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(a) Open-access datasets for retinal disease screening coming from various domains and following different distributions.

Open-access datasets Labels for retinal diseases and the normal state
names notations and normal diabetic glaucoma  cataract age-related macular hypertensive pathologic
distributions retinopathy degeneration retinopathy myopia
Kaggle-CAT Dy ~Py v ? v v ? ? ?
DDR Dy ~P, 2 v 2 2 ? 2 2
REFUGE2 D3 ~Ps ? ? v ? ? ? ? partially
ADAM Dy ~P, ? ? ? ? v ? ? labelled
Kaggle-HR Ds ~Ps 2 ? ? ? ? v 2
PALM D ~Ps 2 2 ? ? ? 2 7
ODIR Dpu ~Pruu v v v v v v v ) fully
labelled
(b) Fully supervised disease screening. (¢) Self-supervised disease screening. (d) Partially supervised disease screening (ours).
X € Dy X€D,UDU - XEDUDyU -
“ disease y contrastive P disease ¥y prediction
4 A A
fully labelled GT y === -----=- text embeddings ----------' partially labelled GTy ---------- '
full supervision self supervision partial supervision
scale of available training data: small scale of available training data: large scale of available training data: medium
data sources for training: single data sources for training: multiple data sources for training: multiple
in-domain performance: good in-domain performance: good in-domain performance: good
out-of-domain performance: poor out-of-domain performance: good out-of-domain performance: good
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, Meta Unseen ODIR FPS | GFLOPs | # param (M
Methods Source | — WK T mF  mOWK | mF mOWK 0
Full supervise - - - - - 69.8+ 0.2 52.6+0.7| - - -
MultiNets - 82.7+ 0.7 73.0£1.4 624+ 12 44.8+23|56.4+ 1.4 26.1x2.1| 47.7 5240 837.4
MultiHeads - 83.6+ 0.7 75.0+1.3|62.4+ 15 44.2+20|56.7T+06 27.7+0.4 | 382.6 650 105.3
SST [2] AAAI22 | 834+ 14 T4.7+28|63.2+09 46.7+ 1.8 |55.6+ 1.7 26.2+ 2.5 | 357.9 670 122.9
SARB [26] AAATI22 | 84.0+ 0.9 75.7+1.8|60.5+ 1.0 40.3+ 1.2 |61.4+ 0.9 33.8+1.6|361.6 670 112.7
BoostLU [15] CVPR23 | 80.3£ 0.5 69.5+ 1.1 | 44.5+ 0.8 18.0+ 0.6 | 50.6+ 1.0 17.5+ 2.1 | 140.5 650 162.2
HST [3] 1JCV24 | 834+ 04 T74.7x08|62.3x1.7 44.8+38|56.0+08 27.5=+0.8|357.9 670 123.0
CALDNR [27] TMM24 | 82.0+ 1.1 72.8+22|47.6+31 19.0+6.7|52.1+06 19.1x0s|138.4 660 120.9
PSScreen (ours) — 84.2+ 03 76.8+08|65.9+01 50.9+01 | 64.1+ 1.0 39.8+1.3|373.1 660 116.8

— 3 = S P s
Table 1: =i EATR R IE T AR HERE AL . S EE AR 4R DU

PRRIR R RAm o M ANAR M 22 2 B T = U 5 1 A FioBa 1) 45 2R W] DAFE AR
FEMAE B hikE].
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ODIR [17] , g5R x5 HA A, PSScreen BUS T BT BRI, 1F
RIS b, PSScreen 7E mF Hiid 755 —4FHY SST [2] 2.7 %, HAE mOQWK
iR T 4.2 % . fF ODIR [17] 1, PSScreen £ mF WiAid 7565 1749 SARB [26]
2.7 %, 1E mQWK il 7 6.0 % . HTZ%, FAIEME T ODIR [17] Esg4xli
B ERRME N B R 1 P SOTAs AEX AN M S ERIUA(E,
AV AT R B ] Y 7 Ah . eoh, FRATHUERE TR I ity T
BRI (FPS). TIKIF Sz a (GFLOPs) fIZ 4 ( # param). AJPAMERH]
PSScreen [#) FPS {{ [, MultiHeads WAI%, FREHERGCRAM Y, FES, 5 SOTAs #
I, PSScreen fEAIMASMT A B SEOT RN O T W5 T B0 .

