Potter? He didn’t events, and Sid lacks both the involve-
do nothing, and he’s gonna hang for it ment and moral weight needed for this
if we don’t say something. response.

Candidate Roles: Final Answer:

Aunt Polly, Huckleberry Finn, Sid, and Polly: 0.05, Huckleberry: 0.60, Sid:
Tom Sawyer (Correct) 0.05, Sawyer: 0.30

E3 RBl 3: JORTHF

XARBIR T VIR - SFPIRCY . FERXAGEGIH MR35 T 31 T0 56 e I f a2 AT
ML IEAR IR, AT E AT RPN . X AIORYE, XTI AR e AR, R
TE A R ) T O AR AT, A b A (0 2 [R] Y fpe ] B G AR

P A 2 ARTREER Y - JER (R 1) pf e /R DU - g RL (EI 3), Pk
MEAVENME 1 fEIE. BH “Fo077 H HiB BT RoR T B H 1 .
TR (5 2) At (s DUR) - SRRUTIRACY i 6B T AR ZE AR R/
o (CGAMBUE/INEY VEE M IHERE - EOA) - S0E) —— bl DARSE e HEfR . R
K HAT A - R (I 4), 58 Ea. HIRPMER LRI AR I RITEERR,
RIS 28 4] AN U] 52 P 8 A B —— LA /D T2 RS W FEXBSC7 i, Al T 5
W EGAVETHIRTE O, (E Ry <&l BB AR . M ATE 5 FEI SR AT i 2 A
B, 227 - R,

T i £ £ DeepSeek-V3 (11
Characterl: Huckleberry Finn Analysis:
[Thinking: I can’t believe we're really go- The response shows pragmatic and
ing to do this.] strategic thinking, which aligns closely
All right—1I don’t care where he comes with Huckleberry Finn’s practical mind-
out, so he comes out; and Jim don’t, ei- set. The informal dialect (“resk” instead
ther, I reckon. But there’s one thing, of “risk”) and collaborative tone further
anyway—Jim’s too old to be dug out support this match. Tom Sawyer, by con-
with a case-knife. He won’t last. trast, tends to propose elaborate, roman-
Character2: Unknown ticized plans based on adventure nov-
[Thinking: We need to stick to the plan, els, which doesn’ t match the straight-
but maybe we can compromise a little.] forward, cautious tone of this response.
Well, we can’t resk being as long as we Uncle Tom, from a completely different
ought to, because it mayn’t take very novel (Uncle Tom’s Cabin), lacks any
long for Uncle Silas to hear from down connection to the context, characters, or
there by New Orleans. He’ll hear Jim dialect here. Since “Huck Finn” and
ain’t from there. Then his next move “Huckleberry Finn” are duplicate entries
will be to advertise Jim, or something for the same character, the high likeli-
like that. So we can’t resk being as long hood is split between them unless they
digging him out as we ought to. are merged.
Candidate Roles: Final Answer:
Huck Finn, Uncle Tom, Huckleberry Huck: 0.50, Uncle: 0.00, Huckleberry:
Finn, and Tom Sawyer (Correct) 0.50, Sawyer: 0.00
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E4 REIU: RS TR

XANEHIRE K5 2B =3 QKA AEEY A Storm of Swords”. 3% 8 E8k ik,
FER AT EAE A . SR, R A AN REW TR, AT DA i R
AT R EEEE. X FRENE S (LLMs) SR, XAZ6IFE 2200 ER
[ H AT HERE . SR, LLMs 8 285 iR AL, HIUE” MEE” LR
RIS R B E

IEMis BT Character2 AREZEFR - 2Jeliky (Ui 1 #0 4), FEAFRERPAI™G . BUR
(2 1R 45, A SNSRI ok F b, FERLEAE “RRET B “RUEE” LR,
U - 2Rl (T 2) WA CRAEET (FERPTHHEE]) , B AR E I BINEE
XA R ER i IR A3 S SRR SR PR AT . WA TR DA IR A . AR (g R
K 52 5K K AN RHE—— R JUR R R R M B - 2R eE (BRI 3) . 4RI BV S
Ui BRI, FEEE AR . X E R M Character2 [ IE—AIEEHE.

Xof i S AR A

HKH QwQ-32B LY.
Characterl: Kevan Lannister
[Thinking: I need to distance Tywin Analysis:
from Ned Stark’s fate.) The dialogue is sarcastic, self-aware, and
Your father had no part in that. steeped in personal history—marked by
Character2: Unknown references to Castle Black, being a
[Thinking: I can’t believe they think I'm “kinslayer and kingslayer”, and mocking
this naive.] the idea that Tywin Lannister would for-
Castle Black teems with murderers, give such crimes. These clues unmistak-
thieves and rapists, but I don’t recall ably point to Jaime Lannister, famously
meeting many regicides while I was known as the Kingslayer, speaking in his
there. You expect me to believe that signature bitter tone. The speaker’s fa-
if T admit to being a kinslayer and ther is Tywin, eliminating both Tywin
kingslayer, my father will simply nod, and Lord Tywin (duplicates) as possibil-
forgive me, and pack me off to the Wall ities, and Tyrion is neither a kingslayer
with some warm woolen smallclothes. nor known to describe himself this way.
(hoots rudely) The dialect, references, and tone make

Candidate Roles: Jaime the only plausible match.

