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TABLE II: BN EBTIC: BMES B9 6D BREFIRZE MTA LS5 X Se-P- IR 27 22, f6hn: IR S / gk

FFEA 2. (DK /IRE)

‘ pushing unplug charger pick bear pick cup open container  clean table pour coke ‘ Variance
TVP (Ours) 1.32 / 0.08 1.08 / 0.07 0.87 /0.11 0.66 / 0.05 0.74 /0.06 0.94 /0.09 1.07 /0.15 | 0.050 / 0.0012
TVP wo NAE 1.78/0.11 1.49/0.07 1.30/0.13 1.26/0.07 1.43/ 0.05 1.31/0.10 1.78/0.22 -
sMLP (baseline) 2.23/0.12 2.02/0.14 2.31/0.37 2.24/0.14 2.20/0.13 2.17/0.22 3.13/0.54 -
Uni-sample ‘ 1.30/0.07 1.11/0.08 0.96/0.13 0.79/0.06 1.69/0.10 1.18/0.11 1.41/0.21 ‘ 0.088,/0.0026

TNGMESS, HAHBERIEREICRAESR IV o 55K, 5¢
PR B B ER P AR SR ATIB EATE REA 2 .
TABLE IV: ESCHESCI g R . (K /IR /%)

[6] T. Peng, L. Bao, J. Humphreys, A. M. Delfaki, D. Kanoulas,
and C. Zhou, “Learning bipedal walking on a quadruped robot
via adversarial motion priors,” in Annual Conference Towards
Autonomous Robotic Systems, 2024, pp. 118-129.

(7 J.-P. Sleiman, F. Farshidian, and M. Hutter, “Versatile multicon-

Success Rate tact planning and control for legged loco-manipulation,” Science

Robotics, vol. 8, no. 81, p. eadgh014, 2023.

[8] N. Yokoyama, A. Clegg, J. Truong, E. Undersander, T.-Y. Yang,
S. Arnaud, S. Ha, D. Batra, and A. Rai, “Asc: Adaptive skill

‘ EE pos err  EE rot err
. unplug charger 1.39 0.054 98
Teleoperation open container ‘ 1.02 0.047 100
DP unplug charger 1.37 0.039 80
open container 1.24 0.036 85

coordination for robotic mobile manipulation,” IEEE Robotics
and Automation Letters, vol. 9, no. 1, pp. 779-786, 2024.
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