TREANEIL G FLRSTR Y LB . FRATTHE— 2 L T 3ATTI PSScreen LR #ii =
A BRI B CLIP [28] . BiomedCLIP [36] fl FLAIR [31] #£ ODIR200 x 3 I
M REAMERE. BHH FLAIR, FRATRM ACA [39] fE0iTlHatR, FHAER 3 (a) ik
HT ACA F55t. WEFIR, BRBAE TR AL R A it & h R BUA . CLIP
28] FI BiomedCLIP [36] X ARG IHL M B, 1T FLAIR [31] TR M B8 14 52
A PREEFXE AR a4 2R DB . FATTHY PSScreen 7E ODIR200 x 3 _ESCH
THEefEMERE, b FLAIR & 18.7 %.

Ak, FATEEA GradCAM [30] M MultiHeads 1 PSScreen H#Ja— >4 FH
EPARRE . nE 3 (b) s, MultiHeads AN GEHER & (7L , 12 KRR E
SR . A, FATH PSScreen 452458 ) WoR AL K. B, angg—5)
7~, PSScreen #EffiE 5 AMD FHCRY I 7256 =2, BEHBIHXTT AMD %
Wiz R EE B Y. XTE AR, PSScreen IGZE SEEM AL AR, X T PM,
PSScreen 3 51 {375 B e AR 2 B LI s 4 X g, WWW.XUESTIUXIANGZI.CoM
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Ly dist C’S‘_”t‘,’fs",” E‘,‘(’,”;”"“’” Meta Unseen ODIR
mF mOWK mF mOWK mF mOWK
83.5+02 75.0+04 | 63.0+08 454+ 1.3 | 57.0+ 06 28.0+1.0
v 83.4+07 T75.3+0.2 | 63.4+01 46.7+09 | 58.0+ 04 29.6+05
v 83.4+02 75.8+04 | 64.0+03 47.5+0.7 | 57.5+1.0 28.7+15
v 83.3+x0.7 75.5+ 1.1 | 61.8+1.1 44.1+21 | 61.7+09 34.8+16

v v 83.8+02 76.4+0.6 | 65.2+ 0.3 49.5+0.7 | 63.5+08 38.0+15
v v v 84.2+ 03 76.8+0.8 | 65.9+0.1 50.9+01 | 64.1+ 1.0 39.8+13
Table 2: PSScreen J& 235 25 T 14 15 B 5T
M M| A3 Meta Unseen ODIR Methods Meta  Unseen ODIR
0.1 1.0 | 0.6 | 76.1+ 0.6 | 50.1+ 0.2 | 39.4+ 0.7 ResNet-101 [11] 75.0+ 1.3 44.2+20 27.7+04
005 | 1.0] 06 | 76.8:08 | 509+ 0.1 | 39.8+ 1.3 +PSScreen 76.8+ 08 50.9+01 39.8+13
0.025 | 1.0 | 0.6 | 76.7+ 0.1 | 49.4+ 0.6 | 39.7+ 1.0 ConvNeXt-T [22] 75.0+ 07 48.2+1.2 25.4+23
- - +PSScreen 76.6+02 49.6+21 37.0+15
g'gf (1)2 8'2 ;g'zi 03 tgg.gi 06 gg.gi %91 ConvNeXt V2T [33] | 76.3z 07 48.6:12 289+ 13
’ ‘: ’ ’ - £ 08 | 099 0.1 O 1.3 +PSScreen 77.0+02 49.1+05 38.3+1.0
0.05 | 2.0 | 0.6 | 75.9+ 04 | 48.2+ 13 | 38.7% 0.5 Swin-T [21] 75.8+08 49.5+07 25.4+03
0.05 | 1.0 | 0.4 | 76.5+ 1.3 | 48.7x 12 | 38.9x 1.0 +PSScreen 79.3£ 07 50.8+ 0.6 35.5+ 0.9
0.05 | 1.0 | 0.6 | 76.8+ 0.8 | 50.9+ 0.1 | 39.8+ 1.3 VMamba-T [20] 76.3+ 1.0 472+ 05 27.0+04
0.05 | 1.0 | 0.8 | 76.6+ 0.5 | 50.5+ 1.4 | 38.8+ 0.4 +PSScreen 78.0+ 0.7 49.8+ 1.7  36.9+ 1.8
(a) mQWK under different loss weight (b) Performances with different backbones.

