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TABLE 1: HiC 1 PiC [y L%

Name Data Scale Pomam Scope
modality task  dataset

Pose-in-Context 0.18M pose 5 3

Human-in-Context 3.83M | pose & mesh 10 4

B2 3K ol R 1 2 5 o BT 1 A 2R Fry T S SRR .
TP SRR, AR E TGRS U, W] PA
S — WG AL S5 . JRFRATITAL, FATZ E NS
T =4 NJALS5 B AR

PN . SN 120, 120, (21 3246 T — PR BT SC
PATZMMEFHIHITR, AHEREEAL 5 1 2 I 2R i
P, BOEfEREA B ARTEF ALEE (70, 121, 120, [?] A3 T
Mo ETRCOAR 121, 120, 121 BIECE B, St ARITH
bR XA I, MRS TR SCIR R B [, (71 AU
> REMBTPIA RV ICR PR (2] FR 285
[?] o AR PR R RS BT RG] , AR AR
ER OR[N, BT R A 2R R RS A
BURBLRIR , AR SCH AR BURGBAYAL 55, SRIGTEAL i) b3k
TP da AL S5 ARG N2 >) 54— 50 3D ARz {1
RS EANAT, (HHAE N IS B M R R . AEIX I
AR, BAPRFIUR N2 5 IR 3D NRizsliaiiry, s
THARK A RMEANZ AL RE I 5 — IS A

3 ERERA
FEX—orH, FAT/M4 T Human-in-Context i 75 1) A
&, WA E R R S

31 AXERERE
G5 — N [ 5 S 7 ) S A 2R B — A G B ) 20 2P 3R
X TAE, SRR R E TS5 il KRS S Y,
MEHRERN AL G . 176 < NG5 > MR T S Gisre
T 2 PHETA R
PERISTRE . A TR A strh sz, ®M1E%
G — MR T EFEREETEAMETMENER, T
IR AE B BLSEREE PL R N H  EPHFIAS R N FR T
PIFCRIRIBLES, A1 3D A\ Az sh @il TAR M & A 1E40
—MHEZE P AT TR A ST . A TR IR 55 B8 4
Zg%%ﬁ,KﬁﬁﬁZ@%@ﬁ%ﬁﬁﬁ%ﬂﬁEi%%
Hhik

D) BT BN AR FRoR R — RN LS, Hp—
WH e 2D 5 3D A5 [A] A B AR AR R R I 2 AN AT
&*f—%ﬁﬂﬁ%?’ﬂ Xi)o[s;) _ [wpl)osevmgose,. - pose} c RFXNXC
, Hor BT ORES f S, B8 N AKAT. X 2D &
PGB X200 X ATH C = 2 bR (w,y) Fow, XHF
3D EHRED XOPPe | XA O = 3 KR (2,y, 2) R,
R THES WA G — 2 iR — DR B P, A
WITE 2 B B —AN &Y R 2D L89S 3D, 2) &
T A& 1) N AAAZ Bl 2 7R SR B TOUSCRITH 2H 0 3D A T 51
TEAEL T S A 7 SN AU B B RS (R B (R AT e I, 6
TS B AR R ULy . AR SR B — 8 24
1k 42 Skinned Multi-Person Linear (SMPL) [?] #i%l, iy A
NRATHERESE 0 € R RSB H B € RS, KRGk
—ANZfHMRE YV € RO9BOX3 | SMPL X yiigiE i 0 i J
ASKATER, B KATH A =R A e i (0., 0,,0.)
FoRn, Hri (05,0,,0.) RHEERIE R e . SMPL
AR B gt T MR ST AR AZ A, G40 B s A R .
4—Z5 SMPL 47 fighk [ fH (01,04, ,0p) € RF*3/
, M 0p 2 f Wik SMPL X5 fgsk . T 0F 1)
e g o AEREN Y, RATEHLLL 0, ICH AT

3

Xin:e;h — [:cxlnesh,wénesh’.” ’w?esh} c RFXJXS B %T%gﬁ
AT R4S FROR 2 (8 ) B R AS K s, FRATE e R B ok XAy
B omax(N,J) , Hp N fJ 2 X 1 XTSh il
W R, ATHEATEDT max(N, J) WEE R INE
LAY, HIuGEYHEFE. I, STRETESERN Xp
, AT BRBIERSE B8 = 0, XA TXFLREH
PA% R R BRSNS IR PG . TeBiE)T M,
ik J = max(N,J) , G—EHESNKRZBERE LH
Xi.p = [x1,@a, - ,xp] € RIIXC " Hp &l pLE (1
AR bRl A RS )

AT 45 R B, A AE N IR A AR ZS F/Ek S TR B B TE) B 1D
bigEm ARMER, TAMEREZNTFI Xior €
{X%P%gSC,XfZ;B"“,Xﬁg*}} HRAE ) 3D ARIZENES .
T X0 X F X st WORIRL A A T [H— A%
Bl F B, AT AR S M E AT FEdR. Bk
M, WAVERT 10 BESS, W KA R B FIE R 5 O,
HE AFI AR 2 k.

Biknl F g “X4ui (85sk)”, MmiE F mik K
Ko BT RAS IR Z AT 55 L TAE 7 — PR Al
YHzE. T AE S T AR S5 B AE TN 5 Dy sz B A R AR
XFMRKZB . J3—T7TH, AREHMTH IR EZ AT S5
RPN, B EARE A R ks gl
BB R 58 BUAT 55 B TR 32 ) P e R 1R 43

