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System

Reasoning Alignment (% ) Conclusion Agreement (% ) Positive Shift (% ) Negative Shift ( % )

OpenReviewer (Idahl and Ahmadi, 2025) 42.44+0.39
DeepReviewer (Zhu et al., 2025) 50.6 + 0.67
Human vs. Human 65.1 £1.05
Scideator (Radensky et al., 2025) 23.7 +0.00
Ours 86.5 +£0.20

46.8 £0.71 6.3 +0.27 15.3 £0.40

51.5+1.24 21.7 £ 1.89 9.1 +£0.00
62.8 +0.40 6.7 +0.79 15.0 +0.40
22.4+0.00 0.0 £0.00 20.5 £ 0.00
753 £0.85 16.3 £1.28 3.0+043
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System Surface-Level (% ) Moderate (% ) Deep (% )

OpenReviewer 67.4 31.3 1.2
DeepReviewer 43.4 56.6 0.0
Human vs. Human 223 66.2 11.5
Scideator 449 54.5 0.6
Ours 0.0 479 52.1

Table 3: #EFRRE 2 (H4rE)

System None (% ) Limited (% ) Extensive (% )
OpenReviewer 39.9 53.1 7.0
DeepReviewer 24.7 75.3 0.0
Human vs. Human 19.6 65.2 15.2
Scideator 0.0 75.9 24.1
Ours 0.0 39.1 60.9
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System Configuration

Naive Prompt 39.3 24.7

Reasoning (% ) Conclusion (% )

+ Our Prompt Design 80.0 (+40.7) 71.5 (+46.8)
+ Structured Extraction 83.3 (+3.3) 76.0 (+4.5)
+ Landscape Analysis (Full) 86.5 (+3.2) 75.3 (-0.7)
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Human (Reference)

Scideator (Baseline)

Ours (Proposed)

The proposed approach aims to
significantly reduce memory
consumption during long-sequence
inference while maintaining model
performance and requiring
minimal modifications to existing
LLM frameworks. While the
integration of CGE and RGL is
presented as a novel solution to the
KV cache memory challenge,

. Sparse attention mechanisms
have already been

, which diminishes the originality
of the proposed methods.
Furthermore, the CGE component

. The feedback mechanism using
sliding windows has also been
well-studied in H20 [3]. As such,

. The paper would benefit from a
clearer articulation of how its
methods differ from these
established approaches to better
establish its unique contribution.

The idea is novel because
IntelLLM introduces

by using strategies like center of
gravity eviction (CGE) and remote
gap localization (RGL), which are

such as RazorAttention[o] and
LeanKV[1]. These methods
prioritize retaining essential tokens
and leveraging positional features
to enhance compression efficiency,
offering

for balancing compression rate and
performance.

IntelLLM introduces new heuristics—Center
of Gravity Eviction (CGE) and Remote Gap
Localization (RGL)—for token selection and
long-range dependency preservation in KV
cache compression for LLM inference, but

. The submission

, as

, and similar methods (e.g., RazorAttention,
PyramidKYV, L » Norm) achieve comparable
goals without model changes or fine-tuning.

, and

. Reviewers should view IntelLLM as

and may wish to request more comprehensive
comparisons and a more accurate positioning
within the current research landscape.

Table 7: 5k A N LHit%#E (£%) . Scideator FEZ DA MFRAIHE Y R GEM S BB AE Al . SE BT =

o s I .

Research Paper Information Extraction Prompt

all

o

Paper title: {title}

- "problems”:

- "datasets":
- "metrics”:

You are tasked with extracting key information from a research paper
for building a knowledge representation.

Based on the paper content provided below, extract the following information:
- "methods”: [List of methods/approaches proposed in the paper],

[List of problems the paper addresses],
[List of datasets used for evaluation],
[List of evaluation metrics used],

- "results”: [List of objects with ’metric’ and ’value’ fields
representing key quantitative results],

- "novelty_claims”: [Claims about what is novel in this work]

Be precise and specific.

Paper content:

{abstract?}

{introduction}

.

Figure 8: #9516 305 B4 B N
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Human (Reference)

DeepReviewer (Baseline)

Ours (Proposed)

The paper "DuRND: Rewarding
from Novelty to Contribution for
Reinforcement Learning via Dual
Random Networks Distillation"
proposes

by introducing two distinct random
network modules—one for states
deemed "successful" and another
for states associated with "failure."
This innovation allows for the
derivation of both a "novelty" and
a "contribution" reward signal,

, I still believe

This paper proposes

, to address the
exploration-exploitation dilemma
in reinforcement learning by
combining novelty-based
exploration and value-based
exploitation in a unified framework.
The novelty and contribution
rewards in DuRND are based on
prediction errors from random
network modules, which may not
capture complex state relationships
in certain environments, and the
reliance on prediction error as a
proxy for novelty might be
insufficient where the state space
has a complex structure or the
prediction error does not align with
actual information gain. The
approach introduces

. While the framework
demonstrates effectiveness and low
computational overhead,

. Overall,

, but there remain

due to dependency on specific
proxy measures and heuristic
schedules.