settings.
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FHRATE S, FFAEZE TR 9 28 SRS ACRE5 4T 95 1 9 1) T SCMCRI 2 1k AL 7% B AR
T TR, AFXH IR AREE PN DR aE — ot . AE TS A bR C e He iy )iz 5K
ForpRH], PSScreen 7EZ AN [FCHIEHAEE ks iRt PERE .

PSScreen HAT RGO AIPRIEHERTESE, AERE G MBI R TAERAR . &
M, RERTAA A S 2 B PRSI PR Ak . BN, IRFPLSREIZ M2 AE, T
FATH TR E R SR T IRIC R . o T38RI ARG S, AR KT % B o i) il
R LA )32 LR By . R IR MG T T GradCAM R U A R4 4L
b, EGZ 3 Rl R AR ZE A PG . AL, AT TR R BRI S 5 PG DA IE
R AT R AR 2 AR AR R A R, (B2

5 ot

A TAESB AR 725 2Bl 2ABe i o I H W v B, TH 465k 355095, DA K v [
B A RBE R4 T H BB, T H 45k 2023730699, BEAN, MEE S BURGEY 22
CSC-IT RO HER A R .
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6
PSScreen #hFhARE: 43 W) 22 B8 I RS0 i A

A PRI AR RIS R -

A4 s T BRATHETE O A B TR BB SR I AR B . O S SRB PP A
P, AT H P 8 AT T ACEE . REMID [25] A5 46 Bl I [ g u 2544 57
I, HA AU IE RS AMD K50 TRATARFFE . AT ODIR [17] , “H:
g™ IBEHER, B E SEAIMBF I, H HARYE ODIR B M Tk !
HERRAT TR B (N2 Bk KA BB AR R ) . 2531415 6,961 3K
IR 988 SR AR K gk .

Group Dataset Resolution # images | Original Splitting Labels train/test
Train Valid Test N D G C A H P

Kaggle-CAT? 2592 x 1728 or 2464x1632 600 360 120 120 | v v v VIV

DDR [18] max: 5184x3456 min: 512x512 12522 6261 2504 3757 v VIV

Mota REFUGE2 [9] max: 2124x2056  min: 2000 1200 400 400 v VIV
1634x1634

ADAM (3] 2124 x 2056 or 1444x1444 1200 400 400 400 v VIV

Kaggle-HR? 800x 800 712 427 142 143 v v

PALM [10] 2124 x 2056 or 1444x1444 1200 400 400 400 v VIV

RFMiD [25] max: 4288x2848  min: 3200 1920 640 640 | v v XV
Unseen 2048x1536

APT0S2019* max: 42882848 min: 474x358 3662 — — — v X/

ORIGA 8" [38] | 3072 x 2048 650 - - = v X/

HPMI [13] 512 x 512 4011 — — — v X/

ODIR ODIR [17] max: 5184x3456 min: 160x120 7949 6961 — 988 |v vV vV V V V V X/

ODIR 200x3 | ODIR 200x3 [31] | max: 5184x3456 min: 868x793 600 — — — |V v v X/

Table 4: AHF5E A O A TF R BRI TEAR (5 B Ho, “N” SR IERRE, “D”
FORBEIR AR ESAE (DR), “G” FORFENIR, “C” FoRpWE, “A” FoRER
MRS (AMD), “H” FoRmiUEmmEpE (HR), il “P” Fonpiidk
i (PM).

