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(a) SPT - Standard Soft Prompt

(b) XPE - Cross-Prompt Encoder

(c) DUAL - Dual Soft Prompt
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Target Source # Source DUALXPE30 DUALXPE70
EnArZho 3 35.2 353
LowPerf. Joshi5 7
Seen 92
EnArZho 3
Unseen Joshi5 7
Seen 92
Seen /wo J5 EnA.rZho 3
Joshi5 7
All wo I5 EnArZho >
Joshi5 7
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Seen /wo J5 49.02 55.7 68.1 86.2 86.5 86.5 67.3 85.6 86.6 -
All /wo J5 - 443 51.7 67.8 68.3 68.1 - 68.7 70.0 -
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Target # Target SIB-200 DUALXPE70
Unseen 23 64.0 65.1
Seen 23 88.3 87.6
All 46 76.1 76.3
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