DuRND is

, introducing a dual random network
architecture to compute both novelty
(exploration) and "contribution"
(exploitation) rewards, with a dynamic
scheduling mechanism that shifts emphasis
over time. While

the use of random networks for both signals is

(e.g., SORS, ROSA, Sibling Rivalry,
SERENE). The authors accurately position
DuRND as a low-overhead, scalable method,

I.—
=1
1=

. Empirical results show improved
performance on standard sparse-reward
benchmarks, though

. Overall, DuRND offers

, with its main contribution being

Table 8: Kk H N LHfH A (Z%). DeepReviewer FLZLAIFKA 4 1Y 750 %) DuRND 18 314 58 A P v

filio SREEFETE TS AR I — E -

_ °
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Human (Reference)

| OpenReviewer (Baseline)

Ours (Proposed)

This paper introduces a method for
generating image inputs to Vision
Language Models (VLMs) that
embed "meta-instructions,"
enabling the model to respond to
any user query appended to the
image with a specified "spin," such
as a particular sentiment or
language. While the concept of
providing meta-

instructions through image inputs is

this paper offers the most thorough
and comprehensive treatment of
the subject to date. The general
algorithm employed, which
involves creating a dataset of
input-output pairs and training an
image via projected gradient
descent to maximize the likelihood
over this dataset,

. As such,

. However, the paper distinguishes
itself through

, particularly the study of semantic
changes in images resulting from
various attacks, with a focus on
how meta-instruction attacks can
preserve the original image
meaning. The transferability
experiments and the breadth of
evaluation across multiple VLMs
further strengthen the contribution.
Overall,

, as well as the new insights it
provides into the vulnerabilities of
VLMs to image-based prompt
injection. The paper would benefit
from more explicitly
acknowledging the overlap with
prior methods and more clearly
articulating how its results advance
the understanding of this threat
model.

This paper introduces

as a way to attack visual language
models, which is

. While the approach is new, the
paper could provide more insight
into how the proposed attacks
compare to existing forms of
adversarial attacks on VLMs,
highlighting the unique aspects of
meta-instruction attacks.

This assessment finds that the submission
addresses indirect, cross-modal prompt
injection in Visual Language Models (VLMs)
by embedding hidden meta-instructions in
images, aiming to steer model outputs while
preserving image semantics. The work is

, but distinguishes itself through

. The main substantive contributions are

, and empirical evidence that image-based
meta-instructions can be more effective than
explicit text prompts. However, the
assessment notes that

as

. Overall,

Table 9: Xt VLMs 1§ 30 TEH6 ) AAHTA (£%) . OpenReviewer H2& DS T {1 t i) R G HE 710
ST LA . ATt R DA R e — O

I -
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Research Landscape Analysis

# Research Landscape Analysis

## Task

Analyze the collection of research papers provided below to create a
comprehensive map of the research landscape they represent. The submission
paper is the focus of our analysis, and the related papers provide context.

## Input Format

You will be provided with structured information extracted from multiple
research papers including:

- A submission paper that is the focus of our analysis

- Multiple related papers that form the research context

Each paper contains:

- methods: List of methods/approaches proposed

- problems: List of problems addressed

- datasets: List of datasets used

- metrics: List of evaluation metrics

- results: Key quantitative results

- novelty_claims: Claims about what is novel in the work

## Output Format
Provide a comprehensive analysis with the following sections:

1. METHODOLOGICAL LANDSCAPE
- Identify and describe the main methodological approaches across the papers
- Group similar or related methods into clusters
- Highlight methodological trends or patterns
- Describe relationships between different methodological approaches

2. PROBLEM SPACE MAPPING
- Identify the key problems being addressed across the papers
- Analyze how different papers approach similar problems
- Highlight patterns in problem formulation

3. EVALUATION LANDSCAPE
- Analyze the common datasets and evaluation methods
- Identify patterns in how performance is measured
- Compare evaluation approaches across papers

4. RESEARCH CLUSTERS
- Identify groups of papers that appear closely related
- Describe the key characteristics of each cluster
- Analyze relationships between clusters

5. TECHNICAL EVOLUTION
- Identify any visible progression or evolution of ideas
- Highlight building blocks and their extensions
- Note any competing or complementary approaches

## Example Output Format

METHODOLOGICAL LANDSCAPE

- Cluster 1: [Description of similar methods across papers]
- Papers X, Y, Z employ transformer-based approaches with variations in...
- These methods share characteristics such as...
- They differ primarily in...