B RO g AR

B .1 #pomfiocBindl LR

AT 5L T PSScreen, JELMILA SOTA FEAEFhEIE K TR LW mF I
mOWK | HZERARIFESR 5 FFE 6 HrrpA4kF]. v RAREE], FATH) PSScreen 7
mF B T HEAZ 55 09 SARB [26] 0.2 %, £ mOQWK JEi#k T 1.1 %. FE AP,
PSScreen 7ERG T VIR . AMD. HR i1 PM WS T Fefdsli 85 AR s, AT
REFUGE2 fill Al 5 2 () 4775 i 5 i ik % 48, FRAT189 PSScreen #£ QWK 5
¥r b e HES 55 — 1 MultiHeads 78 REFUGE2 F&5 0.9 %, #F—3FH TIRATEZE
RAFZALRE ST

Thttps://0dir2019.grand-challenge.org/Download/

2 https://www.kaggle.com/datasets/jr2ngb/cataractdataset

Shttps://www.kaggle.com/datasets/harshwardhanfartale/hypertension-and-h Fertensive—retinop

"ntps: i o1 indne ML XU SHLRTANGZT. Eomh
ps://wuw.kaggle.com/competitions/aptos2019-blindness-detedtio


https://odir2019.grand-challenge.org/Download/
https://www.kaggle.com/datasets/jr2ngb/cataractdataset
https://www.kaggle.com/datasets/harshwardhanfartale/hypertension-and-hypertensive-retinopathy-dataset
https://www.kaggle.com/competitions/aptos2019-blindness-detection/data
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Methods T1: Normal T2: DR T3: Glaucoma T4: Cataract T5: AMD T6: HR  T7: PM mF
Kaggle-CAT DDR  REFUGE2 Kaggle-CAT Average Kaggle-CAT ~ ADAM  Kaggle-HR PALM

MultiNets 78.1 112 67.8 109  T5.7 413 89.5 110 82.6 110 88.0 120 85.3 117 80.4 137  96.7 104 82.7 107
MultiHeads 86.8 205 068 410 772414 854104 813106 888432 844 4n  8L1i17 963 101 83.6 <07
SST asaro22 [2] 87.6 +08 671411 73.6 41 873 415 80.5 106 923 428 83.7 120 776434 952 407 834 414
SARB gaa022 (2] 862 133 667 116 770 124 869107 819115 90.0 100 859 100 814 ia;  96.0 110 84.0 100
BoostLU cypraons [15] | 80.2 142 620 415 726415 858131 786126  90.0 20 768123 7SS irs 959 104 803 ros
HST 1cv2024 (3] 87.0 105 67.0 103 723 125 89.0 431 80.7 xo8 926 117 81.2 421 796 410 956 110 834 104
CALDNR ramma024 [27]| 825 431 638 115 746 440 88.6 +16 81.6 114 931 455 75.6 173 818 438 95.7 102 82.0 41
PSScreen ours 864 117 647 417 TTTa1s 890 431 833 120 891124 845 .14 850415 965 104 842 403

Table 5: £ CHIE4E b HAF AR F-score. AR A 25550 5 DORLIAAT R
RIZhri . BEAAREZERLT =Yl .