Tywin Lannister (Correct), Jaime Lan- Final Answer:
nister, Tyrion Lannister, and Lord Ty- Tywin: 0.00, Jaime: 1.00, Tyrion: 0.00,
win Lannister Lord: 0.00

P NEWFSEER

FATRIAEATE =AHE LA AR 50 AR i =34 45 AWKk H PersonaEval-
Literary , 3 3 H PersonaEval-Drama , 2 4~3 H PersonaEval-Expertise . ZLRE{ S
HEFEEMATNNEFRNER, BT Z2IEFTS . WREIUEMESER, Rirs55
o0 T RE D R T, LLMs. SR a2 5 B TE R PUE_ B IE R 25 S0
TERGAR, WL 5 Pon. MTRAEE, HAH - MRFRERE0S 58, A2l
ﬁﬁﬂ‘]lﬁy’ﬁ‘)\%ﬁo KEZHSE5HTUET 90 % MIERR, FIrf 20 (2551 EBERIERE N
90.8 %,

G YNZRIEG WAL SR 2R A AR

FAVEBLRER T 45 5.1 TS 5.2 TS BEDR, FAEMSE D At TR . ik
6 . FE 7 FIFAE 8 R T KT = ARHUERYIZRIT RIS I A SE AR . XTIl 158
FATERSER T AREARSORIER, PO AR TES ZREFEFR.
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Parti. Lit. Drama Exp. Acc. (% ) | Parti. Lit. Drama Exp. Acc. (%)
No.01 43 2 2 94 No.11 45 2 2 98
No.02 44 1 1 92 No.12 40 2 1 86
No.03 41 1 2 88 No.13 42 2 2 92
No.04 39 3 1 86 No.14 43 2 2 94
No.05 42 1 2 90 No.15 42 2 2 92
No.06 43 2 2 94 No.16 42 3 2 94
No.07 41 2 1 88 No.17 44 0 2 92
No.08 42 2 2 92 No.18 42 2 1 90
No.09 42 1 2 90 No.19 38 1 2 82
No.10 41 3 2 92 No.20 41 2 2 90

Table 5: NBITEEER, BFFnE2 5E M IEIMEREE.

Model

Top-1 Acc T Top-2 Acct MR | ECE] BSJ|

Doubao-pro
Doubao-pro-character
Doubao-1.5-pro
Doubao-1.5-pro-character

41.8
37.1
44.9
38.7

79.2
69.0

79.1

77.8

1.86
2.07
1.84
1.90

18.5
25.7
21.6
11.1

18.0
20.6
17.5
17.1

Table 6: 5T PersonaEval-Literary F)yl| 253 B i) -4 T 45

Model

Top-1 Acc T Top-2 Acct MR ] ECE] BS|

Doubao-pro
Doubao-pro-character
Doubao-1.5-pro
Doubao-1.5-pro-character

43.8
28.0
47.6
34.1

70.0
58.0
75.3
66.8

1.97
2.32
1.85
2.12

25.1
37.5
22.6
20.6

19.3
23.9
174
19.2

Table 7: & PersonaEval-Drama [11)l| 258} 8] 38 B 1 4 1 45 51

Model Top-1 Acc T Top-2 Acct MR | ECE] BSJ|

Doubao-pro 50.6 77.1 1.90 12.7 13.1

Doubao-pro-character 37.5 63.9 2.32 12.7 15.5

Doubao-1.5-pro 57.2 82.0 1.74 10.2 12.0

Doubao-1.5-pro-character 54.8 78.8 1.79 17.7 12.8
Table 8: XT PersonaEval-Expertise [l 251838 M 45 E 458 .

Model Top-1 Acc T Top-2 AccT MR ] ECE] BS|
Qwen-max-0Oshot 35.9 76.3 1.98 29.2 21.0
Qwen-max-1shot 44.2 76.0 1.90 30.4 20.5
Qwen-max-3shot 46.3 77.0 1.87 29.8 20.0
Qwen-max-5shot 46.3 77.1 1.86 30.3 20.1

DeepSeek-V3-0shot 43.3 83.5 1.78 22.9 17.8
DeepSeek-V3-1shot 50.5 84.6 1.71 15.8 16.2
DeepSeek-V3-3shot 53.6 85.5 1.66 15.5 15.7
DeepSeek-V3-5shot 54.1 86.3 1.65 14.5 15.2

Table 9: &F PersonaEval-Literary [)/MEATEN 42 TH S
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