PROBLEM SPACE MAPPING
- Problem Area 1: [Description of a common problem addressed]
- Papers A, B, C all address this problem but differ in...
- The problem is formulated differently in Paper D which focuses on...

[additional sections]

Ensure your analysis is comprehensive, identifying significant patterns
and relationships across the collection of papers.

## Papers:
{papers}

Figure 9: A5 GUH M7~
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Novelty Delta Analysis for Reviewer Support - Part 1

# Novelty Delta Analysis for Reviewer Support

## Task

Independently analyze how the submission paper’s contributions relate to existing
work in the field, critically examining both author claims and actual relationships.
This analysis should help reviewers assess novelty by providing objective comparisons
with prior work.

## Input Format

You will be provided with:

1. The structured information from the submission paper

2. A comprehensive research landscape analysis

3. Citation sentences for key related papers (how authors cite and characterize these works)

## Key Analysis Principles

- Independently verify relationships between submission and prior work

- Critically examine how authors characterize and compare with prior work

- Identify discrepancies between author characterizations and actual relationships

- Present evidence-based observations without making final judgments

- Distinguish between author-claimed differences and independently observed differences
- Provide context about field maturity and related work

## Output Format
Provide a detailed analysis with the following sections:

1. RESEARCH CONTEXT POSITIONING
- Situate the submission within the identified research landscape
- Identify the most closely related prior works
- Independently assess how the submission relates to existing methodological clusters
- Analyze its place within the problem space and evaluation approaches
- Note: Do not accept author positioning claims without verification

2. AUTHOR CITATION ANALYSIS
- Analyze how authors characterize and compare with each cited related work
- Identify patterns in how authors position their contributions relative to others
- Assess whether characterizations of prior work are accurate and balanced
- Note discrepancies between how authors describe prior work and independent assessment
- Evaluate whether claimed improvements or differences are substantiated
- Identify rhetoric that may overstate differences or understate similarities

3. CONTRIBUTION DELTA ANALYSIS
For each main contribution claimed in the submission:
- Identify the most similar prior work for this specific contribution
- Critically examine whether claimed differences actually exist
- Detail exactly how this contribution differs from prior work, based on evidence
- Compare author characterizations with independently verified relationships
- Distinguish between substantive differences and superficial variations
- Note when author claims about novelty or extension may be overstated
- Consider whether improvements might be due to implementation details rather than
conceptual advances
- Note: Present factual observations about deltas without accepting author framing

4. FIELD CONTEXT CONSIDERATIONS
- Provide information about how active/mature this research area is
- Identify recent survey papers or literature reviews in this space
- Note trends in how the field has been evolving
- Present context about typical incremental advances in this field
- Note: Offer context that helps reviewers calibrate their expectations
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Novelty Delta Analysis for Reviewer Support - Part 2

5. CRITICAL ASSESSMENT CONSIDERATIONS
- Identify aspects where claimed novelty may be overstated
- Analyze whether authors’ characterizations of their own novelty align with evidence
- Consider whether empirical improvements might result from factors other than claimed
innovations
- Assess whether terminology differences might mask conceptual similarities
- Identify instances where "extensions” might be routine adaptations
- Note: Frame these as considerations rather than definitive judgments

6. RELATED WORK CONSIDERATIONS
- Identify potentially relevant work not addressed in the submission
- Highlight areas where additional comparisons are necessary
- Note incomplete or potentially misleading characterizations of prior work
- Identify when claimed "limitations” of prior work may be exaggerated
- Compare how authors cite specific works versus how they actually relate
- Note: Present these as information that might help complete the picture

7. KEY OBSERVATION SUMMARY
- Highlight the most significant independently verified differences from prior work
- Summarize the main relationships to existing research
- Identify which claimed contributions have the strongest and weakest differentiation
- Note the most important discrepancies between author characterizations and
independent assessment
- Note: Frame as observations to inform the reviewer’s independent judgment

## Evidence Standards

For each observation, provide:

- Specific references to prior work

- Clear distinction between author claims and independently verified differences

- Explicit identification of similarities and differences based on technical details
- Assessment of whether differences appear substantive or superficial

- Analysis of accuracy in how authors characterize related work

## Example Format for Citation Analysis

"For [Paper X], the authors characterize it as ’limited to simple datasets’ and claim

their work ’extends X to complex scenarios.’ The citation sentences appear in the

following contexts:

- ’Unlike X, which only works on simple datasets, our approach handles complex
scenarios’ (Introduction)

- ’X proposed the basic framework, but did not address challenge Y’ (Related Work)

Independent analysis suggests that Paper X actually did address complex scenarios
in Section 3.2, though using different terminology. The authors’ characterization
appears to understate X’s capabilities to emphasize their contribution. The actual
primary difference appears to be [specific technical difference] rather than the
complexity of supported scenarios.”