R T E IR AT 5, FRAT AR B ] — A Y
Mime ¢ RE g Mot € RY T i WAL o Mt o 1 ok
Ko HEM R A Z B LA B, AR AE A
5z BOAEFEIMIER . 8 T AR S o,
FAAMT A B AR &35 M A T . TCIAT 5500 € Lanfe, B
() AR R A R TR, O BT DAE FL B — NS — 1)
MEZE v, PR AR . IR0 — 1 5 S A 28 g B MR Y
BAEER RSB, SR, X EEEdn4E It JEER R A
PEULZSRIAS S . I, FRATEG A B bR SE B,
AN HLX RO A DAR AR I RN A 1 i . 1% 3DPW
[?] Al FreeMan [?] sXAEREHRSEAS B B AL T 2R A4 45
P, FMCATFERIMEEL., XT3 2D F 3D ZASHAR
H MBI EGRE4, 40 Human3.6M (H3.6M) [?] , Hbjfi B
S SMPL %54 /238 i3k MoSh [2] 3 F BI#Gi iy 3D iz alififi e
Faic B A B, A TAE e —4 (21, 12) - HEE,
XECHARAEF ) 2D A1 3D B, BN N TRz 3,
WHEWAILZHEN (v, y) APE. 2D LXMW T 2D K%
2500], B EATFRR B R B8 R 15 3 A AR I AR T
1M 3D ZASM 5 CAE 3D A AR/ . %P4t T SMPL
WAS B (HOR AL 2D/3D BASER A4 . Hilin AMASS
(21, FAVEEH e [21 TR0 B 4 567 [l 4%
F SMPL Ti 5 [l )£ 3D #2847, 55 WA —2 21, 71,
[21, 121 . #R)5, FRATEIERZ#5H 3D LSRG F| xy P
DA ST 2D B35S, AR HE A 2] .

32 EFTXEI

TAME IR [< input >, < target >|P FFR3E 2 Pty
FARATRRE SR D 1) LR 30, @, RS R A — A
BB M(-) $m (P ) fidsif) (Q ) 1N, FEA R
GeL:OE T

input t t D
e
(D
H AR A AR —8HE D RFE. 7 ARERRH R
FE ] AR A SR AL T B LR SCRTIE R B9 AT 55 O XA A
PHATHHRME 45 Fras P2 1R 30 BRI T A ¢ i
BT ICE s 7 SRS A I 25 AL o 7 SR A LT A A 451

www.xueshuxiangzi.com
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Some conventional task names, such as motion prediction, may lack specificity in the modality; in such cases, the modality is indicated in parentheses.
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O B — AN — R HEZE d . TUP S0 I 2 FF 4 TGPs Jte2fy
WA SRR . AT AW Y RS2 8 TUP, 45135k
U MU . Ry i o el B thisss, Rsk
JH R HAR B AE 25 1) b DS BT VIS
. Ry R AR AE 23 A S ) TUP,  Horp TUP
SRR T 2 S $ R T

G- AEIRA QF , RFER A D H5H j AR,
REHLAAR R D et —4> TGP [ XM, XE|P | R4 i 4
REA . TERRARIET B AN RIS A AR 0, FoA 16
SEEL IR B BT (T B 5 AR AE A 0], PSR X p
FIERAE X

Xp=E(X]", X)X = [£(Q7), U], 2)

, Hodr () FoRgitthar, [ -] FoRWm R £, TUP
U € {U,U} %t D ZARTHIG, ] AT AT—F7 3558
ERIWEET, BAMEAKX (1) PR 228
ARSI M), HR A P Rt A4 SR,
ANy SCATEE AR R 1 S TRl A Ty .l At (2)
PAFRIFERFHE X p FIERAE X 7 BRI AR R
E’\J%jg%ﬁ%ﬁ/\o I T A 2 A R A A5 , FRATT AR /R R
JZ S

XE = aTi($1(XD)) + 88 (T (X5)), @

, Hoa il BRTAISES TSR, SR T 43 BIFR A WA
Al . FEdid LR XpH M XS R, AT
GEEAC) BEHN X = AXET X5, A A()
BB FUE AR SRR RIG, BELEWAS AN
A, KA RAHE XIS LR IR E Uy
KHAK (3) K.

4.2 RIRES

5 PiC HOR S AT i) T o A1 A FE R R i /R SR A EE
FATE HIC il T —Fidi K-f/ MBI FE 777 R BE (SPS)
Tiik, ITEG IS S AN i S e A . ]

3R, ARG T —H BRI, 5SS Tk
ERI A 1 bR SO B . AR 5 — b T2 3
[ECTC NS, PABNASIE REAZIAL bR 30, MR 5] A AF
W, ZA S SRR AT IR, K22 3 SRR 26 1 1 ik I
X B AR, SR S B AT A 1 T b RSB
TR S 3 35 1 5 4 3 1 5 R i A A T ke
P R SCHuReE S

A E S MO MEZS ). S 3 Whiss, & X ¢
RFXIXC g Al F . J XTR C il 4R 32 3
A, Horb T2 AT DA A I A b A P Bl £
ek . SRR, AEIRE . AT e SUT RS
g X PR XD ki, o XP ORI Dy s
AREAR, T XD 2 Do tPINES k AREA. MBI s, )
58 SCHWANE B9 2 18] P-4 B s

J

| F
sM(X, X,7?) = —FJZZ\I

f=1j=1

c 2

> xP - X,?ZL

c=1

Fie)
@)
Holt (f.g,¢) FmWif, 545 5, FBEIHE ¢, HEDI 7S
(R8N 2R BRI R AHRML) , TR (27
BEERMARUEE (EARML) . SCAHR DU BE L R M T AN IE B
B2 174 4 G B B B

PEFK, FRAOTEABHE TG 1 — A HE 3l
M2 I], A IR SO — AR AE 23 ], Hog A e
JFE ARG 55— A h3 U B P P AR X MBI DA % 5 5 4
A B R 0 56 BB . B SR (T (k) it
¥ SMPL [?] BEHUf T hEEE SR W BIRIGNY, 4R 2 —
AN SRIG T T —REMPRE. AR SRR (T (6) 72
BAER AN S LS. B 3 (a) JBR T 11 AaE
JF B A A MR BIAR DL 28 IR R B, e 7 3
(), 45 B RSl — 2k 28 ) e g — A . AR B AR
V25 1147 DT BN 1R 90 1 A0 A, A4S R 4idge h i
Sl B R AASE S

k-5 /IR 7 0B (SPS). ik, FefiTi T
BRI DR R SRR, DA P X 328 A U4 25 )
g AR BB IR MR B 5 T 3 (b) SRR T — AN 11 B 3h
ISR A RBE 4 ARSI R S E R B . X T AT
D HET—REAS § 4 AN G ERE RS X = {XP)
FAT AR th 5 MR % RRE DA At — LN
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Algorithm 1 5z K-/ MR R A (SPS)
1: Input: A set of motion sequences X , number of anchors K ,
similarity function SIM(+, -) as defined in Eq. (4)

: Output: A set of anchors A = {A;}5_|

: Initialize:
Define A; as a sequence of duplicated canonical bodies.
A+ {A} /I Set of anchors

U+—X\A
for k=2to K do
/I Step 1: Group Unsampled Sequences by Max Similarity
forall X; €U do
Compute max similarity between X; and anchors in A :

/I Set of unsampled sequences

A A A ol

—_

MaxSM(X;, A) = max siM(X;, A)
S

11:  end for
12:  // Step 2: Sample New Anchor by Min Similarity
13:  Find X* € U with minimum MAXSIM(X;, A) :

* .
X" = arg mnin MaxSmmM(X;, A)
14:  Define Ay as X™* :
Ak «— X*
15: /I Step 3: Update Sets
16: A+ AU{Ay}
17 U+~ UN\{Ak}
18:  if U = () then
19: break
20:  end if
21: end for
22: return A

// Add A to A
// Remove Ay, from U

K B3P s s A = (A K .