Methods T1: Normal T2: DR T3: Glaucoma T4: Cataract T5: AMD  T6: HR  T7: PM  mQWK
Kaggle-CAT ~ DDR  REFUGE2 Kaggle-CAT = Average Kaggle-CAT ~ ADAM  Kaggle-HR  PALM
MultiNets 56.5 126 88.1 10,1 514 196 79.0 440 65.2 137 76.0 14 70.5 135 61.2 474 935109 T73.0 14
MultiHeads 736 116 ST.8 105 545 125 TL0 407 627 112 TT5 65 687405 623 135 926 103 T5.0 113
SST aaro22 [2] 752 116 884 102 47.6 12 T4.6 43 61.1 414 84.7 155 67.5 442 552 463 904 113 TAT 123
SARB aam02 [26] 725 167 873 100 540 447 TTlars 639430 800415 TLT 417 627 143 920 100 757 s1s
BoostLU cvpraozs [15] | 60.8 s52  84.0 125 461 435 717160 576 155 801440 547 .4y 576 130 918 108 695 11,
HST 15cva024 (3] 741 109 88.8 o1 45.0 145 780 162 615416 85.3 435 625 443 593 418 913 410 747 108
CALDNR 7ya024 [27]| 653 250 87.0 108  50.0 173 772432  63.6 104 863 23 524 4132 637175 915 1os 728 120
PSScreen ours 73.0 134 874 10n 554 130  T81.ier 668 440 783147 691 127 701 430 930 100 T76.8 tos

Table 6: FEFPERTETCEIRSE LI QWK L. S AN T & En. 7
EEAARER R T =Yg -

Methods T1: Normal T2: DR T3: Glaucoma T4: AMD T5: PM Average
RFMID APTOS ORIGA RFMID HPMI

F-score QWK F-score QWK F-score QWK F-score QWK F-score QWK mF mQWK
MultiNets 68.1 423 36.7 442 | 413 222 702 458 | T13 w07 428 415 [ 483 04 T3 410 [ 831411 668 40y | 624 412 448 43
MultiHeads 674 141 363 i75 | 447 407 TTT 447 | 679 218 367 430 | 523 120 9.9 121 | 79.6 104 604 1og | 624 415 442 150
SST anaron [2] 76.8 142  53.6 485 | 420 205 749121 | 639 116 290 227 | 521 113 124 126 [ 813 110 635 410 | 63.2 109 46.7 418
SARB paa02 [26] 634 143 282174 | 417 508 708 433 | 658 207 32.0 115 | 574 433 18.9 125 | 743 126 513 142 | 605 110 403 112
BoostLU cypraozs [15] | 46.0 212 12415 | 373 410 581 409 | 528 219 137427 | 539 215 103 235 | 326 235 72212 | 445 405 298 123
HST evaoes [3] T46 159 484 ips | 429 203 T40 459 | 647 100 29.7 238 | 50.9 207 18.0 206 | 788 118 59.0 132 | 623 117 448 438
CALDNR 7ya024 [27] | 55.8 244 14.9 297 | 321 163 421 1185 | 588 =1 223 417 | 50.6 2320 3.3 157 | 41.0 437 125 162 | 47.6 13, 19.0 447
PSScreen gy 802 414 60.5 125 | 46.7 106 845 109 |68.0 1120 369 420 | 591 126  19.6 146 | 754 108 531113 | 65.9 400 50.9 1o,

Table 7: XA W AR 4 R EE PR HEFT F-score Fll QWK RYHLAEL . SRS,
R B DR FT R R 25t R o AR HEZE R T =l i .

B .2 fROni e AR WA ODIR £l fl ERR3

BATHEFRE 7 PR TR TEAR WA LRI E TR, PSScreen 1£ mF
FRELEE 8P SST 2] B 2.7 %, FE mOQWK W 4.2 %, ¥ HARMEL, PSScreen
TEIEFRASKM . AMD #&F1 DR /A5 LBl T R 8. [ERERNE,
T QWK RS T2 5008 TE, EIEFRSKN S e sE —ar ) SST [2] & 6.9
%, 1 DR 434k 1 4 4% MultiHeads &5 H 6.8 %. MM, ZETCIRES TS,
PSScreen Hi44 %6 .,