Remember that your role is to provide objective analysis that helps reviewers make
informed judgments about novelty. Carefully examine both what authors explicitly
claim and how they implicitly position their work through their characterizations
of prior research.

{structured_representation}

## Papers from related work not cited
{not_cited_paper_titles}

##Citation Context
{citation_contexts}

## Research Landscape
{research_landscape}
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Reviewer Summary Prompt

Summarize the following assessment in 5 sentences for a reviewer reviewing at an AI conference

## Delta Assessment
{novelty_assessment}

-
|\
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Novelty Assessment Normalization Prompt

I’11 provide you with a novelty assessment extracted from an academic peer review,

along with the full review for context. Please reformat the novelty assessment into

a standardized paragraph that begins with a brief description of the paper’s contribution
before analyzing its novelty.

Example of desired format:
"This paper presents a method for neural network compression using knowledge distillation
with a focus on mobile applications. The approach has limited novelty, as it largely
builds upon existing techniques in the literature. While the authors claim their technique
is the first to combine layerwise distillation with quantization-aware training, similar
combinations have been explored in prior work by Smith et al. (2022) and Jones et al. (2023).
The main contribution appears to be a specific implementation detail in how gradient flows
are managed during the distillation process, but this incremental advance does not
significantly push the boundaries of the field. The paper would benefit from more clearly
articulating the specific differences from existing approaches to better establish its
contribution.”

Full review (for context):
{full_review}

Extracted novelty assessment to be reformatted:
{novelty_statements}

Important guidelines:

1. Begin with a clear description of what the paper presents/proposes (drawn from the full
review if needed)

2. Create a cohesive paragraph that flows from describing the contribution to analyzing its
novelty

3. Maintain all novelty claims and critiques from the original assessment

4. Preserve references to prior work and comparisons

5. Keep the reviewer’s judgment of novelty level

6. Incorporate relevant context from the full review to provide a complete picture of the
novelty assessment

7. Follow the structure of the example paragraph: description first, then novelty analysis

8. Preserve all critical analysis regarding limitations or strengths of novelty claims

Provide the reformatted novelty assessment:

-
(.
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Core Novelty Judgment Extraction Prompt

Extract 2-3 core novelty judgments from this assessment:
{reference_assessment?}

Focus on statements that directly assess:

- How novel/original the contribution is

- How work relates to prior research

- Specific novelty limitations

- Whether advance is incremental/fundamental

Exclude general recommendations or writing suggestions.

For each judgment, explain why it’s considered a core novelty assessment.
Provide rationale for your selection of these specific judgments.

,
(.
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Reviewer Novelty Evaluation Prompt

Compare reviewer assessment against reference using these core judgments:

Core Judgments: {extracted_core_judgments}
Reference: {reference_assessment}
Reviewer: {reviewer_assessment}

Evaluate three dimensions:

1. JUDGMENT SIMILARITY: Do they identify same novelty strengths/weaknesses?
- For each core judgment, find corresponding judgment in reviewer assessment
- Assess similarity and provide detailed explanation of alignment/differences
- Include confidence score for each comparison
- If the core judgement is referring to a very specific aspect of the methodology
and the reviewer assessment does not mention it, then the core judgment is
not similar to the reviewer assessment.

2. CONCLUSION ALIGNMENT: Same bottom-line about novelty sufficiency?
- Determine overall conclusions (SUFFICIENT / INSUFFICIENT / MIXED)
- Explain whether conclusions align and why

3. PRIOR_WORK_ENGAGEMENT:
- How does the reviewer engage with prior work?
- Does the reviewer mention prior work?
- Does the reviewer compare the current work to prior work?
- Does the reviewer provide evidence for their claims?
- Does the reviewer use prior work to support or critique the work?
- Evaluate number and relevance of citations to prior work
(NONE: no citations; LIMITED: 1 to 2; EXTENSIVE: 3+ relevant citations).

4. DEPTH_OF_ANALYSIS:
- Assesses how deeply specific novelty aspects are compared to prior work
(SURFACE LEVEL: vague; MODERATE: 1 to 2 aspects; DEEP: 3+ or highly detailed comparisons)

Provide explanations for all assessments to support reasoning.

r
(.
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