TEFR-f/ IMAUTE R 2R PR R T, AT BRI A&

AU =X\ A, 53 53m ERHEFR RN IZ 3P 5%
Fo AT HIRMCRFES R, FAVE bR ER S ARCE (T B
&) VERE—E R An, REEM S5 . AT
BRI RS A= {A}, FERHA U TR,
IR-T/ M ESRE A RAEA I L9 R A PR a4

1) % B R (AP R SRR IB Bl PP 81 0 Al (T AE 24
X (4) SRR R, FATTESA X, € U A
A € A ZEMMUE. XTEN X, e, FHAHE A Pk
B X BAT S AR M R -

MaxSM(X;, A) = max siM(X;, A). (5)

K — 25 AT DASERE R BT A S SR U A 8 a5 0 AR SR A T 51
AT, Heabny “dAfRE . EmMER—HNE T
FEEAAIAR K

2) Ak e /NAH LR R FE B . BT Az
Fi 50 R Houf 1 MAXSIM( X, A) B, FoAr] #0878 ik
MaxSimM(X;, A) HEUE/MER X* e U -

X* = arg )I(mer}/{ MaxSIM(X;, A). (6)
RERBERF R e SO X, FFM VIS AU -
A — X*;
A— AU{AL}; 7
U+—U\{Ag}.

X — T DA R T4z 3l e 51 4 b R B i fe ok 2 REA A X
A, HoHR 2 Nz Bl 7 9 A5 e T Y S e A N iz s

A
£ A
() \‘:\\ )}
Q Query

)

®e
L
. [ ]
random select % all share one % ®/
TGP, e
Q Query (@} ° TUP

Fig. 4: 7E HiC (L) M PIC (1) , $ORBRIRER. 15
HIiC o, BT p R, ARE R A 2R AR E il
A ISR A A . AE PIC 1, —A> TGP Mt
AL P RELE S, BB TGP L 5is> TUP,

AR, NG, FHE ALK BSOIRLEAL B
T 2 9 AR RO H . OB T SRR 3
DUERE, B T E SRR R RXIR, I HAg A5
i 5 DA H S A RO AR, AT TSR R
SR,

o VRO TARILZ 0 R MR R L
e

Condition 1: |A| = K;;

8
Condition 2: U = 0), (®)

, b KRR SRR, SANES IR i AT
BRI T A RAESRN KWl DL K £ i
BORRIINZERAE ST, HE W T AR TERORAS IR
A=X, BU =0, HPirailGE0RmgE s, &5
Ot AR EIIZARE . B, TESCERd, BB K &
BRI N T NG, R R R e, Ik 5 7
e BV BLET RO MR R R

TRt SRR . 6 T3 1 W R/ IR (B e % SRR 7
BIRES SRS {ARHS, | BAOTHEAD Ay 21— S
U « B S 2 B R 23 i) e SR Uy, = WEWE
Hrp W e REXIXL 30 W € RUUDH Gl g, H
R R 2SR . TR SR X S
BRI 2 18] T SRAE R Y, %S IR T 2 AR . 145
FIBCRE, PIE 17T ASRERATUS R SC 1045 18, T JE AT
U AR T . B SRR Eh S R SR S A, R
R HAEYE (36 ), RASREE S ES A, SR
e T B ATUR R RO B — Ak i, (R A
5 58 3 A B AR 21 . Gl o A ) R VIT S 1 4
R GEITHES ), DA ERE R
PORKR. WK 4 FR, YIRS, FRA1E
Ao LT BLRE PR ¥ M T SLIR i AR R B M RS -
oG, BATEAE AT Q™ B35 STEAH 125 ), B
FIXHZEAR IS . Bk, AR A (4) i1 Q" 5%
AR Ay Z )RR, 2RI 200 4 AR (0B B s 11
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Tl XL BRARER AT :
A* = arg max SIM(Q™, Ay);

Ared ©)
Pm — A* ,

Hrp PU SoR$onA . Tk B IR, FATER
BTH PYHXMESH P . R)5, OGRS
A RS U™ - S A P™ AR His P A%
AR, U KRR B2 QT . P
- PRI U VEhyt—2D A B A o T th PR SR A B
T+ Human-in-Context Eﬁ&%ﬁ‘@ﬁiﬁk FIARTF B R S A RGE
I, [l B PR R (v Ak e

B TN 2 A, AR TE’J%’*/\?&%?E?FEH%””
B 3 SO ] A PREE S AN A it ARE R 1 B S AR
Sk . A Human-in-Context 77, FA14% ) X-Fusion Net
ST 25 B A

95 7 N 25 T R I SRS . AT 55 R S h 2 > 1
OB, BEOR—Fh b B 280 T A RIORT B R AR (Y A
. A, FAHRE T X-Fusion Net, Hgh AR

(Qin Pin Pgt U*) Qout (10)

, Hop QP Q, Pt Pt e REXIXC Jh iR L it iy A/
H AR R A R U* € RIXIXH Jiagaii i H FREa
R YEE . A M) W RAE T SRR A AR I
W& AT EBIAE, (Hi TAERRINGHEZSBES. 55
PEAE P T B SCET ORI ME, PERERFA RN E . HE
Human-in-Context H7, FeA1:i# 442 1 X-Fusion Net 3L f4k

M(-), WE 2 Frs. X-Fusion Net HA WA 2254, RIS
%H?/:E/T »32, SR RO BRI R A S HER
T X-Fusion H R HEAE, HIAMANE 5 fs.