&1!]1_7&%1‘% 8 F 9 oy sl THE ODIR £idide [17] L) F-score F QWKo
B0 ERRVERE S, BB REMAE RS 8 FIRME 9 IS —FrH i
PAWRZR S|, PSScreen AT %5 —4F ) SARB [26] SLEl TR EHRT, mF 25T 2«7
%, mOQWK 57T 6.0 %, HHMA&M, FRATLIEET HR #0, PSScreen 74 (T
5 HERIUS T e fER . ﬁ%&iﬂﬁm, TEIEFRSAI . DR 43175 S R A
i, PSScreen £ QWK $8¥5_FAIXT T2 51256 /) vE SST [2] . BoostLU [15]
1 CALDNR [27] H 2 ZHETF, 98T 5.7 %. 5.2 % 1 6.7 %. Bl 2wt
HREZ DA DR 432 rh, ALY F-score £ 2t T AW B, #E—P8E T
PSScreen [z fLRE S, BLAh, 7E HR failr, Fﬁ;ﬁf{i%@ﬂu PG, HRAaN
B R i DA YRR T WWWw.Xues UXIangZI com
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Methods T1: Normal T2: DR T3: Glaucoma T4: Cataract T5: AMD T6: HR  T7: PM mF

Full supervise 708 200 3201117 668 209 918 r05 802114 58811, 878112 ] 698 102
MultiNef 503 126 287107 608 117 662 110 592 157 AT 120 T2T 414 | 564 114
MultiHeads 539 211 207 113 628 1rg 673 105 5T 1o4 ATT 111 T82 410 | 56.7 106
SST aaar22 [2] 628 430 29.1 416 58.7 110 709 139 53.0 £11 441 415 706 442 | 55.6 417
SARB asan022 [26] 608 222 817423 591219 846127 612442 510413 813 100 | 614 209
BoostLU cypraons [15] | 361 t00  29.6 105 63.5 134 188 100 617 455 490 100 668 131 | 506 210
HST pevaos [3] 60.9 24 200 119 604212 76.0 125 504 120 432 117 TLO 117 | 56.0 1o
CALDNR 7aaraons [27) | 3601 500 335 431 635 s34 55.9 1106 589 137 493 100 67.9 11g | 52.1 106
PSScreen o 66.8 c14 331419 669 223 85.9 416 63.0 o5 5L1 123 816 16 | 641 110

Table 8: ODIR dlidE A AR F-score LA . HeERTKAERIZE 520 S LAIRLAN
TRILAR . SR =GR R BRI 2

Methods TI: Normal T2 DR__T3: Glaucoma T4: Cataract_T5: AMD T6: HR_T7: PM | mQWK
Full supervise 106 204 536131 338217 835 115 605 125 192 105 75.6 123 | 526 207
MultiNets 192 244 297116 248 422 354432 229483 39125 46.6 425 | 261 5o,
MultiHeads 179 10 340405 269 441 36.5 113 188436 32417 568 36 | 207 104
SST anano [2) 289 145 323410 207415 433 165 14045 03 211 428 475 | 262 45
SARB saan0 [26] 243 536 319421 210 109 69.3 245 245472 26420 629 415 | 338416
BoostLU cypraons [15] | 0.0 400 396 275 24.7 210 00 100 245 2107 0.0 200 340 162 | 175 221
HST pevaons [3] 254129 331104 239415 527450 118419 0.6.04 453432 | 275 Lo
CALDNR 7avos [27] | 0.0 00 387 139 27.3 6 135 1203 187 474 n 0 00 361 136 | 191 105
PSScreen ours 306 501 448425 340 144 719 431 276 4ia 634 455 | 398 113

Table 9: £ ODIR BORSE |, f Al iiy QWK HAT. BEfEAEE (R AT i
bRt MEAPREZE A =R SRR P AR Y