421 ETXHDE
>)(-Fusion Net R M 2 850%1 1, Bl (Q ) At (P
2L, ,
Hq = £o(1Q" | P*) + U™
Hp = Ep([P" || P¥)),

Hoin Ho #l Hp € RFH JRify g iy 1R SCRHE
[ (-] FORUTEE R ES . BEOL, Eq T Ep RAEIFIET i
#%, J MLPs FIOZ B AR S (2] o EfHER R By B R S0
Ll A AR R S i . B~ LA — & 51 X-Fusion
B A,

4.2.2 X-Fusion R

R CFERGE S TR AEAR 2RISR 2 Mk e 2. A
RS, BRSO R T DATESS @ﬁﬁ@a@ﬁ@&,M
2 SRR PR, R A S]] 28 [ RS 25 1)
Hi2g>], A, B X-Fusion SEEWA: 1) 22
W EFSCRE, 2) BRI BRI SCER . XA~ 4LE 3L
?gjﬁﬁEE&Wﬁ%@&ﬁﬁﬁﬁﬁ@éL?imﬁ%
RAIEEST .

an

g%&J:TijmmLL#QE%AZIﬁ%ME’J X L R R
iCHE {AGGREGATE (- )}1_1 , gL = 1,2,--- , L &Y,
E%‘ﬁJ:TiCE%‘ﬁmLJi*AE?ﬁ@%I%IAE’J ﬁu;&fdﬂ?

LEZ YRR BN Hrek g, X-Fusion Hgik

Z = XFusioN(H)
= UPDATE ({ AGGREGATE(

UPDATE(-) »
12)
H)}lel) )

 Jp H € REIXH R A, Z € REIT (g
X-Fusion Hefrki .

7

BRR, BATTHEX LR , R ENE

X-Fusion HtH1 1445 HEH .

ZHETF RS éﬁfﬁﬁﬂ*?ﬂ’]i?iﬁﬁff € REXIxH
R IEI G i B 4 B8 { AGGREGATE! (1)}, 1953t H bl
b L E TR R A S ¢ F RS R SCRHE, BT B
g

Ky Bk se B

Y! = AGGREGATE!(H). (13)
TG, FATHE A AR L A P BRSO R KT
WP R, H e RV ] DU 23 18] ol i ] 0L o e

B FEA R, H B Hs € R7T 17378
FHOE, TAERTRILA H, H SRR 555 S I )R
Hy e RFF | 23 [VEFHE A TR A 0 305 =CAE )L, 3%
ATTRF AR RRAE A B, A5 I8 R AR S/T SR8 73 A e] B2 1) 22 4%
FNCRE

ROk TEfE— LR b AT AR A SE BT e 2 A
B R ek HHAORYE, FATR HER) (SelfAttn),
FEI% (GraphConv) FLARZSZSIFAL (SSM) SRSLHMN TR
R

Implementation

Level 1: Y = SelfAttn(H)

Level 2: Y2 = GraphConv(H)
Level 3: Y3 = SSM(H)

BYERTT . BB PURLRAS 2 R AL U 0 25355 B 0 454
TETKH%{E S [ RIS [ 3 L P S R A R O 28, BT T Bk
AMAETTER AT ALER 22 PER g, 228
FRENS A — MR- B A2 2 B RO R, X
EE T PRI IE TiX— M. B2 BTN CE . £
1L 2 SRR R SCR A SRR AN ]2 AR A 10— 41
fif Yt e REXH 275 JATR i 2 v bR SO ok A4
X-Fusion L Z -

Z = Uppate({Y'}£)).

o BEJZW TR SCE T B AERYE S ZSIPEAL H A B STk Ik HER
IR Bh AT B R A RAE . HAAROR UL, E%‘JE"U\J:TXCE?E%EE;
—t =12, F dy {y e, FEWRH, Hib oyl e R
YU AT, X EWEEANE R TR E WA .

B, ANFZHAEREMWT t W5 R LR SCRHE
{yl e, gl —p sy {al}, Kofie, HomAgerst
MEFARMZS, HREEHEEmENEN. EHG8T
KBTI R B R EFNERNER. AR L SUESHS T,
mEES {y b (ElE Y iR — N E KA LH 4
M. BN UEHLTRE R

Dependency

embed-space; global
14
graph-space; local

state-space; local

15)

aj Y b

af y; b?
. — Wcompress .- —.— -- + . , (16)
f .

ay ylL b

, Hrp Weompress ¢ REXLH E'*/I\EIUII%EI"J}E??E%EK@, HAE
AW ¢ 2 a3, i bt 02, b T G
%’%A):ﬁﬁ?éﬁﬁ—fﬂll%ﬂﬁﬁlﬁ ’@EX[ﬂﬂlﬁtZl'ﬂ/\% K
BE R [af, 6}, af]T € RE W T RAGANZ R4 E
Eg&;g%ﬂﬁﬁ’ﬂﬁﬁo ?f?}é, FATN ] softmax RECRALIE (L 5E
] 4328 -

[al, a2, al] = Softmax([a},a2,--- ,aF]). (17)
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Multi-Level Context Aggregation

i o

J spatial view

prompt input

temporal view
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—— 0 Ay o
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@ view toggle i :
| | Lo |
Self—lAttn ?:roi{r?\t] SSlM [ \compress/ \compress/ \compresﬂ
ot context context context
Cross-Level avg avg avg
Context Update K@ E D/G
{
X-Fusion Block

Fig. 5: X-Fusion JLAY#EIE . X-Fusion Hepv I 22 )20 BN SCRAMIES Z U E R SCERT,  PAISRAIR A AN R 200N 2 02 T Y
TR SCHORE, (RIS T A AL A . AEZ SRR BT SCR G, BTN AR BRI S
TRAZS 8] g o) 4 RO . 7 18125 8] T2 o] SR OB DA SAEARZS 25 18] g > oot . RS 2R 1R SCHB v, FAE40 1

TOCCATHERTUAY, HFEBIARE, EE RO TR IR R

SRR WUR S B A A of Ay (i by o BRI SUE R
FHIEHHR B Z € RDOH (DUgfn). Z mig

i 2
L
Il
2t = Z Q1 Yy,
=1

. Ho 2 € R 27 X-Fusion S & Mith Z Hi4 t 47,
EF AR J K, Z e RPH (fEasia
) WA ER 2 € RT I 25 = Y, obyl e, H:
b (Yl R TR AR SR H A
B Hs (9 E A0, of RELNAT {yl} mERE
B ARSI RISy, FLIE G W eompress s ]
PP (R RL I 2 [ . 5 187 RSP AN S R e, )
B bR SRR PR T E M, SECEEMERE, 4
% 8 R,

TR koA, A5 (Q) MR (P) AR AEE—A
X-Fusion BRI 110 F RSO, WTOAEH

Zé?k) = XFUSIONg)(Hék)); Zl(f) = XFUSIONEFI,C) (Hl(jk)),
(19)
Cdok B HE) € RFVT 4 5l B s iR R 4 S A
X-Fusion BUR A, 1M Z(,, 25 € REXTXH g,
B A IR R 4 204 EZ IR, TS T H R
g E R SCRRAR, EAE 4 SRR R R LT
B, BRI 4 3 A I AR R A . I,
FANES— B — L SGE AR CONTEXTINJECT(+)
BRSO AR, ARG S S R A A AR [
RBE IR RO o 7 JH b T SCHEAREHIUR , 24 T2 2 A
ORIy A I
HS“H) = CONTEXTINJECT(Zl(Dk)7 Zg“)); Hg”l) = Zl(f),
(20)
o HSY BT 355F R (A ) . 75 HIC
R SO AR M R A A, HOTY =
zy) + zY) pir.
S TAETRAL . BB G S B G M IR e, PR
B W eomPess BRI (b1, 02, -+, bF] ARHRDAF AP TR
Tl SKSE R PERRAEAE AT ALZ 7T, CE (Tt ¢ FIAESTZR] L 1

(18)

W AR of = £, XRUIFEM L2 BTX AR
AL TR T B -

TEM R R, 12K R RO RO S S 1 L BRI
H Ho W BT B AR T AL . AT S HARIEIR SR,
i 121 . EZHMEMLAA TR S ER T EL

5 =xig
SCBRANTT . FRATIHE 1 BB ) de R -t/ R BLEE S 7 SRARE DA
AT | Al = 800 i X Hrig i pgsi, RAIEH K =8

R BEEELEE H = 128 . @3l F0 & F = 16 Wil
J = 24 K7 TR B IAES, ATV 40 % HHERS L
%, FAILE PyTorch 1529 Human-in-Context, {i [l AdamW
by, 2= R& M, M 0.0002 FF4G, B4 epoch J5 ik
21 %, BATE—EBIE 4 3t NVIDIA A6000 GPU [ Linux
Hl#s )14 Human-in-Context 120 4~ epoch,

SEEYBEE . AT BE HIC AE RS — S LA A R, K
TR S — RV 47 L0, 46 MotionBERT [?] .
PoseRetNet [?] . TCPFormer [?] . HoT [?] PAJ PiC [?]. fF
AR R S, DA G — Bt = g Az 3 R Y
W, RIFEA AR AT SR AL R LR, X Er A AR
55 MERAR BEA T — IR 2R

BB ARG FIFE R A T HE T HERE VAL, FRATE A OO
i 3D A iashEE4E , 1145 AMASS [?] . Human3.6M [?]
. FreeMan [?] f1 3DPW [?] . kT B ubEAEdk ARSIz Ak
fiE )y, FA1MHiH AMASS. Human3.6M F FreeMan {E gl A
BAmLE , M 3DPW VEM Ik SRS . s B AOR UL, AT
AMASS. Human3.6M 1 FreeMan 4% [ 43 i 1| 2545 #1142 |
F RIS B FIbRE . FRAOTEEH 3DPW fEillitdE. Prd
FEARER 2 AE AMASS., Human3.6M Fl FreeMan Li)l|%%, k)5
TEFTA DA BESE F . SRR SR 2 H
R 10 MESS BTN 7R 10 MESH, Bf
BEASH AT S5 MR A AN AT E R 259 (MPIPE) #E47
VAL, ELA AR A R AR 55 A TR 259 (H (MPVE)
BEATVEAL XIS PAEAF SARHE L o

51 EEZR

BB . %3 R T HINIZ L RE Jy il = A EdE A gt
I AL AMASS [?] . Human3.6M [?] fil FreeMan [?]
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Future Mesh Recvoery
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3D future mesh sequence 3D mesh sequence completed

Fig. 6: AWM (Z2) Frbilzsh (WA) (F) BEPESR. B8Rt HOr e/ AR i, I BOR T 2097 RASE i ol
. HZEMEIRUTS TR TR

2D history pose sequence
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Query Input m g g - = [
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| —
‘ ‘I‘ -‘-“‘I_ ' Tl T A = :: ’ (future pose estimation)
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Inference #1 L1l | —_—
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Input Target oy |
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Aggregate?
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Query Input

~

Query Output

WWh
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(mesh recovery)
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L J ALe\r/:I:teL l I Weighted Sum
ggreg N ! Wcomp ess
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Fig. 7: PIAERLE AL LAY RRE AL B T . AR HERR R, R IR B SR A A IO X, AT T 2 9U2R A1
GO GRS SR P A R (. X RET, B TR Rl R i), X-Fusion Net H Y 2 9058 A RIS 9 SHTH AT
PRER A RS, il Z AR G ST RO AR, R IR 56 35 G B EL W g i) bR SCRHIE, FFRAEAR R B TR
SR S A T A o X BE T e 2 U R R SCRFAE 8 1 S AU AN [F] 51 1) TR R B e T AR B4k

® max-min similarity prompt sampling @ farthest point sampling ~ @ random sampling

—

relatlve motion SImIIarlty space 50 anchors 100 anchors © 200anchors ~ 512anchors

Fig. 8: FA T4 ) iy fe K-t/ AR s RAE el i RAFEANBE LR AL 2 1R] KR8 U o 1 PR ) AR AR Gz s AL 25 )
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TABLE 3: f£ =AM N 5dEEE: AMASS [?] .