M M| A3 Meta Unseen ODIR Methods Meta  Unseen ODIR
0.1 1.0 0.6 | 832+ 02 | 65.4+ 0.1 | 63.6+ 0.5 ResNet-101 [11] 83.6+ 0.7 62.4+15 56.7+0.6
0.05 1.0 1 0.6 | 84.2+03 | 65.9+ 01 | 64.1+ 1.0 +PSScreen 84.2+ 0.3 65.9+01 64.1+1.0
0025 | 1.0 1 0.6 | 84.1£01 | 65.7+ 04 | 63.9+ 0.5 ConvNeXt-T [22] 83.6+ 03 64.4+06 55.8+1.8
+PSScreen 84.5+02 65.6+07 62.9+0.8

0.05 | 0.5 | 0.6 | 83.2+0.1 | 65.2+0.2 | 63.4+ 0.4

ConvNeXt V2-T [33] | 84.4+ 04 65.1+06 58.1+0.9

005 1 1.0 106 84203 | 659+0.1 | 64.1x10 +PSScreen o 84.5+ 0.1 65.3+05 63.7+0.7

0.05 | 2.0 | 0.6 | 82.9+02 | 64.5+0.8 | 63.6+0.2 Swin-T [21] 836102 655:05 56.1:o03

0.05 | 1.0 | 0.4 | 84.1x05 | 64.7+ 0.6 | 63.9+ 0.4 4 PSScreen 85.31 05 66.2+03 61.8+05

0.05 | 1.0 | 0.6 | 84.2+ 0.3 | 65.9+ 01 | 64.1+ 1.0 VMamba-T [20] 84.0+ 08 64.3:04 56.8+ 0.4

0.05 | 1.0 | 0.8 | 84.2+ 0.3 | 65.4+ 0.9 | 63.2+ 0.1 +PSScreen 84.9+ 01 65.3+1.3 62.6+ 1.0
(a) F-score under different loss weight (b) Performances with different backbones.

settings.

Table 10: (a) ZEAFED At « A2 1 A3 B FE mF o (b) #A FE -+ M 4509
MultiHeads #1 PSScreen 53|/ mF .

Meta Unseen ODIR
mF mOWK mF mOWK mF mOWK
0.99 | 83.9+02 76.1+04 | 64.7+03 49.4+05 | 62.9+03 38.7+0.6
0.95 | 84.2+03 76.8x08 | 65.9x01 50.9+01 | 64.1x1.0 39.8+1.3
0.90 | 84.0+03 76.6+05 | 65.0+03 50.1+05 | 63.7+02 39.3+03
0.85 | 83.8t01 76.1+01 | 64.4x02 48.8+04 | 63.0x08 38.0+1.2

Table 11: FEA[FRY T 8 FXF mF Ml mQWK HITERE DT -
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ZHENG, LIU: PSSCREEN: PARTIALLY SUPERVISED RETINAL DISEASE SCREENING1

Disease Description

normal ”healthy , ’no findings”, "no lesion signs”,
“no glaucoma”, "no retinopathy”

glaucoma 7optic nerve abnormalities”, "abnormal size
of the optic cup”, "anomalous size in the optic
disc”

cataract 7opacity in the macular area”

age-related macular degeneration | "many small drusen”, “few medium-sized
drusen”, "large drusen”, "macular degenera-
tion”

hypertensive retinopathy "possible signs of haemorraghe with blot, dot,

or flame-shaped”, ”possible presence of mi-
croaneurysm, cotton-wool spot, or hard exu-
date”, ”arteriolar narrowing”, ”vascular wall

changes” “optic disk edema”

pathologic myopia 7anomalous disc, macular atrophy and possi-
ble tessellation”

no diabetic retinopathy "no diabetic retinopathy”, "no microa-
neurysms”

mild diabetic retinopathy “only few microaneurysms”

moderate diabetic retinopathy "many exudates near the macula”, "many
haemorrhages near the macula”, ’retinal
thickening near the macula”, “hard exu-
dates”, ”cotton wool spots”, "few severe
haemorrhages”

severe diabetic retinopathy 7venous beading”, “many severe haemor-
rhages”, ”intraretinal microvascular abnor-
mality”

proliferative diabetic retinopathy | 7preretinal or vitreous haemorrhage”, "neo-
vascularization”
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