BB LA S S5 3D A Moz s B EX 5, a2k,

R AR T RN AP RE -

10

Human3.6M [?] Al FreeMan [?] EfET EEHMEET ML SR T FmE

TEFTA A 95 RO AR b 1 58 8 — R AR kA B — iR T 4

(a) AMASS [?]
Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion
Models Venue Estimation ~ Estimation =~ Completion  Prediction In-Between Recovery Recovery Completion  Prediction  In-Between
Pose (MPJPE | ) Mesh (MPVE | )
MotionBERT T [?2]  ICCV’23 54.27 68.76 56.40 36.98 34.46 72.07 83.94 65.58 72.18 53.30
PoseRetNet T [?] ECCV’24 40.58 46.74 64.42 39.47 33.58 478.51 481.95 79.86 67.14 59.85
TCPFormer | [2] AAAI'25 71.88 81.13 70.92 56.95 55.67 72.20 84.89 75.40 58.51 53.86
HoT T (2] CVPR’24 39.06 59.31 67.78 38.33 30.36 65.46 86.01 76.24 61.47 48.03
pict [2] CVPR’24 32.65 42.68 50.94 32.19 25.39 43.34 56.35 63.59 48.57 38.64
HiC Ours’25 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
(b) Human3.6M [?]
Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion
Models Venue Estimation ~ Estimation =~ Completion  Prediction In-Between Recovery Recovery Completion  Prediction  In-Between
Pose (MPJPE | ) Mesh (MPVE | )
MotionBERT T [?]  ICCV’'23 98.36 162.48 83.72 103.95 47.03 108.82 201.50 87.25 134.59 59.14
PoseRetNet T [2] ECCV’24 96.33 135.22 93.93 103.41 54.56 328.24 343.60 104.39 136.80 67.01
TCPFormer T [?] AAAT'25 95.53 150.46 87.87 105.41 76.56 118.89 192.58 101.04 141.26 90.72
HoT T [?] CVPR’24 74.69 119.40 78.48 92.05 41.42 112.45 188.93 92.42 130.80 58.16
PiCc T [2] CVPR’24 74.35 116.86 76.10 91.14 37.83 95.38 155.42 82.02 127.54 50.71
HiC Ours’25 62.94 115.79 58.37 87.81 24.93 78.67 151.53 69.52 125.67 42.89
(© AN [
Joint Motion Motion Joint Motion Motion
Models Venue Completion Prediction In-Between Completion Prediction In-Between
Pose (MPJPE | ) Mesh (MPVE | )
MotionBERT T [?] ICCV’23 113.29 99.22 61.33 112.97 130.24 68.74
PoseRetNet T [?] ECCV’24 141.43 120.19 88.40 137.64 142.09 89.12
TCPFormer T [?] AAATI'25 134.54 128.35 107.46 186.41 201.44 168.54
HoT T [2] CVPR24 124.20 103.31 70.23 127.39 133.17 72.19
pict [2] CVPR’24 91.57 90.25 48.69 85.30 117.73 41.78
HiC Ours’25 82.01 82.21 37.35 83.33 112.89 38.86

TABLE 4: 7£ 3DPW [?] #fla g g . 0 T WARANZALRE Ty, FrARAAE 3 Ak 4 B 7125 (Human3.6M .,
AMASS I FreeMan), SAJ57E 3DPW #idle DA, UEDBARFIR MERE BT .

Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion

Models Venue Estimation Estimation Completion  Prediction  In-Between  Recovery Recovery Completion  Prediction  In-Between
Pose (MPJPE | ) Mesh (MPVE | )

MotionBERT T [?]  ICCV’23 118.83 140.74 77.83 71.64 44.48 145.42 171.86 94.95 97.28 56.10
PoseRetNet T [2] ECCV’24 120.88 132.30 81.91 71.20 48.94 314.26 31191 97.30 95.12 68.59
TCPFormer T [2] AAAT’25 126.25 139.09 90.38 84.52 71.20 136.54 155.79 100.98 97.72 71.68
HoT T [2] CVPR’24 107.95 126.62 73.31 66.57 40.73 134.14 159.96 96.14 97.84 62.51
Pict [2] CVPR’24 107.22 120.73 71.60 62.96 36.15 133.05 151.83 92.53 93.49 53.69
HiC Ours’25 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28

o TEE =AEESE FAHT—R)14 )5, Human-in-Context
A BAREM IS, Toit i T RS0 2 WA 7
2, IR e HAt .

D) BT ST S EIELSMTT . RS, K78
#ha (EFE) . mohfil GL35) Aizshde (8585) . X
R4 WAL TR AR A2 AT B PR 2 (BN ZK) . T
T E S ESER TR, IR EAER TR %
WETSE0 . 7F Human3.6M &4 I, HIiC e TG 155 R
RE T RICHEAI AT . TEESAHTTA T, BA 62.94 ZKAY15
43 #8#% T MotionBERT, PoseRetNet, TCPFormer il PiC, 2
lHb, FEARRZSATHF, HIC 158 115.79 Z K545, 16
KT ANE L BB AN BT LS s B P MRS, HIC
8 F HAARAL, FEizdhdE (83) 5+, HIC W
MPJPE 34 24.93 2k, LT MotionBERT [ 47.03 22X, |
¥, 1E AMASS $iREN A (L% L, HIC BFMEL. A£E
AT, HIiC i MPIPE (24.96 2K ) R FHAb 7, A
MotionBERT (54.27 Z>k) F1 PoseRetNet (40.58 ZK), I4h,

BEAEARRLEEMETT (34.06 ZK) . KT GAb4 (41.93 2XK)
BB (24.98 225K ) JrmRBH (. fEiBshPE (L)
55, HIC £BRME, B8 T 17.23 2K, X FreeMan £
Wtk HiC (A G AL 55 P i T Hemb I 3%

2) FT WA AT 55 G M AE AL . AR MAE IR . KT
wha (M) . Eahmiil (M), PARATHIEZRE8
(FAE) o SXECAT 55 O ITAL TR AR 2R TSP iR 22, PAp 2
K, HF M EAEXFFR TG, A TS5 E ST 2 [A]
FFIEEES . #F Human3.6M $(ia4E |, HiC e Mg IRE ik
3| 78.67 =K IRZE, XU E AT A . FEA K AR IR E
Hr, HIC A% 151.53 2RI, T Il HABBEL. ¢
WANEFLBEI T (W) i, HIC S i H Ay v A%
iRz . 7F AMASS $E4E I, HiC 7 Mgk ik 38.03
ORIWIRZE , FEAR R MASIKIZ i85 48.98 2 KIMiRZE, T
A HAARA . HIC FEzsh i (M4s) AR (R )
LRI RLF. 7F FreeMan $(54E I, HiC 7EFrA & AR5
LIS T L R .
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TABLE 5: 3¢ F (8 Ji} de R -die/NVRH M S0 SRAE e 6 1 Bl L ECRE RV R 9T . BRAAE ISR 1 (1] AMASS. Human3.6M 71

FreeMan #47I125, SAJE#E AMASS 1 3DPW _Et4 7l

Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion
Datasets Anchors Estimation Estimation Completion Prediction In-Between Recovery Recovery Completion Prediction In-Between
Pose (MPJPE | ) Mesh (MPVE | )
256 27.08 34.71 43.98 29.34 20.84 36.00 45.63 53.43 43.80 33.25
512 27.20 34.71 42.71 27.83 19.63 37.42 46.81 54.67 43.92 33.22
AMASS 800 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
1024 26.01 3543 44.40 26.38 18.87 39.95 51.00 5741 45.10 35.43
256 104.99 119.82 62.54 63.85 27.40 126.37 149.06 87.57 108.29 37.35
ADPW 512 99.87 113.21 62.35 58.41 28.42 121.54 141.15 83.60 92.39 35.76
800 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28
1024 97.11 113.85 57.59 58.12 24.18 121.91 143.46 83.68 86.29 3591

TABLE 6: ¢ T HCH 5 i) RS o X LU R 55 1 T #5652 AMASS . Human3.6M 711 FreeMan (8125, #8575 AMASS

#1 3DPW 34745

Pose Future Pose Joint Motion Motion Mesh  Future Mesh Joint Motion Motion
Datasets # Estimation Estimation Completion Prediction In-Between Recovery Recovery  Completion Prediction In-Between
Pose (MPJPE | ) Mesh (MPVE | )
AMASS w/o soft anchors 29.06 36.34 44.75 29.96 21.19 39.01 49.75 56.37 45.70 34.78
w soft anchors 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
3DPW w/o soft anchors ~ 101.45 115.25 64.06 60.33 31.63 123.21 143.48 85.16 94.02 37.34
w/ soft anchors 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28

TABLE 7: KT RFEETIAMITHRDIE. B2U7E AMASS ., Human3.6M il FreeMan i EdEAT R 3CI45, 2A)1E AMASS FiI

3DPW %ididle EHEATI.

Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion
Datasets # Estimation  Estimation =~ Completion Prediction In-Between Recovery Recovery Completion Prediction In-Between
Pose (MPJPE | ) Mesh (MPVE | )
random 32.20 43.51 52.67 36.62 33.30 44.76 54.53 61.92 47.64 36.54
AMASS FPS 30.86 40.33 49.83 33.97 24.67 42.71 52.32 60.41 46.78 35.79
cluster 29.15 40.06 45.79 28.53 21.41 43.03 55.85 60.50 49.60 39.35
SPS 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
random 105.09 118.80 70.99 67.20 38.64 132.57 158.67 91.51 92.39 48.24
3DPW FPS 104.35 118.45 68.47 65.49 37.58 127.45 156.90 88.41 92.25 44.24
cluster 99.63 115.61 63.01 59.66 26.09 123.72 148.19 87.09 88.12 41.66
SPS 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28

WAMIESE . EWE 4 BN, WANZALEE JE 3DPW [?] %k
Pt AT TIPAL . FEX =AM B dE UE A T — il 2 AR
Jii, Human-in-Context 1] PAZE 3(HIIZ AL B3 SN B , ik 17y
A HA T A A T R SRE T AR AR5 PR . AE
3DPW %tdide I, HiC 75T LS5 PO T T HAoth oy
Vho FEERSATF, HIC k%] 96.36 mm., fEAR LS,
HiC 3A%] 111.93 mm, (KT HAMR , 7F 235004 (B5)
HiC 5% 56.71 mm, fEizahiil (&3) &, HiC k%] 55.97
mm, HHAWBRE . fEahidil (B) W, HIC [AkEE
PR HAAR . FEMAEIRE 1, HIC i5%] 119.45 mm. FEA
e PRSI AR a (A%) Hr, HIC [T HoAh ¥
B (RA%) Mz (M) o, HiC 4350k %)
84.44 mm I 35.28 mm.

5.2 EMER
5.2.1 Mi&E FIH [E)Z 5]
Bl 6 Jn TS ML S5 M E RS R, 7@ R R ARIRA
AR TEEE) (). X5 =P[R 2T
VAl HoT. PiC Ml HiC, I HSLHmEfT UL -

D) M FRARMARIKIZAL IS, F A2 i) 4R, i
AR = LRI o AL — AT R A AR A

AT, R HoT LR, A AR AFAE— LA ifE
i, JCHRAEIR TR X, 5 ESE R S BRI A 58
Fo HATER T PIC 4R, F)a, HBUATRER T HIC
R, R T RIERM PRI, N AR5 LS AR A
L, BRI BRI R AT ST H .

2) MT s EAL S, HARETE 3D WA b 5 ik 2k
ie 2. =R UAT AR T HoT, PiC Al HiC 7E#H
(HE SR ER . HoT FEPU BRIz sh Ml 37 1 8 E R
W22 5. IR, PIC {Eizghid € LI — LU HERf ,
SR RLE T RGO IR . MIHZN, ST R
HiC 4550 TR N ER R I, IRtz shshn A 48
H5HSGaEhREF—E.

522 $EFERTFALL

K 7 %R THE X-Fusion Net £ 2B G o fE b3 5]/
FREFIRCE . XFFRAMER-EX, B RR T 5 ARERE
ZRN N BT ORGSR A RS Z R T
PR H—4k, HF B 2 s SRR 2R A
JZRIAEFEAE BT . AT R TR a2~ S AR R &2
R R K FR , DAICTE 8 2 % 58T el e B A A i
H TR PER) B R SCRHIE, AR R MIRLE R AR . X 2e g IR
SRR T ARAAE R [E] R SCR AR A FMT S5 B ER T B BB
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TABLE 8: 52 I N SCEBNAIHm L . #SFERM a2 BerY, A Z7E X-Fusion Net Hr gl AT & T A1 5THR -
XA AE AMASS, Human3.6M il FreeMan ) |5 SCIE FiF1I14%, SRJ57E AMASS #1 3DPW _Eif47 4t

Pose Future Pose Joint Motion Motion Mesh Future Mesh Joint Motion Motion
Datasets # Estimation  Estimation Completion Prediction In-Between Recovery Recovery Completion Prediction In-Between
Pose (MPJPE | ) Mesh (MPVE | )
AMASS static 35.40 46.87 63.95 37.04 28.95 38.92 49.74 56.23 44.55 3442
dynamic 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
3DPW static 100.68 114.10 65.29 59.98 30.55 122.16 145.82 84.62 93.07 36.27
dynamic 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28

TABLE 9: X TR AT Al 92 % . 244 AMASS . Human3.6M Fll FreeMan $ffif EdEAT ETFSCUI%, SAJ51E AMASS #

3DPW Lt Tl

Pose Future Pose Joint

Datasets

Motion
Layers Params Estimation Estimation Completion Prediction In-Between Recovery

Mesh Joint Motion Motion

Completion Prediction In-Between

Future Mesh
Recovery

Motion

Pose (MPJPE | )

Mesh (MPVE | )

4 36.14M 28.48 35.71 44.51 29.37 21.09 36.81 46.05 54.39 43.54 32.81
AMASS 8 46.67TM 24.96 34.06 41.93 24.98 17.23 38.03 48.98 55.90 44.42 34.44
10 51.74M 26.15 33.40 4222 26.66 18.34 3691 45.46 55.04 44.47 33.58
4 36.14M  105.61 120.62 61.51 63.42 25.52 129.01 151.38 87.93 92.93 36.15
3DPW 8 46.67TM 96.36 111.93 56.71 55.97 23.00 119.45 141.95 82.60 84.44 35.28
10 51.74M 98.63 114.24 60.16 61.30 25.73 117.73 141.52 84.61 86.35 38.44

BN A ST A IASIR A o« 33X BERFAE A IR i &3 5L
TIrHEW S, AT X-Fusion Net 754 # Z AL i AR~
AL I R oAk, XS R RR TIEZ N ER RS
Lgiﬁﬁ%ﬁﬁﬂﬁﬂ%%EE%%%%%E%EM%%
B,

5.3 HRLEAZR

53.1 I12/RIKEE

KRE . # 7TME 8 R T KT REEN R E M E N
RUAFFE . B T ARMS AT 0 A5 A1, SPS i A LU B
BRI B T B AABHE 41 . FPS W THEE Uk A P AR AR
TR 7G5 T 95 PR Tl 6 /B DX 3 Pt AL SR AR 220 T 0 A i DX i
HA B ERAMERA B, X R TNz b 2 5
BEAh, BATIEHRF SPS 5T RIH R EMATHE, 5%
JriEH, AV k-means 22875, MR H0AE
R RN, SPS TR T R R . AT
WA (AR A1A B T2 T HIC s P RNz AL g
G £ 5 BUR TR - MBI R R EERAS
ORI BT . Ok, B EE R SR A
PERE, (ABEESEEIE 200, LTS Pl s G .
AR (800) W TIZALRORANTERCE, RN ASH
SUE Y Eay: o)

. F 6 A R HAR A TCHER AR AR R T — T T
AR AT 9T o 5 A AN — BObAE I N AU AN HE) PERE
HTH R LT

5.3.2 ML
ZHETICRS. K 2?2 W R A RGO BRI R R &
NRERISELIIEAT T — IR T 2R LT SCREIHMTIE. &
IE AT RS2 EAZ (M), HIER AL (T) FEE
(G) WA X RE AL REAC LD TR o B DMARIR AR — R e L
By M+G, M+T, G+T. M (CRESZMFR) . G (LA
B AT (LATFEETT) . MBS M+G+T) 8RR
FREEFEUERE T, REHAFREG T XA AME. KK 7
, 22 AR T R G Z T SURHIE L B
PSON ERSCHE . R 8 WoR T R TR R SCE BRI
FROFIE. FAORYE, FATHE X-Fusion Net ftHLE T Hi &SI

BT SCEFAEANF RN A RN S LT SCE B %
BT A GO s AT, sl B SCE B sl S Hb AL
A TR, SR BN, A TS MEdEE L, 3
SHERERTEHSHE.

FRIEAERE. B 2?2 IR T X THRHMEZE B R I a A oY . BB
128 AMEFHELE FE IS R B sc i, R ILI R AEFR 7 205, TR
SRR TR, FEROGEESSEEZSHL. SRR
NRNZALRE S R . [,y o S EOERR I IR,
SRS JE AR A 2= 1 b R SOOI &R

R #F 9 JRR T X THBZE AT, R A
VI ZMMES IR, (ARFEERAOSEIR. TERURL
RAHCEZ )G, AL 8 JZ KL I A X-Fusion Net 7£

Human-in-Context H1,

6 RERIE

ST T . BRI SE— 3D A SIS S HBLI IR T DA
PR A GURTEE . RTR, SHSHR S RGB
WU 2 3 50 AT AR AT, AT B (A ek AR AMULAT A B 2
T E A TALA, X ] DA 1 R T MR R S
SR NS 2t . KTAESS, RRI TAER DARFFE S
BHESIRIES, BINsh R NP FRA 6, X R
BE— I B Z I REYE . AN, T AR AR T AGE
X R B RIIZ B Z AR PERIZ AL RE . SR A AR IR] B TR S0 &R
AR S T DAE— 2D SR R ) SR I, (L RERS BT T
JRZBIBLSERY A5, Ablds N BRI SR BLSK .

BRI e, [ T KIER, RARm TARE N E TR
PR TR SR AN AT 7 JRe ko o o P B v A v R g L
W DY B AR T R S RN A, AT A
T BPAE TR A2 BRAGERIE P B RS 2 . BeSh, FfEdEIT RS
> BT DA B byl A D B AR Bt h b ATz A,
YIRS 5T S BR Ry .

PR TR FEE AR ML (A2 3D il 2D
W), KRR AR A 2 R EUR IR R . R TAER]
RESAE NG 3D, P E B SOARL RIS, DUB TR
HANFS RO R . BB ARG A 2%, PR
A 52 MR B P SR R R AR A R AROR A TAR ] DASR
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